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Abstract

Background: Lower respiratory illnesses (LRIs) and asthma are common diseases in children <5 years of age. Few
studies have investigated the relationships between multiple, home-based social and environmental risk factors and
asthma and LRIs in children. Of those that have, none have focused exclusively on children <5 years of age, who
are more physiologically vulnerable and spend more time at home compared to older children. Further, no studies
have done so at the community level.

Methods: We modeled relationships between emergency department visits and hospitalization rates for asthma
and LRIs for children <5 years and geographic risk factors, including socio-economic and housing characteristics,
ambient air pollution levels, and population density in Maricopa and Pima Counties, Arizona, from 2005 to 2009. We
used a generalized linear model with a negative binomial observation distribution and an offset for the population
of very young children in each tract. To reduce multicollinearity among predictors, socio-economic characteristics,
and ambient air pollutant levels were combined into unit-less indices using the principal components analysis
(PCA). Housing characteristics variables did not exhibit moderate-to-high correlations and thus were not included in
PCA. Spatial autocorrelation among regression model residuals was assessed with the Global Moran’s I test.

Results: Following the regression analyses, almost all predictors were significantly related to at least one disease
outcome. Lower socio-economic status (SES) and reduced population density were associated with asthma
hospitalization rates and both LRI outcomes (p values <0.001). After adjusting for differences between counties,
Pima County residence was associated with lower asthma and LRI hospitalization rates. No spatial autocorrelation
was found among multiple regression model residuals (p values >0.05).

Conclusions: Our study revealed complex, multi-factorial associations between predictors and outcomes. Findings
indicate that many rural areas with lower SES have distinct factors for childhood respiratory diseases that require
further investigation. County-wide differences in maternal characteristics or agricultural land uses (not tested here)
may also play a role in Pima County residence protecting against hospitalizations, when compared to Maricopa
County. By better understanding this and other relationships, more focused public health interventions at the
community level could be developed to reduce and better control these diseases in children <5 years, who are
more physiologically vulnerable.
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Background
Lower respiratory illnesses (LRIs) and associated compli-
cations are the leading cause of death in very young
children [1], and LRIs and asthma are associated with in-
creased morbidity [2]. In addition, asthma is among the
most common childhood diseases in the United States
(US), with 1,406,000 children under the age of 5 years di-
agnosed with asthma [3]. This is particularly important
because the lungs of very young children are still develop-
ing, making them more susceptible to respiratory health
risks such as air pollution, compared to adults [4, 5]. Add-
itionally, very young children who have LRIs are more
likely to develop respiratory issues later in life [6–8].
Asthma and LRI morbidity are influenced by complex

relationships among social and environmental factors such
as socio-economic status (SES), housing conditions, and
ambient air pollution, in addition to genetic predisposi-
tions, lifestyle habits, and psychological stressors [9–13].
Past studies have linked children’s asthma and LRI emer-
gency department (ED) visits and hospital admissions to a
substantial list of social and environmental factors, includ-
ing but not limited to lower household income, minority
race [14], older housing structures [15], household crowd-
ing [16], and increased ambient air pollution [17–20].
Further, relationships among these factors and respiratory
diseases have been found to vary across regions and spatial
scales (e.g., census tract, county, state, etc.) [21–23].
While independent social and environmental risk fac-

tors have been identified for these diseases, few studies
have examined multiple risk factors in children at the
community level [12, 14, 15, 24]. Of those studies that
have, none have focused exclusively on children <5 years
of age, who are more physiologically vulnerable and spend
more time at home (66% – 77% on average) compared to
older children [25–27]. Combined with the impact these
diseases in early childhood may have on respiratory health
later in life [6–8], it is crucial to better understanding
these relationships. By better understanding the complex,
multi-factorial relationships between community-level
predictors and these respiratory disease outcomes, we can
better design public health interventions for specific areas
or communities to reduce their prevalence in children
under 5 years [28]. In this study, our goal was to better
understand how socio-economic and housing characteris-
tics, ambient air pollution levels, and geographic variables
related to asthma and LRI ED visits and hospitalization
rates in children under 5 years at a community level for
years 2005–2009 in Maricopa and Pima Counties in
Southern Arizona.

Methods
Study area and unit of analysis
The study area includes Maricopa and Pima Counties,
Arizona, United States (see Fig. 1a), which together

account for 4,797,620 people (75% of the state’s total popu-
lation of 6,634,997) [29]. Maricopa and Pima Counties
have populations of 3,817,357 and 980,263 persons and
average population densities of 415 and 107 persons per
square mile, respectively [29]. The census tract is the smal-
lest areal unit for which all data is available in the study
area. Census tracts are geographic subdivisions of counties,
which contain approximately 4000 people per tract, and
have boundaries that are relatively stable through time.
Together, these counties contain a total of 861 tracts
(664 in Maricopa, 197 in Pima), however, only 826
tracts (96%) (636 in Maricopa, 190 in Pima) were in-
cluded in the analyses. Tracts were excluded if: 1) they
had incomplete hospital record data; 2) they had no chil-
dren; or 3) they fell completely within tribal lands (i.e., on
a Native American nation), as there are no statutory
requirements for facilities on a Native American nation to
report hospital discharge data.

Outcome variables: rates of emergency discharge visits
and hospitalizations for asthma and lower respiratory
illnesses
The outcomes of this study were rates of ED visits and
inpatient hospitalizations (hereafter referred to as “hos-
pitalizations”) for primary diagnoses of asthma or an LRI
(i.e., bronchitis, bronchiolitis, croup, or pneumonia) for
children under 5 years aggregated by census tract for
study years of 2005–2009. This study time period was
chosen because Arizona’s population decreased notice-
ably in 2010 due to controversial state legislations re-
garding immigration. Population count and ethnicity
data after 2010 was deemed too unreliable. Diagnosis
count data aggregated at census tract level based on
the 2000 US Census were obtained from the Arizona
Department of Health Services (ADHS) for the study
time period. For asthma, the Agency for Health Related
Quality diagnosis code was used (International Classifica-
tion of Diseases [ICD-10] code J45.*) [30]. For LRIs,
including bronchitis, bronchiolitis, croup, and pneumonia,
we used ICD-10 codes J40, J21.*, J05.0, and J18.9, re-
spectively. The ‘*’ indicates that any number may be
substituted. Only the primary diagnosis was used for
this analysis.
In essence, a hospitalization occurs when a person is ad-

mitted to and later discharged from the hospital; an ED
visit is when a person is admitted to the emergency depart-
ment, not hospitalized, and later discharged, typically
within 24 hours [31]. The unit of analysis for ED visit is the
ED encounter, meaning a person who is seen in the ED
multiple times in one year will be counted each time as a
separate ED “encounter” [32]. While ED visits and
hospitalization rates are both sensitive to health care
access, ED visit rates are considered a better marker of the
lack of disease controlling medications or regular
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healthcare visits, compared to hospitalizations, which bet-
ter represent disease severity [33, 34]. While hospitaliza-
tions and ED visit rates are not synonymous with disease
prevalence, these data allow us to study relationships
between geographic factors and disease outcomes over
a large geographic area (2 US counties).

Explanatory variables: geographic factors
Explanatory variables were extracted from previous stud-
ies that have investigated social and environmental factors
related to asthma and LRIs in young children [14–16, 35].
Factors were separated into categories of SES, housing
characteristics, and ambient air pollution. Population
density and county (i.e., Maricopa and Pima) were also an-
alyzed but not included in any of the categories. Maps
were created of population density and housing character-
istics (Figs. 1a and 2) with factor values divided into
quartiles. We obtained SES and housing variables from
the 2005–2009 US Census American Community Survey
[36]. Variables included in the SES category were not re-
lated to the physical environment (i.e., housing, air pollu-
tion levels) or geography (i.e., population density, county),
and generally included age, country of birth, gender, race,
language spoken at home, per capita income, employment
status, and education. Additional descriptions of variables
in SES and ambient air pollution categories are available
in Additional file 1: Table S1.

Modeled ambient air pollution concentrations were
attained from US Environmental Protection Agency’s 2005
National Air Toxics Assessment (NATA) [37]. NATA was
developed to estimate annual air pollution levels at the
census tract-level for the entire US, which lacks spatially-
representative air pollution monitoring networks [38]. The
2005 NATA dataset is the result of federal, state, and local
agencies inventorying outdoor stationary and mobile
sources of air pollution, and then estimating ambient an-
nual average concentrations of air pollutants using air dis-
persion and photochemical models [39]. In our study area,
major sources of pollution in NATA data include point
and non-point sources. Major point source emissions from
both counties include a mix of industrial factories and
landfill operations. Maricopa County has a more extensive
network of freeways and rail lines compared to Pima
County. In relation to other areas in the US, both counties
are below the annual average levels of particulate matter
size < 2.5 μm in diameter, a product of fuel combustion.
Each individual variable was log-transformed to reduce
skew and kurtosis, and was then standardized.
We analyzed the correlation among variables adjusting

for multiple comparisons by category (i.e., SES, housing,
air pollution) using a Bonferroni corrected Pearson
correlation, which reduces the risk of finding false corre-
lations by chance (i.e., a Type I Error) among three or
more variables [40]. If variables exhibited moderate-to-

Fig. 1 (a) Population density for areas included in analysis; (b) lower socio-economic status (SES) index score; and (c) increased air pollution index
score. Note: stippled areas indicate tracts excluded from analyses, and data in maps are divided into quartiles
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high correlations (i.e., ρ > 0.30 and p < 0.05) among
those in their respective category (i.e., SES, housing, air
pollution), variables in that category were combined into
a unitless index using principal components analysis
(PCA). PCA is a technique for reducing large data sets,
where the loading of each variable illustrates the correl-
ation between that variable and the component [41]. In
this process, linear relationships among variables are
found (components), with each component being uncor-
related with the others (orthogonal) in directions defined
by an eigenvector. The variances extracted by the com-
ponents are called the eigenvalues. The most ‘principal’
components account for most of the total variance
among variables. We considered the inverse of median
age and per capita income to ensure factors were posi-
tively correlated. Thus, if variables were combined by
category using PCA, the result would be an index of a

category representing variables of said category. For
example, SES variables that denoted lower or poorer SES
(e.g., lower per capita income) were combined using
PCA, yielding a first principal component score of
“lower SES”. Therefore, the higher the score of “lower
SES”, the lower the SES; and vice versa. In all cases, the
first principal component score was used and standard-
ized prior to regression analyses. We mapped the first
principal component scores for SES and air pollutants as
indices of lower SES and increased air pollution (Fig.
1b, c), with scoring divided into quartiles. We also
determined differences in factors by county using the
two-sample t-test. Correlations, PCA, and t-tests were
computed in STATA 13.0 (StataCorp, College Station,
TX). An α < 0.05 was used to determine the statis-
tical significance. All maps were created in ArcMap
10.1 (ESRI, Redlands, CA).

Fig. 2 Proportion of a mobile homes; b attached homes; c home gas heating use; d homes with incomplete plumbing; e homes built before 1940;
and f homes with >1 person/room. Note: stippled areas in maps indicate tracts excluded from analyses, and data in maps are divided into quartiles
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Statistical approach
We used a generalized linear model with a negative bi-
nomial observation distribution and an offset for the
log-transformed population of children <5 years of age
for each tract to model ED visits and hospitalization
rates for asthma and LRIs. The negative binomial model
extends the simpler Poisson regression model by allow-
ing over-dispersion of the disease counts [42]. Initially,
we tested our models using zero-inflated negative bino-
mial models; however, the regular negative binomial pro-
duced lower Bayesian Information Criterion scores,
indicating a better model fit [42]. After this initial test-
ing, we pre-determined the variables of interest and did
not do the model selection so we could better under-
stand the complex relationships and the relative import-
ance of predictors in disease outcomes. We judged the
relative importance of each factor based on the magni-
tude of the incidence rate ratio (IRR). The IRR repre-
sents the change in the outcome in terms of a percent
increase or decrease, with the percentage determined by
the amount the IRR is above or below 1 (i.e., no change).
The 95% Confidence Interval (95% CI) indicates that
there is a 95% probability that the true IRR will lie in the
range of the 95% CI, assuming no biases or confounding.
Both simple and multiple negative binomial regressions
were completed using SAS 9.3 (SAS Institute, Cary,
NC), and α < 0.05 was used to determine the statistical
significance. We used a Global Moran’s I test in GeoDa
Version 1.6.5 (GeoDa Center, Tempe, AZ) to test for
spatial autocorrelation among multiple regression model
residuals. Spatial autocorrelation refers to the tendency
for a variable to be correlated with itself through geo-
graphic space. Spatial autocorrelation exhibited among
the residuals will not satisfy the assumption of inde-
pendence among observations [43].

Results
Emergency discharge visits and hospitalization counts for
asthma and lower respiratory illnesses
All 826 tracts included in analyses had ED visits data,
while only 805 tracts had hospitalization data. The 21
tracts (2.5% of 826 tracts) without hospitalization count
data were all in Pima County. Statistics for ED visit and
hospitalization counts can be found in Table 1. Overall,
there were more diagnoses for LRIs compared to asthma

for both ED visits and hospitalization data. For asthma,
most tracts in the study area experienced five or fewer
ED visit or hospitalization events during the study
period. The maximum number of events were 153 and
250 for ED visits and hospitalizations, respectively. For
LRIs, most tracts experienced approximately 51 ED
visits, with a maximum of 943 visits. The maximum
value for LRI hospitalization counts was 117, while more
than half of tracts experienced eight or more hospitaliza-
tions during the study period.

Assessment of geographic factors
Using PCA, we reduced the SES and air pollution vari-
able into unitless indices in their respective categories.
Ten socio-economic variables of interest and 47 air pol-
lutants’ concentrations were combined to form indices
of ‘lower SES’ and ‘increased air pollution,’ respectively.
Of the 178 pollutants available in the 2005 NATA data,
131 were excluded because they exhibited limited spatial
variability within the study area. Pollutants associated
with increased respiratory diseases, such as ozone [44],
are primarily associated with mobile emissions [45] and
are included in the 2005 NATA data. All socio-economic
characteristics and air pollution concentration variables
were positively correlated with their respective first princi-
pal component, which represented 56% and 72% of the
variance, respectively. Thus, higher scores of the lower
SES index show areas that are more socio-economically
distressed, and higher scores of the increased air pollution
index illustrate areas that have an increased burden of
ambient air pollution based on 2005 NATA data. Maps of
the indices are found in Fig. 1b and c, and first principal
component scoring coefficients of socio-economic charac-
teristics and ambient air pollutant concentrations are
shown in Additional file 1: Table S1.
Population density ranged from 1.75 to 29,500 persons/

sq. mile (Table 2). Housing characteristics variables did
not exhibit moderate-to-high correlation (i.e., ρ > 0.30 and
p < 0.05) using a Bonferroni corrected Pearson correlation
(see Additional file 1: Table S2). The first principal compo-
nent accounted for only 28% of the variance in housing
characteristics data. Therefore, these data were not com-
bined into a unitless index using PCA. Housing character-
istics exhibited a wide range of proportions by census
tract (Table 2). For example, on average by census tract,

Table 1 Primary disease ED visits and hospitalization counts by census tract

Disease outcome Record type Number Minimum Median Maximum Skewness Kurtosis

Asthma ED visits 826 0 4.50 153 5.52 53.9

Hospitalizations 805 0 0 250 16.5 377

LRIs ED visits 826 0 51 943 4.14 26.4

Hospitalizations 805 0 8 117 3.45 19.8
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34% of homes used home gas heating (95% CI = 5.13%–
6.99%), while 0.37% homes lacked complete plumbing
(95% CI = 0.30%–0.44%). Maps of population density and
housing characteristics are shown in Figs. 1a and 2,
respectively.
For all 826 analysis tracts, Maricopa County had signifi-

cantly higher air pollution index scores (p < 0.001),
proportions of attached homes (p = 0.02) and homes with
>1 person/room (p < 0.001), and population densities
(p = 0.002) (Table 2). Meanwhile, Pima County had sig-
nificantly higher proportions of mobile homes (p < 0.001),
home gas heating use (p < 0.001), and homes built before
1940 (p = 0.01). There was no significant difference be-
tween counties for SES index score (p = 0.38) or propor-
tion of homes with incomplete plumbing (p = 0.50). These
relations were consistent when only the 805 tracts used
for hospitalizations were analyzed. The 21 tracts excluded
from analyses from the hospitalization count outcomes
had significantly higher SES (p < 0.001) and higher pro-
portions of homes with gas heating (p < 0.001). The 805
tracts included in hospitalization count analyses had sig-
nificantly higher air pollution index scores (p < 0.001),
population densities (p < 0.001), and proportions of
homes with household crowding (p = 0.003). There was
no significant difference between these census tracts in
the proportion of mobile homes (p = 0.99), attached
homes (p = 0.14), homes with incomplete plumbing
(p = 0.38), and homes built before 1940 (p = 0.67).

Associations between factors and asthma and lower
respiratory illness outcomes
In simple negative binomial regressions for primary diagno-
ses, nearly all variables were significantly associated with an
outcome (Table 3). For asthma ED visit rates, the propor-
tion of mobile homes and homes lacking complete plumb-
ing were the only variables not significantly associated. For

asthma hospitalization rates, the proportion of attached
homes and homes built before 1940, county, and popula-
tion density were unrelated. The proportion of homes with
gas heating and county were not associated with LRI ED
visit rates, while all variables were significantly associated
with LRI hospitalization rates.
In multiple regressions, asthma outcomes had fewer

significant predictors compared to LRIs (two for ED
visits and four for hospitalizations vs. five and six, re-
spectively) (Table 3). Lower SES and reduced population
density were significantly related to all outcomes except
asthma ED visit rates. Home gas heating use was pro-
tective against asthma ED visits but was related to hospi-
talizations for asthma and LRIs. Living in Pima County
protected against hospitalizations. The proportion of
mobile homes was a factor for LRI outcomes.
Following the multiple regression analyses, the tracts

with increased asthma ED visit rates would be expected
to have a lower proportion of homes with gas heating
and a larger proportion of homes built before 1940.
Meanwhile, asthma hospitalization rates were associated
with lower SES and the proportion of homes using gas
heating, living in Maricopa County, and reduced popula-
tion density. LRI ED visit rates were related to lower
SES, increased air pollution levels, proportions of mobile
homes and attached homes, and reduced population
density. Meanwhile, LRI hospitalization rates were asso-
ciated with lower SES, reduced population density, living
in Maricopa County, and proportions of mobile homes,
gas heating use, and homes with incomplete plumbing.
Household crowding was not a significantly related to
any outcome. Model residuals did not exhibit significant
spatial autocorrelation. Simple and multiple regressions
predicting the same outcomes for any diagnosis LRIs
were nearly identical to primary diagnosis LRIs and can
be found in Additional file 1: Table S3.

Table 2 Comparison of study population and factor variables (n = 826) using a two-sample t-test

Variable Maricopa County Pima County

Range Median Mean SD Range Median Mean SD

Study population 8–7105 364 507 611 7–1,930 262 352 306

Lower SES −5.01 - 8.50 −0.35 0.04 2.44 −5.01 - 4.95 −0.54 −0.13 2.16

Increased air pollution*** −10.0 - 17.0 1.62 2.05 4.85 −12.3 - -0.75 −6.84 −6.88 2.52

Population density (persons/sq. mile)*** 1.75–29,500 4900 5200 3300 3.08–9, 300 2920 3300 2400

Housing characteristics

Mobile homes (%)*** 0.00–86.8 0.60 4.86 11.1 0.00–76.8 1.40 10.1 19.2

Attached homes (%)* 0.00–98.6 22.5 26.9 24.0 0.00–80.7 19.7 22.3 20.6

Home gas heating (%)*** 0.00–100 25.2 27.3 18.5 10.5–88.1 59.2 57.4 16.0

Lacking complete plumbing (%) 0.00–13.4 0.00 0.36 1.06 0.00–3.40 0.00 0.41 0.75

Built before 1940 (%)* 0.00–73.4 0.00 1.53 5.61 0.00–58.1 0.30 2.84 7.78

> 1 person per room (%)** 0.00–60.0 2.70 5.54 7.15 0.00–22.5 1.55 3.77 5.17

Note: *p < 0.05; **p < 0.01; ***p < 0.001
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Discussion
While independent social and environmental risk factors
have been identified for these diseases, few studies have
examined their relationship to multiple predictors at the
neighborhood level [12, 14, 15, 24, 46]. Of those studies
that have, none have focused exclusively on children
<5 years, who are more physiologically vulnerable and
spend more of their time at home (ranging from 66 to
77% on average) compared to older children [25–27]. In
our study, we investigated the relationships between
socio-economic and housing characteristics, ambient air
pollution levels, and geographic variables and asthma
and LRI ED visits and hospitalization rates in children
under 5 years at a community level in Maricopa and Pima
Counties in Southern Arizona. Socio-economic character-
istics and ambient air pollutant levels were combined into
unitless indices (i.e., lower SES and increased air pollution
levels) using PCA, accounting for 56% and 72% of vari-
ance, respectively. Housing characteristics variables did
not exhibit moderate-to-high correlations (i.e., ρ > 0.30

and p < 0.05 in a Bonferroni-corrected Pearson correl-
ation) and thus were not combined using PCA. Nearly all
predictors, except household crowding, were significantly
related to one or more outcomes in the multiple regres-
sions. Notably, lower SES and reduced population density
were associated with asthma hospitalization and both LRI
outcomes. Living in Pima County was protective against
asthma and LRI hospitalization, when compared to
Maricopa County, which had significantly higher air
pollution levels, among other factors (Table 2). Multiple
regression model residuals did not exhibit spatial auto-
correlation, satisfying the regression assumption of
independent observations. Our results have provided
more information on the complex, multi-factorial relation-
ships between asthma and LRIs and geographic factors at
the neighborhood level based off home census tract. By
better understanding these relationships, it may be pos-
sible to design more focused public health interventions at
the community level to prevent and better control these
diseases in children under 5 years, who spend most of

Table 3 Negative binomial regression analyses of asthma and LRI ED visit and hospitalization rates and factors

Asthma LRIs

ED Visits Hospitalizations ED Visits Hospitalizations

Risk factors IRR (95% CI) IRR (95% CI) IRR (95% CI) IRR (95% CI)

Simple analyses

Lower SES 1.35 (1.26–1.46)*** 1.47 (1.30–1.67)*** 1.11 (1.09–1.13)*** 1.44 (1.33–1.56)***

Increased air pollution 1.33 (1.24–1.42)*** 1.16 (1.03–1.31)* 1.03 (1.02–1.04)*** 1.16 (1.08–1.25)***

Mobile homes (%) 1.03 (0.99–1.07) 1.10 (1.03–1.17)** 1.05 (1.03–1.07)*** 1.10 (1.06–1.15)***

Attached homes (%) 1.09 (1.05–1.13)*** 1.03 (0.97–1.10) 1.07 (1.05–1.09)*** 1.05 (1.01–1.10)**

Home gas heating (%) 0.89 (0.83–0.95)*** 1.16 (1.02–1.32)* 0.99 (0.96–1.03) 1.14 (1.05–1.23)**

Lacking complete plumbing (%) 1.06 (0.99–1.12) 1.16 (1.05–1.29)** 1.07 (1.03–1.10)*** 1.20 (1.12–1.29)***

Built before 1940 (%) 1.12 (1.08–1.17)*** 1.05 (0.98–1.14) 1.09 (1.06–1.11)*** 1.11 (1.06–1.17)***

> 1 person per room (%) 1.21 (1.15–1.26)*** 1.25 (1.16–1.34)*** 1.12 (1.10–1.14)*** 1.22 (1.17–1.28)***

Population density (persons/sq. mile) 1.20 (1.12–1.30)*** 0.91 (0.80–1.04) 1.05 (1.01–1.08)* 0.80 (0.73–0.87)***

In Pima County
(Ref: Maricopa County)

0.66 (0.54–0.80)*** 0.83 (0.60–1.14) 0.92 (0.85–1.01) 0.80 (0.66–0.98)*

Multiple analysis

Lower SES 1.15 (0.99–1.33) 1.57 (1.24–1.97)*** 1.21 (1.13–1.28)*** 1.52 (1.32–1.76)***

Increased air pollution 1.05 (0.93–1.19) 0.87 (0.72–1.05) 1.12 (1.06–1.19)*** 0.90 (0.79–1.01)

Mobile homes (%) 1.01 (0.97–1.05) 1.03 (0.97–1.10) 1.03 (1.01–1.05)** 1.04 (1.01–1.08)*

Attached homes (%) 1.01 (0.96–1.05) 1.02 (0.95–1.09) 1.04 (1.02–1.06)*** 1.04 (1.00–1.08)

Home gas heating (%) 0.91 (0.84–0.98)** 1.18 (1.03–1.35)* 0.98 (0.95–1.02) 1.11 (1.03–1.2)**

Lacking complete plumbing (%) 1.02 (0.96–1.08) 1.07 (0.97–1.19) 1.01 (0.98–1.04) 1.09 (1.02–1.16)*

Built before 1940 (%) 1.07 (1.02–1.13)** 0.93 (0.86–1.01) 1.02 (0.99–1.04) 0.97 (0.92–1.02)

> 1 person per room (%) 1.06 (0.97–1.15) 1.07 (0.94–1.22) 0.99 (0.96–1.02) 1.05 (0.97–1.13)

Population density (persons/sq. mile) 1.01 (0.88–1.15) 0.55 (0.45–0.67)*** 0.94 (0.89–1.00)* 0.50 (0.45–0.57)***

In Pima County
(Ref: Maricopa County)

0.77 (0.59–1.01) 0.47 (0.31–0.73)*** 1.07 (0.95–1.21) 0.48 (0.38–0.62)***

Note: CI confidence interval, IRR incidence rate ratio; *p < 0.05; **p < 0.01; ***p < 0.001
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their time at home and are more physiologically vulner-
able compared to older children.
When predicting ED visits and hospitalization rates for

asthma and LRIs, we found lower SES was significantly re-
lated to all outcomes except for asthma ED visit rates,
which bordered on significance (Table 3). Other studies
have associated asthma hospitalizations with various
measures of lower SES, including minority race, house-
hold income, unemployment, adult education levels, and
proportion of non-English language speaking persons
[14, 15, 47, 48]. We also found lower SES was associ-
ated with LRI hospitalization rates, as has been shown
previously [24, 49, 50]. Both findings suggest a lack of
financial resources to obtain regular medical care or
controlling medications, thus waiting till symptoms
become so severe that the child will be hospitalized
[15, 51]. Another potential contributor to these rela-
tionships could be the association of parental and
household smoking and increased risk of LRIs [52].
Although tract-level data for smoking rates were not
available for this study, it is known that lower SES
[53] and education levels are associated with smoking
rates [54]. In addition, minorities or those with limited
English language skills may receive substandard care dur-
ing and after hospitalization, potentially leading to repeat
hospitalizations [55]. Future analyses accounting for
hospital readmissions may better elucidate these complex
relationships. Nevertheless, our findings indicate that very
young children living in census tracts with fewer financial
or health resources to control asthma or LRIs are more
likely to be hospitalized for these diseases.
Reduced population density was significantly related to

all outcomes but asthma ED visit rates, suggesting that
rural areas may have more severe cases of respiratory
diseases that may result from parents waiting until the
symptoms become so extreme that a hospital visit is
necessitated. Pesek et al. [56] found that children living
in rural Arkansas have more undiagnosed and severe
asthma symptoms compared to children in urban areas
after accounting for other factors [56]. In another study
of very young children from a Medicaid cohort in
Tennessee, rural participants were more likely to have
asthma and visit the ED for asthma-related incidents
and were less likely to use asthma medications (inhaled
corticosteroids), compared to their urban counterparts
[57]. Valet et al. also found that rural children were more
likely to have mothers who smoked [57], which is associ-
ated with more severe respiratory symptoms [58]. This
contradicts other studies which found children in rural
non-farm areas were less likely to develop asthma than
those in urban settings [59] or were no different than
those in urban areas [60]. However, these studies were not
conducted with older children, whose lung function and
development of asthma were likely already determined by

unknown early life exposures [28, 61]. Our findings sug-
gest that urban areas have more health resources to con-
trol asthma and LRIs (e.g., more transportation options
and quicker ambulance response times [62]) before they
become so severe they require hospitalization. Future
studies should incorporate more information about these
potential explanatory variables such as household trans-
portation options, insurance status, and distance and
effort to access regular health care to better understand
the complex relationships between population density and
respiratory diseases. Moving forward, telemedicine as a
means to access care providers and specialists, has shown
to be an effective means of reaching respiratory specialists
[63] and reducing asthma intensity in underserved
communities [64]. Another potential solution may be co-
ordinating care among clinics, child care facilities, and
caregivers to improve asthma outcomes [65].
In addition to population density, county of residence

was also related to respiratory disease outcomes. We
found that living in Pima County was negatively associ-
ated with asthma and LRI hospitalization rates, even
after accounting for differences in predictors by county
(Table 2). Maricopa County had significantly more air
pollution (Interquartile range [IQR] = −0.97–5.39, Coef-
ficient of Variation [CV] = 236) and greater proportions
of attached homes (IQR = 1.93%–42.4%, CV = 89.3) and
household crowding (IQR = 0.70%–7.70%, CV = 130)
and population density (IQR = 2,900–6,770 persons/
sq. mile, CV = 62.9), while Pima County had signifi-
cantly larger proportions of mobile homes (IQR = 0%–
9.4%, CV = 190), home gas heating use (IQR = 47.8%–
69.1%, CV = 27.8), and homes built before 1940
(IQR = 0%–1.90%, CV = 274). Other explanations of
Maricopa County’s increased respiratory disease rates
could be explained by a number of factors, such as
higher pregnancy rates among females 18–19 years of
age during the study period [66]. Children of younger
mothers are more likely to have wheezing LRIs than
those born to older ones [67], and children born to
younger mothers are more susceptible to environmental
factors, such as diesel traffic related air pollution [68].
Another potential explanation could be that Maricopa
County has ten times the proportion of land used for
crop production compared to Pima County, which may
lead to increased pesticide exposure in nearby resi-
dences, promoting childhood respiratory diseases [69].
Further, Maricopa County has more industrial livestock
operations, which have been linked to childhood asthma
and other respiratory issues [70, 71]. Another potential
explanation could be that, in areas where employers are
primarily agricultural, they may not offer insurance,
leading to delays in seeking out care [72].
Interestingly, increased air pollution was significantly

related to all outcomes in the simple regressions but was
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only related to LRI ED visit rates when accounting for
other factors. Darrow et al. [73] also found this same rela-
tionship, specifically during abrupt increases in traffic-
related air pollution due to meteorological changes. This
could be a feasible explanation for findings in our study
area, however one which we do not have the temporal
resolution in air pollution data to address. In addition, be-
cause air pollution concentrations are based on emissions
inventories, this may result in exposure misclassification,
leading to underestimating the relationship of air pollution
and respiratory disease outcomes. This relationship may
increase in strength and significance, if exposure estimates
have more spatial variability [74]. It is also important to
note that allowable concentrations of criteria air pollutants
governed by the US National Ambient Air Quality
Standards were reduced after our study [75–78]. While
this is beyond the scope of our project, it might further
reduce air pollution’s significance as a predictor of respira-
tory disease when accounting for other factors. By ac-
counting for lower levels of air pollutants in future
studies, it might be possible to further elucidate these
complex relationships among factors and outcomes.
For home characteristics, the proportion of home

gas heating use was associated with asthma and LRI
hospitalization rates, yet negatively associated with
asthma ED visit rates. Other studies have found that ex-
posure to gas combustion sources, whether for heating or
cooking, have led to increased LRIs [79–81]. However, our
study also showed that the proportion of gas heating use
was negatively related to asthma ED visit rates, running
contradictory to associations with hospitalization rates for
asthma and LRIs. A similar but not significant relationship
was found with LRI ED visit rates and home gas heating
use (IRR = 0.98; 95% CI = 0.95–1.02). Meanwhile,
hospitalization outcomes were significantly related to the
proportion of home gas heating. These contrasting rela-
tionships between ED and hospitalization rates and
proportion of gas heating may result from 826 tracts
having ED outcome data, compared to just 805 tracts
for hospitalization outcomes. The 21 tracts without
hospitalization data have significantly increased SES
and reduced air pollution levels and proportions of
household crowding and population density compared
to the other 805 tracts (Wilcoxon rank-sum test; p < 0.001
for all variables). This suggests that while home gas heat-
ing use relates to severity of respiratory diseases, it has a
more nuanced relationship to care access in certain areas.
This may be elucidated with future study into factors such
as transportation options, insurance status, and availability
of respiratory diseases specialists.
The proportions of mobile and attached homes were

both associated with LRI ED visit rates. The relationship
between LRI hospitalization rates and proportions of
mobile homes may result from moisture build up from

poorer ventilation [82], however there are no recent
studies examining these relationships. This could also
suggest that residents in areas with high proportions of
mobile homes (more common in rural areas) wait until
LRI symptoms are so severe that the children require
hospitalization. Also, the proportion of mobile homes
was significantly related to LRI hospitalizations, while at-
tached homes had a similar but insignificant relationship
(IRR = 1.03; 95% CI = 0.99–1.08). This may suggest that
residents of areas with greater proportion of attached
homes (more common in more urban areas) also wait
until symptoms are severe, but simply because they are
closer to care, they take less time to reach the ED, and
as a result, have less severe symptoms compared to
those traveling a further distance in rural areas. Our
results are similar to findings of increased health dis-
parities for residents in rural areas with lower popula-
tion density (increased proportion of mobile homes)
and in old urban cores of Phoenix and Tucson with
higher population densities (increased proportion of
attached homes) [83].
Similarly, homes built before 1940 were related to

asthma ED visit rates, and the top 25% of tracts with
high proportions of older homes were in rural areas and
old urban cores of Phoenix and Tucson (Fig. 2). Again,
this may indicate areas lacking care access either due to
geographic proximity (rural areas) or lack of insurance
(old urban cores). Questions of access may be answered
in the future with more comprehensive GIS datasets of
health care provider locations and transportation op-
tions. The proportion of homes with incomplete plumb-
ing, likely an indicator of poor sanitation, was also
related to LRI hospitalization rates. This same relation-
ship between plumbing status and LRIs in young chil-
dren has also been shown, albeit in a very different
environment (i.e., Alaska) [84]. Interestingly, household
overcrowding, which Luijk et al. [85] identified as a pre-
dictor for asthma and LRI symptoms, was related to all
outcomes in the simple regressions but none in the mul-
tiple regressions. This may suggest that, while crowding
is a potential factor, it is overtaken by others in our
study area or may be indicative of other characteristics,
such as parity [86] or bed-sharing [85].
Our study has several limitations, notably that this

study was completed prior to the implementation of the
Affordable Care Act, which may now alter relationships
among geographic factors and outcomes due to a chan-
ged insurance landscape. In addition, the population in
our study area grew from 2005 to 2009, which could in-
crease the chances of model mis-specification. While
asthma should not be diagnosed until after age 5 or 6
[87], because of the high number of children in the tran-
sient wheeze phenotype before age 6 years who do not
go on to develop asthma [61, 88], we felt it important to
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assess factors for children <5 years because this may pre-
dict the expression of asthma and lung function in child-
hood and beyond [28, 61]. Instead, asthma diagnoses
before age 5 or 6 may reflect measures of care quality
and disease severity (ED and hospitalization visits, re-
spectively) [89]. Despite these shortcomings, our paper
has numerous strengths including the use of PCA to
reduce many correlated predictor variables into unitless
indices. This let us assess multiple known risk factors for
childhood respiratory diseases in very young children for a
large area (2 counties with 4.8 million residents). We also
included spatial variables (population density and county),
which helped to decrease the chance for residuals to ex-
hibit spatial autocorrelation. As a result, our models meet
the assumption of independent observations, while also
accounting for natural spatial relationships among obser-
vations (i.e., census tracts) [90]. Furthermore, we studied
respiratory diseases in children under 5 years, who are
more susceptible to these factors yet not studied with
these outcomes and predictors at the neighborhood scale.

Conclusions
In our study, we found several geographic factors that are
common predictors of both disease severity and access to
care for asthma and LRIs at the neighborhood level. While
other studies have investigated multiple risk factors for re-
spiratory disease, we believe we are the first to focus on
the physiologically vulnerable population of children
<5 years of age during a critical time in their lung develop-
ment. Our findings support other studies linking various
social and environmental factors (e.g., lower SES) to
asthma and LRI respiratory ED visits and hospitalizations.
Our study also illustrates how (based on the magnitude of
IRRs in multiple regressions) decreased population density
and living in Maricopa County were the strongest predic-
tors of hospitalizations (i.e., increased disease severity),
even when controlling for other factors. These findings
indicate that mostly rural areas with lower SES have dis-
tinct factors related to respiratory diseases in very young
children that require further investigation. There are inter-
ventions used in older children in rural areas that could
be adapted to our study age group (e.g., telemedicine and
coordinated care among clinics, day cares, and caregivers).
Differences between counties in factors not investigated
here (e.g., maternal characteristics, agricultural land use)
need more study. By incorporating these and other poten-
tial factors, future studies may further elucidate the com-
plex, multi-factorial relationships between these factors
and outcomes which we have brought to light. In doing
so, public health interventions can be tailored to specific
geographic areas at the community level to reduce the re-
spiratory diseases burden on very young children, who are
mostly vulnerable and whose future health can be greatly
influenced by these diseases.

Additional file

Additional file 1: Additional summary statistics of predictors and any and
primary diagnosis for LRIs for ED visit and hospitalization rates. Table S1.
Summary and first principal component scoring coefficient of socioeconomic
characteristics and air pollution variables by census tract (n = 826). Table S2.
Bonferroni-corrected Pearson correlation coefficient of housing characteristics.
Table S3. Negative binomial regression analyses of any and primary diagno-
sis of LRIs for ED visit and hospitalization rates and factors. (DOCX 30 kb)

Abbreviations
ADHS: Arizona Department of Health Services; CI: 95% confidence interval;
CV: Coefficient of Variation; ED: Emergency department; ICD: International
Classification of Diseases; IQR: Interquartile Range; IRR: Incidence rate ratio;
LRI: Lower respiratory illness; NATA: National Air Toxics Assessment; PCA: Principal
components analysis; SES: Socio-economic status; US: United States

Acknowledgements
Thank you to James Lu for statistical consulting.

Funding
Funding for this project was provided by the US National Institutes of Health
grants ES006694 and HL103970.

Availability of data and materials
Restrictions apply to the availability of data that support the findings of this
study, which were used under license for the current study only, and so are
not publicly available. Data are available from the authors upon reasonable
request and with permission of Arizona Department of Health Services.

Authors’ contributions
NL conceived the study, reviewed analysis results, and contributed to
manuscript preparation. KH conceived the study, led the analysis, and
contributed to manuscript preparation. DB reviewed analysis results and
contributed to manuscript preparation. PB conceived the study, reviewed
analysis results, and contributed to manuscript preparation. All authors read
and approved the final manuscript.

Competing interests
The authors declare that they have no competing interest.

Consent for publication
Not applicable.

Ethics approval and consent to participate
Because the data were geocoded, de-identified, and aggregated by census
tract by Arizona Department of Health Services, human subjects research
review was not required for this secondary data analysis as determined by
the University of Arizona Human Subjects Review Board.

Publisher’s Note
Springer Nature remains neutral with regard to jurisdictional claims in
published maps and institutional affiliations.

Author details
1Mel and Enid Zuckerman College of Public Health, University of Arizona,
1295 N. Martin Ave., PO 245210, Tucson, AZ 85724, USA. 2Biomedical
Informatics, College of Medicine, University of Arizona, Tucson, AZ 85724,
USA. 3BIO5 Institute, University of Arizona, Tucson, AZ 85724, USA. 4Arizona
Respiratory Center, University of Arizona, Tucson, AZ 85724, USA.

Received: 20 September 2016 Accepted: 15 May 2017

References
1. World Health Organization. World Health Statistics 2013. Geneva: World

Health Organization; 2013.
2. Mehta S, Shin H, Burnett R, North T, Cohen AJ. Ambient particulate air

pollution and acute lower respiratory infections: a systematic review

Lothrop et al. BMC Public Health  (2017) 17:516 Page 10 of 13

dx.doi.org/10.1186/s12889-017-4424-3


and implications for estimating the global burden of disease. Air Qual
Atmos Health [Internet]. 2013;6:69–83. [cited 2014 Dec 1]. Available
from: http://www.pubmedcentral.nih.gov/articlerender.fcgi?artid=
3578732&tool=pmcentrez&rendertype=abstract.

3. Bloom B, Jones LI, Freeman G. Summary health statistics for U.S. children.
National Health Interview Survey, 2012. Vital Health Stat 10 [Internet]. 2013:
1–81. Available from: http://www.ncbi.nlm.nih.gov/pubmed/24784481.

4. Mathieu-Nolf M. Poisons in the air: a cause of chronic disease in children. J.
Toxicol. Clin. Toxicol. [Internet]. Informa UK Ltd UK; 2002;40:483–491. [cited
2015 Jan 8]. Available from: http://informahealthcare.com/doi/abs/10.1081/
CLT-120006751.

5. Szyszkowicz M. Ambient air pollution and daily emergency department
visits for asthma in Edmonton, Canada. Int J Occup Med Environ Health
[Internet]. 2008;21:25–30. [cited 2015 Jan 8]. Available from: http://www.
ncbi.nlm.nih.gov/pubmed/18468973.

6. Castro-Rodríguez JA, Holberg CJ, Wright AL, Halonen M, Taussig LM,
Morgan WJ, et al. Association of radiologically ascertained pneumonia
before age 3 yr with asthmalike symptoms and pulmonary function during
childhood: a prospective study. Am J Respir Crit Care Med. 1999;159:1891–7.

7. Johnston IDA, Strachan DP, Anderson HR. Effect of Pneumonia and Whooping
Cough in Childhood on Adult Lung Function. N Engl J Med. 1998;338:581–7.

8. Leem JH, Kim HC, Lee JY, Sohn J-R. Interaction between bronchiolitis
diagnosed before 2 years of age and socio-economic status for bronchial
hyperreactivity. Environ Health Toxicol. 2011;26:6–11.

9. Gold DR, Wright R. Population disparities in asthma. Annu Rev Public Health
[Internet]. 2005;26:89–113. [cited 2015 Jan 7]. Available from: http://www.
ncbi.nlm.nih.gov/pubmed/15760282.

10. Crighton EJ, Elliott SJ, Moineddin R, Kanaroglou P, Upshur R. A spatial
analysis of the determinants of pneumonia and influenza hospitalizations in
Ontario (1992-2001). Soc Sci Med. 2007;64:1636–50.

11. Patiño CM, Martinez FD. Interactions between genes and environment in
the development of asthma. Allergy. 2001;56:279–86.

12. O’Lenick CR, Winquist A, Mulholland JA, Friberg MD, Chang HH, Kramer MR,
et al. Assessment of neighbourhood-level socioeconomic status as a
modifier of air pollution–asthma associations among children in Atlanta.
J Epidemiol Community Health [Internet]. 2016; jech-2015-206530. Available
from: http://jech.bmj.com/lookup/doi/10.1136/jech-2015-206530.

13. Spencer N, Thanh TM, Louise S. Low income/socio-economic status in early
childhood and physical health in later childhood/adolescence: a systematic
review. Matern. Child Health J. [Internet]. Springer US; 2013;17:424–31. [cited 2017
Apr 22]. Available from: http://link.springer.com/10.1007/s10995-012-1010-2.

14. Corburn J, Osleeb J, Porter M. Urban asthma and the neighbourhood
environment in New York City. Heal Place. 2006;12:167–79.

15. Grineski SE, Collins TW, Chakraborty J, YJ MD. Environmental health injustice:
exposure to air toxics and children’s respiratory hospital admissions in El
Paso, Texas. Prof Geogr [Internet]. 2013;65:31–46. [cited 2015 Jan 7].
Available from: http://www.tandfonline.com/doi/abs/10.1080/00330124.
2011.639625.

16. Grant CC, Emery D, Milne T, Coster G, Forrest CB, Wall CR, et al. Risk factors
for community-acquired pneumonia in pre-school-aged children. J Paediatr
Child Health. 2012;48:402–12.

17. Brauer M, Hoek G, Ha S, de Jongste JC, Gerritsen J, Postma DS, et al. Air
pollution and development of asthma, allergy and infections in a birth
cohort. Eur Respir J [Internet]. 2007;29:879–88. [cited 2014 Dec 30]. Available
from: http://www.ncbi.nlm.nih.gov/pubmed/17251230.

18. Bayer-Oglesby L, Schindler C, Hazenkamp-von Arx ME, Braun-Fahrländer C,
Keidel D, Rapp R, et al. Living near main streets and respiratory symptoms
in adults: the Swiss Cohort Study on Air Pollution and Lung Diseases in
Adults. Am J Epidemiol [Internet]. 2006;164:1190–8. [cited 2015 Jan 7].
Available from: http://www.ncbi.nlm.nih.gov/pubmed/17032694.

19. Barnett AG, Williams GM, Schwartz J, Neller AH, Best TL, Petroeschevsky AL,
et al. Air pollution and child respiratory health: a case-crossover study in
Australia and New Zealand. Am J Respir Crit Care Med [Internet]. 2005;171:
1272–8. [cited 2015 Jan 8]. Available from: http://www.ncbi.nlm.nih.gov/
pubmed/15764722.

20. Bernstein JA, Alexis N, Barnes C, Bernstein IL, Bernstein JA, Nel A, et al.
Health effects of air pollution. J Allergy Clin Immunol. 2004;114:1116–23.

21. Wilhelm M, Qian L, Ritz B. Outdoor air pollution, family and neighborhood
environment, and asthma in LA FANS children. Health Place [Internet]. 2009;
15:25–36. [cited 2015 Jan 7]. Available from: http://www.sciencedirect.com/
science/article/pii/S1353829208000154.

22. Gilbert A, Chakraborty J. Using geographically weighted regression for
environmental justice analysis: cumulative cancer risks from air toxics in Florida.
Soc. Sci. Res. [Internet]. Elsevier Inc.; 2011;40:273–86. [cited 2015 Jan 7].
Available from: http://linkinghub.elsevier.com/retrieve/pii/S0049089X10001754.

23. Elliott P, Wartenberg D. Spatial epidemiology: current approaches and
future challenges. Environ Health Perspect. 2004;112:998–1006.

24. Blain AP, Thomas MF, Shirley MDF, Simmister C, Elemraid MA, Gorton R, et al.
Spatial variation in the risk of hospitalization with childhood pneumonia and
empyema in the North of England. Epidemiol Infect [Internet]. 2014;142:388–
98. Available from: http://www.ncbi.nlm.nih.gov/pubmed/23657202.

25. EPA US. Descriptive statistics from a detailed analysis of the National Human
Activity Pattern Survey (NHAPS) responses. Washington, DC: EPA US; 1996.

26. Wu XM, Bennett DH, Lee K, Cassady DL, Ritz B, Hertz-Picciotto I.
Longitudinal variability of time-location/activity patterns of population at
different ages: a longitudinal study in California. Environ Heal [Internet].
2011;10:80. Available from: http://www.ehjournal.net/content/10/1/
80%5Cnhttp://www.ehjournal.net/content/pdf/1476-069X-10-80.
pdf%5Cn%3CGotoISI%3E://WOS:000295468800001.

27. Elgethun K, Yost MG, Fitzpatrick CTE, Nyerges TL, Ra F. Comparison of global
positioning system (GPS) tracking and parent-report diaries to characterize
children’s time-location patterns. J Expo Sci Environ Epidemiol. 2007;17:196–206.

28. Martinez FD. Development of wheezing disorders and asthma in preschool
children. Pediatrics. 2002;109:362–7.

29. U.S. Census Bureau. Profile of General Population and Housing
Characteristics: 2010 [Internet]. Decenn. Census Summ. File 1. 2010. [cited
2015 Sep 7]. Available from: http://factfinder.census.gov/faces/tableservices/
jsf/pages/productview.xhtml?pid=DEC_10_SF1_SF1DP1&prodType=table.

30. World Health Organization. International Statistical Classification of
Diseases and Related Health Problems 10th Revision [Internet]. Available
from: http://apps.who.int/classifications/icd10/browse/2016/en.

31. State of Arizona. Arizona Administrative Code. 9 A.A.C. 10, Article 2 2014 p. 1–54.
32. Weiss AJ, Wier LM, Stocks C, Blanchard J. Overview of emergency

department visits in the US (2011). Agency Healthc Res Qual. 2014;
33. Akinbami LJ, Moorman JE, Garbe PL, Sondik EJ. Status of childhood asthma

in the United States, 1980–2007. Pediatrics [Internet]. 2009;123 Suppl:S131–
45. [cited 2015 Jan 5]. Available from: http://www.ncbi.nlm.nih.gov/
pubmed/19221156.

34. Rudan I, Tomaskovic L, Boschi-Pinto C, Campbell H. Global estimate of the
incidence of clinical pneumonia among children under five years of age.
World Heal Organ Bull World Heal Organ [Internet]. 2004;82:895–903.
Available from: http://search.proquest.com/docview/229544425?accountid=
12528%5Cn. http://monash-dc05.hosted.exlibrisgroup.com/openurl/MUA/
MUL_SERVICES_PAGE?url_ver=Z39.88-2004&rft_val_fmt=info:ofi/fmt:kev:mtx:
journal&genre=article&sid=ProQ:ProQ:abiglobal&atitle=Global+estima.

35. Beamer PI, Lothrop N, Zhenqiang L, Ascher R, Ernst K, Stern DA, et al. Spatial
clusters of child lower respiratory illnesses associated with community-level
risk factors. Pediatr. Pulmonol. 2015.

36. United States Census Bureau. American Community Survey [Internet]. [cited
2017 Dec 2]. Available from: http://www.census.gov/programs-surveys/acs/.

37. United States Environmental Protection Agency. National Air Toxics
Assessment [Internet]. [cited 2017 Dec 2]. Available from: https://www.epa.
gov/national-air-toxics-assessment.

38. United States Environmental Protection Agency. 2005 National Air Toxics
Assessment: About the Assessment [Internet]. 2011. [cited 2017 Apr 23].
Available from: https://www.epa.gov/national-air-toxics-assessment/2005-
national-air-toxics-assessment.

39. United States Environmental Protection Agency. 2005 National Air Toxics
Assessment: Fact Sheet [Internet]. 2011. [cited 2017 Apr 23] Available from:
https://www.epa.gov/national-air-toxics-assessment/2005-nata-fact-sheet.

40. Simes RJ. An improved bonferroni procedure for multiple tests of
significance. Biometrika. 1986;73:751–4.

41. Kemsley EK. Discriminant analysis of high-dimensional data: a
comparison of principal components analysis and partial least squares
data reduction methods. Chemom Intell Lab Syst [Internet]. 1996;33:47–
61. [cited 2016 Jan 4]. Available from: http://www.sciencedirect.com/
science/article/pii/0169743995000909.

42. Coxe S, West SG, Aiken LS. The analysis of count data: a gentle introduction
to poisson regression and its alternatives. J Pers Assess. 2009;91:121–36.

43. Pastor M, Morello-Frosch R, Sadd JL. The air is always cleaner on the other
side: Race, space, and ambient air toxics exposures in California. J Urban Aff.
2005;27:127–48.

Lothrop et al. BMC Public Health  (2017) 17:516 Page 11 of 13

http://www.pubmedcentral.nih.gov/articlerender.fcgi?artid=3578732&tool=pmcentrez&rendertype=abstract
http://www.pubmedcentral.nih.gov/articlerender.fcgi?artid=3578732&tool=pmcentrez&rendertype=abstract
http://www.ncbi.nlm.nih.gov/pubmed/24784481
http://informahealthcare.com/doi/abs/10.1081/CLT-120006751
http://informahealthcare.com/doi/abs/10.1081/CLT-120006751
http://www.ncbi.nlm.nih.gov/pubmed/18468973
http://www.ncbi.nlm.nih.gov/pubmed/18468973
http://www.ncbi.nlm.nih.gov/pubmed/15760282
http://www.ncbi.nlm.nih.gov/pubmed/15760282
http://jech.bmj.com/lookup/doi/10.1136/jech-2015-206530
http://link.springer.com/10.1007/s10995-012-1010-2
http://www.tandfonline.com/doi/abs/10.1080/00330124.2011.639625
http://www.tandfonline.com/doi/abs/10.1080/00330124.2011.639625
http://www.ncbi.nlm.nih.gov/pubmed/17251230
http://www.ncbi.nlm.nih.gov/pubmed/17032694
http://www.ncbi.nlm.nih.gov/pubmed/15764722
http://www.ncbi.nlm.nih.gov/pubmed/15764722
http://www.sciencedirect.com/science/article/pii/S1353829208000154
http://www.sciencedirect.com/science/article/pii/S1353829208000154
http://linkinghub.elsevier.com/retrieve/pii/S0049089X10001754
http://www.ncbi.nlm.nih.gov/pubmed/23657202
http://www.ehjournal.net/content/10/1/80/nhttp:/www.ehjournal.net/content/pdf/1476-069X-10-80.pdf/n%3CGotoISI%3E:/WOS:000295468800001
http://www.ehjournal.net/content/10/1/80/nhttp:/www.ehjournal.net/content/pdf/1476-069X-10-80.pdf/n%3CGotoISI%3E:/WOS:000295468800001
http://www.ehjournal.net/content/10/1/80/nhttp:/www.ehjournal.net/content/pdf/1476-069X-10-80.pdf/n%3CGotoISI%3E:/WOS:000295468800001
http://factfinder.census.gov/faces/tableservices/jsf/pages/productview.xhtml?pid=DEC_10_SF1_SF1DP1&prodType=table
http://factfinder.census.gov/faces/tableservices/jsf/pages/productview.xhtml?pid=DEC_10_SF1_SF1DP1&prodType=table
http://apps.who.int/classifications/icd10/browse/2016/en
http://www.ncbi.nlm.nih.gov/pubmed/19221156
http://www.ncbi.nlm.nih.gov/pubmed/19221156
http://search.proquest.com/docview/229544425?accountid=12528%5Cn.%20http://monash-dc05.hosted.exlibrisgroup.com/openurl/MUA/MUL_SERVICES_PAGE?url_ver=Z39.88-2004&rft_val_fmt=info:ofi/fmt:kev:mtx:journal&genre=article&sid=ProQ:ProQ:abiglobal&atitle=Global+estima
http://search.proquest.com/docview/229544425?accountid=12528%5Cn.%20http://monash-dc05.hosted.exlibrisgroup.com/openurl/MUA/MUL_SERVICES_PAGE?url_ver=Z39.88-2004&rft_val_fmt=info:ofi/fmt:kev:mtx:journal&genre=article&sid=ProQ:ProQ:abiglobal&atitle=Global+estima
http://search.proquest.com/docview/229544425?accountid=12528%5Cn.%20http://monash-dc05.hosted.exlibrisgroup.com/openurl/MUA/MUL_SERVICES_PAGE?url_ver=Z39.88-2004&rft_val_fmt=info:ofi/fmt:kev:mtx:journal&genre=article&sid=ProQ:ProQ:abiglobal&atitle=Global+estima
http://search.proquest.com/docview/229544425?accountid=12528%5Cn.%20http://monash-dc05.hosted.exlibrisgroup.com/openurl/MUA/MUL_SERVICES_PAGE?url_ver=Z39.88-2004&rft_val_fmt=info:ofi/fmt:kev:mtx:journal&genre=article&sid=ProQ:ProQ:abiglobal&atitle=Global+estima
http://www.census.gov/programs-surveys/acs/
https://www.epa.gov/national-air-toxics-assessment
https://www.epa.gov/national-air-toxics-assessment
https://www.epa.gov/national-air-toxics-assessment/2005-national-air-toxics-assessment
https://www.epa.gov/national-air-toxics-assessment/2005-national-air-toxics-assessment
https://www.epa.gov/national-air-toxics-assessment/2005-nata-fact-sheet
http://www.sciencedirect.com/science/article/pii/0169743995000909
http://www.sciencedirect.com/science/article/pii/0169743995000909


44. Lin S, Liu X, Le LH, Hwang SA. Chronic exposure to ambient ozone and asthma
hospital admissions among children. Environ Health Perspect. 2008;116:1725–30.

45. Fujita EM, Campbell DE, Zielinska B, Sagebiel JC, Bowen JL, Goliff WS, et al.
Diurnal and weekday variations in the source contributions of ozone
precursors in California’s South Coast Air Basin. J Air Waste Manag Assoc.
2003;53:844–63.

46. Liu SY, Pearlman DN. Hospital Readmissions for Childhood Asthma: the role
of individual and neighborhood factors. Public Health Rep. 2012;124:65–78.

47. Beck AF, Moncrief T, Huang B, Simmons JM, Sauers H, Chen C, et al. Inequalities
in neighborhood child asthma admission rates and underlying community
characteristics in one US county. J. Pediatr. [Internet]. Elsevier Ltd; 2013;163:
574–580.e1. Available from: http://dx.doi.org/10.1016/j.jpeds.2013.01.064.

48. McGrath RJ, Stransky ML, Seavey JW. The impact of socioeconomic factors
on asthma hospitalization rates by rural classification. J. Community Health
[Internet]. 2011;36:495–503. [cited 2015 Aug 31]. Available from: http://www.
ncbi.nlm.nih.gov/pubmed/21107894.

49. Yap PS, Gilbreath S, Garcia C, Jareen N, Goodrich B. The influence of
socioeconomic markers on the association between fine particulate
matter and hospital admissions for respiratory conditions among
children. Am J Public Health. 2013;103:695–702.

50. Rosychuk RJ, Klassen TP, Metes D, Voaklander DC, Senthilselvan A, Rowe BH.
Croup presentations to emergency departments in Alberta, Canada: a large
population-based study. Pediatr Pulmonol. 2010;45:83–91.

51. Thörn LKAM, Minamisava R, Nouer SS, Ribeiro LH, Andrade AL. Pneumonia
and poverty: a prospective population-based study among children in
Brazil. BMC Infect Dis [Internet]. 2011;11:180. [cited 2015 Sep 28]. Available
from: http://www.biomedcentral.com/1471-2334/11/180.

52. Jones LL, Hashim A, McKeever T, Cook DG, Britton J, Leonardi-Bee J.
Parental and household smoking and the increased risk of bronchitis,
bronchiolitis and other lower respiratory infections in infancy: systematic
review and meta-analysis. Respir Res [Internet] BioMed Central Ltd; 2011;12:
5. Available from: http://respiratory-research.com/content/12/1/5.

53. Hiscock R, Bauld L, Amos A, Fidler JA, Munafò M. Socioeconomic status and
smoking: a review. Ann N Y Acad Sci [Internet]. 2012;1248:107–23. [cited 2017
Apr 22]. Available from: http://s3.amazonaws.com/academia.edu.documents/
41157251/Socioeconomic_status_and_smoking_a_revie20160114-8623-1c0tjxf.
pdf?AWSAccessKeyId=AKIAIWOWYYGZ2Y53UL3A&Expires=1492932699&Sig
nature=umaqeLEp%2BX7%2FtonJXm8BJHRjo%2BQ%3D&response-content-
disposition=in.

54. Huisman M, Kunst AE, Mackenbach JP. Inequalities in the prevalence of
smoking in the European Union: comparing education and income. Prev
Med (Baltim) [Internet]. 2005;40:756–64. Available from: http://www.
sciencedirect.com/science/article/pii/S0091743504004712.

55. Lieu TA, Lozano P, Ja F, Chi FW, Jensvold NG, Capra AM, et al. Racial/ethnic
variation in asthma status and management practices among children in
managed medicaid. Pediatrics. 2002;109:857–65.

56. Pesek RD, Vargas PA, Halterman JS, Jones SM, McCracken A, Perry TT. A
comparison of asthma prevalence and morbidity between rural and urban
schoolchildren in Arkansas. Ann Allergy Asthma Immunol [Internet]. 2010;
104:125–31. [cited 2015 Aug 31]. Available from: http://www.sciencedirect.
com/science/article/pii/S1081120609000398.

57. Valet RS, Gebretsadik T, Carroll KN, Wu P, Dupont WD, Mitchel EF, et al. High
asthma prevalence and increased morbidity among rural children in a
Medicaid cohort. Ann Allergy Asthma Immunol. 2011;106:467–73.

58. Burke H, Leonardi-Bee J, Hashim A, Pine-Abata H, Chen Y, Cook D, et al.
Prenatal and passive smoke exposure and incedence of asthma and
wheeze: systematic review and meta-analysis. Pediatrics [Internet]. 2012;129:
735–44. [cited 2017 Apr 23]. Available from: http://pediatrics.aappublications.
org/content/pediatrics/129/4/735.full.pdf.

59. Parsons MA, Beach J, Ambikaipakan S, Senthilselvan A. Association of living
in a farming environment with asthma incidence in Canadian children. Eur
Respir J [Internet]. 2016;48:1–11. Available from: http://www.ncbi.nlm.nih.
gov/pubmed/27383380

60. Ownby DR, Tingen MS, Havstad S, Waller JL, Johnson CC, Joseph CLM.
Comparison of asthma prevalence among African American teenage youth
attending public high schools in rural Georgia and urban Detroit. J Allergy
Clin Immunol [Internet]. Elsevier Ltd; 2015;136:595–600.e3. Available from:
http://dx.doi.org/10.1016/j.jaci.2015.02.007.

61. Morgan WJ, Da S, Sherrill DL, Guerra S, Holberg CJ, Guilbert TW, et al.
Outcome of asthma and wheezing in the first 6 years of life follow-up
through adolescence. Am J Respir Crit Care Med. 2005;172:1253–8.

62. Grineski SE. Predicting children’s asthma hospitalizations: rural and urban
differences in Texas. Rural Sociol. 2009;74:201–19.

63. Portnoy JM, Waller M, De Lurgio S, Dinakar C. Telemedicine is as effective as
in-person visits for patients with asthma. Ann. Allergy, Asthma Immunol.
[Internet]. American College of Allergy, Asthma & Immunology; 2016;117:
241–5. Available from: http://dx.doi.org/10.1016/j.anai.2016.07.012.

64. Coughey K, Klein G, West C, Diamond JJ, Santana A, McCarville E, et al. The Child
Asthma Link Line: a coalition-initiated, telephone-based, care coordination
intervention for childhood asthma. Pediatr Asthma [Internet]. 2010;47:303–9.
Available from: http://www.ncbi.nlm.nih.gov/pubmed/20394515.

65. Janevic MR, Stoll S, Wilkin M, Song PXK, Baptist A, Lara M, et al. Pediatric
asthma care coordination in underserved communities: a quasiexperimental
study. Am J Public Health. 2016;106:2012–8.

66. Bishop NJ, Gupta S, Torres C. Arizona Health Status and Vital Statistics
2013. 2014.

67. Martinez FD, Wright AL, Holberg CJ, Morgan WJ, Taussig LM. Maternal age
as a risk factor for wheezing lower respiratory illnesses in the first year of
life. Am J Epidemiol. 1992;136:1258–68.

68. Beamer PI, Lothrop N, Stern D, Billheimer D, Wright AL, Martinez FD.
Increased wheezing risk with diesel exposure among children of younger
mothers. Eur Respir J [Internet]. 2015;46:853–5. Available from: http://erj.
ersjournals.com/lookup/doi/10.1183/09031936.00227214.

69. Salameh PR, Baldi I, Brochard P, Raherison C, Abi Saleh B, Salamon R.
Respiratory symptoms in children and exposure to pesticides. Eur Respir J
[Internet]. 2003;22:507–12. [cited 2016 Jan 11]. Available from: http://erj.
ersjournals.com/content/22/3/507.

70. Pavilonis BT, Sanderson WT, Merchant JA. Relative exposure to swine animal
feeding operations and childhood asthma prevalence in an agricultural
cohort. Environ Res [Internet]. 2013;122:74–80. [cited 2017 Apr 23]. Available
from: http://ac.els-cdn.com/S0013935112003489/1-s2.0-S0013935112003489-
main.pdf?_tid=2e86054a-2854-11e7-9ca6-00000aab0f6b&acdnat=
1492972948_7de58116370bbc972547037c433471ae.

71. Casey JA, Kim BF, Larsen J, Price LB, Nachman KE. Industrial food animal
production and community health. Curr Environ Heal reports. 2015;2:259–71.

72. Hillemeier MM, Gusic ME, Bai Y. Rural and urban children with asthma: are
school health services meeting their needs? Pediatrics [Internet]. 2006;118:
1097–103 [cited 2015 Aug 31]. Available from: http://pediatrics.
aappublications.org/content/118/3/1097.

73. Darrow La, Klein M, Flanders WD, Mulholland Ja, Tolbert PE, Strickland MJ.
Air pollution and acute respiratory infections among children 0–4 years of
age: an 18-year time-series study. Am J Epidemiol [Internet]. 2014;180:968–
77. Available from: http://aje.oxfordjournals.org/cgi/doi/10.1093/aje/kwu234.

74. Ritz B, Yu F. The effect of ambient carbon monoxide on low birth
weight among children born in southern California between 1989 and
1993. Environ Health Perspect [Internet]. 1999;107:17–25. Available from:
http://www.pubmedcentral.nih.gov/articlerender.fcgi?artid=
1566307&tool=pmcentrez&rendertype=abstract.

75. US Environmental Protection Agency. History of the National Ambient Air
Quality Standards for CO [Internet]. Available from: https://www.epa.gov/co-
pollution/table-historical-carbon-monoxide-co-national-ambient-air-quality-
standards-naaqs.

76. US Environmental Protection Agency. History of the NAAQS for Pb
[Internet]. Available from: https://www.epa.gov/lead-air-pollution/table-
historical-lead-pb-national-ambient-air-quality-standards-naaqs.

77. US Environmental Protection Agency. History of the NAAQS for Particulate
Matter, from 1971 to 2012 [Internet]. Available from: https://www.epa.gov/
pm-pollution/table-historical-particulate-matter-pm-national-ambient-air-
quality-standards-naaqs.

78. US Environmental Protection Agency. History of the National Ambient Air
Quality Standards for SO2 From 1971–2012 [Internet]. Available from:
https://www.epa.gov/so2-pollution/table-historical-sulfur-dioxide-national-
ambient-air-quality-standards-naaqs.

79. de Bilderling G, Chauhan AJ, Jeffs JaR, Withers N, Johnston SL, Holgate ST,
et al. Gas cooking and smoking habits and the risk of childhood and
adolescent wheeze. Am J Epidemiol [Internet]. 2005;162:513–22 [cited 2015
Sep 6]. Available from: http://aje.oxfordjournals.org/content/162/6/513.

80. Tin Tin S, Woodward A, Saraf R, Berry S, Atatoa Carr P, SMB M, et al. Internal
living environment and respiratory disease in children: findings from the
Growing Up in New Zealand longitudinal child cohort study. Environ Heal
[Internet] Environmental Health. 2016;15:120. Available from: http://
ehjournal.biomedcentral.com/articles/10.1186/s12940-016-0207-z.

Lothrop et al. BMC Public Health  (2017) 17:516 Page 12 of 13

http://dx.doi.org/10.1016/j.jpeds.2013.01.064
http://www.biomedcentral.com/1471-2334/11/180
http://respiratory-research.com/content/12/1/5
http://s3.amazonaws.com/academia.edu.documents/41157251/Socioeconomic_status_and_smoking_a_revie20160114-8623-1c0tjxf.pdf?AWSAccessKeyId=AKIAIWOWYYGZ2Y53UL3A&Expires=1492932699&Signature=umaqeLEp%2BX7%2FtonJXm8BJHRjo%2BQ%3D&response-content-disposition=in
http://s3.amazonaws.com/academia.edu.documents/41157251/Socioeconomic_status_and_smoking_a_revie20160114-8623-1c0tjxf.pdf?AWSAccessKeyId=AKIAIWOWYYGZ2Y53UL3A&Expires=1492932699&Signature=umaqeLEp%2BX7%2FtonJXm8BJHRjo%2BQ%3D&response-content-disposition=in
http://s3.amazonaws.com/academia.edu.documents/41157251/Socioeconomic_status_and_smoking_a_revie20160114-8623-1c0tjxf.pdf?AWSAccessKeyId=AKIAIWOWYYGZ2Y53UL3A&Expires=1492932699&Signature=umaqeLEp%2BX7%2FtonJXm8BJHRjo%2BQ%3D&response-content-disposition=in
http://s3.amazonaws.com/academia.edu.documents/41157251/Socioeconomic_status_and_smoking_a_revie20160114-8623-1c0tjxf.pdf?AWSAccessKeyId=AKIAIWOWYYGZ2Y53UL3A&Expires=1492932699&Signature=umaqeLEp%2BX7%2FtonJXm8BJHRjo%2BQ%3D&response-content-disposition=in
http://s3.amazonaws.com/academia.edu.documents/41157251/Socioeconomic_status_and_smoking_a_revie20160114-8623-1c0tjxf.pdf?AWSAccessKeyId=AKIAIWOWYYGZ2Y53UL3A&Expires=1492932699&Signature=umaqeLEp%2BX7%2FtonJXm8BJHRjo%2BQ%3D&response-content-disposition=in
http://www.sciencedirect.com/science/article/pii/S0091743504004712
http://www.sciencedirect.com/science/article/pii/S0091743504004712
http://www.sciencedirect.com/science/article/pii/S1081120609000398
http://www.sciencedirect.com/science/article/pii/S1081120609000398
http://pediatrics.aappublications.org/content/pediatrics/129/4/735.full.pdf
http://pediatrics.aappublications.org/content/pediatrics/129/4/735.full.pdf
http://dx.doi.org/10.1016/j.jaci.2015.02.007
http://dx.doi.org/10.1016/j.anai.2016.07.012
http://www.ncbi.nlm.nih.gov/pubmed/20394515
http://erj.ersjournals.com/lookup/doi/10.1183/09031936.00227214
http://erj.ersjournals.com/lookup/doi/10.1183/09031936.00227214
http://erj.ersjournals.com/content/22/3/507
http://erj.ersjournals.com/content/22/3/507
http://ac.els-cdn.com/S0013935112003489/1-s2.0-S0013935112003489-main.pdf?_tid=2e86054a-2854-11e7-9ca6-00000aab0f6b&acdnat=1492972948_7de58116370bbc972547037c433471ae
http://ac.els-cdn.com/S0013935112003489/1-s2.0-S0013935112003489-main.pdf?_tid=2e86054a-2854-11e7-9ca6-00000aab0f6b&acdnat=1492972948_7de58116370bbc972547037c433471ae
http://ac.els-cdn.com/S0013935112003489/1-s2.0-S0013935112003489-main.pdf?_tid=2e86054a-2854-11e7-9ca6-00000aab0f6b&acdnat=1492972948_7de58116370bbc972547037c433471ae
http://pediatrics.aappublications.org/content/118/3/1097
http://pediatrics.aappublications.org/content/118/3/1097
http://aje.oxfordjournals.org/cgi/doi/10.1093/aje/kwu234
http://www.pubmedcentral.nih.gov/articlerender.fcgi?artid=1566307&tool=pmcentrez&rendertype=abstract
http://www.pubmedcentral.nih.gov/articlerender.fcgi?artid=1566307&tool=pmcentrez&rendertype=abstract
https://www.epa.gov/co-pollution/table-historical-carbon-monoxide-co-national-ambient-air-quality-standards-naaqs
https://www.epa.gov/co-pollution/table-historical-carbon-monoxide-co-national-ambient-air-quality-standards-naaqs
https://www.epa.gov/co-pollution/table-historical-carbon-monoxide-co-national-ambient-air-quality-standards-naaqs
https://www.epa.gov/lead-air-pollution/table-historical-lead-pb-national-ambient-air-quality-standards-naaqs
https://www.epa.gov/lead-air-pollution/table-historical-lead-pb-national-ambient-air-quality-standards-naaqs
https://www.epa.gov/pm-pollution/table-historical-particulate-matter-pm-national-ambient-air-quality-standards-naaqs
https://www.epa.gov/pm-pollution/table-historical-particulate-matter-pm-national-ambient-air-quality-standards-naaqs
https://www.epa.gov/pm-pollution/table-historical-particulate-matter-pm-national-ambient-air-quality-standards-naaqs
https://www.epa.gov/so2-pollution/table-historical-sulfur-dioxide-national-ambient-air-quality-standards-naaqs
https://www.epa.gov/so2-pollution/table-historical-sulfur-dioxide-national-ambient-air-quality-standards-naaqs
http://aje.oxfordjournals.org/content/162/6/513
http://ehjournal.biomedcentral.com/articles/10.1186/s12940-016-0207-z
http://ehjournal.biomedcentral.com/articles/10.1186/s12940-016-0207-z


81. Kattan M, Gergen PJ, Eggleston P, Visness CM, Mitchell HE. Health effects of
indoor nitrogen dioxide and passive smoking on urban asthmatic children.
J Allergy Clin Immunol [Internet]. 2007;120:618–24 [cited 2017 Apr 23].
Available from: http://ac.els-cdn.com/S0091674907009621/1-s2.0-
S0091674907009621-main.pdf?_tid=19e0621e-2856-11e7-ab4d-
00000aacb361&acdnat=1492973772_beef3451174c00c8dd00b16ba22c9683.

82. TenWolde A. Ventilation, humidity, and condensation in manufactured
houses during winter. ASHRAE Trans. 1994;100:103–15.

83. Eberhardt MS, Pamuk ER. The importance of place of residence: Examining
health in rural and nonrural areas. Am J Public Health. 2004;94:1682–6.

84. Gessner BD. Lack of Piped Water and Sewage Services is Associated with
Pediatric Lower Respiratory Tract Infection in Alaska. J Pediatr. 2008;152:666–70.

85. Luijk MPCM, Sonnenschein-van der Voort AM, Mileva-Seitz VR, Jansen PW,
Verhulst FC, Hofman A., et al. Is parent-child bed-sharing a risk for wheezing
and asthma in early childhood? Eur Respir J [Internet]. 2014;661–9. Available
from: http://erj.ersjournals.com/cgi/doi/10.1183/09031936.00041714.

86. Karr C, Lumley T, Shepherd K, Davis R, Larson T, Ritz B, et al. A case-
crossover study of wintertime ambient air pollution and infant bronchiolitis.
Environ Health Perspect. 2006;114:277–81.

87. National Heart, Lung and BI. Guidelines for the Diagnosis and Management
of Asthma [Internet]. 2007. Available from: http://www.ncbi.nlm.nih.gov/
pubmed/17983880.

88. Nieto A, Wahn U, Bufe A, Eigenmann P, Halken S, Hedlin G, et al. Allergy
and asthma prevention 2014. Pediatr Allergy Immunol. 2014;25:516–33.

89. Agency for Healthcare Research and Quality. Guide to prevention quality
indicators: hospital admission for ambulatory care sensitive conditions.
AHRQ Qual Indic. 2007;1–59.

90. Legendre P. Spatial autocorrelation: trouble or new paradigm? Ecology. n74:
1659–73.

•  We accept pre-submission inquiries 

•  Our selector tool helps you to find the most relevant journal

•  We provide round the clock customer support 

•  Convenient online submission

•  Thorough peer review

•  Inclusion in PubMed and all major indexing services 

•  Maximum visibility for your research

Submit your manuscript at
www.biomedcentral.com/submit

Submit your next manuscript to BioMed Central 
and we will help you at every step:

Lothrop et al. BMC Public Health  (2017) 17:516 Page 13 of 13

http://ac.els-cdn.com/S0091674907009621/1-s2.0-S0091674907009621-main.pdf?_tid=19e0621e-2856-11e7-ab4d-00000aacb361&acdnat=1492973772_beef3451174c00c8dd00b16ba22c9683
http://ac.els-cdn.com/S0091674907009621/1-s2.0-S0091674907009621-main.pdf?_tid=19e0621e-2856-11e7-ab4d-00000aacb361&acdnat=1492973772_beef3451174c00c8dd00b16ba22c9683
http://ac.els-cdn.com/S0091674907009621/1-s2.0-S0091674907009621-main.pdf?_tid=19e0621e-2856-11e7-ab4d-00000aacb361&acdnat=1492973772_beef3451174c00c8dd00b16ba22c9683
http://erj.ersjournals.com/cgi/doi/10.1183/09031936.00041714
http://www.ncbi.nlm.nih.gov/pubmed/17983880
http://www.ncbi.nlm.nih.gov/pubmed/17983880

	Abstract
	Background
	Methods
	Results
	Conclusions

	Background
	Methods
	Study area and unit of analysis
	Outcome variables: rates of emergency discharge visits and hospitalizations for asthma and lower respiratory illnesses
	Explanatory variables: geographic factors
	Statistical approach

	Results
	Emergency discharge visits and hospitalization counts for asthma and lower respiratory illnesses
	Assessment of geographic factors
	Associations between factors and asthma and lower respiratory illness outcomes

	Discussion
	Conclusions
	Additional file
	Abbreviations
	Acknowledgements
	Funding
	Availability of data and materials
	Authors’ contributions
	Competing interests
	Consent for publication
	Ethics approval and consent to participate
	Publisher’s Note
	Author details
	References

