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Dynamic logistic regression model and
population attributable fraction to investigate
the association between adherence, missed
visits and mortality: a study of HIV-infected
adults surviving the first year of ART
Sylvia Kiwuwa-Muyingo1,2*, Hannu Oja3, Ann Sarah Walker4, Pauliina Ilmonen5, Jonathan Levin2,
Ivan Mambule6, Andrew Reid7, Peter Mugyenyi8, Jim Todd9 and DART Trial team

Abstract
Background: Adherence is one of the most important determinants of viral suppression and drug resistance in
HIV-infected people receiving antiretroviral therapy (ART).

Methods: We examined the association between long-term mortality and poor adherence to ART in DART trial
participants in Uganda and Zimbabwe randomly assigned to receive laboratory and clinical monitoring (LCM), or
clinically driven monitoring (CDM). Since over 50% of all deaths in the DART trial occurred during the first year on ART,
we focussed on participants continuing ART for 12 months to investigate the implications of longer-term adherence
to treatment on mortality. Participants’ ART adherence was assessed by pill counts and structured questionnaires at
4-weekly clinic visits. We studied the effect of recent adherence history on the risk of death at the individual level
(odds ratios from dynamic logistic regression model), and on mortality at the population level (population attributable
fraction based on this model). Analyses were conducted separately for both randomization groups, adjusted for
relevant confounding factors. Adherence behaviour was also confounded by a partial factorial randomization
comparing structured treatment interruptions (STI) with continuous ART (CT).

Results: In the CDM arm a significant association was found between poor adherence to ART in the previous 3-9
months with increased mortality risk. In the LCM arm the association was not significant. The odds ratios for mortality
in participants with poor adherence against those with optimal adherence was 1.30 (95% CI 0.78,2.10) in the LCM arm
and 2.18 (1.47,3.22) in the CDM arm. The estimated proportions of deaths that could have been avoided with optimal
adherence (population attributable fraction) in the LCM and CDM groups during the 5 years follow-up period were
16.0% (95% CI 0.7%,31.6%) and 33.1% (20.5%,44.8%), correspondingly.

Conclusions: Recurrent poor adherence determined even through simple measures is associated with high
mortality both at individual level as well as at the ART programme level. The number of lives saved through effective
interventions to improve adherence could be considerable particularly for individuals monitored without using CD4
cell counts. The findings have important implications for clinical practice and for developing interventions to enhance
adherence.
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Background
Adherence is one of the most important determinants
of viral suppression among people receiving antiretro-
viral therapy (ART) for HIV-infection; conversely poor
adherence is associated with acquired antiretroviral drug
resistance [1-4]. Adherence measurements and methods
for summarizing adherence vary depending on resources,
with some researchers showing that adherence may be
seen as a stochastic process [5-7]. Adherence has been
measured using different indices such as drug posses-
sion ratio [8], or simple proportions or counts of missed
pills/appointments [8-11], or measured using electronic
medication monitors [12]. Although good adherence is
essential for the success of ART, there is no gold standard
or benchmark measure of adherence. However, electronic
monitoring of adherence was more strongly associated
with viraemia compared to self-reported adherence mon-
itoring [13,14]. Other studies did not show any dif-
ference between adherence measures and viral load
suppression [15].

For HIV-infected adults, poor adherence leads to
low levels of drug, leading to viral replication, drug
resistance, and viral rebound. That in turn causes
CD4 decline which leads to morbidity/mortality. Sev-
eral studies have demonstrated the association between
adherence and mortality [16,17]. However, factors includ-
ing drug toxicity/side effects, resistance, disease stage
and sociodemographic factors may be associated with
both adherence and mortality either being on the
causal pathway between adherence and mortality (as
intermediate factors), or as a proxy for some unmea-
sured confounding depending on the time order of the
events.

Many studies [18] have identified prognostic factors for
mortality following ART initiation; the most recent val-
ues of immunological and virological factors are typically
the most predictive. In contrast a single report of poor
adherence may not be associated with immediate mor-
tality, but rather recurrent poor adherence, i.e. adherence
history, may be the main driver of longer-term mortal-
ity. Dynamic logistic regression can be used to examine
the delayed effect of predictors on death, which may be
seen several months after the reported poor adherence, in
a similar way to a time-dependent Cox model. However,
the advantage of dynamic logistic regression is that it eas-
ily allows estimation of the achievable effects of risk factor
manipulation at the population level, i.e. the proportion
of deaths that could have been avoided with optimal
adherence.

Here we examine the association between mor-
tality and adherence to ART using data from the
DART (Development of AntiRetroviral Therapy) trial in
Uganda/Zimbabwe [19], in which participants were ran-
domly assigned to laboratory and clinical monitoring

(LCM) or clinically driven monitoring (CDM) of ART.
Our main aim was to investigate the effect of adherence
history on the risk of death in the second year on ART
onwards at the individual level (odds ratios, OR) and at the
population level (population attributable fraction, PAF).
We also assess the time delay in the effect of adherence on
the risk of mortality. Over 50% of all deaths in the DART
trial occurred during the first year on ART, when the risk
of death is higher, and mortality may be less influenced by
adherence [19,20]. In this paper we focussed on partici-
pants surviving the first year of ART, in order to investi-
gate the impact of longer-term adherence to treatment on
mortality.

Methods
Data and problem
Study population
3316 ART-naive adults with symptomatic HIV disease
and CD4<200 cells/μL were enrolled in the DART
trial January 2003-October 2004 at three centers, 2 in
Uganda (and 1 satellite) and 1 in Zimbabwe, and ini-
tiated triple drug ART [19]. 2469(74%) received com-
bivir (coformulated zidovudine-lamivudine) and tenofovir
disoproxil fumarate, 300 received combivir and abacavir,
and 547 received combivir and nevirapine as their first-
line ART. Participants were randomly assigned to labo-
ratory and clinical monitoring (LCM) or clinically driven
monitoring (CDM); both groups saw a physician and
had a routine full blood count with lymphocyte sub-
set CD4 every 12 weeks, but total lymphocyte or CD4-
cell counts were not returned for the latter group. All
participants were reviewed by a nurse every 4 weeks
(using a standard symptom checklist) and had 4-weekly
ART refills.

Adherence behaviour was potentially confounded by a
further partial factorial randomization comparing struc-
tured treatment interruptions (STIs, cycles of 12 weeks
on/off ART) with continuous ART (CT) in participants
with good early response (CD4>300 cells/μL) at the week
48 or 72 CD4 count [21] (This followed a small pilot study
in 137 patients; these pilot patients were excluded from
all analyses). The CT/STI randomizations were stopped
early, in March 2006, due to inferiority of STIs, and all
patients randomized to STIs returned to continuous treat-
ment. (See Figure 1.) The potential confounding effect
of STI is addressed in the model in the following way:
In our dynamic modeling, the effect of adherence on
mortality is obviously not confounded by the STI group
before the randomization. After the randomization the
individuals randomized to the STI group are parame-
terized as a separate group from those remaining on
continuous therapy with known adherence behaviour, and
therefore they do not confound the main effect of adher-
ence on mortality after the randomization either. We do
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not wish to censor these individuals at the time of STI
randomization as they may still carry information about
the connection between other explanatory variables and
mortality.

Participants were followed under their randomized
strategies until December 31, 2008. More than 50% of
the total deaths over a median 5 years follow-up in
DART occurred during the first year on ART, >25%
in the first 3 months [20]. These deaths in the first
year on ART are plausibly due to carryover effects from
the advanced immunosuppression prior to at ART ini-
tiation (ART cannot work fast enough) and therefore
are less likely to be related to ART adherence. Includ-
ing these deaths in analysis may therefore dilute the
impact of adherence over the longer-term. As our focus
was on the impact of adherence on longer-term mor-
tality on ART, we therefore excluded the 171 partici-
pants that died and the 48 lost to follow-up during the
first year on ART, leaving 2960 participants alive and in
follow-up at one year for analysis, the same dataset as
previous analysis [7,22]. This allowed us to investigate
adherence history measures based on up to 12 previous
visits.

Informed consent
Individual informed consent was obtained from each par-
ticipant at screening and, if eligible, at enrolment for
randomisation to (i) the two monitoring strategies (LCM,
CDM)(all participants) and (ii) STI or CT if eligible.

Ethics statement and approval
DART received ethics committee approval in Uganda
from the Science and Ethics Committee (SEC), in
Zimbabwe from Medical Research Council of Zimbabwe
(MRCZ) which is the National Ethics Committee (NEC)
and the Imperial College Research Ethics committee in
the UK. The trial was registered (ISCRTN13968779).

Adherence measurements
Participants’ ART adherence was assessed by pill counts
and a structured questionnaire administered at each
scheduled 4-weekly clinic visit [23]. The questionnaire
asked whether they had missed any doses in the last
month, were late for the visit, had forgotten to take any
doses at the weekend, or missed any ART on the previ-
ous 4 days. Adherence data is missing if (i) the participant
missed his/her visit (“missing”), or if (ii) the participant
attended the visit but did not, for some unknown rea-
son, respond to these questions (“non-response”). We
consider patients who had been randomized to STI as
an additional class of missing (ie as a separate group),
since their adherence measurements and outcomes may
no longer be directly comparable with those taking ART
continuously.

Outcome and problem
Our primary outcome is mortality in those surviv-
ing the first year on ART, censored at the mini-
mum of their last follow-up visit or 31 December
2008. We model the effect of adherence history on
the risk of death at the individual level (odds ratios
from a fitted dynamic logistic regression model) and
at the population level (population attributable fraction,
PAF) using the estimated model parameters. We also
assess the time delay in the effect of adherence on
the risk of mortality. As the main trial results demon-
strated a small but statistically significant difference in
mortality between the LCM and CDM groups [19],
analyses were done separately for both groups, and
estimates adjusted for relevant pre-ART confounding
factors.

Statistical methods
Dynamic logistic regression model
The data are analyzed using a dynamic logistic regres-
sion model. The follow-up period of each individual is
divided into successive 4-weekly periods between the
clinic visits. Then the probability of dying in a cer-
tain period is the probability of surviving previous peri-
ods multiplied by the conditional probability of dying
in that period conditional on previous survival. The
model is then the regular logistic model for these con-
ditional probabilities and the explanatory variables for
death in a period may include any variables describ-
ing the individual’s history up to the beginning of
the period. The odds ratios are then for the instanta-
neous risk of dying in a period. The model may be
seen as a discrete time version of the Cox’s propor-
tional hazard model (details given in Additional file 1:
appendix A).

Population attributable fraction (PAF)
The estimated model is used to find an estimate for
population attributable fraction as follows. For each indi-
vidual with known covariate history, one can, with an
estimated model, estimate the probabilities of dying
on each 4-weekly interval in an imaginary case of
his or her optimal adherence. If this is done sepa-
rately for each individual in a population, the results
can be summarised at the population level as a sur-
vival curve for an imaginary population of patients
with optimal adherence. If this curve is compared
to the observed overall survival curve (or the curve
without the manipulation), one can calculate an esti-
mate for the proportion of deaths that could have
been avoided by manipulation, that is, the popula-
tion attributable fraction of deaths due to non-optimal
adherence. (See Additional file 2: appendix B for
more details).

http://www.biomedcentral.com/content/supplementary/1471-2334-13-395-S0.0.pdf
http://www.biomedcentral.com/content/supplementary/1471-2334-13-395-S0.0.pdf
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Figure 1 Illustration of the first and second randomization of the participants of the DART trial (356 died/lost to follow-up or excluded in
first year). The latter confounds adherence measurements: 813 good early response participants were randomized between continuous therapy
(CT) and cycles of 12 weeks on/off ART structured treatment interruptions (STI). We analysed all participants alive and in follow-up at 48 weeks.
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Summarising adherence history (x1)
Here we use the 4-weekly question “missed a dose in the
last month”, because it was most strongly associated with
viral load [23]. At each visit t = 1, 2, ... the adherence
variable can take the following four values

“poor”, “good”, “non-response”, and “missing”,

where “poor” and “good” mean “missed a dose in the
last month” and “did not miss a dose in the last month”,
respectively.

The history of adherence behaviour up to the visit t is
then summarized as follows. First, we consider the visits
t − 8, t − 7, ..., t − 3 (6 visits, that is, 6 months) to calculate
the following three independent indicator variables

“poor at least once”, “non-response at least once”,
“missing at least once”,

for visits t. These three adherence variables are not mutu-
ally exclusive, that is, any combination of zeros and ones is
possible. Whilst this is only one way to combine 4-weekly
adherence measurements, it is a simple summary which
retains much of the historical information. As a delay in
the effect of adherence on mortality is likely given the
causal pathway (see above), we used adherence data from
visits t − 8, t − 7, ..., t − 3 only to predict the mortality
between visits t − 1 and t. The adherence measurements
at visits t − 2 and t − 1 may then be seen rather as inter-
mediate factors between adherence history and death.
In fact, preliminary analysis showed that patients dying
between visits t − 1 and t often missed visits t − 2 and
t − 1 for reasons that were clearly more related to their
mortality risk than their adherence behaviour. Whilst sev-
eral other time intervals t − u, ..., t − v were considered,
we presented results only for t − 8, t − 7, ..., t − 3 as
the associations with mortality were generally very sim-
ilar. One can naturally also try other time intervals t −
u, ..., t − v with different choices of u and v but then
the incidence and interpretation of “poor at least once”,
for example depends strongly on the length u − v + 1.
The comparison of different fitted models is therefore
difficult, and we tried to keep the model as simple as
possible.

The adherence measurement are, however, confounded
by the CT/STI randomization as explained above. We
therefore need a fourth indicator

“randomized to STI”

which is 1 at visit t if the patient has been randomized
to STI before visit t. If 1, then the three adherence indi-
cators above lose their interpretation and are all set to
be 0. Essentially therefore after having been randomised
to STI, patients are modelled separately both in terms

of their subsequent on-ART adherence and its relation-
ship to mortality. If all four indicators get the value zero,
then the patient is not randomized to STI and adherence
behaviour is “optimal”; this is thus the reference class in
the modeling.

Confounding variables (x2)
We fitted an adjusted model including the following
fixed pre-ART characteristics: age (18-35, 35-50, 50+),
sex (male, female), WHO disease stage (2, 3, 4), body
mass index (BMI) (-20, 20-27, 27+), and CD4 cell count
(0-49, 50-99, 100-149, 150-199), categorizing continuous
variables to allow for non-linearity.

We did not treat, for example, time-dependent CD4
cell count as a confounding variable. We rather consid-
ered it as an intermediate variable, meaning that CD4
cell count at time t is likely affected by previous adher-
ence history, and is simultaneously a subsequent predictor
of mortality. For this reason, only pre-ART CD4 count
was included as a baseline factor (similarly for WHO
disease stage and BMI). Although follow-up and adher-
ence history in this study starts at 12 months, we did
not adjust for CD4 count 12 months after starting ART
for the same reason, namely adherence behaviour dur-
ing the first 12 months could have already had an impact
on CD4, which in turn would have an effect on mortal-
ity. The main exposure of interest is adherence history
and adherence measurements were taken on the preced-
ing nine months in our analysis (ie adherence history from
3-9 months on ART for the first interval). To adjust for
the effect of time on ART, we included a variable follow-
up time, categorized as (1,2], (2,3], (3,4], (4,5], and (5,6]
years on ART.

Results
Mortality risk at individual level
Median (IQR) follow-up after 1 year on ART in the 2960
patients surviving 12 months was a further 3.9 (3.5-4.3)
years on ART, see Table 1. The proportion of individuals
reporting good adherence at each visit remained very high
and stable over most of the five year period (Figure 2 and
Figure 3), with little difference in the adherence profiles
between the LCM and CDM groups. However, the num-
ber of missing visits did increase with time, at least in part
because, after approximately 3 years on ART, a small num-
ber of participants moved to 12-weekly visits, with tele-
phone nurse visits in-between (without adherence data).
This may result in a small bias in the estimates of the effect
of missing visits on mortality.

As previously reported [19], patients randomized to
CDM had a higher mortality risk than LCM patients with
an unadjusted odds ratio 1.56 (95% CI 1.17,2.08) after the
first year on ART. We therefore did the analyses separately
for both groups.
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Table 1 Characteristics of ART naive adults initiating ART
in Uganda and Zimbabwe and surviving the first year of
Therapy by main randomisation arm

Baseline characteristics at
randomisation and week 48

Randomisation in main DART trial LCM CDM

Total participants 1478 1482

Sex

Female 970(66%) 952(64%)

WHO stage

2 331(22%) 291(20%)

3 827(56%) 844(57%)

4 320(22%) 345(23%)

BMI

< 20 489(33%) 515(35%)

20-27 846(58%) 831(56%)

>27 130(9%) 127(9%)

CD4 cells/μL

Median (IQR) 84(33-138) 86(31-140)

Age(years) at ART initiation

Median (IQR) 37(32-42) 36(32-42)

18-35 589(40%) 593(40%)

35-50 792(54%) 796(54%)

>50 97(6%) 93(6%)

Initial ART regimen

Tenofovir (TDF) 1075(73%) 1087(73%)

Nevirapine (NVP) 260(18%) 251(17%)

Abacavir (ABC) 143(10%) 142(10%)

Follow up at 48 weeks

STI/CT randomisation

Not randomised 1061(72%) 1082(73%)

Randomised to STI 209(14%) 203(14%)

Randomised to CT 208(14%) 197(13%)

CD4 cells/μL at week 48

Median (IQR) 201(139-283) 200(141-280)

Weight at week 48

Median(IQR) 63(57-71) 63(56-71)

The estimated odds ratios (OR) with 95% CI for differ-
ent risk factors for mortality from the dynamic logistic
model in LCM and CDM groups are given in Tables 2
and 3, respectively, and demonstrate a clear association
between poorer adherence and 4-weekly probability of
dying in the CDM group. In the LCM group the differ-
ence in mortality risk between poor and optimal adherers
was in the same direction but was non-significant. The
adjusted odds ratios (with p values) for “poor at least
once vs. optimal”, “non-response at least once vs. opti-
mal” and “missing at least once vs. optimal” were 1.30
(0.3), 1.98 (0.03) and 3.60 (<0.001) in the LCM group
and 2.18 (<0.001), 2.09 (<0.001) and 3.65 (0.005) in the
CDM group. The largest differences between LCM and
CDM groups can be seen in the odds ratios for poor
vs. optimal (1.30 and 2.18 for LCM and CDM groups,
correspondingly). However, 95% CI were relatively wide,
and fitting both groups together in a single model, a
heterogeneity test did not provide evidence of differ-
ence (p>0.1). There was strong evidence of heterogeneity
in the 3 adherence estimates within each model ie the
impact of poor adherence on mortality risk differs from
impact of non-response differs from the impact of missing
(p <0.001). The adjusted odds ratios for “having pre-
viously been randomized to STI vs. optimal” (technical
indicator that at least partially addresses confounding by
the CT/STI randomization) in the LCM and CDM groups
were 0.86 (0.29, 2.05) and 2.07 (1.03, 3.85). This indicates
that over the longer-term those previously undergoing
STIs in the CDM group still had poorer outcomes, likely
due to delays in identifying first-line drug failure in the
CDM group [19].

For those monitored following LCM, mortality risks
seemed somewhat lower at visits either 2-3 or 4-5 years
on ART (p=0.06), none of the other pre-ART factors
were significantly associated with mortality risk after 1
year on ART (p>0.3). In contrast, in the CDM group the
post-1-year mortality risks were higher for patients with
pre-ART <150 cells/μL (p=0.01 for categorical pre-ART
CD4 variable), and for patients aged >50 years at ART
initiation (p=0.07 for categorical variable age). There was
no additional effect of regimen at ART initiation with the
adjusted OR for Nevirapine, Abacavir versus Tenofovir
1.18 (0.61, 2.12), 1.21(0.52, 2.45), p=0.8 in LCM and 0.52
(0.25, 0.96), 0.64 (0.28, 1.24), p=0.1 in CDM. All these
results were consistent with the main trial results of DART
[19], which showed that differences in mortality between
LCM and CDM were most likely due to delayed switch-
ing (for failure of first-line to second-line treatment) in
the latter group without CD4 count monitoring. Low pre-
ART CD4 and higher age have been previously identified
as factors which increase the risk of ART failure. We found
no evidence that the impact of current adherence varied
according to pre-ART CD4 (p=0.4).
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Figure 2 Proportion of participants at weeks t = 52, 56, 60, . . . on ART in the LCM group who (i) miss a visit (solid circle curve) (ii) miss a
visit or do not respond to the adherence question (diamond symbol curve), (iii) miss a visit, do not respond, or report poor adherence
(square symbol curve). The periodicity in the curves after 3 years is partly due to a small group of patients who moved to 12-weekly ART refills and
therefore missed intervening 4-weekly visits.

To consider the bias caused by the participants who
moved to 12-weekly visits (with telephone nurse visits
in-between), we also fitted interactions between time
indicator (4,6] and adherence variables. There was no
statistically significant interactions in the LCM group. The
only statistically significant interaction term (p=0.004) in
the CDM group was for the interaction between non-
response and time. The adjusted odds ratio for non-
response vs. optimal then changed from 3.72(95% CI
2.07,6.35) to 0.10(95% CI 0.01,0.38). This change may be
due to the fact that the subjects with 12-weekly visits
are classified as non-responders but in fact they are good
adherers and therefore eligible for 12-weekly refills. In fur-
ther analyses, we also considered censoring individuals
with 12 weekly telephone visits from the 4th year. The esti-
mates for the main exposure adherence variables and PAF
censoring the 12-weekly telephone visits were very similar
to the analysis including these participants in both LCM
and CDM groups.

Population attributable fraction
In Figure 4 estimated survival curves are shown in the
LCM and CDM groups. In both groups, we calculated
a weighted Kaplan-Maier survival curve estimate for
the original population assuming all patients had been

intended to take ART continuously (ie if the CT/STI
randomization had not occurred), by using weights 2
and 0 for those randomized to CT and STI respectively
(after randomization), and 1 for non-randomized patients
(and before STI/CT randomisation). Then we used the
model-based hypothetical estimated survival curves for
the same population but with optimal adherence his-
tory (all four indicators constantly zero, confounded vari-
ables as in the population) were calculated. The PAF
estimates are then based on the values of these curves
at 5 years.

The estimated proportion of deaths that could have
been delayed (by eliminating exposure to non-optimal
adherence) 1-6 years after initiating ART was 16.0%
among patients receiving LCM, but was higher at 33.1%
in CDM. The corresponding 90% confidence intervals
based on 200 bootstrap samples were (-0.7%,31.6%)
and (20.5%,44.8%), respectively. These proportions cor-
respond to absolute increases in 6-year survival (5 years
after our 48 week baseline) of 1% in the LCM group (from
94% observed to 95% with optimal adherence) and 3% in
the CDM group (from 91% observed to 94% with optimal
adherence), with corresponding death rates from 1.2/100
to 1/100 person years in LCM and 1.8/100 to 1.2/100
person years in CDM.
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Figure 3 Proportion of participants at weeks t = 52, 56, 60, . . . on ART in the CDM group who (i) miss a visit (solid circle curve) (ii) miss a
visit or do not respond to the adherence question (diamond symbol curve), (iii) miss a visit, do not respond, or report poor adherence
(square symbol curve). The periodicity in the curves after 3 years is partly due to a small group of patients who moved to 12-weekly ART refills and
therefore missed intervening 4-weekly visits.

Discussion
The results of this study emphasize the importance of
ART adherence for reducing long-term mortality risk in
HIV-infected adults taking ART. Three measures of non-
optimal adherence, missing a dose, not responding to the
adherence questionnaire, and missing a visit at least once
during a preceding 6 month period, independently pre-
dicted increased immediate mortality risk in patients only
monitored using clinical symptoms in the DART trial in
Uganda and Zimbabwe, with the latter two measures also
predictive in patients being monitored using CD4 cell
counts. There was strong evidence within each model
that the impact of poor adherence on long-term mortal-
ity risk differs from non-response, and differs from those
with missing response. These effects were independent
of potential pre-ART confounders WHO disease stage,
CD4 cell counts, body mass index, age, and sex, and time-
dependent STI group and time on ART. Whilst there was
a non-significant trend towards a larger effect of poor
adherence in the group of participants monitored without
CD4 cell counts, perhaps the most important finding was
that optimal adherence with clinical monitoring seemed
to provide as good overall survival outcomes as those
actually observed in the group receiving CD4 monitoring
in the trial (Figure 4).

Although the survival under optimal adherence is
unknown in this context, the major advantage of the
dynamic logistic regression model is that it can be esti-
mated. Only modest absolute differences in mortality risk
were observed (1% in LCM and 3% in CDM at 6 years
from ART initiation) , but the estimated proportions
of deaths that could have been delayed (by eliminating
non-optimal adherence) within 1-6 years after initiating
ART were remarkably high in both groups - 16% in the
LCM and 33% in CDM. This equates to absolute increases
in 6-year survival from 94% observed to 95% with opti-
mal adherence in LCM and from 91% observed to 94%
in CDM. The differences in estimated mortality between
LCM and CDM under optimal adherence were narrower
than observed in the trial itself, suggesting that, as well
as its role in detecting ART failure earlier, one major role
of CD4 monitoring could be to to reinforce good adher-
ence behaviour, or to identify those with adherence issues.
This may be particularly valuable if laboratory moni-
toring can be integrated with adherence data to focus
interventions on priority patients who need more sup-
port. However, too few deaths were observed to rule out
the possibility that differences in associations between
adherence and mortality in LCM and CDM were due to
chance alone.
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Table 2 Estimated unadjusted and adjusted odds ratios (OR) with 95 percent confident intervals for the risk of death
obtained from the dynamic logistic regression model and based on 1478 individuals in the LCM group alive after the first
year of follow-up

Unadjusted OR 95% CI Adjusted OR 95% CI P-value

Adherence history:

poor at least once vs optimal 1.34 (0.81, 2.17) 1.30 (0.78, 2.10) 0.30

non-response at least once vs optimal 1.99 (1.01, 3.63) 1.98 (1.00, 3.62) 0.03

missing at least once vs optimal 3.26 (1.65, 5.96) 3.60 (1.80, 6.65) <0.001

Pre-ART WHO disease stage

stage 2 1(ref) 1(ref) 0.8

stage 3 1.08 (0.61, 2.02) 1.02 (0.57, 1.91)

stage 4 1.48 (0.76, 2.92) 1.19 (0.60, 2.41)

Pre-ART CD4 cell count

0-49 1.69 (0.88, 3.51) 1.43 (0.72, 3.07)

50-99 1.27 (0.61, 2.77) 1.18 (0.55, 2.61)

100-149 1.07 (0.49, 2.41) 1.01 (0.45, 2.29)

150-199 1(ref) 1(ref) 0.6

Pre-ART Body mass index

<20 1.35 (0.82, 2.18) 1.31 (0.79, 2.14)

20-27 1(ref) 1(ref) 0.5

>27 1.37 (0.59, 2.79) 1.33 (0.57 ,2.77)

Age at ART initiation groups

18-35 1(ref) 1(ref) 0.9

35-50 0.84 (0.53, 1.35) 0.92 (0.57, 1.50)

50+ 0.89 (0.31, 2.09) 1.03 (0.35, 2.48)

Sex

Female vs Male 1.23 (0.76, 2.04) 1.31 (0.79, 2.22) 0.3

Time since ART initiation in years

≤2 1(ref) 1(ref) 0.06

2-3 0.37 (0.17, 0.73) 0.40 (0.18, 0.79)

3-4 0.57 (0.30, 1.04) 0.60 (0.31, 1.10)

4-5 0.49 (0.24, 0.93) 0.47 (0.23, 0.91)

>5 0.76 (0.34, 1.54) 0.65 (0.29, 1.34)

Adherence history is given by 4 time-dependent indicators with “optimal” adherence as a reference class.

Our main study findings are based on the association
between adherence in the 3-9 month preceding interval
and immediate risk of mortality. Preliminary investigation
suggested that nominal adherence behaviour in the imme-
diately preceding intervals was strongly subject to reverse

causality (ie sick patients do not attend visits), and hence
we did not include adherence at the immediately pre-
ceding intervals in our adherence history variable. Whilst
several other time intervals t − u, ..., t − v were consid-
ered, we presented results only for the period 3-9 months
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Table 3 Estimated unadjusted and adjusted odds ratios (OR) with 95 percent confident intervals for the risk of death
obtained from the dynamic logistic regression model and based on 1482 individuals in the CDM group alive after the first
year of the follow-up

Unadjusted OR 95% CI Adjusted OR 95% CI P-value

Adherence history:

poor at least once vs optimal 2.14 (1.45, 3.14) 2.18 (1.47, 3.22) < 0.001

non-response at least once vs optimal 2.16 (1.29, 3.52) 2.09 (1.22, 3.40) < 0.001

missing at least once vs optimal 3.46 (2.07, 5.54) 3.65 (2.15, 5.92) 0.005

Pre-ART WHO disease stage

stage 2 1(ref) 1(ref) 0.51

stage 3 1.67 (0.99, 3.03) 1.39 (0.82, 2.55)

stage 4 1.61 (0.88, 3.08) 1.28 (0.68, 2.48)

Pre ART CD4 cell count

0-49 3.61 (1.88, 7.85) 3.43 (1.74, 7.62)

50-99 2.75 (1.36, 6.14) 2.62 (1.28, 5.90)

100-149 2.49 (1.20, 5.63) 2.45 (1.18, 5.57)

150-199 1(ref) 1(ref) 0.01

Pre-ART Body mass index

< 20 1.63 (1.12, 2.38) 1.33 (0.90, 1.96)

20-27 1(ref) 1(ref) 0.35

> 27 0.98 (0.43, 1.93) 1.07 (0.46 ,2.15)

Age at ART initiation groups

18-35 1(ref) 1(ref) 0.07

35-50 0.72 (0.49, 1.05) 0.83 (0.56, 1.24)

50+ 1.45 (0.74, 2.63) 1.74 (0.87, 3.21)

Sex

Female vs Male 0.62 (0.43, 0.90) 0.72 (0.49, 1.06) 0.10

Time since ART initiation in years

≤ 2 1(ref) 1(ref) 0.13

2-3 1.65 (0.98, 2.84) 1.66 (0.98, 2.86)

3-4 1.10 (0.61, 1.99) 1.10 (0.61, 1.98)

4-5 1.64 (0.96, 2.86) 1.56 (0.90, 2.74)

> 5 0.91 (0.38, 1.96) 0.80 (0.33, 1.73)

Adherence history is given by 4 time-dependent indicators with “optimal” adherence as a reference class.

before as the associations with mortality were generally
very similar across that time period. Other adherence
summaries could also have been considered eg ’poor at
least once in 6 months’, for example, could have been
replaced by ‘poor at least k times in u − v + 1 months’,

but having shown strong associations with the simplest
model formulation, additional complexity is unlikely to
have improved models substantially, and the popula-
tion attributable fraction (PAF) is unlikely to change
much.
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Figure 4 Estimated (weighted Kaplan-Maier) survival curves and estimated survival curves under optimal adherence in the
LCM and CDM groups.

The strongest adherence predictor of immediate mor-
tality was missing one or more visits in the 3-9 month
preceding interval, with a remarkably strong effect in
both monitoring groups. DART participants were pro-
vided with ART until their next scheduled clinic visit,
and so missing a visit typically represented running out
of drugs (with the exception of those on 12-weekly ART
re-fills in the latter part of the trial). Such interrup-
tions may lead to development of drug resistance [24],
which would promote virological failure and hence CD4
cell count failure, and hence increased risk of mortal-
ity. Alternatively, they could identify a group of patients
with poorer health-seeking behaviour; delays in seeking
healthcare could increase the risk of dying following any
morbid events. Actively seeking high risk patients who
have missed clinic appointments might have a significant
impact on mortality. There is an urgent need for more
studies on patients who missed clinic appointments, the
causes of such missed appointments, and the outcomes
experienced by these patients, especially in places where
laboratory monitoring is not available. Although not sta-
tistically significant, there was also a suggestion that being
randomised to STI may have increased the mortality risk
of CDM participants more than LCM participants. Inter-
estingly, no mortality difference was observed during the
randomised follow-up on STI vs CT (5 vs 4 deaths respec-
tively) and there was no evidence of interaction with
monitoring strategy during this time [21]. One possible

explanation is that STIs raised the risk of first-line ART
failure. So the later detection of first-line failure in CDM
could have led to STI being associated with increased
mortality risk in CDM but not LCM subsequently during
the trial. Similarly, other pre-ART factors, such as pre-
ART CD4 and older age, were also associated with ART
failure and with increased mortality risk in CDM, but not
LCM.

Several studies have assessed the impact of adher-
ence on mortality and report evidence of an association
between adherence and long-term mortality risk among
HIV infected individuals receiving ART. For example, Chi
et al reported a 1.7 fold increased risk of post 12 month
mortality in a large scale public sector HIV care pro-
gramme in Zambia in those with <80% drug possession
ratio (DPR) based on pharmacy refill [16]. Lima et al [17]
demonstrated a 3 fold increased risk of mortality for a
DPR adherence threshold of <95%; Nachega et al [25]
reported a 3 fold increased risk of mortality in a South
African private sector HIV care programme for pharmacy
claims adherence <80%. Like our study, most studies used
indirect methods of adherence assessment based on self-
reports, rather than electronic medication monitoring
which is expensive and intrusive, although provides qual-
itatively and quantitatively different information about
adherence behaviours [10]. One challenge in assessing the
association between adherence and mortality is that the
impact of poor adherence may also be associated with
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the length of follow up. Another challenge is that adher-
ence may be confounded with other lifestyle and health-
seeking behaviours which might also impact outcomes.
For example, a meta analysis of adherence to drug/placebo
showed reduced mortality associated with good adher-
ence to both active drug regimens and to placebo [26].
Thus participants with good adherence to study drugs
may also have better behaviours (eg diet, exercise) and
more regular follow-up which may affect their outcome.
Another challenge is assessing the time between poor
adherence and death, and that several other events may
happen during that time period, such as increased viral
load, lowered CD4 counts, changing drug regimes and
opportunistic infections. This analysis using dynamic
logistic regression model enabled us to assess the full
effect of adherence on mortality without confounding
from factors on the causal pathway. Nevertheless these
studies, and others assessing adherence-mortality rela-
tionship, demonstrate that adherence remains important
in reducing mortality risk among HIV infected individ-
uals. Our finding that missed visits (also a proxy for
the DPR since missing visits typically means running out
of drugs) are closely associated with higher longer-term
mortality risk, sets the stage for future studies to address
causal relationships between adherence and mortality but
more importantly, to quantify, for patients and policy
makers, the impact of taking drugs and/or missed visits.

A potential limitation of our study was that many
patients were on triple nucleoside reverse transcriptase
inhibitor (3NRTI) regimens which are no longer recom-
mended in WHO guidelines. However, previous analyses
of adherence during the first-year on ART found similar
associations between self-reported missing doses in the
last month and VL suppression [23] as found in those
receiving standard WHO-recommended regimens, sug-
gesting that results may well be generalizable. Further,
the typically lower level viral load suppression found with
3NRTI regimens might in fact lead to clearer associa-
tions between poor adherence and mortality over shorter
timescales than might be observed with more robust reg-
imens. Whilst our inclusion only of those surviving 48
weeks on ART might be considered a limitation, we would
rather regard it as an advantage, since factors influenc-
ing early mortality on ART are much more likely driven
by pre-ART experiences and analyses including both early
and late deaths may therefore dilute the impact of differ-
ences associated with adherence over the longer-term. As
with all observational analyses, we also make the assump-
tion of no unmeasured confounders. Our model is also
unable to address the role of time-dependent confound-
ing, eg from current CD4 count, which would require
the use of more sophisticated causal models. However,
as adherence to ART precedes immunological recovery,
our analysis adjusting only for baseline (pre-ART) factors

is still able to estimate the overall impact of adherence.
Another limitation was that we used self-reported mea-
surements of adherence, which generally overestimate
adherence [14] as they are subject to recall and/or social
desirability bias [27]. Nevertheless, many studies have
shown at least some association between self-reported
and electronically monitored adherence, and have also
shown associations between some self-reported measures
and viral load suppression, suggesting self report has
some clinical significance [4,15,24]. Self-report adher-
ence measures are also preferred in many clinical set-
tings for their simplicity and practical use. Whilst here
we used such a self-report measure, it was also most
strongly associated with viral load suppression in an ear-
lier DART study [23]. “Optimal” adherence levels (pro-
portion not missing a dose in the last month, ie >95%,
see Figure 2 and Figure 3) are similar to, or even higher
than, those reported by several other clinical trials (>80%)
[10]. Even if this measure overestimates true adher-
ence, it was nevertheless strongly associated with mor-
tality, indicating that the effect of true adherence would
likely be even greater if this could have been measured
using other more accurate adherence measures, such
as electronic monitoring devices such as MEMSCAPS.
Other summary adherence measures could be consid-
ered rather than a dichotomous adherence measure; our
study shares this limitation inherent in many studies try-
ing to explore explanatory factors that might translate
into clinical use within busy ART clinics. One strength
of our study is that we explicitly considered missing vis-
its and non-response as different types of behaviour to
reporting non-adherence - this also avoided the need to
make other assumptions about missing data.

Conclusions
In summary, we show that poor adherence to ART is asso-
ciated with increased mortality risk at the individual level,
and that the estimated proportions of deaths on long-
term ART that could be delayed at population level (by
eliminating non-optimal adherence) are similar to ben-
efits from CD4 cell count monitoring of ART and thus
high enough to warrant considerable efforts on interven-
tions to support and improve adherence at a programme
level, particularly for patients not being monitored using
CD4 counts or viral loads. One mechanism through which
laboratory monitoring may improve outcomes appears
to be to mitigate some of the negative consequences of
poor adherence by identifying poor adherers earlier and
enabling interventions. Several past and recent studies
suggest that several effective interventions that improve
ART adherence exist [28-30]. However the effects are
small and also transient - there is no simple strategy
for intervention [31]. Given recent successes and failures
[32,33] of adherence-enhancing interventions, further
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research aimed at improving adherence (through refined
adherence intervention strategies and approaches to
assessing effectiveness of interventions), will be essen-
tial to fully realise the benefits of ART. In the mean-
time, simple procedures can measure adherence and poor
adherence has again clearly been shown to be associated
with mortality: lives gained from effective interventions to
improve adherence would be considerable. Actively seek-
ing high risk patients who miss clinic appointments might
have a significant impact on mortality or at least should be
studied rigorously.

Additional files

Additional file 1: Appendix A: dynamic logistic regression model. This
file contains detailed descriptions of the dynamic logistic regression model
parameters, assumptions and how the model is fitted and references for
the model.

Additional file 2: Appendix B: population attributable fraction. This
section contains the estimation procedure of the population attributable
fraction as well as the description, including references and illustration of
how to build the model (Figure 1).

Competing interests
The authors declare that they have no competing interests.

Authors’ contributions
SK, HO, ASW, PI, JL and JT designed the study. MI, RA and MP collected data.
SK, PI did the analyses and wrote the first draft together with HO, ASW, JL and
JT. All authors contributed to interpretation of the data, reviewed the
manuscript critically and approved the final version.

Acknowledgements
We thank the investigators of the DART trial for their permission to use the
adherence data to develop the ideas and the models.
We thank all the patients and staff from all the centres participating in the
DART trial.
MRC/UVRI Uganda Research Unit on AIDS, Entebbe, Uganda: H Grosskurth,
P Munderi, G Kabuye, D Nsibambi, R Kasirye, E Zalwango, M Nakazibwe, B
Kikaire, G Nassuna, R Massa, K Fadhiru, M Namyalo, A Zalwango, L Generous, P
Khauka, N Rutikarayo, W Nakahima, A Mugisha, J Todd, J Levin, S Muyingo,
A Ruberantwari, P Kaleebu, D Yirrell, N Ndembi, F Lyagoba, P Hughes, M Aber,
A Medina Lara, S Foster, J Amurwon, B Nyanzi Wakholi, K Wangati, B Amuron,
D Kajungu, J Nakiyingi, W Omony, K Fadhiru, D Nsibambi, P Khauka.
Joint Clinical Research Centre, Kampala, Uganda: P Mugyenyi, C Kityo, F Ssali,
D Tumukunde, T Otim, J Kabanda, H Musana, J Akao, H Kyomugisha,
A Byamukama, J Sabiiti, J Komugyena, P Wavamunno, S Mukiibi, A Drasiku,
R Byaruhanga, O Labeja, P Katundu, S Tugume, P Awio, A Namazzi,
GT Bakeinyaga, H Katabira, D Abaine, J Tukamushaba, W Anywar, W Ojiambo,
E Angweng, S Murungi , W Haguma, S Atwiine, J Kigozi, L Namale. A Mukose,
G Mulindwa, D Atwiine, A Muhwezi, E Nimwesiga, G Barungi, J Takubwa,
S Murungi, D Mwebesa, G Kagina, M Mulindwa, F Ahimbisibwe, P Mwesigwa,
S Akuma, C Zawedde, D Nyiraguhirwa, C Tumusiime, L Bagaya, W Namara,
J Kigozi, J Karungi, R Kankunda, R Enzama.
University of Zimbabwe, Harare, Zimbabwe: A Latif, J Hakim, V Robertson,
A Reid, E Chidziva, R Bulaya-Tembo, G Musoro, F Taziwa, C Chimbetete,
L Chakonza, A Mawora, C Muvirimi, G Tinago, P Svovanapasis, M Simango,
O Chirema, J Machingura, S Mutsai, M Phiri, T Bafana, M Chirara, L Muchabaiwa,
M Muzambi, E Chigwedere, M Pascoe, C Warambwa, E Zengeza, F Mapinge,
S Makota, A Jamu, N Ngorima, H Chirairo, S Chitsungo, J Chimanzi, C Maweni,
R Warara, M Matongo, S Mudzingwa, M Jangano, K Moyo, L Vere, I Machingura.
Infectious Diseases Institute (formerly the Academic Alliance) Makerere
University, Mulago, Uganda: E Katabira, A Ronald, A Kambungu, F Lutwama,
I Mambule, A Nanfuka, J Walusimbi, E Nabankema, R Nalumenya, T Namuli,
R Kulume, I Namata, L Nyachwo, A Florence, A Kusiima, E Lubwama, R Nairuba,

F Oketta, E Buluma, R Waita, H Ojiambo, F Sadik, J Wanyama, P Nabongo,
J Oyugi, F Sematala, A Muganzi, C Twijukye, H Byakwaga.
The AIDS Support Organisation (TASO), Uganda: R Ochai, D Muhweezi,
A Coutinho, B Etukoit.
Imperial College, London, UK: C Gilks, K Boocock, C Puddephatt, C Grundy,
J Bohannon, D Winogron.
MRC Clinical Trials Unit, London, UK: J Darbyshire, DM Gibb, A Burke, D Bray,
A Babiker, AS Walker, H Wilkes, M Rauchenberger, S Sheehan, C Spencer-Drake,
K Taylor, M Spyer, A Ferrier, B Naidoo, D Dunn, R Goodall.
Independent DART Trial Monitors: R Nanfuka, C Mufuka-Kapuya.
DART Virology Group: P Kaleebu (Co-Chair), D Pillay (Co-Chair), V Robertson,
D Yirrell, S Tugume, M Chirara, P Katundu, N Ndembi, F Lyagoba, D Dunn,
R Goodall, A McCormick.
DART Health Economics Group: A Medina Lara (Chair), S Foster, J Amurwon,
B Nyanzi Wakholi, J Kigozi, L Muchabaiwa, M Muzambi.
Trial Steering Committee: I Weller (Chair), A Babiker (Trial Statistician),
S Bahendeka, M Bassett, A Chogo Wapakhabulo, J Darbyshire, B Gazzard, C
Gilks, H Grosskurth, J Hakim, A Latif, C Mapuchere, O Mugurungi, P Mugyenyi;
Observers: C Burke, M Distel, S Jones, E Loeliger, P Naidoo, C Newland,
G Pearce, S Rahim, J Rooney, M Smith, W Snowden, J-M Steens.
Data and Safety Monitoring Committee: A Breckenridge (Chair), A McLaren
(Chair-deceased), C Hill, J Matenga, A Pozniak, D Serwadda.
Endpoint Review Committee: T Peto (Chair), A Palfreeman, M Borok, E Katabira.

Funding
DART is funded by the UK Medical Research Council, the UK Department for
International Development (DFID), and the Rockefeller Foundation.
GlaxoSmithKline, Gilead and Boehringer-Ingelheim donated first-line drugs for
DART, and Abbott provided LPV/r (Kaletra/Aluvia) as part of the second-line
regimen for DART.

Author details
1School of Health Sciences, University of Tampere, Tampere, Finland. 2MRC
Uganda Virus Research Institute, Entebbe, Uganda. 3Department of
Mathematics and Statistics, University of Turku, Turku, Finland. 4Medical
Research Council Clinical Trials Unit, London, UK. 5ECARES, Université libre de
Bruxelles, Brussels, Belgium. 6Makerere University, Infectious Diseases Institute,
Kampala, Uganda. 7University of Harare, College of Health Sciences, Harare,
Zimbabwe. 8Joint Clinical Research Centre, Kampala, Uganda. 9London School
of Hygiene and Tropical Medicine, London, UK.

Received: 6 March 2012 Accepted: 12 August 2013
Published: 27 August 2013

References
1. Bangsberg DR, Hecht F, Charlebois ED, Zolopa AR, Holodniy M, Sheiner L,

Bamberger JD, Chesney MA, A M: Adherence to protease inhibitors,
HIV-1 viral load, and development of drug resistance in an indigent
population. AIDS 2000, 14(4):357–366.

2. Nachega JB, Hislop M, Dowdy DW, Chaisson RE, Regensberg L, G M:
Adherence to nonnucleoside reverse transcriptase inhibitor-based
HIV therapy and virologic outcomes. Ann Intern Med 2007,
146:564–573.

3. Parienti J, Massari V, Descamps D, Vabret A, Bouvet E, Larouzé B, Verdon R:
Predictors of virologic failure and resistance in HIV-infected
patients treated with Nevirapine- or Efavirenz-based antiretroviral
therapy. Clin Infect Dis 2004, 38(9):1311–1316.

4. Nieuwkerk PT, Oort FJ: Self-reported adherence to antiretroviral
therapy for HIV-1 infection and virologic treatment response:
a meta-analysis. J Acquir Immune Defic Syndr 2005, 38(4):445–448.

5. Sun J, Nagaraj HN, Reynolds NR: Discrete stochastic models for
compliance analysis based on an AIDS clinical trial group (ACTG)
study. Biom J 2007, 49:731–741.

6. Ette EI, Ahmad A: Estimating the dynamics of drug Regimen
compliance. In Pharmacometrics: The Science of Quantitative
Pharmacology. Edited by Ette EI, Williams, P J. Hoboken, N J, USA: John
Wiley & Sons, Inc.; 2006. doi:10.1002/9780470087978.ch6.

http://www.biomedcentral.com/content/supplementary/1471-2334-13-395-S1.pdf
http://www.biomedcentral.com/content/supplementary/1471-2334-13-395-S2.pdf


Kiwuwa-Muyingo et al. BMC Infectious Diseases 2013, 13:395 Page 14 of 14
http://www.biomedcentral.com/1471-2334/13/395

7. Kiwuwa-Muyingo S, Oja H, Walker AS, Ilmonen P, Levin J, Todd J:
Clustering based on adherence data. Epidemiol Perspect Innov 2011,
8(3):1–10.

8. McMahon JH, Jordan MR, Kelley K, Bertagnolio S, Hong SY, Wanke CA,
Lewin SR, Elliott JH: Pharmacy adherence measures to assess
adherence to antiretroviral therapy: review of the literature and
implications for treatment monitoring. Clin Infect Dis 2011,
52(4):493–506.

9. Vrijens B, Goetghebeur E: Comparing compliance patterns between
randomized treatments. Control Clin Trials 1997, 18(3):187–203.

10. Simoni JM, Kurth AE, Pearson CR, Pantalone DW, Merrill JO, Frick PA:
Self-report measures of antiretroviral therapy adherence: a review
with recommendations for HIV research and clinical management.
AIDS Behav 2006, 10(3):227–245.

11. Gross R, Yip B, Lo Re Vr, Wood E, Alexander CS, Harrigan PR, Bangsberg DR,
Montaner JS, Hogg RS: A simple, dynamic measure of antiretroviral
therapy adherence predicts failure to maintain HIV-1 suppression.
J Infect Dis 2006, 198(8):1108–1114.

12. Choo PW, Rand CS, Inui TS, Ting Lee ML, Canning C, Platt R: Derivation of
adherence metrics from electronic dosing records. J Clin Epidemiol
2001, 54:619–626.

13. Haberer JE, Kiwanuka J, Nansera D, Ragland K, Mellins C, Bangsberg DR:
Multiple measures reveal antiretroviral adherence successes and
challenges in HIV-infected Ugandan children. PLoS One 2012,
7(5):736–737.

14. Thirumurthy H, Siripong N, Vreeman RC, Pop-Eleches C, Habyarimana JP,
Sidle JE, Siika AM, Bangsberg DR: Differences between self-reported
and electronically monitored adherence among patients receiving
antiretroviral therapy in a resource-limited setting. AIDS 2012,
26(18):2399–2403.

15. Oyugi JH, Byakika-Tusiime J, Charlebois ED, Kityo C, Mugerwa R,
Mugyenyi P, Bangsberg DR: Multiple validated measures of adherence
indicate high levels of adherence to generic HIV antiretroviral
therapy in a resource-limited setting. J Acquir Immune Defic Syndr
2004, 36(5):1100–1102.

16. Chi BH, Cantrell RA, Zulu I, Mulenga LB, Levy JW, Tambatamba BC:
Adherence to first-line antiretroviral therapy affects non-virologic
outcomes among patients on treatment for more than 12 months in
Lusaka Zambia. Int J Epidemiol 2009, 38:746–756.

17. Lima VD, Harrigan R, Bangsberg DR, Hogg RS, Gross R, Yip B, Montaner JS:
The combined effect of modern highly active antiretroviral therapy
regimens and adherence on mortality over time. J Acquir Immune
Defic Syndr 2009, 50(5):529–536.

18. The Antiretroviral Therapy Cohort Collaboration: Mortality of
HIV-infected patients starting potent antiretroviral therapy:
comparison with the general population in nine industrialised
countries. Int J Epidemiol 2009, 38(6):1624–1633.

19. DART Trial Team: Routine versus clinically driven laboratory
monitoring of HIV antiretroviral therapy in Africa (DART): a
randomised non-inferiority trial. Lancet 2010, 375:123–131.

20. Walker AS, Prendergast AJ, Mugyenyi P, Munderi P, Hakim J, Kekitiinwa A,
Katabira E, Gilks CF, Kityo C, Nahirya-Ntege P, Nathoo K, Gibb DM,
Dart Teams AT: Mortality in the year following antiretroviral therapy
initiation in HIV-infected adults and children in Uganda and
Zimbabwe. Clin Infect Dis 2012, 55(12):1707–1718.

21. DART Trial Team: Fixed duration structured treatment interruptions
is inferior to continuous treatment in african hiv-infected adults
initiating therapy with CD4<200 cells/mm3. AIDS 2008, 22(2):237–247.

22. Kiwuwa-Muyingo S, Walker AS, Oja H, Levin J, Todd J, on behalf of the
DART trial team: The impact of first year adherence to ART on long
term clinical and immunological outcomes in the DART Trial in
Uganda and Zimbabwe. Trop Med Int Health 2012, 15(5):584–594.

23. Muyingo SK, Walker AS, Reid A, Munderi P, Gibb DM, Ssali F, et al:
Patterns of individual and population-level adherence to
antiretroviral therapy and risk factors for poor adherence in the first
year of the DART trial in Uganda and Zimbabwe. J Acquir Immune
Defic Syndr 2008, 48:468–475.

24. Oyugi JH, Byakika-Tusiime J, Ragland K, Laeyendecker O, Mugerwa R,
Kityo C, et al: Treatment interruptions predict resistance in
HIV-positive individuals purchasing fixed-dose combination
antiretroviral therapy in Kampala Uganda. AIDS 2007, 21:965–971.

25. Nachega JB, Hislop M, Dowdy DW, Lo M, Omer SB, Regensberg L, et al:
Adherence to highly active antiretroviral therapy assessed by
pharmacy claims predicts survival in HIV-infected South African
adults. J Acquir Immune Defic Syndr 2006, 43:78–84.

26. Simpson SH, Eurich DT, Majumdar SR, Padwal RS, Tsuyuki RT, Varney J,
Johnson JA: A meta-analysis of the association between adherence
to drug therapy and mortality. BMJ 2006, 333:15.

27. Chesney MA: The elusive gold standard. Future perspectives for HIV
adherence assessment and intervention. J Acquir Immune Defic Syndr
2006, Suppl 1:149–155.

28. Pearson CR, Micek MA, Simoni JM, Hoff PD, Matediana E, Martin DP,
Gloyd SS: Randomized control trial of peer-delivered, modified
directly observed therapy for HAART in Mozambique. JAIDS 2007,
46(2):238–244.

29. Sabin LL, Bachman DeSilva M, Hamer DH, Xu K, Zhang J, Li T, Wilson IB,
Gill CJ: Using electronic drug monitor feedback to improve
adherence to vantiretroviral therapy among HIV-positive patients
in China. AIDS Behav 2010, 14(3):580–589.

30. Deering KN, Shannon K, Sinclair H, Parsad D, Gilbert E, Tyndall MW:
Piloting a peer-driven intervention model to increase access and
adherence to antiretroviral therapy and HIV care among
street-entrenched HIV-positive women in Vancouver.
AIDS Patient Care STDS 2009, 23(8):603–609.

31. Simoni J, Amico K, Smith L, Nelson K: Antiretroviral adherence
interventions: translating research findings to the real world clinic.
Curr HIV/AIDS Rep 2010, 7:44–51.

32. Sampaio-Sa M, Page-Shafer K, Bangsberg DR, Evans J, Dourado ML,
Teixeira C, Netto EM, Brites C: 100 percent adherence study:
educational workshops vs. video sessions to improve adherence
among ART-naive patients in Salvador, Brazil. AIDS Behav 2008,
4 Suppl:54–62.

33. Wohl AR, Garland WH, Valencia R, Squires K, Witt MD, Kovacs A, Larsen R,
Hader S, Anthony MN, Weidle PJ: A randomized trial of directly
administered antiretroviral therapy and adherence case
management intervention. Clin Infect Dis 2006, 42(11):1619–1627.

doi:10.1186/1471-2334-13-395
Cite this article as: Kiwuwa-Muyingo et al.: Dynamic logistic regression
model and population attributable fraction to investigate the association
between adherence, missed visits and mortality: a study of HIV-infected
adults surviving the first year of ART. BMC Infectious Diseases 2013 13:395.

Submit your next manuscript to BioMed Central
and take full advantage of: 

• Convenient online submission

• Thorough peer review

• No space constraints or color figure charges

• Immediate publication on acceptance

• Inclusion in PubMed, CAS, Scopus and Google Scholar

• Research which is freely available for redistribution

Submit your manuscript at 
www.biomedcentral.com/submit


	Abstract
	Background
	Methods
	Results
	Conclusions
	Keywords

	Background
	Methods
	Data and problem
	Study population
	Informed consent
	Ethics statement and approval
	Adherence measurements
	Outcome and problem

	Statistical methods
	Dynamic logistic regression model
	Population attributable fraction (PAF)
	Summarising adherence history (bold0mu mumu x1x1===============x1x1x1x1)
	Confounding variables (bold0mu mumu x2x2===============x2x2x2x2)


	Results
	Mortality risk at individual level
	Population attributable fraction

	Discussion
	Conclusions
	Additional files
	Additional file 1
	Additional file 2

	Competing interests
	Authors' contributions
	Acknowledgements
	Funding
	Author details
	References

