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| ntroduction

A large number of countries around the world haseedconsiderable efforts to improve the
regulation of security markets, corporate goverpaand financial reporting in recent years.
Many of these reforms were introduced in respoosthé¢ accounting scandals and corporate
frauds at the beginning of the 2000s, with the garabjective to enhance the quality of financial
reporting and investors’ confidence over the fwmtig of financial markets (Leuz 2011).
Moreover, many countries have converged to a unggieof reporting rules by moving to the
International Financial Reporting Standards, urtlerassumption that the adoption of unique
set of capital market oriented accounting standatusuld uniformly lead to an increase in
comparability, corporate transparency, and findrejaorting quality.

Despite this considerable effort, a growing strezfnstudy in the international accounting
literature claims that differences in the observedorting behavior, and hence in financial
reporting quality, across firms are likely to petstven if enforcement and accounting standards
were held constant. Overall, this literature suggésat the outcomes of the financial reporting
process strongly depends on firm incentives to idevinancial information of high or low
quality (Ball et al. 2000; Ball et al. 2003; Leuzat. 2003; Burgsthaler et al. 2006). Therefore, a
regulatory change is unlikely to have a direct @ffen financial reporting quality, rather
reporting incentives would shape the effects otil@gry changes on financial reporting quality.
Firm reporting incentives are affected by many ésrsuch as country’s legislation, the strength
of the legal enforcement, capital market pressseeurity regulation, accounting standards and
other firm-level factors (e.g. auditor quality, ogvahip structure and governance structure).

In this vein, international accounting literaturge¢ Wysocki 2011 for an overview) has



started to examine how across country instituticarad legal differences and within country
variation in firm characteristics affect the prajes of accounting numbers, firms’ disclosure
strategy, corporate transparency, and economiegtat market outcomes. This literature points
out the pivotal role of these institutional repogtiincentives for the observed heterogeneity in
financial reporting practices and attempts to iden(i) which are the country-level institutions
and firm-level factors that cause firms’ reportingoices; (i) how country-level institutions
interact, by complementing or substituting one wttie others, in shaping financial reporting
outcomes; (ii) how and whether firm-level mechargsimeract with country-level institutions;
(iv) which are the mechanisms or channels by whigtitutions influence firms’ reporting
practices, corporate transparency and economiomas. Despite several studies have already
contributed to this area, international accountiterature still provides scant evidence on the
specific factors that shape the outcomes of thanfiral reporting process (Holthausen et al.
2009). In particular, it is not obvious which isetimarginal effect of the legal enforcement,
capital markets’ regulation, disclosure requireragnaccounting standards and firm-level
monitoring mechanisms on the quality of financiaparting. Most importantly, international
accounting research still treats firms homogenoustitin a given country while many authors
suggest that this approach is unlikely to be veandpctive (Holthausen 2003; Wysocki 2011).
Indeed, this design does not take into account sbate firms in a given country may bear
incentives to opt out of their institutional reginbg, for example adopting good governance
mechanisms or cross-listing in more demanding legalironment. Without considering this
variation, cross-country studies are unlikely togarly identify the marginal effect of the forces
that shape financial reporting quality as the nssof these studies “...will be a weighted

average of all firms in the economy...” (Holthaus@02, p. 282).



Given the importance of financial reporting qualiagnd corporate transparency for
economic growth, the efficient allocation of fingdcresources and the development of capital
markets (Levine 1998, Rajan and gahes 2002, Francis et al. 2009) it appears releaadt
timely to identify, and disentangle one from thaess, the effects of country-level institutions,
legal enforcement, disclosure regulation, accognsitandards, and firm-level factors on firms’
reporting choices to explain differences in theestsd financial reporting quality.

This thesis is in three research papét®e first chapter, a joint work with Saverio Bozzol
(University of Padova) investigates the effect lo¢ tegal enforcement on the use of income
increasing earnings management and downward exjpectaanagement to meet or beat analyst
forecasts. The second chapter, a join work withoAit Parbonetti (University of Padova) and
Michel L. Magnan (Concordia University) examine héiwn-level governance, as proxied by
board attributes, and country-level enforcemergrpiaty in affecting financial reporting quality
once IFRS became mandate. The third chapter examimether information environment
benefits following cross-listing in the U.S. vanishen the financial reporting process suffers by
internal control deficiencies according to the #ecB02 of the Sarbanes-Oxley Act.

More in detail, the first chapter investigates dfffect of the legal enforcement on the use of
income increasing earnings management and downsyguectation management to meet or beat
analyst earnings forecasts. Literature suggests rtfanagers put considerable emphasis on
reporting earnings that meet or beat analyst egsniorecasts (Graham et al. 2005), as long as
capital markets reward firms that meet analystdasés and penalizes firms that do not (Bartov et
al. 2002; Brown and Caylor 2005). To the extentt thmanagers recognize the signalling
implications of meeting/beating analyst forecastsearch suggests that they bear strong
incentives to take actions to avoid a negativeiegeinews. When a firm’s realized earnings fall

short of analyst forecasts, managers seek to aw&ggtive earnings surprises by manipulating
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accruals upward (EAR) or guide analyst earningedasts downward (EXP) as a competing or
substitute action. Research has mainly examined BAGR EXP in isolation by assuming that
they are simply used in conjunction (Matsumoto 208thanasakou et al. 2010). Only recently,
literature has considered that EAR and EXP mighsuiestitutes or complements with respect to
their constraints: firms rely more on expectatiorenagement when firms’ capacity for earnings
management is bounded. So far, literature has geglonly cross-sectional variation in firm-
specific constraints as determinant of the choieevben EAR and EXP. On the other side,
international accounting literature underlies t@antry-level institutional characteristics such as
the quality of a country’s enforcement environmshgape firms’ reporting choices and, thus,
across-country differences in observed reportiritabior.

This chapter examines how EAR and EXP contributemigeting or beating analyst
forecasts in relation to legal enforcement, whitdding constant accounting standards. Using a
sample of 4,934 firms from fourteen European coestrwe document that the strength of the
legal enforcement is negatively associated with Es&f positively associated with EXP. We
provide evidence of a substitution effect betwe&REand EXP only in the presence of strong
legal enforcement, while they are complements wthenlegal enforcement is weak. We show
that the capital market rewards meeting/beatingdjrbut it penalizes the concurrent use of EAR
and EXP and this penalty is positively associatétl the strength of the legal enforcement only
for EAR. Our results show that legal enforcemerg aasignificant role in the choice between
EAR and EXP and that a change in the strengthgafl lenforcement drives how firms operate to
meet or beat analyst forecasts.

The contribution of this chapter is two-fold. Thesthe first study that examine how cross-

country variation in the level of enforcement affethe interaction between EAR and EXP to
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meet/beat analyst forecasts. Second, this chaptéeifirst study to explore whether the capital
market’s reaction to an earnings surprise is rdladeghe strength of the legal enforcement.

The second chapter exploits cross-sectional vanat board-based monitoring intensity
and country-level enforcement to examine heteragenm IFRS mandatory adoption
consequences on financial reporting quality. Extaséarch shows substantial economic benefits
stemming from IFRS mandatory adoption, suggestmag & simple switch from local GAAP to
IFRS leads to an increase in comparability, trarespzy, and financial reporting quality.
However, it is still challenging to attribute subknefits to the IFRS adoptiqrer se. To the
extent that the application of accounting standg@msides insiders with substantial discretion,
research stresses that firms’ reporting behaviod hence the observed financial reporting
quality, is likely to be shaped by institutionatfars and firm-level reporting incentives, rather
than a simple change in accounting standards @all. 2003; Leuz et al. 2003; Burgsthaler et al.
2006). Consistently, much of the previous stud@2aske et al. 2008; Christensen et al. 2012)
document substantial heterogeneity in the effe€ts~-BS adoption due to differences in legal
institutions, pointing out the role of country-léwefrastucturedor across-country differences in
observed reporting practices. Those studies experheterogeneous effects of IFRS adoption
across countries but miss to examine heterogeaertss firms within similar legal environment.

This paper tries to fill this gap in the literatumealyzing how firm-level governance, as
proxied by board attributes, and country-level etément interplay in affecting financial
reporting quality. We operationalize financial rejorg quality using earnings informativeness,
accruals management, and real earnings manageWenise a treatment sample of 3,476 firm-
year observations from 14 European countries thatdatorily adopt IFRS in 2005 and 29,596
firm-year observations from 11 non-IFRS adoptiomirdges. To account for the confounding

effects of general trends in financial reportingalify or concurrent events unrelated to IFRS

Vii



adoption, we estimate annual panel regression$FRE adopter firms and non-IFRS adopter
firms using industry-country and separate yeardigéects for the treatment and control sample.

Three key findings emerge from our analyses. FilBRS adoption is, on average,
associated with an increase in financial reportqlity. However, there is considerable
heterogeneity in financial reporting quality chasgguggesting that IFRS mandatory adoption is
not sufficient,per se, to change firms’ reporting practices. Second;aantries characterized by
weak enforcement, strong board-level monitoringeapp to enhance financial reporting quality,
thus suggesting a substitutive effect between fiemed country-level governance. Third, in
countries characterized by strong enforcement sfinth strong board-level monitoring exhibit a
higher level of financial reporting quality tharrnfis with weak board-level monitoring, thus
suggesting that country- and firm-level governaai@ecomplementary.

The chapter contributes to the literature in twoysvaFirst, this is the first study that
examines whether board-based monitoring mechanishape IFRS mandatory adoption
consequences on financial reporting quality. Secdahd chapter contributes to the growing
literature on the interplay between firm-level gmance and country institutional characteristics.
The findings point toward a substitution effectsween firm-level monitoring mechanisms and
country-level enforcement mechanisms when the lggstem is lax, while board monitoring and
legal enforcement complement each other when tjad &ystem gets stricter.

The third chapter examines whether informationalirenment benefits following cross-
listing in the U.S. vanish when the financial rdpa process suffers by internal control
deficiencies according to the Section 302 of theb&aes-Oxley Act (SOX, hereafter). Previous
literature documents an increase in the qualityhef firm information environment following
cross-listing in the U.S. and motivates this reguth the bonding effect. Indeed, cross-listing in

the U.S. provides an effective way for firms incangted in countries where investors rights are
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weak and bad enforced to credibly commit to inceea@porate transparency as they voluntary
subject themselves to U.S. security law and SE@reafment. The stronger capital market and
enforcement scrutiny triggers an increase in thaglaility of information of higher quality and
enhances firm information environment.

This study disputes the idea that the cross-lispagse enhances the quality of firms’
information environment. We challenge this idea stdering whether the quality of the
information environment for cross-listed firms dege on an effective commitment to achieve
higher levels of corporate transparency. As resesetting, we use Section 302 of the SOX that
requires to disclose any discovered internal comkediciency on internal controls over financial
reporting.

To account for the impact of general trends or oomnt events unrelated to SOX302
disclosures on information environment of crostetisfirms, we employ as benchmark group all
firms listed in their home market but not in theSUIn addition, we employ propensity-score
matching models to take into account differencefrin-characteristics between cross-listed and
non-cross-listed firms while estimating SOX302 ttisare treatment effect. Our analyses
encompasses both changes and cross-sectionalagsotests. We show that cross-listed firms
disclosing internal control deficiencies do not éav better information environment than their
home-country peers, but only after the first disal@ on internal control deficiencies according
to SOX302. Second, we show that cross-listed fimwperience an improvement in the
information environment if they remediate to pressty disclosed internal control deficiencies.
Finally, we show that these results hold only fiom§é domiciled in countries with weak legal
institutions, while cross-listed firms from coumsi with strong legal institutions do not
experience a significant change in the qualityhaf information environment once they became

cross-listed, irrespective from the disclosurerofraernal control deficiency.
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The study contributes to the literature on crossAg in two ways. First, we show the
existence of substantial heterogeneity in crogsyjseffects on firm information environment,
driven by the adoption of adequate internal costmer financial reporting. Second, we add to
the literature on the effects of the SOX. Literatshows that cross-listed firms experience a
decrease in the level of opaqueness after the iadopt the SOX. We add to this literature the
evidence that the decline in the level of opaquemkEpends on cross-sectional differences in

corporate transparency and hence it is not homageacross all firms.



| ntr oduzione

Nell’ultimo decennio, molti paesi in tutto il mondeanno compiuto notevoli sforzi per
migliorare la regolamentazione dei mercati finanziaella corporate governance e della
reportistica di bilancio. Molte di queste riformen® state introdotte in risposta agli scandali
contabili e alle frodi finanziarie avvenute neirprianni 2000, con l'obiettivo di migliorare la
gualita dell'informativa finanziaria e la fiduciagli investitori sul corretto funzionamento dei
mercati finanziari (Leuz 2011). Inoltre, numerosaepi hanno adottato i principi contabili
internazionali (IFRS), in base al presupposto &mokione di un unico set di principi contabili,
orientati ai bisogni conosciti degli investitorinéinziari, dovrebbe condurre ad un uniforme
aumento della comparabilita, della trasparenzaetaria, e della qualita della comunicazione
economico-finanziaria.

Nonostante questo notevole sforzo, la letteraturantdrnational accounting sostiene che
differenze nel comportamento di comunicazione delgprese, e quindi nella qualita
dell'informativa finanziaria, tra le imprese conigranno a persistere anche se le imprese stesse
fossero soggette agli stessi principi contabiligh atessi meccanismi @nforcement. Infatti, la
letteratura suggerisce come la qualita dell'infaiisgadi bilancio dipenda dal sistema di incentivi
di ogni impresa a fornire informazioni finanziadealta o bassa qualita (Ball et al 2000; Ball et
al 2003; Leuz et al 2003; Burgsthaler et al. 20@&xtanto, € improbabile che un cambiamento
legislativo abbia un effetto diretto sulla qualii&lla comunicazione economico-finanziaria,
piuttosto sara il sistema di incentivi di ogni irapa a determinare gli effetti delle modifiche
legislative sulla qualita dell'informativa finangie (Mahoney 2004; Holthausen 2009). Il sistema

di incentivi di ogni impresa a fornire informazioeconomiche-finanziarie di una data qualita e
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influenzato da molte forze, quali la legislaziore paese, il sistema dnforcement, 'importanza

del mercato dei capitali, i principi contabili etraffattori a livello di impresa (ad esempio la
qualitd del revisore contabile, la struttura prefaiia o il sistema di governance). In tale
prospettiva, la letteratura thternational accounting (Wysocki 2011) ha iniziato a esaminare in
che modo le differenze tra i paesi, in termini stituzioni o sistemi giuridici, e la variabilita
allinterno di ogni paese in termini delle carasiche di impresa, influiscano sulla qualita
dell'informativa contabile, sulle politiche dlisclosure, e sulla trasparenza aziendale. Questa
letteratura sottolinea il ruolo fondamentale di sfuéncentivi nello spiegare I'eterogeneita nella
qualita dell'informativa economico-finanziaria ente di identificare: (i) quali siano le istituzioni
ed i fattori, a livello paese ed a livello impreshe causano le scelte di comunicazione delle
imprese, (ii) come le istituzioni a livello paesgearagiscono tra loro nella determinazione della
qualita dell'informativa economico-finanziaria,)(in che modo i meccanismi a livello impresa
interagiscono con le istituzioni a livello paesg) Quali sono i meccanismi o canali attraverso i
quali le istituzioni influenzano le pratiche di thoontazione delle imprese e la trasparenza
aziendale. Nonostante diversi studi abbiano gidritito a questo filone di ricerca, la letteratura
di international accounting non ha ancora fornito evidenze dirette sui fat&pecifici che
determinano la qualita dellinformativa economidoahziaria (Holthausen et al. 2009). In
particolare, non € tuttora evidente quali sianoeffletti marginali del sistema dinforcement,
della regolamentazione dei mercati dei capitali, pléncipi contabili, e dei meccanismi di
monitoraggio a livello di impresa sulla qualita lilelormativa economico-finanziaria. Inoltre, la
letteratura dinternational accounting considera ancora le imprese all'interno di un gaiese in
modo omogeneo, mentre molti autori suggerisconoecguesto approccio non sia in realta molto
produttivo (Holthausen 2003; Wysocki 2011), nellsuma in cui non tiene conto del fatto che

alcune imprese in un determinato paese possane awsntivi a segnalare il loro impegno ad
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raggiungere un livello di trasparenza nella comaziimne verso i mercati superiore a quello
richiesto dal sistema giuridico e dalle carattesist dei mercati dei capitali nel quale operano.
Senza considerare questa variabilita nel sistem@acdntivi di ogni impresa, € improbabile che
questi studi identifichino correttamente I'effetttarginale di ognuna delle forze che modellano
la qualita dell'informazione economico-finanziariglla misura in cui i risultati di questi studi
"... will be a weighted average of all firms in the economy..." (Holthausen 2003, p. 282).
Data limportanza della qualita dell'informativa oeomico-finanziaria e della trasparenza
aziendale per la crescita economica, l'efficielitcazione delle risorse finanziarie e lo sviluppo
dei mercati dei capitali (Levine 1998; Rajan e Zleg 2002; Francis et al. 2009) appare
pertinente e rilevante identificare quale sia Béid marginale delle istituzioni di un paese, dei
principi contabili, e dei fattori a livello di impsa sulle scelte di comunicazione delle imprese per
spiegare le differenze nella qualita dell'informrateconomico-finanziaria osservata.

La tesi si compone di tmesearch paper. Il primo capitolo, frutto di un lavoro congiunton
Saverio Bozzolan (Universita di Padova) indagafdted del legal enforcement sull'uso
dell'income incresing earnings management e deldownward expectation management al fine di
battere le stime degli analisti finanziari. Il sedo capitolo, frutto di un lavoro congiunto con
Antonio Parbonetti (Universita di Padova) e Miclhdhgnan (Concordia University) esamina
I'effetto congiunto del sistema di governance allivimpresa e delle caratteristiche istituzionali
a livello paese sulla qualita dell'informativa eoomco-finanziaria attorno all’adozione dei
principi contabili internazionali. Il terzo capitolesamina se i benefici in termini éirm
information environment seguenti al cross-listing negli Stati Uniti svaaisc se il sistema di
controllo interno soffra dinaterial weaknesses secondo la sezione 302 del Sarbanes- Oxley Act.

Nello specifico, Il primo capitolo si propone diagsinare I'effetto delegal enforcement a

livello paese sull'uso deiticome incresing earnings management e deldownward expectation
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management al fine di battere le previsioni degli analistidimziari.

La letteratura suggerisce che i manager abbiarno ifaentivi a raggiungere o battere le
stime degli analisti finanziari (Graham et al 2Q08) quanto il mercato premia le imprese che
sono in grado di battere le stime e penalizza lgr@se che invece riportano utili inferiori alle
attese (Bartov et al 2002;. Brown e Caylor 2005ll&Nmisura in cui i manager riconoscono le
implicazioni che derivano dal battere le stime deglalisti, la letteratura sostiene che essi
abbiano forti incentivi a intraprendere azionitechd evitare di riportare utili inferiori alle atte
del mercato. Se gli utili reali, privatamente osaéirdal management, sono inferiori alle attese
degli analisti, i manager possono manipolare gii weali verso I'alto {ncome increasing
earnings management: EAR) o guidare verso il basso le previsioni sugfiili degli analisti
(downward expectation management. EXP). In letteratura queste due azioni sono state
principalmente esaminate separatamente, assuméede emprese le utilizzino semplicemente
in combinazione (Matsumoto 2002; Athanasakou eP@10). Solo di recente, la letteratura ha
considerato che EAR e EXP possano essere aziotiiugd complementari in funzione dei
rispettivi vincoli: le imprese ricorreranno maggiente aldownward expectation management,
se la capacita di ricorrere aficome increasing earnings management € limitata. Fino ad ora, la
letteratura ha esaminato se differenze nelle eaistithe specifiche delle imprese determinino la
scelta di ricorrere a EAR e EXP. Tuttavia, la Iettera diinternational accounting rileva come
le caratteristiche istituzionali di un paese, cdenqualita del sistema @nforcement, abbiano un
effetto sulle decisioni di comunicazione econonfinanziaria delle imprese.

Questo capitolo esamina come EAR e EXP contribnisca battere le previsioni degli
analisti in funzione del livello denforcement. Utilizzando un campione di 4,934 osservazioni
anno-impresa da quattordici paesi europei, il preeskavoro documenta che la qualita del sistema

di enforcement sia associato negativamente a EAR e positivamarEXP. Inoltre, il presente
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lavoro fornisce evidenza di un effetto di sostitua tra EAR e EXP in presenza di una forte
sistema denforcement, mentre EAR e EXP risultano essere complementemdo il sistema di
enforcement € debole. Il mercato dei capitali premia le impreke battono le stime degli analisti,
ma penalizza l'uso di EAR e EXP, tuttavia solo langlita per I'uso di EAR dipende
positivamente dal sistema ehforcement.

[l contributo di questo capitolo alla letteraturadaplice. Questo € il primo studio che
esamina come il livello denforcement determini la scelta tra EAR e EXP per battere le
previsioni degli analisti. In secondo luogo, questiodio € il primo ad analizzare se la reazione
del mercato dei capitali all'uso di EAR e EXP aldidi battere le stime degli analisti dipenda dal
sistema denforcement.

Il secondo capitolo sfrutta la variabilita nelleratéeristiche del sistema di monitoraggio a
livello impresa per esaminare l'esistenza di etengga nelle conseguenze dell’adozione
obbligatoria degli IFRS sulla qualita dell'informame economico-finanziaria. La letteratura ha
mostrato I'esistenza di notevoli benefici economdgrivanti dalla adozione degli IFRS,
suggerendo come un semplice passaggio dai priogigabili nazionali agli IFRS possa portare
ad un aumento della comparabilita, della traspaemz della qualita della comunicazione
economico-finanziaria. Tuttavia, risulta esserebfgmatico, sia da un punto di vista teorico che
empirico, attribuire tali benefici all'adozione dielgrRS. Nella misura in cui l'applicazione dei
principi contabili preveda una notevole discrezidaa la ricerca sottolinea come |l
comportamento di reportistica delle imprese, e djuia qualitd osservata nella comunicazione
economico-finanziaria, sia determinata da fattstittizionali a livello paese e dagli incentivi a
livello di impresa, piuttosto che un semplice caantento dei principi contabili (Ball et al 2003,
Leuz et al 2003; Burgsthaler et al 2006). Coerentes) la maggior parte degli studi precedenti

(Daske et al 2008; Christensen et al 2012) docuamnena sostanziale eterogeneita negli effetti
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dell'adozione degli IFRS a causa di differenze enelhratteristiche istituzionali tra i paesi. Tali
studi spiegano I'eterogeneita negli effetti delbatbne degli IFRS tra i paesi, ma non analizzano
I'eterogeneita che puo sussistere tra le impreskeaall’interno di un dato paese.

Questo articolo cerca di colmare questa lacuna tetfleratura analizzando come il sistema
di governance, a livello impresa, e le carattetsi istituzionali, a livello paese, determinino
congiuntamente la qualita dell'informativa economrimanziaria a seguito dell’adozione degli
IFRS. Il lavoro utilizza un campione di 3,476 osseioni provenienti da 14 paesi europei che
hanno adottato obbligatoriamente gli IFRS nel 2(@&tment sample) e 29,596 osservazioni
provenienti da 11 paesi che non hanno adottatolRRS (ontrol sample). La qualita
dell'informativa economico-finanziaria viene mistaaconsiderando éarnings infor mativeness,
accruals management, and real earnings management.

Al fine di controllare per iconfounding effects derivanti da trend generali nella qualita
dell'informativa economico-finanziaria e per eveatincomitanti ma estranei all’adozione degli
IFRS, il presente lavoro impiega regressioni pameluali per le imprese che adottano gli IFRS e
per il campione di controllo utilizzando effettiséi per paese-settore ed anno, separati per il
treatment sample e per ilcontrol sample. Dall’analisi emergono tre principali risultatn primo
luogo, I'adozione degli IFRS e, in media, assocatain aumento della qualita dell'informativa
economico-finanziaria. Tuttavia, vi € una notevetlerogeneita negli effetti, il che suggerisce che
'adozione obbligatoria degli IFRS non sia suffides di per sé, a modificare le politiche di
reporting delle imprese. In secondo luogo, in paesatterizzati da un sistema aliforcement
debole, le imprese che adottano buoni sistemi dvegance, migliorano la qualita
dell'informazione economico-finanziaria, suggerentesistenza di un effetto sostitutivo tra
sistema di governance a livello impresa erdorcement a livello paese, quandaetiforcement e

debole. In terzo luogo, in paesi caratterizzatudasistema denforcement forte, le imprese che
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adottano buoni sistemi di governance migliorano giaalita dell’informativa economico-
finanziaria in misura superiore rispetto alle inggeche adottano deboli sistemi di governance,
suggerendo l'esistenza di una relazione di compheanieta tra governance a livello impresa ed
enforcement a livello paese quando quest’ultimo & piu forte.

Il capitolo contribuisce alla letteratura in duedndn primo luogo, questo € il primo studio
che analizza se i meccanismi di monitoraggio allbvdi impresa influenzino le conseguenze
derivanti dall’applicazione obbligatoria degli IFRsilla qualita dell'informazione economico-
finanziaria. In secondo luogo, il capitolo contidee alla crescente letteratura sull'interazioae tr
sistemi di governance a livello impresa e caratietie istituzionali a livello paese. Il lavoro
suggerisce I'esistenza di un effetto di sostitugidra i due, quando il sistema @iforcement
debole, e I'esistenza di una relazione di compldarexta quando il sistema ehforcement € piu
efficace.

Il terzo capitolo esamina se i benefici in termidi firm information environment
conseguenti atross-listing negli Stati Uniti svaniscano se il sistema di colt interno soffra di
material weaknesses secondo la sezione 302 del Sarbanes- Oxley Acletteratura documenta
un aumento della qualita d@tm information environment a seguito detross-listing negli Stati
Uniti e spiega questo risultato con banding theory. Infatti, il cross-listing negli Stati Uniti
risulta essere uno strumento efficace per le ingp@gente sede in paesi con un sistema di
enforcement debole, per segnalare il proprio impegno ad auanentla trasparenza
dell'informativa economico-finanziaria, nella misufn cui queste imprese si sottopongono
volontariamente alla giurisdizione della SEC. llgg@r monitoraggio esercitato dal mercato dei
capitali statunitense determina un aumento defipafiibilita di informazioni di qualita superiore
e dunque migliora ifirm information environment. Questo studio disputa I'idea checiloss-

listing di per sé migliori la qualita déirm information environment. In particolare, questo studio
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esamina se il cambiamento nella qualitafdeh information environment dipenda dall’effettivo
impegno delle imprese cross-listate ad incremeritgoeoprio livello di trasparenza contabile.
Come setting di ricerca, il presente lavoro utdiza sezione 302 della SOX che richiede di
comunicare ognimaterial weaknesses che possa inficiare I'efficacia del sistema di tcolto
interno.

Al fine di controllare per I'effetto di trend geradir o per eventi concomitanti ed estranei
all'adozione della sezione 302 della SOX 8uin information environment delle imprese cross-
listate, il presente lavoro utilizza come campiaheontrollo le imprese quotate nei rispettivi
mercati nazionali ma non cross-listate negli Sthtditi. Inoltre, utilizziamo unpropensity score
matching al fine di controllare per eventuali differenzetsmatiche nelle caratteristiche di
impresa tra imprese cross-listate e non, nellossenteffetto specifico della sezione 302 della
SOX sulfirm information environment.

| risultati mostrano che le imprese cross-listabe comunicano I'esistenza diaterial
weaknesses nel sistema di controllo interno non hannofm information environment migliore
rispetto alle imprese non cross-listate, ma qussto a seguito dell’adozione della sezione 302
della SOX. In secondo luogo, il lavoro mostra cheirhprese cross-listate miglioranofiitm
information environment se comunicano di aver rimediatoraterial weaknesses dichiarate in
precedenza. Infine, si dimostra che questi riswtaono solo per le imprese con sede in paesi
con deboli sistemi denforcement, mentre le imprese cross-listate provenienti daspaon
sistemi dienforcement efficaci, non subiscono un cambiamento significatnella qualita del
firm information environment a seguito del cross-listing, indipendentementadamunicazione
di material weaknesses nel sistema di controllo interno.

Il contributo di questo studio alla letteratura @plice. In primo luogo, il lavoro dimostra

I'esistenza di una sostanziale eterogeneita néfglitiedel cross-listing, determinati dall'adozione
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di adeguati sistemi di controllo interno. In secorddogo, il presente lavoro contribuisce alla
letteratura sugli effetti della SOX. La letteratumamateria mostra come le imprese cross-listate
negli Stati Uniti aumentino la qualita défm information environment dopo l'adozione della
SOX. Il lavoro aggiunge alla letteratura I'evidendze il miglioramento della qualita défm

information environment non € omogeneo per tutte le imprese, ma dipendéifttaenze nel

livello di trasparenza tra le imprese cross-listate
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Chapter 1

Earnings and Expectation Management to
Avoid Negative Earnings Surprises under
Different L evels of L egal Enforcement

1.1. Introduction

The financial press and the business communitycpnsiderable emphasis on firms’
ability to report earnings that meet or beat aniagsnings forecasts. Empirical evidence from
a broad sample of corporate executives suggedtadnaagers are aware of the importance of
reporting a positive earnings surprise (Graham.e2G05), while archival studies document
that the capital market rewards firms that meetyshdorecasts and penalizes firms that do
not (Bartov et al. 2002; Lopez and Rees 2002; Simmd Sloan 2002; Brown and Caylor
2005). When manager observe that pre-managed garrdre below analyst forecasts,
managers can exert their power over the finan@pbning process to increase earnings
(income-increasing earnings management, or EARalfter¢ or can guide analyst earnings
forecasts downward (downward expectation managemoerEXP hereafter) as a competing
or substitute action.

The literature has generally studied EAR and EXPiswiation (Burgstahler and
Dichev 1997; Degeorge et al. 1999; Bartov et al2&aszink and McNichols 2002; Skinner

and Sloan 2002) under the assumption that thesmagcire not related but are simply used in



conjunction (Matsumoto 2002; Burgstahler and Eag@6; Athanasakou et al. 2010). Only
recently the literature has considered that EAR BR& can be substitutes or complements
depending on their respective constraints. Browd Bmello (2007) document that firms
substitute EAR with EXP in the fourth quarter bexmwf the stricter board and auditor
scrutiny over the firm’s annual reporting proceBss et al. (2011) find that EAR and EXP
are complements when the constraints on earningegement are low and that they are
substitutes when earnings management is boundefirmas rely more on expectations
management when firms’ capacity for earnings mama&ge is constrained. These studies
focus on single countries and analyze cross-sedtlongitudinal firm-specific constraints as
drivers of the choice between EAR and EXP. At thea time, existing accounting research
recognizes that the level of enforcement shapegrtiag incentives, generates tradeoffs in
firms’ reporting decisions, and relates strongly darnings quality (Leuz et al. 2003;
Burgstahler et al. 2006; Leuz 2010), to transpareidall et al. 2000), and to reporting
conservatism (Bushman and Piotroski 2006). Theeefi@sults regarding the choice between
EAR and EXP, their relationship, and their rolemeeting/beating analyst forecasts may not
be equal under different levels of legal enforceinen
Using a sample of 4,934 firm-years across fourteeropean countries that require

IFRS reporting, this paper examines whether (i)opean firms use EAR and/or EXP to
meet/beat analyst forecasts, (ii) whether the di€eAdR and/or EXP is related to the level of
legal enforcement, and (iii) whether the capitatkearewards firms that meet/beat forecasts
differently according to the use of EXP or EAR amhditionally on the strength of legal
enforcement. This international sample is an ide&ting because it permits us to test whether
firms that operate under the same accounting regiseeEAR or EXP as complements or
substitutes, conditional on the strength of thalemforcement.

We start our analyses by exploring the actions finats use to meet/beat analyst

forecasts. We use positive discretionary accruals the modified Jones model (Dechow et
2



al. 1995) as a proxy for EAR and the unexpectediyanaarnings forecasts (Matsumoto 2002)
to identify EXP. We find that European firms useth@AR and EXP to increase the
likelihood of meeting/beating analyst forecasts.

Next, we focus on the use of EAR and EXP underembfit levels of legal
enforcement. We analyze EAR and EXP separateleletion to the strength of the legal
enforcement and find that EAR (EXP) is negativedgdgtively) associated with the strength
of the legal enforcement, that is, EAR (EXP) is dudess (more) under a strong legal
enforcement regime. Then we analyze the relatipnflgtween EAR and EXP directly,
conditional on the strength of the legal enforcem#e show that this relationship depends
significantly on the strength of the legal enforegin under weak enforcement regimes, firms
tend to use EAR and EXP as complements, while shbgtitute EAR with EXP under strong
legal enforcement regimes.

Finally, we first investigate the market reactiennbeeting/beating analyst forecasts,
without considering the levels of legal enforcem&ke show that the capital market rewards
firms that meet/beat forecasts, after controlling durrent-year reported earnings and firm
performance. Our evidence also shows that sucts feaxperience a significant market penalty
if they meet/beat analyst forecasts using EAR oPEWhen we condition this market penalty
on the strength of the legal enforcement, we fivat the penalty for the use of EAR increases
with the strength of the legal enforcement, while market penalty for the use of EXP is
unchanged.

Our study offers several contributions to the &tare. To the best of our knowledge,
this is the first study that analyzes the use oREsd EXP to meet/beat analyst forecasts in
an international setting. Previous literature hHaslied firms listed in a single market, such as
those in the NYSE (Matsumoto 2002; Bartov et al020Burgstahler and Eames 2006;
Brown and Pinello 2007; Das et al. 2011) or thedam Stock Exchange (Athanasakou et al.

2010). Only one paper looks at the use of EXP (aimlyneet/beat analyst forecasts in relation
3



to the level of enforcement (Brown and Higgins 20@ven if we know from international
accounting literature that the enforcement envireniraffects firm’s reporting decisions, no
study investigates directly whether country leweititutional characteristics (i.e. the quality of
a country’s enforcement environment) shape firmhsice between EAR and EXP. This study
adds to the literature direct evidence that thati@iship between EAR and EXP varies in an
international setting. As expected from resultsodimer financial reporting behaviors in an
international setting, we find direct evidence tklz relationship between EAR and EXP
depends on the strength of the legal enforcemeahtlaat the choice between EAR and EXP
is not driven only by firm-level characteristicsuiOevidence directly shows that when the
legal enforcement is weak, the two actions are asedomplements, while firms substitute
EAR with EXP when the legal enforcement is straimgthis vein, our evidence extends the
results of Koh et al. (2011), which show that araie in regulation in a single country (i.e.
increased enforcement scrutiny following SOX) alfebe choice between EAR and EXP.

In relation to the earnings — expectation manageiitenature, we also add evidence
on the capital market's reaction to meeting/beatmalyst forecasts and on the market
penalty for using EAR and EXP under different levef legal enforcement. We are the first
to study whether the capital market’s reactionrt@arnings surprise is related to the strength
of the legal enforcement. Conditioning the penaityposed for using earnings and
expectation management on the level of legal eafoent, we find that the level of
enforcement influences how the market penalizesude of EAR and EXP. The market
penalty for meeting/beating analyst forecasts tinoEAR is higher in strong enforcement
regimes than in weak enforcement regimes, while uke of EXP is not significantly

associated with the level of enforcement.



1.2. Related literature and predictions

Empirical findings (Brown and Caylor 2005; Dechow a. 2003) document that
analyst forecasts have become the most attractiugngs benchmark, substituting for the
traditional targets of positive earnings and prasigear earnings. Beyer (2008) analytically
demonstrates that the capital market response &a@amngs surprise is asymmetric since the
penalty for a negative earnings surprise is strorigan the reward following a positive
earnings surprise. Several empirical papers (K&sami McNichols 2002; Skinner and Sloan
2002; Keung et al. 2010; Koh et al. 2011) show that capital market rewards firms that
achieve analyst forecasts and penalizes firmsniisg them. Kasznik and McNichols (2002)
provide evidence that firms that consistently nee®tlyst forecasts experience higher market
valuations than firms that miss them &kinner and Sloan (2002) show that firms with high
growth prospectus experience a more profound maeleetion to a negative earnings surprise
than they do to a positive or no earnings surpfseally, Koh et al. (2011) document that
the market premium for meeting/beating analyst dasé is lower in the post-accounting-
scandal world. In their survey on CFOs, Grahaml.ef2805) document that managers fully
recognize the signalling implications of meetingftieg analyst forecasts and take actions to
avoid a negative earnings news to “build credipiitith capital market” by maintaining or
increasing stock price. When a firm’s realized eays fall short of analyst forecasts,
managers seek to avoid a negative earnings sutpyiseanipulating accruals upward (EAR)
or analyst expectation downward (EXP) to sheltentifrom a negative price reaction that
could hurt their reputation in the capital marketreeir job security.

Empirical studies focus on firms listed in the NY@®#atsumoto 2002; Bartov et al.
2002; Burgstahler and Eames 2006; Brown and Pir2€li¥; Das et al. 2011) or the London
Stock Exchange (Athanasakou et al. 2010). Thesbkestuefer to countries characterized by

legal enforcement regimes (that foster the devetognof an efficient capital market) in



which the incentives to meet/beat analyst forecasés similar. As the first step of our
analysis, we investigate whether the incentive tettbeat analyst forecasts and the use of
EAR and/or EXP to meet/beat analyst forecasts akpenthe strength of the enforcement,
which we interpret as a constraint for EAR. Presiowesearch explores whether the
relationship between EAR and EXP varies accordinthéir constraints (Brown and Pinello
2007; Das et al. 2011). Brown and Pinello (200Mtend that, because of the independent
audit and stricter expense recognition rules in ftnath quarter, accrual manipulation is
likely to be detected more easily in the annuabrgpg process than in the interim ones. They
find that EAR is more likely to be used in the nme quarters, whereas EXP is more
prevalent in the fourth quarter. Das et al. (20dbdel the probability of engaging in EAR
and EXP as a function of the firm’s constraints andgest that EAR and EXP are used as
complementary actions until EAR constraints getrgier, when a firm substitutes EAR with
EXP. These studies provide evidence that EAR an& Bk part of a unique strategy that
firms adopt to meet/beat analyst forecasts.

On the other side, international accounting literatsuggests that the level of legal
enforcement shapes financial reporting incentiBsdl (et al. 2000; Leuz et al. 2003; Brown
and Higgins 2005; Burgstahler et al. 2006; Bushiawaah Piotroski 2006). Ball et al. (2000)
argue that accounting income incorporates losse&ing earnings more transparent, in a
more timely way under strong enforcement regimes tander weak ones. Bushman and
Piotroski (2006) provide evidence that the level lefal enforcement determines the
equilibrium level of accounting conservatism. Leeizal. (2003) document that earnings
management is less prevalent in countries with Idpeel capital markets, strong investors’
rights, and strict legal enforcement. Burgstahteale(2006) consider both private and public
firms to show that capital market pressures anttini®nal factors shape firms’ incentives to
report earnings that reflect their true economidgeenance. Their findings suggest that, as

the legal enforcement strengthens, earnings marexggsxmore constrained.
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We contend that the level of legal enforcement asoastraint for earnings
management plays a piabtole in the strategy used to meet/beat analystésts. We expect
that the level of legal enforcement interacts wiltle choice of actions used to meet/beat
analyst forecasts. As the legal enforcement sthemgt, we expect that the probability to
engage in EAR activity decreases and the probglidiengage in EXP activity increases. We
also expect that the substitution effect betweerREehd EXP is stronger when the capital
market is more demanding in terms of rules andreafoent, resulting in EAR being more
bounded.

EAR and EXP are effective when the market is notggdly aware of how the analyst
forecast is met and when outside investors aralblat to recognize fully selfish practices by
insiders. When the market is able to detect thergxdnd effect of EAR on reported earnings
and the impact of EXP on analyst forecast revisitws firms with the same forecast error
and the same positive (negative) earnings surphseld be rewarded (punished) differently
if one has engaged in EAR or EXP and the othenbas

Literature shows that EAR and EXP are rationale whiee market premium for
meeting/beating analyst forecasts is higher thanpénalty for undertaking EAR and EXP
(De Fond and Park 2001; Balsam et al. 2002; RogiedsStocken 2005; Bartov et al. 2002;
Das et al. 2011; Keung et al. 2010). Beyer (20@8hahstrates that a manager should trade
off the disutility for missing analyst forecaststhwithe costs of EAR or EXP and play the
earnings surprise game when extent that the listtewer than the former. De Fond and Park
(2001) and Balsam et al. (2002) provide evidene¢ e market discounts reported earnings
if EAR is suspected. Rogers and Stocken (2005) fired EXP is costly, as a downward
revision of current earnings expectation entailsegative stock reaction at the forecast
revision date. Bartov et al. (2002) show that, mhaalyst forecasts are met through EAR or
EXP, the market premium is lower, but still exidias et al. (2011) confirm the evidence,

documenting a negative market response to the L€eABR and EXP but a positive net
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premium to meeting/beating earnings forecasts. gaitral. (2010) find that firms that only
slightly meet/beat analyst forecasts incur a maplegtalty because investors believe that the
target has been achieved through EAR/EXP.

Following this evidence, we expect that firms theget/beat analyst forecasts enjoy a
market reward but also that the capital market ghes the use of EAR and EXP. We take
into consideration the level of legal enforcememtd acontend that capital markets
characterized by different levels of legal enforeainreact differently to the use of EAR and
EXP. Therefore, we expect that the penalty forube of EAR and EXP in meeting/beating
analyst forecasts is higher in a more demandingtaltamarket in term of rules and

enforcement than it is in a less demanding findmoaket.

1.3. Research design

EAR and EXP metrics

Consistent with prior research, we use the modifismks-sectional Jones model of
discretionary accruals described in Dechow e(#95) as a proxy for EAR. Specifically, we
estimate the model for each year and country aedyendustry, classified by its two-digit
SIC code. Thus, we partially control for industiyaoges in economic conditions that affect
total accrual while allowing the coefficients toryaacross groups (DeFond and Jiambalvo
1994). Next, we create a binary variable (POSDAgl&ssify firm-years into firms suspected
of engaging in EAR. Specifically, POSDA takes tladue of one if discretionary accruals (i.e.
DA) are positive, and zero otherwise.

We use the Matsumoto model (Matsumoto 2002), addpteannual data (Brown and
Higgins 2005; Burgstahler and Eames 2006), to nrea&iXP. The Matsumoto model
compares the expected forecast with the curremecést at the time of the earnings

announcement. The expected forecast is calculaiedexXploiting the earnings serial



correlation and the additional information includatb stock prices: if the expected forecast
is above the effective forecast, then a firm ispsgted of having walked down analyst
earnings forecasts. We compute the expected poatfianalyst forecasts by modeling the
change in earnings as a function of the prior gEsiehange in earnings and excess returns

cumulated over the current period:

BEPS _ v BEPSUL, 5 CRET +e
- ajt +:311t +ﬁ2]tCRE-|]—t +€|]t
Pijt—l Pijt—2 (1)

where

AEPS: =firmi’s earnings per share in ydan two-digit sic codg, less earnings per share
for the same firm one year prior,

Piit = price per share for firm in two-digit sic codg at the end of the yedras
reported by Compustat Global-Security daily,

CRETj = cumulative daily excess returns for firnm two-digit sic codg in yeart obtained
from Compustat Global-Security Daily. Returns awenalated from three days
after the prior period’s earnings announcementventy days before the current

period’s period earnings announcement.

Given that the analysts’ expected forecasts shbaldased only on data available to
analysts when they make their forecasts, we usaer estimates for the prior firm-year to
determine the expected changes in EPAEE[S]). Then we add this value to the earnings per

share from the prior year to get the expected &wie(E[F]) for the current year:

» o AEPS, °
E[AEPS; ] =[a jta+ lgljt—lp— +Bjt-1 CRET 1% Rji 4
iit-2 2)



E[Fji]1 = EPS, +AE[EPS ] 3)

Finally, we subtract the expected forecast from |ist consensus analyst forecast
before the current annual earnings announcemenbtain the unexpected portion of the
forecast (UEF). If a manager tries to walk-down Igstaforecasts to beat or meet analyst
forecasts, then the actual consensus forecasthtorctirrent period will be less than the
expected forecast for the current period, and U&magative. Then we create a binary
variable (DOWN) that takes the value of one if UisFegative, and zero otherwise. Firm-
years with DOWN equal to one are classified asrigiEXP.

To directly capture the existence of a trade-otiMeen EAR and EXP, we combine
DA and UEF into one measure. Specifically, we fipgtrcentile both rank DA and the
negative of UEF. Then, we take the difference betwiae two percentile rank, scaled by 100

(TRADE_OFF).

How firms meet/beat analyst earnings for ecasts

We start our analysis by investigating the actifinms use to meet/beat analyst
forecasts. We use a logistic regression (equatipntod model the probability of
meeting/beating analyst forecasts at the earningesuamcement date as a function of EAR and

EXP.

PROBMBE =1)=G(/3,+4DOWN +3,POSDA 3,POSDADOWN +B,LAW +>" 5 CONTROLS:,,)

(4)

MBE is a binary variable that equals one if firmayeactual earnings are equal or
above the last analyst consensus before the cuammbal earnings announcement. We

measure the last analyst consensus as the medidwe ¢dst analyst forecast made by each
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analyst between the current annual earnings aneowusrtt and the prior period earnings
announcement. LAW is the rule of law variable frst@mufmann et al. (2011) for the years
2006-2009. This variable, which considers diffeemndn the legal enforcement across
countries, is measured at country level since pregents the “perception of the extent to
which agents have confidence in ... the quality afteact enforcement, property rights, the
police, and the courts” (Kaufmann et al. 2011).olmler to capture any changes in the
regulation, we use the variable LAW calculateddach year.

Consistent with prior studies, we control for tlienfspecific constraints on EAR or
EXP. Following Barton and Simko (2002), we incluttee net operating assets at the
beginning of the fiscal year (NOA) to control forceoss-sectional constraint on EAR. We
measure NOA as the difference between operatingisassid operating liabilities, scaled by
lagged total assets. The higher the NOA is, theetatve manager’s ability to inflate earnings
upward is. Following Das et al. 2011), we consitter price sensitivity to earnings news
(SENS) as a constraint for EXP. We measure SEN$a@sabnormal return per unit of
earnings surprise, defined as the three-day cumelabnormal return around the earnings
announcement, scaled by the corresponding surpniséhe reported earnings. Higher
sensitivity implies a larger negative price reactim a downward revision in expected
earnings, making EXP more costly.

We include controls that are expected to affeattipithe probability to meet/beat
analyst forecasts and both EAR and EXP. Given ldrger firms are more likely to avoid
negative earnings news, we control for firm siz&EJ using the log of the firm market value
at the end of the year (closing price times the memof shares outstanding). We control for
the growth prospectus using the percentage changales (GROWTH). A manager of a
high-growth firm has a greater incentive to meetflamalyst earnings forecasts than a manger
of a low-growth firm does because the asymmetithénprice reaction to positive vs. negative

earnings news is higher for low-growth firms (Slenmnd Sloan 2002). In addition, growth
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prospectus is found to influence earnings manage(@amth et al. 2008). LEV, which is the
end-of-year total liabilities divided by the endyafar book value of equity, takes into account
debt-contracting motivations for earnings managdnfPeFond and Jiambalvo 1994). A
higher total debt-to-asset ratio implies a highkelihood that there are violations of debt
covenants, which boosts the incentive for EAR. e aontrol for firm performance using
the return on assets (ROA), computed as net incovee total assetBeating or meeting
analyst forecasts is more difficult for firms thate facing more forecasting uncertainty
(Brown and Pinello 2007). We proxy for forecastimgertainty using the absolute value of
the current year’s actual EPS, less the earliegyanconsensus, measured as the median of
the first forecast each analyst made within nirtetys after the earnings announcement of the
prior period, scaled by the closing price at thel eh the year (ABS_FE). The literature
argues that the managerial incentive to reporttpesiinancial news instead of negative news
is higher for firms that rely on implicit claims thi stakeholders. Following Matsumoto
(2002), we add a binary variable (DUR) that equaie if a firm is in a durable goods
industry, and zero otherwise. Moreover, we incloglgearch and development expenditures
scaled by total assets (R&D), which serves as aypiar the extent to which a manager relies
on implicit claims. Firms in high-risk industrieseamore likely to meet/beat analyst earnings
forecasts than are firms in low-risk industries daese negative earnings news affects such
firms more heavily than it does others. We defin€ As a dummy variable that indicates
membership in a high-risk industry (SICs 2833-283670-3577, 7370-7374, 3600-3674,
5200-5961). ESTIMATE, measured as the log of thalmer of analyst forecasts made during
the year, controls for the strength of the monitgrcarried out by analysts, as well as the
pressure on managers to make earnings targete(@as2011). DUAL is a dummy variable

that equals one if a firm is listed on any U.S.lextge, and zero otherwise. We also control

! Cross-listing in the US and cross-listing in the I$kconsidered highly demanding in terms of transpey. In our sample,
only a few firm-year observations are cross-listethe UK. In our robustness tests, we split theADWariable to take into
account cross-listing in the UK, considering firthat are cross-listed in both the countries torbsslisted only in the US.
Results (not tabulated) remain unchanged.
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for macroeconomic factors using the log transforragdrage gross domestic product per
capita (GDP), taken from the World Bank, over treiqed 1990-2000. This variable, which

captures the extent to which a country is developeddeveloping, is widely used in

international accounting research (Haw et al. 2a04y§leal with the effect of unobserved
country-specific factors that may be associated witth EAR and EXP.

Equation (4) is estimated using years and industed effects based on the industry
classification in Campbell (1996), with robust stard errors clustered by firmWe expect
that mangers of European firms use EAR and EXP rtcrease the likelihood of
meeting/beating analyst earnings forecasts. Hamegyredict thap; andp, are positive and

significant in equation (4).

M eeting/beating analyst forecasts using EAR and EXP under different levels of
legal enfor cement

To test the impact of the level of legal enforcemen the likelihood to use EAR
and/or EXP to meet/beat analyst forecasts, we atgithree set of equations. Equations (5A-
5B) and (6A-6B) separately model the probabilitetmage in EAR and EXP as a function of
the strength of legal enforcement. Specifically, EAR we estimate the following logistic

and OLS models:

PROB(POSDA=1)=G(f,+L,LAW +ZﬁkCONTROLS-$itk ) (5A)
k

DA =f,+B,LAW+> B, CONTROLS &, (5B)
k

2 petersen (2008), Gow et al. (2010).
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Similarly for EXP, we estimate the following logisind OLS modefs

PROB(DOWN =1)=G(f,+6,LAW +Z,6’kCONTROLS-£itk ) (6A)
k

UEF =f,+B,LAW+Y> B, CONTROLS ¢, (6B)
k

All the variables are as previously defined. Equai (5) and (6) are estimated using
years and industry fixed effects based on the imgwsdassification in Campbell (1996), and
with robust standard errors clustered by firm. didiion, to the extent that firms that meet or
slightly beat analyst forecasts are more likelyoéoengaged in both EAR and EXP than are
firms that beat or fall short of analyst forecasyslarge amounts, we also estimate models
5A-6A conditioning the estimation sample on firmayg with earnings surprises that do not
exceed the absolute value of five cents. We exjpattthe strength of the legal enforcement
affects the probability to engage in EAR and EXPedifically, a negative relationship
between EAR and LAW and a positive relationshipwleein EXP and LAW. Hence, we
predictp; will be negative and significant in equations 5B;%vhile 3 ; will be positive and
significant in equations 6A-6B.

This preliminary analysis allows us to validate LAM a determinant of EAR, and to
verify whether EXP is positively related to the efetinant of EAR. However, it does not
shed light on how firms trade-off between thes@oastin respect to the strength of the legal
enforcement. To explore this issue further, we rtue probability that the firm will engage
in EAR, considering both POSDA and DA as a functdidOWN, LAW, and the interaction

between LAW and DOWN. Specifically, we estimate filowing logistic and OLS models:

3 For ease of exposition, we multiple UEF for miruree in equation 6B, so that a positive coefficientLAW implies a
positive association between EXP and LAW.
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PROB(POSDA=1)=G(f3,+S,LAW +53,DOWN+S,DOWNLAW +> 5, CONTROLS¢ (7A)
k

DA =[3,+B,LAW +53,DOWN+S5,DOWNLAW +)_ 5, CONTROLS & (7B)
k

All the variables are as previously defined. Equagi(7A-7B is estimated using years
and industry fixed effects based on the industaggfication in Campbell (1996), and with
robust standard errors clustered by firm. We alsbmate equation 7A conditioning the
estimation sample only on firms that report smathengs surprises. By estimating equations
(7A-7B), we intend to verify whether EAR and EXF @omplements or substitutes in respect
to the strength of the legal enforcement. The adgon between LAW and DOWN measures
the extent to which the relationship between EAR &BXP varies with the strength of the
legal enforcement. We contend that EXP is posypivelated to EAR when LAW is low (i.e.,
complementary actions) and that this relationsk@pones negative for high values of LAW
(i.e., substitute actions). Hendg, is expected to be positive and significant, whelfgas
expected to be negative and significant.

Next, we model directly the trade-off between EARI &XP, using as dependent
variable TRADE_OFF which capture the extent to whacfirm relies on EAR or EXP to

meet or beat analyst forecasts. Specifically, vienage the following OLS model:

TRADE_OFF =5,+B,LAW +> f,CONTROLS¢ (7C)
k

All the variables are as previously defined. EquatiyC is estimated using year-
industry fixed effects based on the industry cfassion in Campbell (1996), and with robust
standard errors clustered by firm. We also estimgteation 7C conditioning the estimation
sample only on firms that report small earninggpsse. Whether firms substitute EAR with

EXP as the legal enforcement gets stronggs expected to be negative and significant.
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In equations 7A-7B, we model EAR as a function ¥PEHowever, to the extent that
these two actions are employed to achieve the gmaleof meeting/beating analyst forecasts,
it is likely that they are jointly determined. THBalress this issue, we re-estimate the relation
between EAR and EXP as a system of equations uswgstage least square (2SLS).
Following Das et al. (2011), we use the stockepsensitivity to an earnings news (SENS) as
an instrument, for EXP while we use litigation r{¢KT) as an instrument for EAR. To assess
the moderating effect of LAW, we estimate the 23¢parately by partitioning the sample

according to the mean of LAW.

Market reaction to EAR and EXP under different levels of legal enforcement
In the final set of our empirical tests, we examhwv the capital market reacts to
meeting/beating analyst forecasts and to the ugeA& and EXP. Specifically, we estimate

the following models:

CAR_1 t =8,+B,MBE+S,POSDA )
+B,DOWN +8,SIZE +B,GROWTH+3,ROA +
B,LOSS+B,ABS FE +¢

CAR 1 t=4,+5,MBE +5,POSDA (9)
+[,DOWN+ 5, POSDAXLAW+S5,DOWN xLAW

+B,SIZE+B,GROWTH-3,ROA
+B,LOSSB,,ABS FE+¢

CAR_1 t is the daily cumulative market-adjusted returmsrfrone day before tb(3,
5, 10, 20, 30) days after firmis earnings announcement. All the other variables as
previously defined. Models (8) and (9) are estimaising years and industry fixed effects
based on the industry classification in Campbefi9@) and with robust standard errors

clustered by firm and year.
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Through equation (8), we intend to verify whetlapital markets reward firms that
meet/beat analyst forecasts with an incrementahjpma. We expect the estimate coefficient
of MBE (B,) to be positive and significant. Then we explarevhat extent the capital market
is sensible to how analyst forecasts are achiewdten the capital market is able to detect
EAR and EXP actions fully, investors should be ableseparate “good” firms, which beat
earnings forecasts with their unbiased earnings expgctation, from “bad” firms, which
achieve analyst forecasts through EAR and/or EXPthe latter case, the coefficients of
POSDA and DOWN [{; and33) are expected to be negative and significant.drtiqular, if
the market is able to detect fully the amount ofREAnd EXP, we expect bofh + B, (for
EAR) andp; + B3 (for EXP)to equal zero. Through equation (9), we explore thdrethe
capital market reacts differently to the use of EAREXP under different levels of legal
enforcement. We include the interaction betweenP®8&nd LAW and that between DOWN
and LAW. If the penalty for the use of EAR or EX&imcremental based on the strength of
the legal enforcement, the estimated coefficiefiteadh interactions, respectivepy and s

are negative and significant.

1.4. Sampleand data

Our study analyses non-financial firms listed imrteen European capital markets.
Unlike prior works on EXP or on the relationshiptheeen EAR and EXP that have used
quarterly datd,we employ annual data because firms are not mendatprovide financial
statements on a quarterly basis in all the cosfeour samplé.The majority of UK firms
provide interim reports only on a semi-annual badis addition, interim earnings

announcements and analyst forecasts are sparsatyecbin the I/B/E/S International files,

4 Brown and Higgins (2005), Bollinger and Kast (2084} Athanasakou et al. (2010) are exceptions.

® |AS 34 requires firms to provide interim financraports, but the interim period is defined asnaricial reporting period
shorter than a full financial year. Therefore, rmnfican choose to provide financial information onuerterly or a semi-
annual basis.
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adding a possible self-selection Biéisandsman et al. 2012).

We obtain accounting and market data from the CatgppuGlobal and analyst
forecasts and actual earnings from I/B/E/S intéonal (split unadjusted) databaSEirst, we
sample from Compustat Global all firm-years fromrdpean countries that require IFRS
reporting from 2005 to 2009. We merge the initial samplehwitB/E/S international, a
restriction that yields 19,334 firm-year observasioTo be included in the sample, firms must
satisfy three criterid: (i) there are at least three individual earningeéasts made at least
twenty trading days apart, (ii) the release datéhefearliest forecast is at least one trading
day after the previous period’s earnings release,(&) the release date of the latest forecast
precedes the current period’s earnings releasebyaieleast three daySWe eliminate firms
in the financial industry (SIC codes between 600@ #®999) and require at least ten
observations in each two-digit SIC grouping perryaad country as a condition for the

modified Jones model (for EAR) and the Matsumotaletgfor EXPY™.

Table 1.:

Sample selectic
European listed non-financial frms-years in 19.433
COMPUSTAT Global '
Less firm-years non covered by I/B/E/S internationa -100
Intermediate sample 19,334
Less firms-years with not enough data to calculate
the modified Jones model 9,101
(Dechow et al. 1995)
Intermediate sample 10,233
Less firm- years with not enough data to calculate
the modified Matsumoto model -5,299
(Matsumoto 2002)
Final sample 4,934

® Brown and Pinello (2007) show that the probabitifyengaging in EAR is lower in the fourth quartearthin the interim
quarters because of auditor and board scrutinjherahnual reporting process. Since this issue dHmiless severe in the
interim quarters, EXP is more prevalent in the fouarter and EAR is more prevalent in the intesims. That firms make
an inter-temporal substitution between these twimas could introduce a bias in our results by oaysan upward bias in
EXP and a downward bias in the EAR proxy. To de#th whis bias, we perform additional analyses omarigrly basis and
find that our results are robust to the use of gulgrinstead of annual data.

" Consistent with previous literature (Philbrick aRitks 1991, Abarbanell and Lehavy 2000), we usesdrae database
(I/B/E/S) for both forecast and actual earnings

® The sample encompasses two non-EU-member courfimsvay and Switzerland) that also mandated IFR&ptoin
beginning in 2005.

® Such a sample criterion is consistent with presistudies on expectations management (Bartov €08R, Brown and
Higgins 2005, Brown and Pinello 2007).

10 Wwe follow prior works for the last two criteriach that, if more than one earnings forecast &assd, we take the mean.
1 To mitigate the undue influence of outliers, wensdrize all variables entered in the modified Jomeslel and in the
Matsumoto model at thé'land 99' percentiles.
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The final sample consists of 4,934 firm-year obagons, representing 1,844 unique
firms, from fourteen European countries between62&dd 2009. Table 1.1 summarizes the
sample selection.

Table 1.2 illustrates the sample distribution byiroy and descriptive statistics on the
legal enforcement variable (LAW). The legal enfonesit variable (LAW) shows both cross-

sectional and time variation.

Table 1.2
Distribution of Observations by Country

Firm-years as perce  LAW LAW LAW LAW LAW

Country Unique firms ~ Firm-years
of total sample ~ (2006) (2007) (2008) (2009) (Mean)

Belgium 15 27 0.55 1.20 1.30 131 137 1.28(0)
Denmark 20 54 1.09 1.85 1.96 191 1.87 1.90(1)
Finland 40 128 2.59 1.93 1.86 1.86 1.94 1.90(2)
France 242 684 13.86 141 1.38 1.43 1.43 1.41(0)
Germany 269 721 14.61 1.69 170 1.67 1.63 1.67(2)
Greece 13 28 0.57 0.83 0.80 0.79 0.64 0.76(0)
Ireland 5 5 0.10 1.70 173 171 171 1.71(2)
Italy 89 217 4.40 0.31 0.40 0.38 0.39 0.37(0)
Netherlands 34 86 174 173 174 172 1.78 1.74(2)
Norway 105 249 5.05 1.95 1.90 1.94 1.88 1.92(1)
Spain 23 67 1.37 1.06 1.08 112 113 1.10(0)
Sweden 79 233 4.72 1.82 1.86 1.88 1.93 1.87(1)
Switzerland 98 305 6.18 1.78 1.82 1.79 1.75 1.78(2)
United Kingdom 813 2.13 43.18 1.70 1.66 1.63 171 1.67(1)
Total 1884 4,934 100

Mean 151
Std. Dev.

0.46
Table 1.2 reports the sample distribution. The full sampleyrises 4.934 firm-year observations representing Md&éhct firms from 12 EU countries

plus Norway and Switzerland during the period 2086 to 2009. See APPENDIX I.A for variable defoms.

Table 1.3 presents descriptive statistics. The noddviBE is 0.503, which indicates
that firms meet/beat analyst forecasts in half e firm-year observations. The mean of
POSDA is 0.440, suggesting that approximately 4rcerd of the firm-year observations

engage in EAR. The mean of DOWN is 0.692, whichicags that 69 percent of the

observations engage in EXP.
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Table 1.3
Descriptive statistics for variables used in regiea analyses

Variable N Mean Std. Dev P5 P25 Median P75 P95
MBE 4,934 0.503 0.500 0.000 0.000 1.000 1.000 1.000
DA 4,934 -0.013 0.095 -0.151  -0.047  -0.007 0.027 0.111
UEF 4,934 2.462 25958 -1.454 0.023 0.343 1.406 7.980
POSDA 4,934 0.441 0.496 0.000 0.000 1.000 1.000 1.000
DOWN 4,934 0.692 0.461 0.000 0.000 1.000 1.000 1.000
SIZE 4,934 5.739 2.058 2.762 4.237 5.477 7.032 9.696
NOA 4,934 0.577 0.352 0.082 0.382 0.510 0.706 1.120
SENS 4,934 0.861 79.552 -71.146 -5.451 0.014 6.328 69.016
GROWTH 4,934 12.507 58.287 -34.727 -7.039 4.964 18.142 385.1
LEV 4,934 2.405 19.095 0.222 0.642 1.253 2.126 4.691
ROA 4,934 0.026 0.150 -0.241 0.013 0.049 0.089 0.184
R&D 4,934 0.041 0.109 0.000 0.000 0.000 0.037 0.198
ABS_FE 4,934 0.532 27.258 0.000 0.006 0.019 0.061 0.395
ESTIMATE 4,934 2.865 1.224 1.098 1.791 2.833 3.871 4.852
DUR 4,934 0.313 0.463 0.000 0.000 0.000 1.000 1.000
LIT 4,934 0.352 0.477 0.000 0.000 0.000 1.000 1.000
DUAL 4,934 0.065 0.246 0.000 0.000 0.000 0.000 1.000

Table 1.3 reports descriptive statistics for the dependarniables and the continuous and binary independent
variables. The full sample comprises 4,934 firm-year obatwns representing 1,884 distinct firms from 12 EU
countries, plus Norway and Switzerland, during the periadnf2006 to 2009. See APPENDIX I.A for variable

definitions.

Table 1.4 reports the Pearson (Spearman) cornetatbelow (above) the diagonal.
LAW and GDP are excluded as long as they are medsirthe country level and do not vary

at the firm level.
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Table 1.4
Correlation matrix

MBE
POSDA
DOWN
SIZE
SENS
NOA
GROWTH
ABS_FE
LEV
ROA
R&D
ESTIMATE
DUR

LT
DUAL

MBE

0.07**
0.06**
0.05**
0.02
-0.01
0.00
-0.01
-0.02
0.05%
-0.03
0.04**
0.01
-0.03**
0.01

POSDA
0.07**

0.00
-0.05*
-0.01
0.01
0.03*
-0.01
-0.03*
0.04**
-0.02
-0.07*
0.02
-0.02*
-0.04**

DOWN
0.07*
0.01

0.24*
0.00
0.02
-0.13
0.03*
0.00
0.38**
0.18**
0.19**
0.01
0.09**
0.06**

SIZE

0.07*
-0.04
0.23*

0.01
-0.02

-0.06**

-0.01
0.03*
0.26™*
-0.24*
0.79*

0.06**

-0.26
0.42*

SENS
0.03**
0.00
-0.01
0.00

0.00
0.00
0.00
0.00
-0.01
0.01
0.01
-0.01
-0.01
0.00

NOA
-0.04*
-0.06**
0.13*
0.19*
-0.01

0.02**
0.00
0.00
0.13%*
0.03
-0.04*
-0.03*
0.00
-0.01

GROWTH ABS_FE LEV

0.05**
0.03*
-0.05
-0.02
0.01
0.10**

0.03
0.01

-0. 14+

0.05**
-006
-0.06
0.02
-0.04

-0.16™
-0.06**
-0.18*
-0.2%
0.00
0.05**
-0.25*

0.00
-0.01
0.00
-0.02
-0.01
-0.01
0.00

0.01
-@Go
og*
o1+
0.02*
-0.06**
@
-0.02

-0.02

Al
0.00
0.00
uB*

0.01

ROA
0.04%*
0.08***
0.36™*
0.12%*

0.00

@B

0.07*+*
90.2
-0.13

-0.40**
0.23*%*
0.05*+*
-0.13**
0.05*

R&D
-0.01

-0.02
-0.10**
-0.12%

0.03*
0.01
-0.04**
0.03**
0.23*
-0.06™*

-0.08**
0.03
0.30*

0.01

ESTIMAT DUR
0.06** 0.00
-0.06** 0.03*
0.18** 0.00
0.79* 0.06™*
0.00 -0.02*
0.11* -0.07*
-0.02 -0.07**
-0.23* 0.01
0.28** -0.03
-0.29 0.05%*
0.04** 0.28*
0.05**
0.05*%*
-0.10* -0.13*
0.36** 0.01

LIT
-0.03**
-0.03
-0.01*
-0.29*
0.00
-0.06™*
0.05**
0.07*
-0.23**
-0.06**
0.3
-0.12*
-0.13*

-0.03

DUAL
0.02
-0.04*
0.06**
0.34*
-0.02*
0.09**
-0.04**
-0.11*
0.1
0.05**
0.14*
0.33*
0.01
-0.03

Table 1.4 reports Pearson (Spearman) correlateos lfabove) the diagonal.
See APPENDIX I.A for variable definitions.

** and * denote significance at 1% and 5% levelsosided), respectively.
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1.5. Results

We first analyze the actions to meet or beat ahdty®casts. Table 1.5 presents the
coefficients and firm clustered adjusted z-staiss{iin parentheses) of the logit analysis of the
probability of meeting/beating analyst forecastqu@ion (4)). The dependent variable is the
probability of meeting/beating analyst forecastolugns (1)-(2) include only one action.
Column (1) shows that the estimate coefficient @WN is positive and highly significant
(0.229, p < 0.001) so when a firm engages in EAR pifodability of meeting/beating earnings
forecasts increases, while column (2) shows thatestimate coefficient on POSDA is positive
and highly significant (@85, p < 0.001). In column (3), which allows thelpbility to meet or
beat analyst forecasts to depend on POSDA and DQWé\estimate coefficients of POSDA and
DOWN are still positive and significant (0.228, p0<001, 0.285, p < 0.001, respectively). In
column (4), which includes the interaction betw&SDA and DOWN in order to isolate firms
that contemporaneously manage earnings upward rzalgisa forecasts downward, the estimate
coefficients of POSDA and DOWN are still positivenda highly significant, while their
interaction is not significant. This result reved#tat the joint use of EAR and EXP does not
affect the probability of a firm’s meeting/beatiagalyst forecasts, possibly because only firms
whose pre-managed earnings are far from analystecsns use both actions, but given the
magnitude of this difference, not even the joire a6EAR and EXP makes it possible to obtain a
positive earnings surprise. In all models, the llefeenforcement is positively associated with
MBE: when the legal enforcement is strong, firmsengreater incentive to meet/beat analyst
forecasts. Among the control variables, the esemedefficient of NOA is negative and
statistically significant. Consistent with priorsearch, the higher NOA is, the more difficult

accrual manipulation is.
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Table 1.5
Logit analysis of the probability of meeting/begtemalyst forecas

@) 1) ©) 4
MBE MBE MBE MBE
DOWN 0.229%+* - 0.228*** 0.289%*
(2.984) (2.962) (2.945)
POSDA - 0.285** 0.285** 0.394*+*
(4.756) (4.743) (3.151)
DOWN*POSDA - - - -0.139
(-0.990)
LAW 0.349* 0.387* 0.373** 0.372**
(2.282) (2.514) (2.438) (2.425)
GDP -1.047%* -1.123%* -1.088** -1.085**
(-4.261) (-4.542) (-4.411) (-4.398)
SIZE 0.018 0.0270 0.019 0.019
(0.642) (0.969) (0.696) (0.687)
ROA 0.003 0.004* 0.003 0.003
(2.373) (1.999) (1.120) (1.121)
NOA -0.347%+* -0.314%+* -0.319%* -0.319%*
(-3.833) (-3.428) (-3.492) (-3.487)
SENS 0.000 -0.000 0 0
(-1.031) (-1.171) (-1.120) (-1.113)
GROWTH 0.001 0.001 0.001 0.001
(1.185) (0.802) (1.015) (0.996)
LEV -0.004 -0.004 -0.004 -0.004
(-1.439) (-1.361) (-1.472) (-1.478)
ABS FE -0.012 -0.011 -0.009 -0.009
(-0.453) (-0.383) (-0.376) (-0.373)
DUR -0.039 -0.023 -0.036 -0.032
(-0.160) (-0.094) (-0.146) (-0.130)
R&D -0.264 -0.251 -0.244 -0.247
(-0.826) (-0.784) (-0.765) (-0.772)
LIT -0.096 -0.101 -0.091 -0.091
(-1.203) (-1.261) (-1.131) (-1.135)
DUAL -0.162 -0.154 -0.147 -0.148
(-1.063) (-1.017) (-0.964) (-0.973)
ESTIMATE 0.082* 0.087* 0.089** 0.089**
(1.924) (2.056) (2.104) (2.096)
CONSTANT 10.116%* 10.759%* 10.315%* 10.234*+*
(4.247) (4.496) (4.318) (4.285)
Industry controls Yes Yes Yes Yes
Year controls Yes Yes Yes Yes
Log likelihood -3346.94 -3339.54 -3335.31 -3334.83
Chi- Square 130.12 142.76 151.45 151.65
p-value 0.000 0.000 0.000 0.000
R-squared 0.021 0.023 0.024 0.025
Observations 4,934 4,934 4,934 4,934

Table 1.5 reports the results from the estimation of modelTHhe table reports logistic coefficient estimates andatistic (in parentheses)
See APPENDIX I.A for variable definitions.
*** ** and * denote significance at 1% , 5% and%0levels (two-sided), respectively.
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Previous analysis does not allow us to disentaingleoles of EAR and EXP one from the
other. Thus, we explore to what extent the relatgm between EAR and EXP varies according
to the strength of the legal enforcement. Tablerég®rts the results from a logistic and OLS
analysis on the effects of the legal enforcementE&R and EXP (equations (5A-5B) and
equations (6A-6B)). We use firm clustered adjustestatistics (t- statistics depending on the
model specification) and year-industry fixed efeedConsistent with our predictions, LAW is
negatively and significantly associated with EAR. dolumn (1) the coefficient on LAW is
negative and significant (-0.301, p<0.050), and thegative association still holds when we
measure income increasing earnings managementagiauous variable (column 2: -0.011, p <
0.050) or when we restrict the estimation samplly ém firms with small earnings surprises
(column 3: -0.216, p < 0.050). On the other sidBWL is positively associated with EXP
irrespective from the model specification (column04632, p < 0.050, column 5: 8.553, p <
0.050, column 6: 0.740, p < 0.050). The strengttihef legal enforcement affects the choice
between EAR and EXP such that, as the legal enfené gets stronger, a firm is less likely to
engage in EAR and more likely to engage in EXP. €hemate coefficients of firm-specific
constraints on EAR and EXP are both significant anthe expected direction. For example,
looking at column (1) NOA is strongly negativelysasiated with POSDA (-0.402, p < 0.001),
while SENS is negatively associated with DOWN indwaio(4) (-0.003, p < 0.001) but not with
POSDA. These results are consistent with the ecelddas et al. (2011) obtained. Table 1.6
provides evidence that, after controlling for fispecific constraints on EAR and EXP (i.e., NOA
and SENS), the legal enforcement has an additiexylanatory power in the choice between
EAR and EXP. This result supports the predicticat the level of legal enforcement determines
the choice between EAR and EXP, and it providesmimary evidence of a substitution effect

between EAR and EXP conditional on the level o&leznforcement.

24



Table 1.6
Logit analysis of the effect of the legal enforcetan EAR and EXP

@ @ (©)] O ©) (6)
Full sample Full sample Small Earnings  Full sample Full sample Small Earnings
Surprise Surprist
POSDA DA POSDA DOWN UEF DOWN
LAW -0.301** -0.011* -0.216** 0.532** 8.553* 0.740**
(-2.253) (-2.135) (-2.049) (2.237) (2.330) (2.358)
GDP 0.535** 0.008 0.148 -1.156%* -0.004 -1.830***
(2.127) (0.638) (0.509) (-3.525) (-0.898) (-3.244)
SIZE -0.023 0.000 -0.004 0.217%* 2,223 0.299%+*
(-0.771) (0.018) (-0.146) (4.775) (2.579) (4.566)
ROA 0.007*+ 0.001*+* 0.005* 0.062*+* 0.054*+* 0.049%
(2.692) (3.216) (1.947) (9.213) (2.884) (7.073)
NOA -0.402%* -0.019%+* -0.386** 0.072 -1.570* 0.149
(-4.192) (-3.549) (-3.989) (0.585) (-1.859) (0.875)
SENS -0.000 0.000 0.000** -0.000** 0.000 -0.000*
(-0.095) (0.622) (2.147) (-2.373) (0.168) (-1.812)
GROWTH 0.001** -0.000 0.001*** -0.003*** -0.000 -0.003*
(2.246) (-0.423) (4.264) (-3.388) (-1.356) (-2.408)
LEV -0.012 -0.000** -0.014* -0.000 -0.622* 0.001
(-1.533) (-2.097) (-3.117) (-0.095) (-2.147) (0.484)
ABS_FE -0.682% -0.000*** -0.449 -0.017 0.001 -0.100
(-2.943) (-6.423) (-0.773) (-1.012) (0.486) (-0.600)
DUR -0.055 0.008 -0.145% 0.192 -0.117 -0.270
(-0.288) (0.906) (-2.728) (0.710) (-0.109) (-0.847)
R_D -0.386 -0.025 -0.576 0.181 -0.122 0.418
(-1.171) (-1.051) (-1.557) (0.297) (-0.059) (0.845)
LIT -0.077 -0.007* 0.150** -0.292%* -1.015 0.166
(-0.951) (-1.793) (2.271) (-2.622) (-0.833) (1.074)
DUAL -0.240 -0.009 0.109 -0.175 -5.061** -0.443
(-1.469) (-1.604) (0.567) (-0.823) (-1.978) (-1.489)
ESTIMATE -0.119%** -0.002 -0.144% -0.049 -2.481% -0.18
(-2.783) (-1.133) (-2.706) (-0.738) (-2.500) (-1.474)
CONSTANT -4.252* -0.067 -0.381 10.705*%+* -17.249* 17.188
(-1.736) (-0.537) (-0.131) (3.383) (-2.325) (3.072)
Industry controls Yes Yes Yes Yes Yes Yes
Year controls Yes Yes Yes Yes Yes Yes
Log likelihood -3295.07 - -1716.52 -2104.79 - -1061.71
Chi- Square 117.73 - 103.98 359.23 - 209.76
p-value 0.000 0.000 0.000 0.000 0.000 0.000
R-squared 0.026 0.026 0.023 0.198 0.021 0.181
Observations 4,934 4,934 2,564 4,934 4,934 2,564

Table 1.6, column 1 reports the results of a logit analysishefprobability to engage in income increasing accrual manment as a function of rule of law and
control variables. Column 2 reports the results of an OLSe®gion of income increasing accrual management as a éumnafirule of law and control variables.
Column 3 reports the results of a logit analysis of the prdlbaltio engage in income increasing accrual management fametion of rule of law and control
variables for a sub-sample of firms with a small earningspsse. Column 4 reports the results of a logit analysis of phebability to engage in downward
expectation management as a function of rule of law and obméariables. Column 5reports the results of an OLS regeessef downward expectation management
as a function of rule of law and control variables. Column Gors the results of a logit analysis of the probability t@age in downward expectation management
as a function of rule of law and control variables for a sulgle of firms with a small earnings surprise Each modelideli year and industry fixed effects based
on the classification in Campbell (1996). The table repodsfficient estimates and z-statistic (t-statistics defireg on the specifications) based on robust standard
errors that are clustered by firm.

See APPENDIX A for variable definitions.

*** ** and * denote significance at 1% , 5% and%0levels (two-sided), respectively.

25



To clarify how the strength of the legal enforcenaffiects the relationship between EAR
and EXP, we perform a logistic and OLS analysishe trade-off between EAR and EXP,
conditional on the level of legal enforcement. Sfpeadly, we regress our proxies for the
likelihood of engaging in EAR on EXP, LAW, and tlmeraction between EXP and LAW
(equations (7A-7B)). We use firm clustered adjustestatistics (t- statistics depending on the
model specification) and year-industry fixed effecur variables of interest are DOWN, which
captures EXP without being conditional on the lestlenforcement, and its interaction with
LAW. Including the interaction between DOWN and LAANows the relationship between EAR
and EXP to vary with the strength of the legal ecément. Results are presented in Table 1.7.

Column (1) shows that the estimate coefficient @VIN is positive albeit only marginal
significant (0.051, p < 0.100), suggesting thatREAnd EXP are complements, while the
coefficient on the interaction between DOWN and LAS\hegative and significant (-0.028, p <
0.05), suggesting that firms substitute EAR withFEXhen the level of legal enforcement gets
stricter. Columns (2-3) provide essentially the sassults using DA as dependent variable or by
restricting the estimation sample only on firmshagtmall earnings surprises.

In columns (4-5) we estimate directly the tradetdfween EAR and EXP, as the dependent
variable captures the extent to which a firm rebesthe former or on the latter to meet/beat an
analyst forecasts. In column (4) LAW is negativaisociated with TRADE_OFF (-0.077, p <
0.001), meaning that when the legal enforcemestranger, firms relies more on EXP than on
EAR. This evidence still holds when we restrict #stimation sample only on firms with small

earnings surprises.
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Table 1.7
Analysis of the trade-off between EAR and EXP damdid on the legal enforcement

(1) 2 (3) 4 (5)
Full sample Full sample  Small EarningsFull sample  Small Earnings 2SLS
Surprise Surprise LOW_LAW HIGH_LAW
POSDA DA POSDA TRADE_OFF TRADE OFF DA
LAW -0.313* -0.011** -0.042 -0.077*** -0.107*** - -
(-2.113) (-2.136) (-0.168) (-2.688) (-3.048)
DOWN 0.051* 0.003* 1.304** - - 0.038* -0.021***
(1.694) (1.816) (2.067) (1.891) (-3.143)
LAW*DOW -0.028** -0.001** -0.819** - - - -
(-1.991) (-2.216) (-1.988)
GDP 0.514* 0.006 0.377 -0.035 0.180** -0.038 -0.001
(2.022) (0.456) (0.857) (-0.660) (2.331) (-1.134) (-0)283
SIZE -0.014 0.001 -0.026 -0.049%+* -0.038*** -0.001 -0.0#7
(-0.450) (1.095) (-0.542) (-8.421) (-5.091) (-0.051) 951)
ROA 0.006** 0.001**+* 0.006* -0.039** -0.039* -0.002 0.002*
(2.282) (2.763) (1.800) (-2.195) (-1.815) (-0.261) (1)987
NOA -0.389*** -0.022%** -0.460*** -0.000 0.000*** -0.013 0.059**
(-4.074) (-3.890) (-3.336) (-0.656) (6.814) (-0.311) 98r)
SENS 0.000 0.000 0.000 -0.000 0.000%** - -
(-0.093) (0.631) (0.7112) (-0.656) (6.814)
GROWTH 0.000 -0.000 0.001 -0.000 -0.000 0.000 0.000
(0.832) (-0.428) (0.970) (-0.590) (-1.185) '(0.151) ¢v)¢]
LEV -0.045* -0.004**+* -0.022 -0.001*+* -0.006*** 0.003 -0021
(-2.385) (-3.705) (-0.841) (-5.184) (-4.714) (0.275) 381)
ABS_FE -0.676*** -0.000*** -0.432 -0.000 -0.000 -0.027 amo
(-2.911) (-6.820) (-0.905) (-0.960) (-0.546) (0.271) 642)
DUR -0.544 -0.010 -0.179** -0.107*** -0.068* 0.009 0.016
(-0.291) (-1.130) (-2.451) (-2.643) (-1.666) (0.967) GILD
R&D -0.384 -0.025 -0.704 -0.115* -0.134* 0.047 0.008
(-1.103) (-1.009) (-1.487) (-1.896) (-2.123) (1.571) [£0)9)
LIT -0.086 -0.008** 0.078 0.036** 0.007 0.023 -0.205**
(-1.054) (-2.079) (0.495) (2.176) (0.361) (1.181) (-1)996
DUAL -0.263 -0.011** 0.086 -0.015 0.019 -0.002 -0.005**
(-1.609) (-2.025) (0.360) (-0.506) (0.553) (-0.891) (8BP
ESTIMATE -0.119*** -0.003 -0.124* -0.009 -0.022* -0.010 Agb6***
(-2.760) (-1.431) (-1.779) (-0.951) (-1.873) (-0.924) A
CONSTANT -3.984 -0.042 -4.026 0.958* -1.225 0.364 -0.021
(-1.611) (-0.328) (-0.931) (1.793) (-1.594) (0.104) (81p
Industry controls Yes Yes Yes Yes Yes No No
Year controls Yes Yes Yes Yes Yes Yes Yes
Log likelihood -3295.87 - -1684.24 - - - -
Chi- Square 120.79 - 263.85 - - - -
p-value 0.000 0.000 0.000 0.000 0.000 0.000 0.000
R-squared 0.026 0.030 0.039 0.132 0.139 - -
Observations 4,934 4,934 2,564 4,934 2,564 1,023 3,911

Table 1.7, column 1 reports the results of a logit analysishef relationship between income increasing earnings neamegt (POSDA) and downward

expectation management for the full sample of firms. Coll@nreports the results of an OLS regression of the relatignbletween income increasing

earnings management (DA) and downward expectation marexgefor the full sample of firms. Column 3 reports the resudfsa logit analysis of the
relationship between income increasing earnings manage@©SDA) and downward expectation management for a soipleaf firms with small earnings

surprises. Columns 4-5 report the results of an OLS t amalykthe trade-off between income increasing earnings nemeagt and downward expectation

management for the full sample and for a sub-sample of finite small earnings surprises.Column 6 reports 2SLS estimaif the relationship between
income increasing earnings management (DA) and downwgrécéation management for the full sample of firms. The 2Sk8m&tion is carried out
separately for two sub-group (HIGH_LAW — LOW_LAW), definedcording to the mean value of LAW across 2006-2009. Yeariaahdstry fixed effects

based on the classification in Campbell (1996) are includéte table reports coefficient estimates, z-statististéttistic) and two-tailed p-value based on

robust standard errors that are clustered by firm.

See APPENDIX LA for variable definitions.

*** ** and * denote significance at 1% , 5% and%0levels (two-sided), respectively.
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Finally, in column (6) we estimate DA and DOWN jtntrough a 2SLE. To the extent
that we are interested in the moderating effectA% on the relationship between EAR and
EXP, we estimate the system of equations separdtelysub-groups of LOW_LAW and
HIGH_LAW. The results confirm prior evidence. DOW#&positively associated with DA when
the legal enforcement is weak (0.038, p < 0.10®)Jesthey are negatively associated when the
legal enforcement is strong (-0.021, p < 0.001)esEhfindings suggest that firms use EAR and
EXP as complements when the legal enforcement akweut when it is difficult to manage

accruals because of a strong legal enforcements faubstitute EAR with EXP.

Market reaction to EAR and EXP under different levels of legal enforcement

In the final step of our analysis, we investigabevtthe capital market reacts to the use of
EAR and EXP. Table 1.8 reports the results of um@a tests. For each specification of the
cumulative market adjusted returns (CARt)1we report a 2x2 table to separate the mean salue
of CAR_1 t between firms that meet/beat forecasts and thegedd not, and within each group
in relation to the use of EAR and EXP. For all speations of CAR_1t, firms that meet/beat
forecasts experience higher CAR than those thatodloMost importantly, within the subsample
of firms that meet/beat forecasts, firms experiehigher abnormal returns when they do not

engage in EAR and this difference is statisticaignificant.

12 \We employ a Durbin-Wu-Hausmag to test the exogeneity of DOWN in equation 7B. Tt reject the null that DOWN is
exogenous in the regression reported in table defd (p<0.010).
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Table 1.8
Market reactions to EAR and EXP: univariate anaysi

ACTION MBE = 1 MBE =C
CAR 1.3 POSDA = -0.02: -0.06¢
POSDA = ( 0.00¢ -0.07:
Ho: diff = 0 p=0.00 p=0.60!
CAR L5 POSDA = -0.02: -0.06¢
POSDA = ( 0.00¢ -0.07:
Ho: diff = 0 p=0.00 p=0.60
CAR 1.10 POSDA = -0.02: -0.06;
POSDA = ( 0.00' -0.07:
Ho: diff = 0 p=0.01( p=0.72:
CAR 1.20 POSDA = -0.02; -0.07:
POSDA = ( 0.00¢ -0.07;
Ho: diff = 0 p=0.00: p=0.71:
CAR 1.30 POSDA = -0.02¢ -0.07;
POSDA = ( 0.00¢ -0.08:
Ho: diff = 0 p=0.00: p=0.52(
CAR 1.3 DOWN =1 -0.00¢ -0.07¢
DOWN = ( 0.00: -0.05¢
Ho: diff = 0 p=0.52 p=0.30:
CAR 1.5 DOWN =1 0.00: -0.07¢
DOWN = ( -0.00¢ -0.05¢
Ho: diff = 0 p=0.47 p=0.32"
CAR 1.10 DOWN =1 -0.00¢ -0.07:
DOWN = ( 0.00: -0.05¢
Ho: diff = 0 p=0.45: p=0.36:
CAR 1.20 DOWN =1 -0.01: -0.07¢
DOWN = ( -0.00¢ -0.06¢
Ho: diff = 0 p=0.90 p=0.42"
CAR 1.30 DOWN =1 -0.01: -0.08:
DOWN = ( -0.00¢ -0.07¢
Ho: diff = 0 p=0.770 p=0.58'

Table 1.8 reports mean values of the market adjusted re{@hR_1_t) cumulated from
1day before tot (3, 5, 10, 20, 30) days after a firin'sarnings announcement. Returns
are reported separately for firms that meet/beat analysitiregs forecasts (MBE=1) and
those which fail to meet analyst earnings forec8<BE=0).

See APPENDIX A for variable definitions.

We report p-values for differences in mean usingest with different variance.

Then we condition the sample on meeting/beatingndirand for each different
specification of CAR by splitting the sample intouf sub-groups according to POSDA and
DOWN. Through this analysis, we measure the diffeee in the market premium for

meeting/beating analyst forecasts in relation ® dhtions used to achieve the target. Table1.9
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reports the results. Meeting/beating firms thandbengage both in EAR and EXP experience a
market reward, on average, of 4.21 percent (for AR, whereas capital markets do not reward
meeting/beating firms that use both the actionthasCAR 1-3 when POSDA and DOWN are

equal to one is -2.55 percent.

Table 1.¢

Market reactions to EAR and E>
univariate analysis conditioned on meeting/beafings

CAR 1 -

POSDA =( POSDA = diff.
DOWN =( 0.04: -0.04: 0.08¢
DOWN =1 0.00: -0.01¢ 0.01¢
diff. 0.04: -0.02¢ 0.067
p-value 0.01¢ 0.09:
CAR 1 -t

POSDA =( POSDA =
DOWN =( 0.04: -0.042: 0.08¢
DOWN =1 0.00( -0.017: 0.01¢
diff. 0.04: -0.02¢ 0.06¢
p-value 0.01° 0.10:
CAR 1 -1(

POSDA =( POSDA =
DOWN =( 0.04: -0.03¢ 0.08(
DOWN =1 -0.00( -0.01¢ 0.017
diff. 0.04: -0.02: 0.06¢
p-value 0.02: 0.14:
CAR 1 -2(

POSDA = ( POSDA =
DOWN =( 0.03¢ -0.05¢ 0.08¢
DOWN =1 0.00( -0.02: 0.02:
diff. 0.03t -0.03: 0.06¢
p-value 0.04¢ 0.05¢
CAR 1 -3(

POSDA =( POSDA =:
DOWN =( 0.03t -0.05( 0.08t
DOWN =1 0.00: -0.02¢ 0.02¢
diff. 0.03¢ -0.02¢ 0.06(
p-value 0.057 0.11¢

Table 1.9 reports mean values of the market adjusted re{@&R_1 t) cumulated from

1day beforeto t( 3,5, 10, 20, 30) days after a firmsarnings announcement for firms
that meet/beat analyst earnings forecasts (MBE =1). POSDRAuinary variable coded
as 1(0) if DA is greater than or equal to (lessjHa

See APPENDIX I.A for variable definitions.

We report p-values for differences in mean usingest with different variance.
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Overall, genuine achievers (i.e., firms that usiéhee EAR or EXP) experience a market
reward higher by 6.73 percent ( p < 0.010) of tpgihed by cheating achievers (i.e., firms that
use both EAR and EXP).

Table 1.10 presents estimation results of the ntar&actions to meet/beat analyst
forecasts, and to the use of EAR and EXP (see iequé)). In all of the specifications of
CAR_1t, firms that meet/beat forecasts enjoy higher cunwdaabnormal returns than firms
that do not. As we move from the short window (¢méhree days) to the long window (one to
thirty days), the magnitude of the estimate comdfit of MBE increases slightly and remains
strongly significant. On the other side, the estameoefficients of POSDA and DOWN are
negative and statistically significant in all magleds the capital market imposes a significant
penalty on the use of EAR and EXP. The presencidf a penalty suggests that, to a certain
extent, investors react to earnings surprisesmallip to the extent that they are able to separate
“managing” from “non-managing” firms. However, tmearket premium for meeting/beating
analyst forecasts is still significantly positiadter that, the penalties for EAR and EXP are taken
into account. Indeed, firms that meet/beat andlystcasts using EAR experience a positive
market reward that averages 0.027 (p < 0.050, aol@j and firms that meet/beat forecasts
using EXP enjoy a market reward of 0.021 percent (@100, column 3). On the other side,
achievers that engage both in EAR and EXP recetvenarket reward, as the coefficient of

MBE, when both POSDA and DOWN are equal to onaggative but not significant.
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Table 1.1
Market reactions to EAR and EXP

1 ) ©) 4 )
CAR_1-3 CAR_1-5 CAR_1-10 CAR_1-20 CAR_1-30
MBE 0.051%* 0.051%* 0.051%+* 0.053** 0.059%+*
(6.082) (6.003) (6.081) (6.020) (6.576)
POSDA -0.024%** -0.023** -0.024%* -0.028** -0.028**
(-2.910) (2.793) (-2.872) (-3.210) (-3.192)
DOWN -0.030** -0.031* -0.032** -0.031** -0.032*
(-2.410) (2.452) (2.516) (-2.321) (-2.335)
SIZE -0.007** -0.006*** -0.007** -0.007*** -0.331%*
(-3.042) (-2.845) (-2.891) (-2.692) (-2.356)
GROWTH 0.000 0.000 0.000 0.000 0.000
(-0.210) (-0.054) (-0.120) (-0.332) (-0.026)
ROA 0.003** 0.003** 0.003*** 0.003*** 0.003**
(4.785) (4.745) (4.868) (5.131) (5.120)
LOSS -0.036* -0.038* -0.038* -0.030 -0.033
(-1.792) (-1.887) (-1.843) (-1.426) (-1.531)
ABS_FE 0.002++* 0.002++* 0.002**+* 0.002**+* 0.@22++*
(12.624) (12.273) (11.751) (19.247) (12.701)
CONSTANT 0.069 0.058 0.055 0.021 0.0099
(1.291) (1.109) (1.070) (0.373) (0.180)
Industry controls Yes Yes Yes Yes Yes
Year controls Yes Yes Yes Yes Yes
Country controls Yes Yes Yes Yes Yes
R-squared 0.101 0.099 0.099 0.099 0.101
Observations 4,897 4,897 4,897 4,897 4,897
Test of coefficients
B1 +P2=0 0.026** 0.027* 0.027** 0.025* 0.030**
(2.261 (2.301 (2.276 (2.010 (2.395
B1 +Ps=0 0.02( 0.01¢ 0.021 0.022 0.027
(1.531 (1.502 (1.780 (1.851 (1.910
B1 + P2+ Ps=0 -0.00: -0.00¢ -0.00¢ -0.00¢ -0.00:
(-0.230 (-0.229 (-0.292 (-0.350 (-0.101

Table 1.10 reports the results of regressions of marketsaégureturns (CAR_1_t) cumulated from 1 day before tot (3,5,
10, 20, 30) days after a firm's i earnings announcement.,\d@amtry and industry fixed effects based on the classifica

in Campbell '(1996) are included.

See APPENDIX |.A for variable definitions.

*** ** and * denote significance at 1% , 5% and%0levels (two-sided), respectively.
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Table 1.11 reports the results of the regressiodatsoon the market reactions to EAR
and EXP conditional on the strength of the legdbe@ment (equation (9)). In these regressions,
we condition POSDA and DOWN on LAW by including timteractions between POSDA and

LAW and between DOWN and LAW.

Table 1.11
Market reactions to EAR and EXP conditioned onlégal enforcement
1) (2 ©) (4) (%)
CAR 1-3 CAR _1-5 CAR 1-10 CAR_1-20 CAR_1-30
MBE 0.052%** 0.052%** 0.053** 0.055*** 0.061***
(6.351 (6.282 (6.349 (6.321 (6.841
POSD#A -0.00: -0.007 -0.00¢ -0.01: -0.00¢
(0.610) (-0.656) (-0.536) (-0.912) (-0.687)
DOWN -0.037*** -0.038*** -0.040%** -0.038*** -0.041***
(-2.719) (-2.701) (-2.850) (-2.591) (-2.733)
POSDA*LAW -0.044* -0.042* -0.048** -0.046* -0.053**
(-1.893 (-1.750 (-1.998 (-1.896 (-2.179
DOWN*LAW 0.009 0.008 0.012 0.007 0.011
(0.532) (0.481) (0.681) (0.412) (0.583)
SIZE -0.006*** -0.006*** -0.006*** -0.005** -0.004
(-2.671) (-2.548) (-2.556) (-2.131) (-1.513)
GROWTH 0.00( 0.00( 0.00( 0.00( 0.00(
(-0.495) (-0.313) (-0.414) (-0.667) (-0.353)
ROA 0.003*** 0.003** 0.003*** 0.003*** 0.003***
(4.901) (4.871) (4.993) (5.301) (5.330)
LOSS -0.033* -0.036* -0.036* -0.027 -0.029
(-1.671 (-1.772 (-1.745 (-1.281 (-1.351
ABS_FE 0.002%** 0.002%** 0.002*** 0.002*** 0.002***
(13.961) (13.071) (12.651) (16.350) (19.447)
CONSTANT 0.042 0.036 0.028 0.010 -0.007
(1.470) (1.291) (0.990) (0.321) (-0.240)
Industry controls Yes Yes Yes Yes Yes
Year controls Yes Yes Yes Yes Yes
Country controls Yes Yes Yes Yes Yes
R-squared 0.094 0.094 0.094 0.092 0.092
Observations 4,897 4,897 4,897 4,897 4,897

Table 1.11 reports the results of regressions of markesaeljureturns (CAR_1_t) cumulated from 1 day before to t (3,
5, 10, 20, 30) days after a firm's i earnings announcemenar,Yeountry and industry fixed effects based on the
classification in Campbell (1996) are included.

See APPENDIX A for variable definitions.

*** ** and * denote significance at 1% , 5% and%o0levels (two-sided), respectively.
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The estimate coefficient of MBE is positive andtistacally significant across all of the
CAR specifications. The coefficient of DOWN is naga and significant, while the interaction
between DOWN and LAW is not statistically differdmdm zero. This finding suggests that the
penalty for EXP is not affected by the level ofdegnforcement. On the other hand, the estimate
coefficient of POSDA is negative, even if not sigrant, while the coefficient of the interaction
between POSDA and LAW is negative and significdrttis finding indicates that only the

penalty for EAR increases with the strength of legdiorcement.

1.6. Robustnesschecks'®

Alternative proxiesfor EAR and EXP
The literature has developed several proxies witlickvto capture EXP, as it is not

directly observable. To validate our measures amndythat our findings are robust to alternative
measures, we replicate our analyses using two ggqrown and Pinello 2007; Das et al. 2011).
According to Bartov et al. (2002), EXP is suspecidten a firm that meets or beats analyst
forecasts has a negative forecast error. Hencelefiee EXP as a binary variable that takes the
value of one if a firm-year has a negative foreasbr and MBE is equal to one, and zero
otherwise. The second proxy (WLKDN) measures tlee of the “walk-down” of analyst
earnings forecasts as the difference between tteafnd last consensus analyst forecasts. A firm
is suspected of engaging in EXP if WLKDN is positt{

Next, we test whether our results are robust touge of two alternative measures of

discretionary accruals. First, we use working aptcruals instead of total accruals (De Fond

13 All the results of robustness checks are availfibla the authors upon request.

14 Given that EXP is conditioned on the firms’ alyilio meet/beat analyst earnings forecasts, we ¢andade such a proxy in
equation (1). When EXP is equals to one, it predperfectly MBE equals to one, given that it is ditioned on that value.
Therefore, we use only WLKDN for equation (1), vehile use EXP and WLKDN for the others.
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and Park 2001). Second, we estimate normal acceoalsolling for the lagged return on assets
(Kothari et al. 2005). The results of these sevigjtichecks (not tabulated) shows that our main

findings are robust to alternative measures EXPEE.

Alternative Proxiesfor the Level of Legal Enforcement

We use the variable “rule of law” proposed by Kaafm et al.’s (2011) as a proxy for the
strength of the legal enforcement. While this Malgas widely used in international accounting
studies (Daske et al. 2008; Li 2010; Byard e@ll1), we test the robustness of our results by
employing other proxies to capture the differencéhe level of legal enforcement: (i) following
Byard et al. (2011), we use the “governance scaral the “regulatory quality” for 2005 from
Kaufman et al. (2007), (ii) following Leuz et gR003), we take the average score of the
efficiency of the juridical system, rule of law,dacorruption from La Porta et al. (1998), and
(i) following Preiato et al. (2010), we use thaudit and enforcement score.” Results (not

tabulated) are qualitatively unchanged from thegp®rted in the paper.

Quarterly instead of Annual Data

We also test whether our results are robust tausieeof quarterly data instead of annual
data. Given data limitations, we are not able tmpote the research and development intensity
(RandD) in this robustness check. Following Browd &pina Pinello (2007), we add a fourth-
quarter dummy variable (FOURTH QUARTER). Becausen@astat Global does not provide
the gross value of the property, plan, and equignoena quarterly basis, we use only the
working capital accrual model to measure EAR. Welwde the UK and Ireland, as firms in
these countries provide quarterly financial stateisieonly on a voluntary basis. The results

confirm the evidence we acquired using annual data.
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Additional Robustness Tests

In the main analyses, we control for macroeconof@tors using the log-transformed
average gross domestic product per capita (GDP) thee period 1990-2000. This variable,
which captures the extent to which a country isetlgwed or developing, is widely used in
international accounting research (Haw et al. 2@04)eal with the effect of unobserved country-
specific factors that could be associated with B&#R and EXP. However, we also control for
the level of a country’s financial development gsthe stock market capitalization divided by
GDP (World Bank). Finally, we test to determine wier the main analyses (based on annual
data) are robust to the exclusion of the UK, whepresents 44 percent of the sample. Results

(not tabulated) are consistent with those obtaingde main analyses.

1.7. Conclusisons

Research on EAR and EXP has focused on the useeobfothese actions alone without
considering that these two actions might be joidgyermined and that a firm can choose to use
one and not the other. Only a few papers explaedhationship between EXP and EAR directly
as a function of their respective firm-specific styaints (Brown and Pinello 2007; Das et al.
2011). Even if we know from international accougtititerature that the enforcement
environment affects a firm’s reporting decisions, study investigates directly and in detall
whether country level institutional characteristic®. the quality of a country’s enforcement
environment) shape firms’ choice between EAR and®EWX/e extend this literature by obtaining
direct empirical evidence that the relationshipnsstn EAR and EXP varies in an international
setting. We find direct evidence that the relatiopsbetween EAR and EXP depends on the
strength of the legal enforcement and that theaghbetween EAR and EXP is not driven only by
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firm-level characteristics. We directly documenéatthafter controlling for the traditional firm-
specific constraints on EAR and EXP, the strendtlthe legal enforcement has an additional
explanatory power in a firm’s choice between EARI &XP. Specifically, firms exploit EAR
and EXP as complementary or substitute actionstbasevhether the legal enforcement is weak
or strong, respectively.

Using a sample of European firms in the post-mangidERS-adoption period, we show that
firms use both EAR and EXP to increase the likathof meeting/beating analyst forecasts. We
provide evidence of a substitution effect betweekREand EXP as a function of the legal
enforcement, which extends beyond the traditiomai-Epecific constraints. We find that, when
the legal enforcement is weak, firms use EAR andPEs complements, and when the legal
enforcement is strong, firms substitute EAR withFEXn this vein, our evidence extends the
results of Koh et al (2011), which shows that angfgain regulation in a single country (i.e. the
enforcement of the SOX) affects the choice betwe&R and EXP.

We also document that the capital market rewamtssfithat meet/beat analyst forecasts
and penalizes the use of EAR and EXP. Despite fqefalties, the market premium for
meeting/beating analyst forecasts is still positivirms use only one of the actions. However,
the premium disappears if firms use EAR and EXPteroporaneously. Finally, we document
that the market penalty for the use of EAR increaae the strength of the legal enforcement
increases, while the penalty for the use of EXRasstrongly affected by the level of the legal

enforcement.
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Appendix | .A: Variable definitions

Variable

Definition

MBE

DA
UEF
POSDA

DOWN

TRADE_OFF

SIZE
LAW

NOA

SENS

GROWTH
LEV

ROA

R&D
ABS_FE

ESTIMATE

DUR

Binary variable equals to one if a fi-year’'s actual earning
meet/beat the last consensus analyst forecast iefiee the
current annual’s earnings announcement, zero otberw
Discretionary accruals derived from the modifiddnes model
(Dechow 1995).

Modeled measure of unexpected earnings foremagirding to
the Matsumoto model (2002) time minus one.

Binary variable equals to one if DA is degahan or equal to
zero, zero otherwise.

Binary variable equal to one if the modeled measure
unexpected earnings forecast from the Matsumotcei@002) is
negative, zero otherwise.

Difference between the percentile rankD# and UEF, scaled by
100.

Natural logarithm of total assets at the beigig of the year.

Rule of law variable from Kaufmann et al. 2Q1fbr the years
2006-2009.

Net operating assets at the beginning of the yamnputed as th
difference between operating assets and operadibidjties scaled
by lagged total assets.

Price sensitivity to earnings news as the maloreturn per unit
of earnings surprise, defined as the three-day tatime abnormal
return around the earnings announcement in perschted by the
corresponding surprise in the reported earnings.

Annual percentage change in sales.

End of the year total liabilities divided by endthE year equit
book value.

Net income over the mean value of total asBeis research and
development expenditures scaled by total assets.

Research and development expenditures scaleddlyasset:

Earnings surprise, defined as the differelbegveen the actual
earnings per share and the analyst consensus garfurecast
before the earnings announcement, scaled the glpsioe at the
fiscal year end.

Logarithm of the number of analyst earminfprecasts made
during the year.

Binary variable equal to one if a firm is membé&durable goods
industry (SICs 1500-1790, 1450, 2500-2590, 2830,03(240-
3990), zero otherwise.
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LIT Binary variable indicating membership in higisk industry (SICs

2833-2836, 3570-3577, 7370-7374, 3600-3674, 52@1-H9
Binary variable equals to one if the firm is listex any US stoc
exchange, zero otherwise.

Daily cumulative marke-adjusted returns from one day beford
(3, 5, 10, 20, 30) days after firis earnings announcement.

DUAL

CAR_1_t
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Chapter 2

The Influence of Country- and Firm-L evel
Governance on Financial Reporting

Quality:
Evidence from IFRS Mandatory Adoption

2.1 Introduction

This paper explores how country and firm-level goamce mechanisms interplay and
dovetail one another in influencing the quality reported earnings. While there is extensive
research on the mapping between a firm’s governameehanisms and financial reporting
guality as well as on the impact of country-levetitutions and financial reporting quality, there
is scant evidence as to how these two levels oéig@nce jointly affect the quality of financial
reporting.

In that regard, the adoption of International FriahReporting Standards (IFRS) provides
an interesting setting to assess the relative enfte of each governance level. It is one of the
most fundamental change in accounting regulati@h aot surprisingly, has been studied broadly
(see Soderstrom and Sun 2007; Barth 2008; Hall 2040 for an overview). However, evidence
regarding the economic benefits stemming from IFR&hdatory adoption is rather mixed. On

one hand, it appears that the switch from locakgaly accepted accounting principles (GAAP)

41



to IFRS leads to an increase in comparability, gpamnency, and financial reporting quality. On
the other hand, it is challenging, conceptually amtpirically, to attribute such benefits to IFRS
reportingper se with some evidence suggesting that most of thhegdeed benefits from IFRS
adoption actually result from concurrent changeth@regulatory and enforcement environments
(Christensen et al. 2012). To the extent that thai@ation of accounting standards provides
insiders with substantial discretion, research lighls that firms’ reporting behavior, and hence
the observed financial reporting quality, is likety be shaped by institutional factors and firm-
level characteristics, rather than by a simple gkaim accounting standards (Ball et al. 2003;
Leuz et al. 2003; Burgsthaler et al. 2006). Coesity, many previous studies (Daske et al.
2008) suggest that there is a substantial heteeityeim the effects of IFRS adoption due to
differences in the legal enforcement. This literattemphasizes the importance of the
enforcement regime as the key driver of observedrbgeneity in financial reporting quality. In
this vein, previous studies point toward an inceegsfinancial reporting quality around IFRS
adoption only in countries with strong legal entarent (Daske et al. 2008; Byard et al. 2011;
Landsman et al. 2012), thus amplifying the diveogeamong countries: firms incorporated in
countries with stricter enforcement rules beneéitf IFRS adoption while all others do not.
Those studies explain the heterogeneous effedtSR8 adoption across countries but miss
to examine heterogeneity within similar legal eawment leaving several relevant questions
unanswered. For example, does financial reportumgity remain uniformly unchanged around
IFRS adoption for all firms located in weak legaf@cement countries, and do firms in strong
legal enforcement uniformly increase financial mtjpg quality? Moreover do firms located in
weak enforcement countries sustain the costs oSIBRoption without the benefits? In other
words, is there any possibility for a firm locateda weak enforcement country to overcome the

effect of legal enforcement and to benefit from &&Joption?
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This paper tries to fill this gap in the literaturg analyzing the joint effects of board-based
monitoring mechanisms with country legal enforcem&n do so, using a panel dataset with an
extensive fixed effects structure, we test whetleard-based monitoring mechanisms substitute
or complement legal enforcement in shaping thectffef IFRS on financial reporting quality.
We operationalize financial reporting quality calesing earnings informativeness (Landsman et
al. 2012), accrual-based and real earnings manage@er sample consists of 3,476 IFRS firm-
year observations from 14 European countries (treat sample) and 29,596 firm-year
observations from 11 non-IFRS adoption countrietfol sample). Following Landsman et al.
(2012), we measure earnings informativeness udmmpranal return variability and abnormal
trading volume. We measure accrual-based earningsagement using the modified Jones
model (Dechow et al. 1995). We estimate real egmimanagement considering the abnormal
level of cash flow from operations, production soanhd discretionary expenses (advertising,
R&D and SG&A). In line with previous research (Cohet al. 2008), we combine the three
measures of real earnings management into two gaigrenetrics of real earnings management.

The most compelling challenge to our analysis & the mandatory IFRS adoption occurs
at the same time for all publicly listed comparire&uropean countries. To ascertain that general
trends in financial reporting quality or concurrewents unrelated to IFRS adoption do not drive
the results, we estimate annual panel regressmm-RS adopter firms and non-IFRS adopter
firms using industry-country and separate yeardiedfects for the treatment and the control
sample. In this way, we allow time-trend effectv#éoy within the treatment and control group as
well as account for yearly shocks in financial néjpg quality unreleated to IFRS mandatory
adoption (Christensen et al. 2012).

We perform four steps of analysis: 1) an examimatb the average effect of the IFRS

adoptionper se 2) an examination of the effect of the mandatibfiRS adoption considering
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board-based monitoring mechanisms; 3) an examimaifothe effect of the mandatory IFRS
adoption considering the country-level of legal oément and board-based monitoring
mechanisms; 4) an examination of the effect oftladatory IFRS adoption considering board-
based monitoring mechanisms, cross-sectional diife¥s in the the country-level of legal
enforcement and changes in the country-level aillegforcement over financial reporting.

In the first analysis, using firm-year data from020to 2008, we examine the change in
earnings informativeness metrics, accrual and lvaaéd earnings management in the treatment
sample (mandatory IFRS adopters) to the changehforcontrol sample (non-IFRS adopters)
around the time of mandatory IFRS adoption. Speadiff, we regress our proxies for financial
reporting quality on an indicator variable markilkRS adopters in the post-IFRS mandatory
adoption period, a set of control variables, copgmdustry and separate year fixed effects.

Next, still using firm-year data from 2002 to 200& test whether the effects of mandatory
IFRS adoption on earnings informativeness, accama real-based earnings management are
different with respect to cross-sectional variationhe board monitoring level, as represented by
various board attributes. To summarize the undaglyatent construction of board monitoring,
we create a standardized level of strict board todng intensity based on the principal
component factor analysis of the board and dirscthiaracteristics. Specifically, in the second
test we replace the single IFRS indicator with twem-overlapping indicator variables marking
IFRS adopters with strong board-based monitoringhaeisms and IFRS adopters with weak
board-based monitoring mechanisms. We further réh@ assumption that board monitoring
does not vary over time, by exploiting time-changeshe firm-level corporate governance
attributes to examine whether firms that experiemgancrease in the monitoring effectiveness
carried out by board of directors are associateth wh higher increase in financial reporting

quality once IFRS become mandate.
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In the third test, we investigate the joint effe¢tboard-based monitoring level and the
strength of legal enforcement on earnings informestess, accrual, and real-based earnings
management around the mandatory IFRS adoption.idé® is to analyze whether different
board-monitoring levels interplay with the legaf@eement regimes in determining the effects
of mandatory IFRS adoption. Finally, we try to amebfor concurrent changes in the level of
enforcement by partitioning strong legal enforcetroemuntries with respect to the introduction or
not of stricter enforcement procedure aroud IFR®datory adoption (Christensen et al. 2012).
This test allows us to estimate differential IFRf&a&s on financial reporting quality for strong
versus weak governance in countries with weak lewsltutions, strong legal institutions and
countries that experience an increase in the vehforcement over financial reporting.

We find evidence that the mandatory switch to IFRSon average, associated with an
increase in financial reporting quality. Howevérelte is considerable heterogeneity in financial
reporting quality changes, suggesting that IFRSdasry adoption is not sufficienper se to
change firms’ reporting practices. Indeed, we fihdt firm-level monitoring mechanisms have
an effective role in shaping firms’ reporting qiyalafter a change in accounting standards.
Indeed, we document an increase in financial regpduality only for firms which have strong
board-based monitoring mechanisms irrespective hef ¢ountry of incorporation. Despite
country-specific institutional characteristics, nilevel monitoring mechanisms, i.e. board
composition, are a substantial determinant of fareireporting quality around IFRS mandatory
adoption. When we employ both the country-level &md-level partitioning variables, we find
an increase in financial reporting quality for stgomonitoring firms in weak legal enforcement
countries and a negligible increase for weak moim¢pfirms in a strong legal environment.
However, the latter effect is much larger for sgromonitoring firms in the strong legal

environment. Thereby, if firm-level monitoring meechsms are a substitute for the legal system
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when it is weak, firm- and country-level monitoringechanisms turn to be complements as the
latter gets stronger. Finally, when we take inteoat also time-changes in the level of
enforcement over financial reporting, we find oalynarginal and not significant difference in
financial reporting changes for strong versus waakitoring firms in countries that experience
an increase in the level of enforcement.

We also test whether firm-level corporate govereasgust the observable outcome of firm-
level reporting incentives to provide financialanhation of higher quality, with no additional
explanatory power, by allowing separate IFRS e$féat strong and weak monitoring firms and
within these two groups between firms with strong aveak reporting incentives. We find that
board monitoring intensity has an additional arffedent role in explaining financial reporting
changes around IFRS mandatory adoption. Our reardtsobust to the use of firm fixed effects,
alternative ways to measure firm-level corporateegonance mechanisms and financial reporting
quality metrics, and to the use of voluntary adogptes control sample.

Our paper contributes to the literature in two wajisst, to the best of our knowledge, this
is the first paper that provides evidence of tHe o board-based monitoring mechanisms into
the consequences of mandatory IFRS adoption. Ukimdpoard monitoring level as partitioning
variable, we capture firm-level heterogeneity imaficial reporting quality around IFRS
mandatory adoption. So far, research has expldredcaverage impact of IFRS adoption or has
focused on cross-country differences. Firm leveeltmgeneity is not so well explored. Only a
few papers try to explore this point (Byard et20)11; Daske et al. forthcoming), but they focus
only on firm level reporting incentives. Our resulshow that, despite the country of
incorporation and after controlling for firm-specifreporting incentives, firms can take
advantage from IFRS adoption to the extent theyptdsirong board-based monitoring

mechanisms. In doing so, we add to the literaturdRRS adoption that considers reporting
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quality stemming from the country-level legal itstional framework (Daske et al. 2008; Byard
et al. 2011; Landsman et al. 2012).

Second, the paper contributes to the growing lileeaon the interplay between firm-level
governance and country institutional charactesstithe findings point toward a substitution
effects between firm-level monitoring mechanisms aountry-level enforcement mechanisms
when the legal system is lax, while board monigrand legal enforcement complement each
other when the legal system gets stricter. In @eseour findings may help bridge the contrasting
evidence provided by Durnev and Kim (2005) and Beicet al. (2007) and suggest that

complementarity or substitution in firm- and coyrevel governance is contextual.

2.2 Related literature and predictions

Related literature

Extant research documents substantial economicefitenaround mandatory IFRS
adoption. Among other things, there are positiveketareactions to events associated with
mandatory IFRS adoption (Armstrong et al. 2010)jrenease in market liquidity and a decline
in the cost of capital (Daske et al. 2008; Li 2Q1Bigher information content of earnings
(Landsman et al. 2012), an increase in stock pnéermativeness (Beuselinck et al. 2009;
DeFond et al. 2011), an improvement in analystringtion environment (Byard et al. 2011; Tan
et al. 2011), and higher foreign investments (Barggn et al. 2009; Beneish et al 2010). While
the evidence consistently points towards positigital market effects around IFRS adoption,
results on the impact of IFRS on financial rep@rtquality are mixed and rather controversial.
Barth et al. (2008) find evidence of an increaseearnings quality while Ahmed et al.

(forthcoming) suggest that because of the prindjalsed nature of IFRS and the lack of
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implementation guidance, earnings quality decreasféet the mandatory adoption of IFRS.
However, theoretically, accounting flexibility caulbe used to increase accounting numbers
quality as well as to decrease financial reportjnglity.

Moreover, it is challenging to attribute capital ket or financial reporting quality effects
to the IFRS adoptioper se To the extent that the application of any sed@founting standards
provides insiders with substantial discretion, aesk stresses that firms’ reporting behaviors, and
hence the observed financial reporting qualitylikely to depend on countries’ institutional
frameworks, market pressures and firm-level charatics rather than to a change in accounting
standards (Ball et al. 2000; Leuz et al. 2003; Btalgler et al. 2006; Wysocki 2011). In this vein,
Christensen et al. (2012) argue that the aforeimead benefits are not fully ascribable to IFRS
mandatory reporting. Rather, to the extent thates&uropean Union (EU) countries have started
to make financial reporting enforcement mechanigigter around 2005, the documented
capital-market benefits may be caused by both &8BlEffect or by a change in enforcement
effect. Although it is a very difficult task to distangle them, they find an increase in market
liquidity around IFRS mandatory adoption only inefiEuropean countries that adopt stricter
accounting enforcement mechanisms concurrent VARSI mandatory adoption. This evidence
suggests that care is needed in interpreting dapaeket or financial reporting effects around
IFRS mandatory adoption.

To sum up, extant literature agrees that, by itseléhange in accounting standards, even
toward a supposedly higher quality set, does ndtemauch for a change in firms’ reporting
practices. Wysocki (2011) underscores the impodarcountry-level factors and firms specific
characteristics in shaping the effects of a chanofjeaccounting standards. Therefore, the
application of a common set of accounting standardsnlikely to generate similar outcomes in

term of financial reporting quality across diffetaountries and firms. So far, researches have
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focused only on the role of country-level instituts, while how and whether firm-level
characteristics and the interplay among countryfandcharacteristics shape financial reporting
outcomes have been rarely analyzed. Daske et @th¢bming) find that only firms that
experience a substantial change in their repotiticgntives are perceived to derive significant
capital market benefits while other firms that slito IFRS under a “tick-box” mentality do not
experience capital market benefits. These resultsirgerpreted as evidence that: (i) IFRS
mandatory adoptiorper se has little effect on firms reporting practicesi) (country-level
infrastructures do not to account for all firm-leheterogeneity in firm reporting quality.

However, there is considerable evidence suppottiadiypothesis that monitoring-oriented
boards increase financial reporting quality by, ésample, constraining earnings management
(Dechow et al. 1996; Klein et al. 2002; Peasnekle005; Faleye et al. 2011). Therefore the
board of directors and its monitoring intensity kcbdrive the change in financial reporting
quality around IFRS mandatory adoption. Althougéréhis widespread consensus about the role
of governance monitoring mechanisms on financigloreng quality, firm-level corporate
governance has received little attentfan previous research on mandatory IFRS adoptibis T
paper tries to fill this gap in the literature ayrahg the role of corporate governance on financial

reporting quality after the mandatory IFRS adoption

Predictions: Monitoring role of board of directorsand |FRS adoption
The idea underlying this paper is to exploit cresstional variation in board-based
monitoring intensity to examine heterogeneity maficial reporting quality changes around IFRS

mandatory adoption. So far, research shows sulmtastbss-sectional heterogeneity in the

15 Verriest et al. (2012) is an exception. Verrigsale(2012), focusing on a small sample of Europfirns, document a positive
association between the strength of firm-level ocae governance and firms compliance with the-firse IFRS adoption
requirements, providing early evidence on the aluaile played by firm-level monitoring mechanisrasJeast in the degree of
compliance at the first-time IFRS adoption.
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consequences of IFRS mandatory adoption. Evidehchamges of financial reporting quality is
mixed and controversial with several studies pomtioward an increase in accounting quality
(Barth et al. 2008, 2012; Gordon et al. 2009) wbileer papers suggest a decrease in accounting
quality (Ahmed et al. forthcoming; Atwood et al.1A). Indeed, managers can use accounting
flexibility either to convey critical informationrdo lower accounting quality. On the one hand,
Barth et al. (2008) purports that IFRS can imprageounting quality because principles-based
accounting standards are more difficult to be emmeented. On the other hand, their principles-
based nature and the lack of implementation guielgmmovide significant flexibility that can be
used to reduce accounting information quality.

In this context, governance monitoring mechanismas play a pivotal role in shaping
reporting quality. Firms under the scrutiny of sdlboards and managers may use the inherent
flexibility of accounting regulation to convey infoation of higher quality more than to increase
information asymmetries (Beyer et al. 2010). Acaogdo agency theory (Jensen and Meckling
1976), board independence, the independence dutieé committee and the financial expertise
of independent audit committee members reduce nesighfeeway thus increasing transparency
and financial reporting quality. There is considdeaevidence supporting the hypothesis that
monitoring-oriented boards constrain earnings memegt, thus increasing financial reporting
quality (Dechow et al. 1996; Klein et al. 2002; 8l et al. 2005; Song et al. 2010; Faleye et al.
2011). For example, Peasnell et al. (2005) shovegative effect of board independence on
earnings management. In a consistent manner, Saalg(@010) show that board independence
reduces the concern over the reliability of failueainformation.

More recently, there is evidence that points ouv e degree of financial expertise of
board members plays the major role in determiningnicial reporting quality, most likely by

making the board of directors more effective inrgiag out its monitoring duties (DeFond et al.
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2005, Krishnan et al. 2011). De Fond et al. (20€Qw that markets react positively to the
appointment of a financial expert on the audit cotte®. Moreover, Carcello et al. (2006) show
the importance of accounting expertise on finan@pbrting quality, thus corroborating the idea
that independence is not the only variable whictecd$ accounting quality. Overall, prior

research links firm-level corporate governance Wittiancial reporting quality. Hence, we posit

our first hypothesis:

H1: On average, firms with strong board-based nmmnig enjoy a larger increase in
financial reporting quality around IFRS mandatorgiaggtion than firms with weak board-

based monitoring.

According to the new institutional accounting the¢wysocki 2011), the outcomes of a
change in accounting standards are shaped botholtrg-level institutions and firm-level
characteristics, like the structure of board ofdiors, ownership structure or auditor quality.
According to Wysocki (2011), financial reportingtoomes are likely to depend both on macro-
institutions (e.g., capital markets’ regulation, rparate law prescriptions and the legal
enforcement) and micro-institutions (e.g., corpergdvernance). So far, literature highlights the
importance of countries’ legal frameworks for rdpa incentives by comparing across-
countries differences in the consequences of IF&R$ptaon with respect to a given outcome
variable while firm-level governance has not bexangined.

However, how firm-level corporate governance angntxy-level legal institutions interact
is still controversial. On the one hand, in cowgrwhere investors rights are stronger and better
enforced, capital markets are more developed, fpnastice better governance and are valued

higher than in less investor friendly countries (Rarta et al. 1997). A country institutional
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system frames firm-level corporate governancelaiteis that a firm decides to adopt (Doidge et
al. 2007), through its effect on the cost of impdeting governance practices. In contrast, in
weak investor protection countries, it could be riweexpensive for a firm to adopt strong

corporate governance mechanisms, as the pay-offd doel negligible. In stronger investor

protection countries, firms may expect more besefitom adopting strong governance

mechanisms as effective legal infrastructures malezonomically feasible to bond to good

governance. As a consequence, we may expect thetrrgmce and the strength of legal
enforcement complement each other in countries stittng regulatory oversight while there are
negligible effects in weak enforcement countries.

On the other hand, stronger and well-disciplinegoate governance mechanisms should
be more valuable and important in mitigating thgateve effects of an ineffective legal system
where the regulation is lax and investor rights weak and badly enforced (Durnev and Kim
2005, Chen et al. 2009). In such countries, indeedstors cannot rely on the legal system to
monitor insiders’ behaviors. In this vein, we maypect that governance complements the legal
system where the legal system is strong and sutestibuntry-level enforcement where it is lax.

However, the literature on the relation betweenntgulevel legal/institutional factors and
firm-level corporate governance mechanisms is #tifitative and provides mixed evidence.
Hence, it remains an empirical question as to How-fevel monitoring mechanism and country
level institutional factors jointly shape the comgences of IFRS mandatory adoption on

financial reporting quality. Our second hypothestated in the null form, is:

H2: The strength of country-level legal enforcemdoes not moderate the effect of board-
based monitoring mechanisms on financial reportinality after IFRS mandatory

adoption.
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2.3. Dataand research design

Sample selection

We start the sample selection procedure by idegtifrom Compustat Global all public
companies domiciled in Europe from 2002 to 2008. My&in accounting and market data from
Compustat Global, while analyst forecast and egsiiannoucement data from the I/B/E/S
international (split unadjusted) database. We elat@ firms in banking and financial industry
(SIC codes between 6000-6500), firms cross-listedhe U.S or following U.S. GAAP, and
require at least eight observations in each twa-d&&C grouping per year and country to
estimate accrual-based and real earnings managememics. We combine accounting and
market data with analyst forecast and earnings wermaent information from I/B/E/S used to
measure return and volume metrics. To be includetie sample, we require each firm to have
data available for at least one period before arelperiod after the mandatory adoption deadline
(i.e. fiscal years beginning on or after the Japudar2005). Finally, we require that each firm-
year observation have data necessary to calclHatevdriables used in the analysis.Next, we
identify mandatory IFRS adopters by retrieving mfiation on a firm’s accounting standards
followed from Compustat Global. We define mandatadppters those firms that do not adopt
IFRS until it becomes mandatdfy(i.e. fiscal-years beginning on or after 01/01/200These
restrictions yield a final treatment sample of ®4imandatory IFRS adopters firm-year
observations from 14 European countries from 2002008.

Then, we augmented the treatment sample with aa@ample of local GAAP firms from
countries that do not require IFRS reporting durthg test period for which we have the

necessesary data to calculate the variables usmdt ianalysis. This yields a final control sample

16 A firm is classified as mandatory IFRS adoptetthi data item “astd” in Compustat global doesewptal “DI” prior to fiscal
year beginning on or after January 1, 2005. Ifma fadopts IFRS after 2005, we drop it from the demp
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of 29,596 firm-year observations from 11 non IFRIS@ers countries from 2002 to 2008.

Table 2.1
Distribution of Observations by Country
Institutional Variables

. Adoption of
Country Firms-years . )
Mandatory IFRS Rule of Law  Proactive Review
reporting
IFRS adoption countrit
Austria 3 12/31/2005 1.8(1 ©)
Belgium 50 12/31/2005 1.4 (0) 0)
Switzerland 70 12/31/2005 201 0)
Germany 278 12/31/2005 1.7(Q) 1)
Denmark 56 12/31/2005 191 0)
Spain 95 12/31/2005 1.1 (0 0)
Finland 152 12/31/2005 191 1)
France 662 12/31/2005 1.3 (0 0)
United Kingdom 1,435 12/31/2005 16 (1 1)
Greece 22 12/31/2005 0.7 (0) ©)
Italy 222 12/31/2005 0.5 (0) (0)
Netherlands 87 12/31/2005 1.7 (1 (@H)]
Norway 123 12/31/2005 1.9(1 (@h)]
Sweden 221 12/31/2005 1.8(1 ©)
Total 3,476
Non-IFRS adoption countries
Canada 2,592
Chile 77
China 2,289
India 194
Indoneia 1,469
Japan 17,273
Korea 2,386
Mexico 149
Malaysia 1195
Thailand 659
Taiwan 1,313
Total 29,596

Table 1 reports the sample distribution. The treatment saogmprises 3,476 firm-year observations from 12 EU cdesiplus
Norway and Switzerland during the period from 2002 to 200& Tontrol sample comprises 29,596 firm-year observatiom 11
countries that do not require IFRS reporting oheréntire test period.

Finally, for each firm-year in the treatment sampie manually identify the composition

of the board from the annual reports, and extrafbrmation about each director role,
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independence status, service on board audit coseniind work experiences. Information about
directors’ primary occupation in these filings iem missing or incomplete. Hence, we collect
additional information from other sources (i.e. Btiax, Thomson One, LexisNexis). Data on the
ownership structure comes from Amadeus - BureawDsaok database.

Table 2.1 illustrates the sample distribution byrtoy. The number of observations varies
widely across countries: Austria has the lowest Imemof observations (3), and the UK has the
highest (1,435). In the fourth column we report ttadues of the legal enforcement variable
(Kaufman et al. 2007), which documents a substanéiaation in the legal enforcement across
the sample countries: Italy has the lowest valuBQ)Q and Switzerland has the largest (219).
the last column we report whether an IFRS adoptonntry has changed the level of

enforcement over financial reporting around IFRS\dadory adoption (Christensen et al. 2012).

Financial reporting quality metrics

Following Landsman et al. (2012), we capture mabested financial reporting quality
using the information content of earnings annoures@s operationalized with abnormal stock
return volatility and abnormal trading volume. Wanpute abnormal stock return volatility at
the earnings announcement dates as the ratio betweesvent window return volatility and the
non-event window return volatility. To estimate thearket model, we employ a non-event
window oft — 60 tot — 10 andt + 10 tot + 60, while the event window runs from-1 tot+1,

wheret is the earnings announcement date.

Ri=a,tB R t&; (1)

Where R is the stock return of firmfor dayt, and R is the equal-weighted return for all
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within country firms in the sample for dayDeFond et al., 2007), and andp; are firmi’s
market model estimates, each of which is calculdtgthg the non-event period. The estimated

coefficients of the market model are used to eg#@rdaily abnormal returns using the equation:

AR.= R~ (@ +BR,) )

Abnormal stock return volatility (AVAR) is the ratibetween the mean of the squared
market model abnormal returns (E[A®, and the variance of a firmismarket model residuals
during the non-event windovs{). To reduce the skewness, we take the naturatitbga (i.e.
AVAR = log(E[W%]/ 6%)).

We measure the abnormal trading volume (AVOL) a&srttio between the mean of the
event window volume (M and the mean of the non-event window trading m@yE[\]). Daily
volume around earnings announcement dateisvhumber of shares of firimtraded during day
divided by share outstanding of firmnat dayt-1, t =0 andt+1, wheret is the earnings
announcement day;;\fs the average daily trading volume for fiinfor dayst-60 tot-10 and
t+10 to t+60 relative to the I/B/E/S earnings announcemeté.dAs for AVAR, this ratio is
highly skewed, hence our measure of abnormal tgadolume is the natural logarithm of this
ratio (i.e., AVAL = log(E[Vi]/ E[Vi])). For AVAR and AVOL, higher values representigher
information content of earnings announcements amadna higher financial reporting quality.

We use a cross-sectional model of discretionaryuats, where for each year and country
we estimate the model for every industry classitigdits two-digit SIC code. In this way, we
partially control for industry changes in econona@nditions that affect total accrual while

allowing the coefficient to vary across groups (Dedr and Jiambalvo 1994). We estimate the
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modified cross-sectional Jones model (Jones 199dgscribed in Dechow et al. (1995):

TAy _ 1 N AREV . PPE;;
Assetg ! Assetg ; 2 Assetg 3 Assetg

* &t (3)

Where TA; is a firm’si total accruals in yedrand two-digit sic cod¢, measured as net
income before extraordinary items and discontinopérations minus operating cash flow;
Assets is a firm’si total assets in yedrl and two-digit sic codg AREVj; is the change in
revenues from the preceding year for firnm two-digit sic codg ; PPE; is the gross property
plan and equipment for firmin two-digit sic codg in yeart .!” The coefficient estimates from

equation (3) are used to estimate firm-specifiemadraccruals (NA) for the sample firms:

NA, =B+ p, BREVu TAARy o PPE, (4)
"7 Assets,, C 0 Assetsy Assets,

whereAAR;; is the change in account receivable from theqaheg year for firm in two-
digit sic codg. Our measure of discretionary accruals is thesgéfice between total accruals and
the predicted normal accruals from equation (4findd as DA;j = (TA/Assej.1) - NA . To the
extent that we do not predict any given direction dccrual-based earnings management, we
compute the absolute value of discretionary acsraatl refer to it as ABS_DA.

Following Roychowdhury (2006), we use the abnorteagl of cash flow from operation
(R_FCFO), the abnormal level of production costs RROD) and the abnormal level of

discretionary expenses to capture the manipulatforeal activities (R_DISC). We model the

17 To mitigate the undue influence of outliers, wasdrize all variables entering in the modified Jomodel at the 1st and 99th
percentiles.

57



normal level of cash flow from operations as adinénction of sales and change in sales.
Consistent with prior works, we estimate the follegvmodel for each country-year and industry

defined by its two-digit SIC code.

CFO ; SALES ASALES ;
ijt :,81 1 +,82 ijt . ijt -1 +£ijt (5)

Assetsijt 1 Assetsijt 1 Assetsijt 1 Assetsijt 1
Where CFQy is cash flow from operations for firmisin yeart and two-digit sic codg
SALES;j; is the net sales for firmisin yeart and two-digit sic codg ASALES;; is the change
in net sales from the preceding year for firin two-digit sic codg. Firms that engage in real
earnings management have a lower level of abnocasdl flow than do other firms. Hence, we
multiple the abnormal level of cash flow by minusepso that higher values represent higher
value of manipulation.
To estimate the normal level of production cosst five model normal cost of goods sold

(COGS) and inventory growtiA[NV) using the following linear functions:

COGS, _, 1 o SALES, ©)
Assets, , ' Assets,, ' °Assets,,
ANV, 1, ASALES,  ASALES,, 7)

3 ijt

1 2
Assetsy, Assets, Assetsy, Assetsy,

Using equations (6) and (7), we estimate the noreaal of production cost for each

country, year, and industry as follows:

PROD,, _ 1 SALES,
=B, +f, +f;

Assetsy, Assets, _; Assets; _; Assetsy, _;
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Where PROL is defined as the sum of the cost of goods soldiGS;;) and the change in
inventory AINV i) for firm’s i in yeart and two-digit sic codg SALESj; is the net sales for
firm's i in yeart and two-digit sic codg; ASALES j: is the change in net sales from the
preceding year for firmi in two-digit sic codej; The abnormal level of production costs
(R_PROD) is defined as the residuals from equa@nThe higher the residuals, the higher the
inventory overproduction, and the larger is theéase in the earnings by reducing the cost of
goods sold.

The normal level of discretionary expenses is melals

DISCX . SALES;
it _ ) 1 +B, ijt -1 re, (9)
Assets;, Assets;, Assets;;

Where DISCX;; is a firm'si discretionary in yeat and two-digit sic cod¢ , and it is
computed as the sum of advertising expenses, R&pereses, and Selling, General and
Administrative expenses. Abnormal discretionary engitures (R_DISC) is defined as the
residuals from equation (9). We multiply the resilduby minus one, such that higher values
indicate greater amounts of discretionary expeneliteutting to inflate earnings upward. Finally,
we aggregate the three real earning managemeniepromo two aggregate measures by taking
their sum. We compute REAL_1 as the sum betweewratal production cost and abnormal
discretionary expenses, and REAL_2 as the sum betwbnormal discretionary expenses and
abnormal cash flow from operations. Higher valubbaih these proxies suggest a higher level

of real earnings management.
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Cor por ate gover nance scor e

We capture the strength of board-based monitorieghanisms for each IFRS reporting
sample firm by combing six governance attributés abinary variable through a factor analysis
(Larcker et al. 2007; Song et al. 2010). To theseithat strong governance on manifold facets
reveals a stronger governance environment, ourypshould better summarize the overall
strength of a firm governance mechanisms thangesmeasure (Bushman et al. 2004; DeFond
et al. 2005). The six governance attributes incl{ideoard independence (INDEPENDENT), as
the number of independent directors divided by ®@aze; (2) a dummy variable (AUDIT) for
the presence of an audit committee; (3) audit cdtemisize (AUDIT_SIZE); (4) audit
committee independence (INDEPENDENT_AUDIT), as tmember of independent board
members serving on the audit committee over awdhtroittee size; (5) audit committee financial
expertise (FINANCIAL_EXPERT_AUDIT), as the numbeir audit committee members with
financial expertise divided by the size of the awdimmittee; (6) total percent shares held by
institutional investors (INST_OWNJ Such measures depict several attributes of a firm
corporate governance strength that we employ tesuredoard-based monitoring intensity.

Independent directors are believed to be willingstand up to the insiders and more
effective than non--independent directors in miiigg agency problems between insiders and
outside investors (Fama 1980). The audit commagterain duty is to oversee the financial
reporting process to guarantee the integrity ared dfedibility of financial reports. We first
consider: (1) the presence of an audit committeagRell et al. 2005), (2) the audit committee
size (DeFond et al. 2005), (3) its degree of inddpace (Klein 2002). Next, we consider the

financial expertise of its members (DeFond et 805). As recognized by the US Congress and

18 We do not include board size as a determinanh@fgovernance factor score for several reasonstatitre provides mixed
evidence on the effect of board size on monitoeffgctiveness. In addition, board size is highlyretated with firm size and, in
a cross-country sample it is subjected to the wdiffe national legislations. However, we do compilte factor score also
including board size. The results remain unchanged.
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the SEC, financial expertise is a necessary camdit ensure that the audit committee fulfils its
monitoring duties (SEC 2003b). To construct thisalde, we follow the DeFond et al. (2005)
and the SOX Section 407 definition of financial exfse in both the first version proposed and
in the last implemented by the SEC (SEC 2002, SBG32, 2003b, ). We read each board
member biographical sketch to classify each indéeeh director into one of the following
categories: (1) SOX financial experts as all dwextwho have financial expertise as defined in
the last version of SOX; (2) Nonfinancial experdisdirectors who do not meet the definition of
a SOX financial expert. Even if this coding regasirgome judgment, we strictly follow the
guidelines provided in the proposed and final SEEs. We label a director as a financial expert
if she has experiences as public accountant, audeO, controller, chief accounting officer
(these are inferred from the proposed rules byStE€) or has experience as CEO of executives
of a for-profit organization (these are drawn frtme final version of SOX implemented by the
SEC). Audit committee members with financial exjgertshould be more familiar with the ways
that earnings can be managed. On the contrary,udit @mmittee without financial expert
members may be largely ceremonial. Finally, we imisthe percentage of shares held by
institutional investors as they improve a firm amgte governance environment by constraining
insiders’ behaviour (Nesbitt 1994).

Table 2.2, panel A provides descriptive statistizsgovernance attributes. Next, we apply
a principal component factor analysis to the sixegpance attributes (Larcker et al. 2007; Song
et al. 2010). The first and primary factor exhilihe expected loadings (Table 2, panel B). The
factor analysis generates an eigenvalue of 3%@aich accounts for about 57.97% of the total
variance in the original variables. Table 2, paBelsecond column reports the Kaiser-Meyer-

Olkin measure of sampling adequacy. Each variabkssociated with a value greater than 0.6,

1 The second factor is associated with an eigenvafl0e9372. For this reason it is not retained.
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and the mean KMO value is about 0.759, indicativeg the GOVSCORE is able to capture well
the underlying common factor of the six individuariables. Panel C reports the descriptive
statistics for GOVSCORE. Due to the standardizatsuch a variable has mean 0 and standard
deviation of 1. Next, we take the firm-specific meaf GOVSCORE across the sample years,
and we create a binary variable (GOOD_GOV) basethersample median of the firm-specific
mean of GOVSCORE. Specifically, we classify firms with above samphedian value of the
firm-specific mean of GOVSCORE as strong board-Basenitoring firms (GOOD_GOV
equals to one).

Table 2.2
Descriptive Statistics for Governance Attributes

Panel A: Descriptive statistics

N Mean Std. Dev P5 P25 Median P75 P95
INDEPENDENT 3,724 0.347 0.216 0.000 0.200 0.333 0.500 0.714
AUDIT 3,724 0.635 0.482 0.000 0.000 1.000 1.000 1.000
AUDIT_SIZE 3,724 2.101 1.877 0.000 0.000 3.000 3.000 5.000
INDEPENDENT_AUDIT 3,724 0.412 0.382 0.000 0.000 0.500 0.75 1.000
FINANCIAL EXPERT_AUDIT 3,724 0.306 0.328 0.000 0.000 31 0.600 1.000
INST_OWN 3,724 0.556 0.497 0.000 0.000 1.000 1.000 1.000

Panel B: Governance factor score and sample adgquac

Factor Loading Coefficients Kaiser-Meyer-Olkin Measure of Sampling

Adequacy

INDEPENDENT 0.444 0.687
AUDIT 0.911 0.725
AUDIT_SIZE 0.861 0.795
INDEPENDENT_AUDIT 0.944 0.738
FINANCIAL EXPERT_AUDIT 0.877 0.806
INST_OWN 0.251 0.859
Variation Explained 57.97% Mean KMO = 0.759
Eigenvalue 3.478
Panel CDescriptive statistics of governance factor sc

N Mean Std. Dev P5 P25 Median P75 P95
GOVSCORE 3,724 0.000 1.000 -1.221 -1.149 0.215 0.877 1.466

Table 2, panel A reports descriptive statistics for the ooape governance variables for firms from IFRS adoptionntdes. Panel B
presents the results of the principal componenbfaanalysis. Panel C of the corporate governaacef score.
See APPENDIX II.B for variable definitions

2 |n this way we do not assume that board monitofitignsity does not vary over time. Instead ,weumssthat the cross-
sectional difference in board monitoring intensityoss firms does not. We relax this assumptitar End obtain similar results.
Note, however, that less than 6% of the firms in gample went from being classified as weak (strdrogrd-based monitoring
firms in the pre mandatory adoption period to beahgssified as strong (weak) board-based monitofings in the post

mandatory adoption period. Overall, board compmsitind thus monitoring intensity seems to be cgiéble over time.
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I dentification strategy

We investigate the impact of firm-level board moniitg intensity and the interactive effect
of firm-level board monitoring intensity and coupntevel legal enforcement on financial
reporting quality around IFRS mandatory adoption éyploying a panel dataset with an
extensive fixed effects structure. Our identifioatstrategy encompasses four steps. First, we use
a treatment sample of mandatory IFRS firm-year ndag®ns and a control sample of non-IFRS
firm-year observations. Specifically, our final gam consists of observations from European
Union countries that require IFRS reporting fronD20and countries that do not mandate IFRS
reporting over the entire test period. The usehef benchmark group allows us to take into
account global time-trends in financial reportingality metrics. Moreover, this approach allows
us to exploit both cross-sectional and time vasrain IFRS reporting to identify the change in
financial reporting quality metric in the pre- vess post-mandatory adoption period for
mandatory adopters relative to the change for #mecimark firms, thus taking into account
unobserved heterogeneity across firms or time-iamérselection bias. This issue may be
particularly severe in corporate governance refedw the extent that board composition is
endogenous. In our setting, there may be many msagw board composition and financial
reporting quality to be jointly determined by sommeobserved firm characteristics. If these
unobserved firm characteristics are time invaridrgn a design which exploits IFRS mandatory
adoption as an exogenous shock addresses simwitadetermination problems.

Second, we classify IFRS adopters firms with resgecthe strength of board-based
monitoring mechanisms, by using the factor scasmfa principal component factor analysis of a

comprehensive set of board and directors charatitsff. This should alleviate concerns about

2L Note that we do not collect data and thus do aditpning the control sample with respect to stie of firm-level corporate
governance, to the extent that our identificatiategy does not require to split the control adoag to the partitioning variables
used for the treatment sample (Christensen eDaR)?
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random measurement error of single corporate gawer metric as well as better identify the
overall strength of a firm governance mechanisnmak(t al. 2009). In the main analysis, we
focus on board monitorintevels by taking the firm-specific average of the factmross the
years. We further relax the assumption that cresfiemal differences in board monitoring
remain constant over time by allowing the boardedamonitoring mechanism metric to vary.

Third, we distinguish IFRS adopter countries actado both the historical strength of the
legal enforcement and changes in financial repgréinforcement concurrent to IFRS mandatory
adoption (Christensen et al. 2012). Following poesi studies (Daske et al. 2008; Byard et al.
2011) we first consider a cross-sectional measureapture differences in the quality of legal
enforcement. We use the Rule of Law (RULE_LAW) ahle for 2005 developed by Kaufmann
et al. (2007). Higher values represent countrieth wiricter enforcement regimes. We next
transform this measure (RULE_LAW) into a binaryighte (HIGH_LAW) based on whether a
country specific value is above or below the treattrsample country median. Then, to explicity
account for changes in accounting enforcement nmesimg aroud IFRS adoption, we follow
Christensen et al. (2012) and code up a binarabkri(PROACTIVE) marking countries that
have increased the strength of financial repontimeghanisms around IFRS mandatory, through
the introduction of the proactive review over fiogh statements (i.e. United Kingdom,
Germany, Finland, Netherlands and Norway).

The last element of the identification strategy sists of an extensive fixed-effects
structure. We include country, industry and sepayatar fixed effects for the treatment sample
and the control sample. This fixed effect structaltews to control for general trends or shocks
common to firms in the control and treatment sample given year while focusing only on time
variation in term of IFRS adoption within each gpowWe further check the stability of our

results replacing the countries and industry figéfdcts with firm-fixed effects. We thus propose
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the following estimation model (without firm andni& subscripts):
FRQ = By + B,IFRS + Y; B;CONTROLS; + ¥; B;FIXED EFFECTS; +y (10)

where FRQ (i.e. financial reporting quality) starfds the abnormal return variability,
abnormal trading volume, and the earnings managemetnics (accrual-based and real earnings
management). IFRS is a binary variable that takewalue of one for firms that apply IFRS only
when it becomes mandatory in 2005 for fiscal-ydmginning on or after 01/01/2005, and zero
otherwise. CONTROLS denotes the set of controlabdeis that differ according to the particular
dependent variable used, while FIXED EFFECTS regmisscountry-industry and separate year
fixed effects. In equation (10) we do not includelicator variables for the strength of board-
based monitoring mechanisms, legal enforcementheriticrease in the level of accounting
enforcement. Rather, in the empirical analysis de t® equation (10) a set of non-overlapping
binary variables to estimate separate IFRS effestéinancial reporting quality conditional on
board-based monitoring mechanisms, the legal eafoeat (and the changes) and the interaction
between the two.

When we exploit cross-sectional variation in theeleof board-based monitoring to
examine the marginal effect of firm-specific monihg intensity on financial reporting quality
around IFRS mandatory adoption, we propose theviillg model (without firm and time

subscripts):

FRQ = By + B1IFRSui6H cov + B2IFRSLow cov + z B;CONTROLS; +
J

Y. B;FIXED EFFECTS; +y (11)
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In this model, we replace the single IFRS indicdtom equation (10) with two non-
overlapping indicator variables for (i) firms ingtHFRS treatment sample with strong board-
based monitoring mechanisms (i.e. IFRSY cov), (i) firms in the IFRS treatment sample with
weak board-based monitoring mechanisms (i.e. [6R&ov).

When we explore the interplay between country-l@vstitutional characteristics and firm-
level board-based monitoring intensity, we instegglace the the single IFRS indicator variable
from equation (10) with four binary variables maudsi (i) firms from IFRS countries with strong
enforcement institutions and strong board-based itwramy mechanisms  (i.e.
IFRSHi6H_Law_HiGH_cov), (i) firms from IFRS countries with strong enf@ment institutions and
weak board-based monitoring mechanisms (i.e. HdRS aw _Low cov), (iii) firms from IFRS
countries with weak enforcement institutions anergy board-based monitoring mechanisms
(i.e. IFRSow Law HicH_cov), (iv) firms from IFRS countries with strong endfement institutions

and weak board-based monitoring mechanisms (IRSkw caw Low cov)-

FRQ = Bo + B1IFRShicH_Law_HiGH_Gov + B2/ FRSHIGH LAW_Low_Gov +

B3IFRS ow Law nicH cov + Bl FRS ow Law Low cov t 2 B;CONTROLS; +

Y BiFIXED EFFECTS; +y

(12)
Control variables
All the models include country-industry (using Gampbell (1996) industry classification)

and separate fixed effects and heteroskedastioityected standard errors, adjusted at firm-level
clustering (Gow et al. 2010). According to the finel reporting quality metrics used, we
include a set of controls variables. In the AVARIakiVOL regressions, we control for firm size

(SIZE) using the log of a firm total asset to cohtior the effect of firms’ size on financial
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reporting quality. We also consider firm leverag&Y) using the ratio between the end-of-year
total liabilities and the end-of-year book valueegfuity. As long as negative earnings are less
informative than positive earnings (Hayn, 1995),agetrol for loss reporting firms by including

a binary variable equals to one if the reportedhiegs per share per I/B/E/S is less than zero
(LOSS). We include also: the difference betweenatial earnings per share and the analyst
consensus earnings forecast before the earninggiao@ment, scaled by the closing price at the
fiscal year end to capture the uncertainty in thalyst information environment (AFE); the
standard deviation of analyst forecasts prior ®oghrnings announcement, scaled by the closing
price as the end of the year (DISPERSION); anddgarithm of the number of days between the
firm’s fiscal year end to the earnings announcen{&EP_LAG). We include the log of the
number of analyst forecasts made during the yeactount for the strength of the monitoring
carried out by analysts (FOLLOWING). Finally, wecaant for macroeconomic factors using the
log of the annual change in the ratio of stock readapitalization and gross domestic product
per capita ACAP/GDP), taken from the World Bank. This varialideused in international
research (Haw et al. 2004) to deal with unobsergedntry-specific factors that may be
associated with financial reporting quality.

In the accrual-based and real earnings manageregnessions, we control for several
factors that are associated with financial repgrtyuality. We control for firm size (SIZE). We
control for performance using return on assets (R@A& net income over the end of the year
total assets and LOSS. We include growth prospexdsthe percentage change in sales
(GROWTH) as there is evidence that it influencesiegs management (Barth et al. 2008). We
take into account debt-contracting motivationsdarnings management (DeFond and Jiambalvo
1994) using the end-of-year total liabilities diedl by the end-of-year book value of equity

(LEV), the percentage change in total liabilitif®BdSUE), and the percentage change in totoal
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equity (EISSUE). Turnover is computed as salesddwviby end of the year total assets (TURN).
We control for innate factors relating to the fisxdperating environment that are likely to be
associated with financial reporting quality (Hrikerd Nichols 2007). We include the variability
in operating cash flowss{FCFO)], variability in saleso(SALES)], both measured as a rolling
standards deviation over the past five years, amel length of the operating cycle

(OPER_CYCLE). Finally, we account for macroeconofaators using\CAP/GDP.

2.4. Results

Table 2.3 presents descriptive statistics for tagables used in the regression analyses.
The mean (median) of AVAR is 0.040 (0.065), white tmean (median) of AVOL is 0.412
(0.356). The mean (median) of the absolute dismmatly accruals is 0.059 (0.035), while the
average (median) for the aggregate real earningegement variables are -0.045 (-0.029) for
REAL_1 and -0.067 (-0.038) for REAL_2.

We start our empirical analyses by exploring therage change in financial reporting
quality, operationalized as the information contehtannual earnings announcements, around
IFRS mandatory adoption. Table 2.4, columns (1)r&orts the estimate coefficients and (in
parentheses) t-statistics from the estimation afadqgn (10) using AVAR and AVOL as
dependent variables. Consistenly with Landsmarl. é2@12), we find a significant increase in
both AVAR and AVOL. The control variables behaveexpected. Collectively, thes findings

corroborate extant evidence on the change in eggninformativeness around IFRS adoption.
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Table 2.3
Descriptive statistics for Variables Used in Regias Analyses

Variable N Mean Std. Dev P5 P25 Median P75 P95
AVAR 33,320 0.040 1.014 -1.588 -0.529 0.065 0.641 1.570
AVOL 33,320 0.412 0.823 -0.785 -0.083 0.356 0.851 1.815
ABS DA 33,320 0.059 0.086 0.003 0.015 0.035 0.072 0.197
REAL 1 33,320 -0.045 0.187 -0.359 -0.121 -0.029 0.048 0.213
REAL 2 33,320 -0.067 0.299 -0.566 -0.172 -0.038 0.073 0.319
SIZE 33,320 5.904 1.670 3.446 4,760 5.730 6.886 9.023
LEV 33,320 1.678 22.615 0.182 0.555 1.096 1.967 5.136
LOSS 33,320 0.168 0.374 0.000 0.000 0.000 0.000 1.000
AFE 33,320 0.387 8.054 0.002 0.026 0.090 0.156 0.823
DISPERSION 33,320 3.419 321.508 0.000 0.001 0.007 0.011 640.3
REP_LAG 33,320 3.975 0.379 3.332 3.784 3.912 4.127 4.710
FOLLOWING 33,320 0.000 26.447 -26.764 -14.237 -4.976 6.375 44.801
ROA 33,320 3.593 11.047 -8.585 0.986 3.446 7.243 16.801
GROWTH 33,320 25.280 316.464 -18.615 0.137 11.469 25.327 .2488
DISSUE 33,320 20.247 84.230 -26.484 -4.925 6.928 23.980 9792.
EISSUE 33,320 2515.759 44,9194.500 -11.430 1.036 6.100 .5583 61.982
OPER_CYCLE 33,320 172.360  3500.141 30.754 73.571 114.972 59.039 254.427
TURN 33,320 1.071 0.624 0.296 0.664 0.946 1.331 2.297
o(CFO) 33,320 66.212 249.591 1.550 4.885 12.424 37.383 £b2.6
6 (SALES) 33,320 329.902 1,340.159 5.123 18.895 53.203  9141. 1,298.545

Table 3 reports descriptive statistics for the dependentbles and the continuous and binary independent vasaljlae treatment
sample comprises 3,476 firm-year observations from 12 Euhties plus Norway and Switzerland during the period fr@®22o 2008. The
control sample comprises 29,596 firm-year observatiomfid countries that do not require IFRS reporting over thé@etest period. See

APPENDIX A for variable definitions.

See APPENDIX I.A for variable definitions

Next, we examine the effectiveness of the boarddicéctors monitoring intensity in

determining financial reporting quality around IFRfandatory adoption. We claim that stronger

board monitoring is likely to enhance the credipiand integrity of firms’ financial reports. As a

result, we expect that, irrespective from the courdf incorporation, firms which bond

themselves under the scrutiny of a more monitodngnted board should be associated with an

increase in financial reporting quality relativefions for which the boards are less monitoring

oriented To do this, we replace the IFRS indicator with twam-overlapping indicator variables.

One for firms in the IFRS treatment sample witlosty board-based monitoring mechanisms (i.e.

IFRS4icH_cov), and one for firms in the IFRS treatment sampligh wveak board-based
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monitoring mechanisms (i.e. IFRSv cov). Table 2.4, columns (3)-(4) report the estimated
coefficients and firm-level clustered adjustedatistics from the estimation of equation (11),
using AVAR and AVOL as dependent variables. In ib#nmodels, we find that only mandatory
IFRS adopters with strong board-based monitoringchaeisms experience an increase in
financial reporting quality once IFRS became maedg.201, p < 0.001; 0.282, p < 0.001,
respectively), while firms for which board of diters are poor monitors do not experience a
significant change in financial reporting practie@eund IFRS mandatory adoption. Overall, our
results show that, by itself, IFRS adoption haselieffect on firms’ reporting behavior. By
contrast, we find that board-based monitoring memas have an effective role in shaping
firms’ reporting quality after a change in accongtstandards.

In the last two columns of table 2.4, we relax #&ssumption that firm-level corporate
governance monitoring intensity is costant overetiby allowing our firm-level corporate
governance indicator to vary over time. Specificalle add to equation (10) a variable that takes
the value of zero in the pre-IFRS mandatory adopgieriod, and the values of GOVSCORE in
the post-IFRS mandatory adoption period. We alptaoe the country-industry fixed effects with
firm fixed effects to better account for time iniant unobservable heterogeneity across firms. By
this analysis, we intend to test whether IFRS aglsptirms that make board-based monitoring
mechanisms stricter yield an higher increasesnanitial reporting quality than firms that do not
experience such change. Irrespective from the dkEpenvariable we employ, we document an
higher increase in financial reporting quality foms that experience an increase in board-based

monitoring intensity.
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Table 2.-
OLS regressions on AVAR and AVOL conditional an-fevel board monitoring intens

1) @) Q) 4) () (6)
AVAR AVOL AVAR AVOL AVAR AVOL
IFRS 0.154%* 0.198* - - 0.129 0.367**
(5.257) (2.248) (0.798) (3.770)
IFRSHiGH_cov - - 0.210%* 0.282%* - -
(4.091) (3.160)
”:RSLOW_GOV - - 0.078 0.117 - -
(1.536) (1.297)
IFRSz00pGoV - - 0.081* 0.071%
(2.455) (2.865)
F-Test (p-values)
IFRSi6H_cov = IFRSow_cov - - 0.019 0.000 - -
IFRS = |FR$OODGOV - - - - 0.076 0.000
SIZE 0.059%* -0.041 % 0.055%** -0.042%** 0.109%** -0.053**
(4.468) (-12.814) (4.336) (-13.029) (4.148) (-2.487)
LEV 0.000 -0.000 -0.000 -0.000 -0.001 -0.001
(-0.341) (-1.040) (-0.268) (-0.938) (-0.281) (-1.416)
LOSS -0.086*** -0.017 -0.093*** -0.019 -0.110% -0.082%
(-3.855) (-1.182) (-3.357) (-1.334) (-4.420) (-4.075)
AFE 0.000 0.001* -0.000 0.001 -0.000 0.001*
(0.072) (1.757) (-0.692) (1.569) (-0.723) (1.907)
DISPERSION -0.000%** -0.000 0.055 0.025 0.000 -0.000
(-3.503) (-1.161) (1.297) (1.117) (1.115) (-1.635)
REP_LAG -0.023 -0.199%** -0.023 -0.198** 0.029 -0.152%
(-0.374) (-15.859) (-0.376) (-15.743) (0.813) (-5.113)
FOLLOWING 0.000 -0.000** -0.000 -0.001** -0.001 -0.001
(0.099) (-2.113) (-0.223) (-2.441) (-1.300) (-1.496)
AGDP/CAF 0.370%* 0.149%* 0.376** 0.143*** 0.442%** 0.082*
(3.745) (8.452) (3.803) (8.014) (8.854) (2.236)
COSTANT 0.162 1.6171%* 0.244 1.589%* -0.603*** 1.418%*
(0.607) (10.216) (0.885) (10.298) (-2.837) (8.074)
Country fe Yes Yes Yes Yes No No
Industry fe Yes Yes Yes Yes No No
Firm fe No No No No Yes Yes
Year fe Global & EU Global& EU Global & EU Global & EU Global & EU  Global & EU
Observations 33,072 33,072 33,072 33,072 33,072 33,072
R-squared 0.032 0.036 0.033 0.037 0.292 0.344

See APPENDIX ILA for variable definitions. In patheses are reported t-statics based on robusdaterrors that are clustered at firm
level.
*** ** and * denote significance at 1% , 5% and%0levels (two-tailed), respective

However, partitioning the sample only with respextfirm-level corporate governance

mechanisms does not account for cross-sectionfa@relifces in the legal frameworks within EU
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member states. This variation is likely to shapeithpact of a change in accounting standards on
financial reporting quality, beyond firm-level claateristics. To the extent that existing research
stresses the importance of a country legal enfoegoéror reporting incentives, we now replace
the IFRS indicator with two non-overlapping binargriables marking: firms in the treatment
IFRS sample from countries with a strong legal ssdment (i.e. IFRQcH 1aW), and firms in
the treatment IFRS sample from countries with akMegal enforcement (i.e. IFR&y Law).
This approach allows us a benchmark with prioristidndeed, if IFRS mandatory adoption has
different effects across countries in function bé tlegal enforcement, we should observe an
increase in the information content of annual ew®iannouncements only in strong legal
enforcement countries. Table 2.5, columns (1)-@ports the coefficients and firm-level
clustered adjusted t-statistics. For both AVAR &\WDL the coefficient on IFR&w Law is not
significant, while the estimated coefficient on By AW is in the positive and significant
(0.167, p < 0.001; 0.220, p < 0.050, respectevely).

We now examine the interplay between country-lemati firm-level board monitoring
intensity. So far, we show that strong board-baseditoring mechanisms can substitute for lax
legal enforcement. Nevertheless, we cannot detlg ¢orrect inferences about the effectiveness
of board monitoring as a substitute of the legatesy from prior analyses. First, almost 67 per
cent of the strong-monitoring firms come from sgoenforcement countries, thus the results
from the estimation of prior models could be drivany by strong-monitoring firms which also
come from these countries. Most importantly, weehevtest whether, holding constant the legal
environment, strong monitoring firms behave in fiedent fashion from weak monitoring firms
to assess that firm-level monitoring mechanismssttube for country-level monitoring
mechanisms. Still using our panel fixed effectciire to disentangle the effect of concurrent

events around IFRS adoption, we now present thdtseom the estimation of model (12) to
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compare the changes in financial reporting quaditpong four groups of firms: (i) strong
monitoring firms in a strong legal enforcement) (leak monitoring firms in a strong legal
enforcement; (iii) strong monitoring firms in a vkekegal enforcement; (iv) weak monitoring
firms in a weak legal enforcement.

Table 2.5, columns (3)-(4) reports the estimatiesutts. Consistent with the substitution
effect between firm-level and country-level monimgr mechanisms, we find an increase in the
AVAR and AVOL for strong monitoring firms in wealkedal enforcement countries (0.245, p <
0.001; 0.209, p < 0.050, respectively), while ngngicant change for weak monitoring firms in
the weak legal enforcement countries. Most impaligakeeping fixed the the legal enforcement,
i.e. comparing the changes in financial reportimgldy for firms that are forced to switch to
IFRS in the same weak legal environment betwe@mgtversus weak monitoring firms, we find
that the difference between the changes of thegwaps is significant for both AVAR and
AVOL (p < 0.001; p < 0.100, respectively). In otlveords, strong monitoring firms are able to
separate themselves from weak monitoring firms weak legal environment, and are thus able
to enhance reporting quality further once IFRS amandated. Turning to strong legal
environment countries, we document an improvemerftniancial reporting quality for strong
monitoring firms for both AVAR and AVOL (0.201, p &001; 0.301, p < 0.001, respectively),
while for weak monitoring firms the increase in ARAand AVOL is just slightly above the
conventional level of significance. However, th&aence between the changes of these two
groups is significance only for AVOL (p < 0.100).

Finally, we split strong legal enforcement courdria two groups to account for time-

variant differences in the level of enforcemenfioancial reporting (Christensen et al. 2012).
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OLS regressions on AVAR and AVOL conditional an-fével board monitoring intensity and country-lHegal enforcemel

Table 2.!

(1) @) @) (4) ®) (6)
AVAR AVOL AVAR AVOL AVAR AVOL
IFRSHiGH_Law 0.1667+* 0.220%
(4.965) (2.473)
IFRS.ow_Law 0.10¢ 0.14¢
(1584) (1517)
IFRSHIGH Gov_HIGH_LAW - - 0.201%* 0.301%*
(5.035) (3.305)
IFRS.ow_cov HiGH_Law 0.10¢ 0.11¢
(1.585) (1.253)
IFRSHiGH_cov_Low_Law 0.245++* 0.209* 0.236%+ 0.210*
(3313) (2.135) (3217) (2.151)
IFRSLow Gov Low_Law 0.03¢ 0.1 0.02¢ 0.12!
(0531) (1.246) (0.402) (1.266)
IFRSHIGH GOV_HIGH_LAW proactive - - 0.203* 0.305%*
(5.287) (3332)
IFRS.ow_cov_HIGH_LAW_proactive 0.198%* 0.14¢
(2.802) (1573)
IFRSHIGH_ GOV Low_LAW non_proactive 0.157* 0.278*
(2.104) (2.266)
IFRS.ow_cov Low_LAW non_proactive -0.264* 0.01z
(-2.599) (0.117)
F-Test (p-values)
IFRSueH Law = IFRSow Law 0.342 0.073 - -
IFRSui6H_cov_HiGH_Law = IFRSow_cov HiGH_Law 0.401 0.079 -
IFRSui6H_cov_Low_Law= IFRSow_cov_ Low_Law 0.000 0.084 0.000 0.084
IFRSH6H_Gov_HiGH LAW._proactive™ IFRS.ow_Gov_ HIGH_LAW_proactive 0.931 0.200
IFRSH6H_Gov_ HIGH LAW non_proactive” IFRS.ow_Gov HIGH LA non_proactiv 0.000 0.009
SIZE 0.055%+ -0.040%+* 0.055%* -0.041%+ 0.055%* -0.041 %+
(4402 (1276  (4378)  (12929)  (4342)  (-12.939)
LEV -0.000 -0.000 -0.000 -0.000 -0.000 -0.000
(0295)  (L028) (0295  (0.985) (0289  (-0.984)
LOSS -0.092x+* -0.019 -0.087x+* -0.016 -0.086*** -0.016
(3201 (1343)  (3939)  (L137)  (388)  (-L131)
AFE -0.000 0.001 0.000 0.001* 0.000 0.001*
(0687)  (L570) (0.062) (1.760) (0.061) (1.759)
DISPERSION 0.055 0.025 -0.000%+* -0.000 -0.000%* -0.000
(1276) (L12%6)  (3490)  (1169)  (-3489)  (-1.169)
REP_LAG -0.024 -0.198*+* -0.022 -0.198%+* -0.023 -0.199%+*
(0391)  (15700)  (0.355) (15801  (0.374)  (-15.83)
FOLLOWING -0.000 -0.000** -0.000 -0.000%* -0.000 -0.000**
(0.068)  (2247)  (0.068)  (2301)  (0.008  (-2.249)
AGDP/CAP 0.373** 0.147%* 0.373%** 0.139%* 0.377%* 0.142%+
(3.747) (8.207) (3.799) (7.802) (3.850) (7.882)
COSTANT 0.158 1.591 %+ 0.199 1.584% 0.563* 1.575%*
(0577) (10015  (0.716)  (10201)  (L924)  (10.107)
Country fe Yes Yes Yes Yes Yes Yes
Industry fe Yes Yes Yes Yes Yes Yes
Year fe Global & EU  Global & EU  Global & EU  Global & EU  Glob&l EU  Global & EU
Observations 33,072 33,072 33,072 33,072 33,072 33,072
R-squared 0.032 0.036 0.033 0.037 0.033 0.037

See APPENDIX II.A for variable definitions. In patheses are reported t-statics based on robusdatherrors that are clustered at firm level.
*** ** and * denote significance at 1% , 5% and%0levels (two-tailed), respectively.
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We thus replace the IFRS indicator variable in nhgd®) with six binary variables
marking: (i) weak monitoring firms in a weak legaiforcement; (ii) strong monitoring firms in a
weak legal enforcement; (iii) weak monitoring firnis a strong legal enforcement countries
without a change in the level of enforcement; @®Wong monitoring firms in a strong legal
enforcement countries without a change in the le’ehforcement; (v) weak monitoring firms in
a strong legal enforcement countries with a chaingthe level of enforcement; (iv) strong
monitoring firms in a strong legal enforcement doms with a change in the level of
enforcement. Table 2.5, columns (5)-(6) reportsdestmation results. Of course, the estimated
coefficients for firms in weak legal enforcementuntries remain stable as long as the
composition of the groups identified by these iathe variables does not change. Looking at
firms in strong legal enforcement countries withauthange in the level of enforcement over
financial reporting, we find an increase in both A% and AVOL only for strong monitoring
firms. On the contrary, for firms incorporated ittomg legal enforcement countries with an
increase in the level of enforcement aroud IFRSdatory reporting, the difference in change
between strong and weak board-based monitoringsfismot significant for both the dependent
variables (p = 931; p = 0.200, respectively). THas#ing suggests that the effectiveness of firm-
level governance in shaping the effect of a changeccounting standards decrease in the level
of enforcement.

So far, we have explored the effect of firm-levebmitoring mechanisms around IFRS
mandatory adoption on the information content ofueh earnings announcements to test whether
board monitoring affects the investors’ assessroérthe reliability of the outcomes of firms’
financial reporting process. As noted by DeFondlef2007), the information content of annual
earnings announcements is an earnings attribudegyr affected by the reliability of accounting

information. Since earnings for firms that engaggslin earnings management are more reliable,
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in the sense that such earnings are more liketlepoct firms’ underling performances (DeFond
et al. 2007; Bamber et al. 2011), we should obsardecrease in abnormal accruals after IFRS
mandatory adoption only for strong board-based mang firms, irrespective from the country
of incorporation. In addition, to the extent thafimm may substitute accrual based earnings
management with real earnings management, we almiee the impact of IFRS mandatory
adoption on real based earnings management.

Table 2.6, presents the results from the estimatibrequation (10) using ABS_DA,
REAL 1 and REAL_2 as dependent variables Columni(3)l report results without
distinguishing firms on the basis of legal enforeatnor board monitoring intensity. Overall, it
appears that the advent of mandatory IFRS (coefficon IFRS) has a negligible effect on
ABS_DA (-0.014, p < 0.100) and do not translateo imore real earnings management, as
proxied by higher REAL_1 and REAL_2. To investigtte issue further, we now partition IFRS
mandatory adopters on the basis of board monitenitapsity (Columns (4)-(6)). The coefficient
on IFRSow cov is not statistically significant for ABS_DA, REAIL and REAL_2. In contrast,
the coefficient for IFRSeH cov is negative for ABS_DA (-0.015, p < 0.050) andipes for
both REAL_1 and REAL_2 (0.043, p < 0.001; 0.0365 ©.001, respectively). Hence, there
seems to be a trade-off between accrual managdtass} and real earnings management (more)
in firms with strong board monitoring following tlaelvent of IFRS.

Overall, results from table 2.6 show that, bylftd6RS mandatory adoption has little if no
effect on firms’ reporting behavior. By contrask Wind that board monitoring mechanisms have
an effective role in shaping firms’ reporting qiyalafter a change in accounting standards. The

next analysis investigates this issue further.
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Table 2.6

OLS regressions on accrual and real earnings manegget conditional on firm-level board monitoringentity

1) @ ®) @) ©) ©) () ©) ©)
ABS DA REAL 1 REAL 2 ABS DA REAL 1 REAL 2 ABS DA REAL 1 REA 2
IFRS -0.014* 0.035 0.025 -0.013 0.059* 0.038
(-1.912) (1.044) (0.814) (-1.558) (2.025) (1.427)
IFRSHiGH_Gov - - - -0.015% 0043+ 0.036™ - . .
(-2.117) (5.372) (2.616)
IFRS.ow_cov -0.0L¢ 0.02( 0.00¢
(-1.492) (1.559) (0.380)
IFRSs00n60v - - - -0.001 0.022+* 0.031%
(-0.423) (2.937) (3.955)
F-Test (p-values)
IFRSHicH_cov = IFRSow_cov 0.208 0.067 0.030 - - -
IFRS = |FR$00DGQ\/ - 0.092 0.006 0.015
SIZE 0,008 0,007 0.013* -0.009%+* 0.0071 0.013* 0.025%+ 0.034*+ 0.041%
(-16.114) (4.939) (5.350) (-16.089) (1.639) (1.859) (80 (5.084) (4.299)
ROA -0.001+* -0.001# -0.000 -0.001%+ -0.0009 -0.000 001  -0,002%*  -0.002**
(-4.379) (-2.438) (-0.244) (-4.380) (-0.870) (-0.068) 92) (-7.190) (-4.781)
GROWTH 0.000* -0.000* -0.000 0.000* -0.0000* -0.000 0.000 0.000 -0.000
(1.934) (-1.822) (-1.120) (1.934) (-1.955) (-1.639) (Tp2  (-1.266) (-1.069)
LEV -0.000 0.000 0.000 -0.000 0.0001 0.000 -0.000 0.000 .00
(-0.539) (1.275) (1.289) (-0.544) (1.312) (1.481) (-0)735  (1.610) (1.212)
DISSUE 0.000% -0.001* -0.000 0.000%+  -0.0001** -0.00 0.000% -0.000 0.000
(6.033) (-2.466) (-0.681) (6.033) (-4.894) (-0.560) (8p8  (-0.366) (0.070)
EISSUE -0.000%*  -0.000%* -0.000 -0.000%*  -0.0000%* -0000 -0.000"*  -0.000%*  -0.000"*
(-5.148) (-15.653) (-0.261) (-5.117) (-9.626) (0.172)  4.681) (-2.875) (-3.699)
OPER_CYCLE 0.000 0.000x 0.000*+ 0.000 0.0000*  0.006* 0.000 -0.000 -0.000
(1.333) (4.625) (4.765) (1.333) (6.223) (3.952) (L2 1483 (-0.532)
TURN 0.006* 0.084%+ 0.119* 0.006**  0.0839** 0119+ 0.014% 0.002 -0.008
(4.770) (18.019) (15.017) (4.765) (13.805) (5.892) (2959  (0.342) (-0.713)
LOSS 0.019= 0.033* 0.025% 0.019%+  0.0326** 0.025 0016%* 0.005* 0.000
(8.859) (8.152) (3.781) (8.863) (3.101) (1.265) (8.507) .709) (0.069)
o (SALES) -0.000 0.000* 0.000* -0.000 0.0000* 0.000 0.000 0.000* (1)1
(-1.619) (2573) (L.707) (-1.605) (1.808) (1.703) (0.687)  (1.699) (2.480)
o(CFO) 0.000% -0.0017*  -0.000%  0.000"*  -0.0001**  -0.000**  0.000** -0.0007*  -0.000%*
(7.295) (-5.933) (-5.590) (7.289) (-3.717) (-4.942) (@B5  (-3.606) (-2.877)
AGDP/CAP -0.002 0.017% 0.075% -0.002 0.0172 0.076 0.001  -0.013% 0.031%
(-0.869) (3.249) (7.626) (-0.907) (1.242) (1.564) (0.373)  (-2.108) (3.007)
COSTANT 0.106* 04429 0,368 0.105%  -0.4313**  -0.356"*  0.184* -0.251%*  -0,286™*
(7.235) (-8.172) (-6.873) (7.056) (-8.852) (-4.331) (@81  (-6.089) (-4.928)
Country fe Yes Yes Yes Yes Yes Yes No No No
Industry fe Yes Yes Yes Yes Yes Yes No No No
firm fe No No No No No No Yes Yes Yes
Year fe Global & EU  Global & EU  Global & EU  Global & EU Global & EU  Global & EU  Global & EU  Global & EU  Glob&l EU
Observations 33072 33,072 33,072 33072 33,072 33072 07233, 33072 33072
R-squared 0.229 0.111 0.090 0.229 0.111 0.090 0.559 0.780  8470.

See APPENDIX II.A for variable definitions. In partheses are reported t-statics based on robusiatherrors that are clustered at firm
¥ ** and * denote significance at 1% , 5% and%0levels (two-tailed), respectively.

Table 2.7, columns (1)-(3) present the estimatiesults using the strength of the legal

enforcement as partitioning variable (HIGH_LAW). dppears that most of the IFRS effect
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derives from firms subject to stricter legal entarent, as none of the coefficients for
IFRS ow 1AW are statistically significant at conventional éés/ (such coefficient would capture
the effect for firms under weak legal enforcemelnt)contrast, the coefficient for IFR@H AW

is negative for ABS_DA (-0.015, p < 0.050) and pigsifor both REAL_1 and REAL_2 (0.058,

p < 0.001; 0.052, p < 0.01, respectively). Henberd seems to be a trade-off between accrual
management (less) and real earnings managemerg)(mdirms under strong legal enforcement
following the advent of IFRS. Finally, we examinbet interplay between country-level
enforcement and firm-level monitoring mechanismsuad IFRS mandatory adoption also for
accrual-based and real earnings management metiatde 2.7, columns (4)-(6) presents the
results from the estimation of equation (12) ushB8S DA, REAL_1 and REAL_2 as dependent
variables, We find a decrease in ABS DA for stromgnitoring firms in weak legal
enforcement countries (-0.026, p-value<0.001). Kkeppfixed the strength of the legal
enforcement, i.e. comparing the changes in ABS_DBrAfifms forced to switch to IFRS in the
same legal environment between strong versus wegltoning firms, we still find a significant
difference (p < 0.100). We also document a decreageBS DA for mandated adopters with
strong monitoring in strong legal enforcement cdest while the decrease is lower for weak
monitoring firms in the same legal environment &hnel difference between the changes is not
significant. For the real earnings management otuwe find an increase in both REAL_1 and
REAL_2 only for strong board-based monitoring firmsstrong legal enforcement countries. To
sum up, if firm-level corporate governance is assite for the legal system when it is weak,
firm and country-level monitoring mechanisms turbe complements as the latter gets stronger.
Firm-level monitoring mechanisms seems to mattestmaen they are scarce, that is in weak
legal enforcement countries as long as the imprewenm financial reporting quality for strong

monitoring firms relative to weak monitoring firnsslarger in lax legal environment.
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Tahle 2.7

OLS regressions on accrual and real earnings manwge conditional on firm-level board monitoringensity and country-level legal enforcement

@ 2 @) @ ©) ® ) ®) ©)
ABS DA REAL 1 REAL 2 ABS DA REAL 1 REAL 2 ABS DA REAL 1 REA 2
IFRSHiGH Law -0.014* 0.044% 0.039=
(209 (G5) (238
IFRS.ow Law -0.01% -0.00(0 -0.02«
(1545) (0014  (-L259)
|FRSHIGH_GOV_H\GH_LAW - - -0.015% 0.058%* 0.052+*
Q0  65)  (378)
IFRS.ow Gov HiGH_LAw -0.015 0.01% 0.00¢
(1917 (L0 (0639)
IFRSHi6H_cov_ Low Law 0,026 -0.02% -0.03 -0.026"* 0,020 -0.03:
(335 (1248 (139  (333) (1245 (142
IFRS.ow_cov_Low_Law -0.01¢ 0.01( -0.02 -0.01¢ 0.011 -0.02
(1320 (0660 (122 (129 (070  (1315)
IFRSHIGH_GOV_HIGH_LAW _prozcive - - - -0.015% 0,057+ 0,054+
(2105)  (645)  (38%9)
IFRS.ow_Gov. HigH LW proactive -0.011 0.014 0.00¢
(1279 (%) (058
IFRSHiGH_Gov_Low_Law _non_prozctive 0.020% 0,071 0.01¢
(-3.299) (2.800) (0.566)
|FRSLOW_GOV_LOW_LAW_n0n |_proactive -0.00¢ 0.0 0.00(
(-0.965) (0.319) (0.008)
F-Test (p-values)
IFRSycH_Law = IFRSow_Law 0.56 0.00 0.00% - -
IFRSHi6H_cov_HisH_Law = IFRS.ow_ov_HieH Law 0.90¢ 0.00( 0.00:
IFRSn_cov_Low_Law= IFRS.ow_cov_Low Law 0.08: 0.011 0.53 0.081 0.01! 0,53
IFRSHiGH_Gov_HIGH_LAW_proactive™ IFRS.ow_Gov_HiGH LAW proactive 0.31¢ 0.00( 0.00:
IFRSHiGH 0V HIGH LW non proactiv= IFRS.0W GOV HIGH LW non proactv 0.002 0.03! 0.05¢
SIZE -0.009% 0.007 0.013* -0.010% 0.007 0.013¢ -0.010%* @o7 0.0131*
(16115  (L64) (L8  (7756)  (L63) (1859 (mD) (L6 (L&)
ROA -0.001+* -0.001 -0.002 -0.000% -0.001 -0.000 -0.0017  -0.001 -0.0001
(4376) (0879 (0075  (3869) (0874  (007)  &B) (0875  (0.07)
GROWTH 0.000* -0.000% -0.000 0.000= -0.000* -0.000 0.000% 000 -0.0000
L934) (1959  (LeA) (L8 (L7 (164) (B8 (L) (L64)
LEV -0.000 0.000 0.000 -0.000 0.000 0.000 -0.000 0.000 0.0001
(0540) (1265  (L4%)  (0697)  (L174  (L403)  (OF2 (L173)  (L40%)
DISSUE 0.000%+ -0.000* -0.000 0.000% -0.000%* -0.000 0.006+* -0.000%* -0.0000
(603) (4910 (0569 (6555 (4900 (0563 (K5 (4905  (O562)
EISSUE -0.000%*  -0.000% -0.000 -0.000%  -0.000%+* -0.000 <0000 -0.000%+* -0.0000
(5145) (959  (0.16)  (47%0) (959  (0.183  .80) (9590  (0.189)
OPER_CYCLE 0.000 0.000% 0.000%+ 0.000* 0.000%+ 0.000%+ 0.000* 0000*+* 0.0000+
(L33)  (626) (%4 (L8 (6215  (3%5 (180 206  (3959)
TURN 0.006** 0.084% 0.119% 0.003* 0.084%* 0.119%* 0.003* 0.084%* 0.1187%
(4769  (13810)  (58%)  (234) (13767  (5880)  (232) (13754  (5.885)
LOSS 0.019* 0,033 0.024 0.019* 0.033** 0.025 0.019*+ 0033*+* 0.0248
8858 (31000 (1266 (8645 (3100  (L265) (864  .108)  (1266)
o (SALES) -0.000 0.000* 0.000* 0.000 0.000* 0.000% 0.000 0.000% 0000
(1623 (186) (A7) (1) (8L (L7 (018 1en)  (L715)
o(CFO) 0.000%* -0.000%  -0.001%+* 0.000%+ -0.000%  -0.000% * 0.000% -0.000%  -0.0001*+*
(729 (3703 (4918 (600§ (3705  (4%27) (800 (3700  (4910)
AGDPICAP -0.002 0.018 0.076 0.004* 0.019 0.078 0.004* 0.019 0.0781
(080)  (L27)  (157) (2249  (L38) (L9 (23 131)  (159)
COSTANT 0.106** 04490 0,379 0.132%+ 0428 -0.361% * 0.131% -0.428"  -0.3535%*
(7269 (9537  (4718) (943  (895) (4413  (9M0 (7008  (-3760)
Country fe Yes Yes Yes Yes Yes Yes Yes Yes Yes
Industry fe Yes Yes Yes Yes Yes Yes Yes Yes Yes
Year fe Clobal& EU  CGlobal& EU  Global & EU  Glohal & EU  Glob& EU  Global & EU  Global & EU  Global & EU  Glohal & EU
Observations 33072 33072 33072 33072 33072 33072 33072 33072 0733,
R-squared 0.229 0.111 0.090 0.202 0.112 0.090 0.202 0.112 0.090

See APPENDIX I1.A for variable definitions. In paheses are reported t-statics based on robusdatherrors that are clustered at firm level.
*** ¥ and * denote significance at 1%, 5% and%tOlevels (two-tailed), respectively.
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2.5. Additional analysis

Monitoring versusreporting incentives hypothesis

This paper exploits cross-sectional variation ie thoard-based monitoring intensity to
examine heterogeneity in IFRS mandatory adoptiorsequences on financial reporting quality.
We rely on agency theory to partition the sampleoating to board monitoring intensity, under
the assumption that board structured to be effectratchdogs of insiders’ behaviors are more
likely to provide financial information of higheruglity to reduce agency costs. We examine
neither why firms should adopt strong monitoringchrnisms, nor whether the decision to adopt
such mechanisms is the observable outcome of Bporting incentives. Indeed, a firm decision
to bond itself to the scrutiny of strong board-lmhsgonitoring mechanisms may follow from a
particular set of reporting incentives. More praliie firms with greater needs for external
financing and higher growth opportunities shoulgiehatrong incentives to provide more reliable
financial information to providers of finance. Arfi may try to adopt bonding mechanisms, for
example corporate governance ones, to credibly dormohto expropriate investors, especially if
the comes from a lax legal system. If this argunineids, we should observe an improvement in
financial reporting quality after IFRS mandatoryoption for firms with strong reporting
incentives, despite the presence of strong boasdebanonitoring mechanisms. In this case,
corporate governance is just an observable outcontle,no additional explanatory power. To
explore this issue, we replicate our main analysesugmenting the models with a reporting
incentives partitioning variable. Specifically, cihering only the IFRS treatment sample, we
apply a factor analysis to the following variabl&ZE, LEV, ROA, GROWTH. The first factor
(out of two which are retained) exhibits the expdclbadings and we use it as our “reporting

incentives” variable. Following Daske et al. (fartiming), we calculate the reporting incentives
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variable as a rolling average over the previousdlyears (i.e., yeatst-1, t-2). Next, we subtract
for each firm the rolling average in yeat from the rolling average in ye&3 relative to the
yeart of IFRS adoption. Finally, we create a binary vialea(REP_INCENTIVES) based on the
sample distributions of the changes around IFR®tmln Firms with above sample median
value of “reporting incentives” are classified adrosg reporting incentives firms
(REP_INCENTIVES equals to one). Table 2.8, pang@résents the estimation results. For sake
of brevity we report only the coefficients on thariable of interests even if the estimation results
stem from the full model with the set of controkiahles. We find that only strong board-based
monitoring firms exhibit an increase in AVAR and AN, and a decline in ABS_DA,
irrespective of the reporting incentives althoulgl improvement in all three measures is stronger
for those firms that hold also strong reportingeimitves.

Most importantly, we do not find a decline in ABSAxand an increase in AVAR and
AVOL for firms that have strong reporting incentivéut do not adopt strong board-based
monitoring mechanisms. Together, these results esigipat our proxy for board monitoring
intensity it is not just the observable outcomea gfiven set of reporting incentives. Rather, it has
an additional and different role in explaining firtgal reporting changes around IFRS mandatory
adoption. Interestingly, when we examine real esymimanagement, we document an increase in
REAL_1 and REAL_2 only for strong board-based mumniig firms with low reporting

incentives.
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Table 2.8
Monitoring versus reporting incentives

1) (2) 3 4 ()
AVAR AVOL ABS DA REAL 1 REAL 2
|FREHIGH_GOV_HIGH_HIGH_REP_INC 0.185% (0.295% -0.016* 0.03( 0.02¢
(4.400) (3.052) (-2.291) (0.893) (0.836)
IFRSLow_Gov_HIGH_HIGH REP_INC 0.02 0.08i -0.00¢ 0.02 0.02:
(0.614) (0.933) (-1.255) (0.582) (0.632)
|FREHIGH_GOV_LOW_LOW_R EP_INC 0.179% 0.269% -0.015* 0.063 0.052°
(2.732) (2.981) (-2.094) (1.750) (1.665)
IFRSLow_cov_ Low Low Rep_INC 0.098’ 0.15: -0.013’ 0.073* 0.074*%
(1.934) (1.607) (-1.853) (1.976) (2.157)
F-Test (p-values)
IFRSi6H_cov_HicH_rRer_inc= IFRS ow_cov HIGH_REP_INC 0.06: 0.00: 0.81 0.72i 0.88
IFRSHicH ov Low rRer N IFRSow cov Low Rep_INc 0.5 0.03° 0.37° 0.61- 0.29¢
Constant 0.328 1.599%* 0.124% -0.129%+ -0.202%
(0.868) (10.366) (9.992) (-2.660) (-4.183)
Country fe Yes Yes Yes Yes Yes
Industry fe Yes Yes Yes Yes Yes
Year fe Global & EU Global & EU Global & EU Global & EU Globél EU
Observations 33,072 33,072 33,072 33,072 33,072
R-squared 0.021 0.037 0.206 0.092 0.069

See APPENDIX II.A for variable definitions. In paieses are reported t-statics based on robusdaterrors that are clustered at firm level.
**x % and * denote significance at 1% , 5% and%0levels (two-tailed), respectively.

2.6. Robustness checks

In this section, we present the results of a battérobustness tests. All the results of the
robustness checks are untabulated but are avaitalobethe authors upon request.

1. To the extent that 2005 is the year of the mangiawitch to IFRS, we replicate all the
analyses after excluding the transition year. Resuk unchanged.

2. United Kingdom firms represent almost 34 percenthaf sample. We replicate all the
analyses after excluding United Kingdom. Resuléscansistent with those reported.

3. We test whether the results are robust to the tiséieynative measures of accrual-based
and real earnings management. We measure the adnaorking capital accruals as in

DeFond and Park (2001) and inferences are unchahgeddition, we use the abnormal
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4.

5.

accruals adjusted for firm performances (Kotharalet2005), results are qualitatively
unchanged. We also use alternative proxies for eaahings management following
Cohen et al. (2012) who adjust real earnings manage models by controlling for
firms’ performances and the results are consisthtthose reported in the paper.

We use the earnings response coefficient as amnatitee proxy for the earnings
informativeness. Inferences are unchanged.

We replace the industry-country fixed effects de with firm-fixed effects to better
absorb time-invariant unobservable heterogeneitysadirms. Results are unchanged.
The empirical results of this paper rely on thdigbof the board monitoring proxy (i.e.
GOOD_GOV) to partition the sample into strong belaaded monitoring firms and weak
board-based monitoring firms. If the approach usedclassify observations fails to
properly capture the strength of firm-level monigrmechanisms, reported findings may
be misleading. As a result, we replicate all thealgses employing alternative
identification schemes:

i. the extent firm level governance may be affecte@ lgyven country corporate law
and securities legislation. Hence, we first sphe tsample into four groups
according to a country legal origin (i.e. Frenchnglo-Saxon, German,
Scandinavian). Then, for each of these groups, ake firms in the upper 20
percent of the firm-specific mean of GOVSCORE aatitekem as strong board-
based monitoring firms. Results are unchanged. &kcate all the analyses using
GOVSCORE instead of GOOD_GOV and the results aresistent with those
reported;

i. firm-level corporate governance may change oveetitout it evolves slowly.

Therefore, we do not focus on board monitorofgangesbut, rather, on board
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monitoringlevels under the assumption that cross-sectional diffee in terms of
board monitoring remain constant over time whitenfspecific board monitoring
intensity may vary. Indeed, less than 6 percerirofs in the sample went from
being classified as weak (strong) board-based mwomg firm in the pre
mandatory adoption period (i.e. 2004) to beingwfeesd as strong (weak) board-
based monitoring firms in the post mandatory adwoptperiod (i.e. 2006).
However, we replicate all the analyses after takmg account the fact that some
firms may be misclassified between the pre and [FRE adoption. Specifically,
we do two separate factor analysis for the yeard283d 2006 with the same
variables used to define GOVSCORE. Then, we rendegBOOD_GOV equals to
one if a firm is above the sample median in botb428nd 2006, zero if it is below
the median in both the years. In the other casessfare excluded from the

sample. Results are consistent with those repantde paper.

2.7. Conclusions

This paper revisits the joint effect of countrydévegal enforcement and firm-level

governance on the quality of financial reportingingl a large sample of firms adopting IFRS,

we find that firms evolving in weak legal enforcamheountries enhance their earnings quality by

building up their board-level governance monitorifdnis suggests that in weak enforcement

countries, firm-level board monitoring and counlegyel legal enforcement are substitute

governance mechanisms. In contrast, in countriéis stiong legal enforcement, firms with weak

board monitoring may still see an improvement imegys quality but it is smaller than for firms

with strong board monitoring. This finding sugget$tat in strong enforcement countries, firm-
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level board monitoring is actually a complementggvernance mechanism to country-level
institutions. Overall, our findings suggest thaRB- adoption by itself does not much affect

earnings quality and that any such effect is coonil upon firm- and country-level governance.
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Appendix |I.A: Variable definitions

Variable Definition

GOOD_GO\ Binary variable equals to one for firm in tiIFRS-treatmen
sample if the firm-specific mean of the factor scaf the
governance attributes is above the sample mediang z
otherwise.

HIGH_LAW Binary variable equals to one if the “Rudé¢ Law” variable for
the year 2005 (Kaufmann et al., 2007) is above dhmple
median of the treatment sample, zero otherwise.

PROACTIVE Binary variable equals to one if a treatthsample country that
introduce the proactive review process of finanstatements
around 2005, zero otherwise.

IFRS Binary variable equals to one for firms thaplg IFRS only
when it becomes mandatory in 2005 for fiscal-ydaginning
on or after 01/01/2005, and zero otherwise.

IFRShiGH_cov Binary variable equals to offor firms with IFRS reporting witl
strong corprate governance (i.e. GOOD_GOV equals to «
only when it becomes mandatory in 2005 for fiscadus
beginning on or after 01/01/2005, and 0 otherwise.

IFRS ow cov Binary variable equals to one for firms with IFR&orting with
weak corporate governea (i.e. GOOD_GOV equals to zel
only when it becomes mandatory in 2005 for fiscaduys
beginning on or after 01/01/2005, and 0 otherwise.

IFRSHiGH_Law HIGH Gov Binary variable equals to one for firms with IFR&orting with
strong corporate governance (i.e. GOOD_GQV eqoabsé) in
countries with strong legal enforcement (i.e. HIGAW
equals to one) only when it becomes mandatory 052fr
fiscal-years beginning on or after 01/01/2005, @matherwise.

IFRShiGH Law Low cov Binary variable equals to offor firms with IFRS reporting witl
weak corporate governance (i.e. GOOD_GOV equalzeto)
in countries with strong legal enforcement (i.e GHI_LAW
equals to one) only when it becomes mandatory 052fr
fiscal-years beginning on or after 01/01/2005, @rudherwise.

IFRS ow _taw HiGH_cov Binary variable equals to one for firms with IFR&orting with
strong corporate governance (i.e. GOOD_GOV equrlsni)
in countries with weak legal enforcement (i.e. HIGAW
equals to zero) only when it becomes mandatoryO52for
fiscal-years beginning on or after 01/01/2005, @rudherwise.

IFRS ow_taw_Low cov Binary variable equals to one for firms with IFR&orting with
weak corporate governance (i.e. GOOD_GOV equalzetn)
in countries with weak legal enforcement (i.e. HIGAW
equals to zero), only when it becomes mandator0i®5 for
fiscal-years beginning on or after 01/01/2005, @matherwise.
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IFRSqi6H_Law

IFRSow Law

IFRSHi6H_LAW_HIGH_GOV_proactive

IFR SHIG H_LAW_LOW_GOV_proactive

IFR S_OW_LAW_HI GH_GOV_non_proactive

IFR SLOW_LAW_HI GH_GO_non_proactive

AVAR
AVOL

ABS_DA

Binary variable equals to one for firms with IFRScountries
with strong legal enforcement (i.e. HIGH_LAW equ#dsone)
only when it becomes mandatory in 2005 for fiscadus
beginning on or after 01/01/2005, and 0 otherwise.

Binary variable equals to one for firms with IFR&orting in
countries with weak legal enforcement (i.e. HIGH W/Aequals
to zero) only when it becomes mandatory in 2005fiwral-
years beginning on or after 01/01/2005, and 0 eatiser

Binary variable equals to one for firms with IFR&orting with
strong corporate governance (i.e. GOOD_GOV eqoabsie) in
countries with strong legal enforcement (i.e. HIGAW
equals to one) and introduce the proactive reviescgss of
financial statements around 2005 (i.e. PROACTIVHEiatg to
one) only when it becomes mandatory in 2005 faraliears
beginning on or after 01/01/2005, and 0 otherwise.

Binary variable equals to offor firms with IFRS reporting witl
weak corporate governance (i.e. GOOD_GOV equalzeto)
in countries with strong legal enforcement (i.e GHI LAW
equals to one) and introduce the proactive reviescgss of
financial statements around 2005 (i.e. PROACTIVkiatg to
one) only when it becomes mandatory in 2005 ferdi-years
beginning on or after 01/01/2005, and 0 otherwise.

Binary variable equals to one for firms with IFR&orting with
strong corporate governance (i.e. GOOD_GOV eqoabsie) in
countries with strong legal enforcement (i.e. HIGAW
equals to one) and do not introduce the proactergew
process of financial statements around 2005 (ROARCTIVE
equals to zero) only when it becomes mandatoryO52for
fiscal-years beginning on or after 01/01/2005, @matherwise.
Binary variable equals to one for firms with IFR&orting with
weak corporate governance (i.e. GOOD_GOV equalzeto)
in countries with strong legal enforcement (i.e GHI LAW
equals to one) and does not introduce the praactview
process of financial statements around 2005 (RORCTIVE
equals to zero) only when it becomes mandatoryO52for
fiscal-years beginning on or after 01/01/2005, @rudherwise.
Abnormal return variability computed as in ldsman et al.
(2012).

Abnormal trading volume computed as in Landamat al.
(2012).

Absolute value of discretionary accruals eomed as in
Dechow et al. (1995).
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REAL_1

REAL_2

SIZE

LEV

LOSS

AFE

DISPERSION

REP_LAG
FOLLOWING
ROA

GROWTF
DISSUE

TURN
o(CFO;

o (SALES)

OPER_CYCLE
ACAP/GDF

Sum of the abnormal level of production &mel abnormal level
of discretionary expenses (time minus one), bothputted as in
Roychowdhury (2006).

Sum of Abnormal level of discretionary expes (time minus
one) and the abnormal level of cash flow (time meinne), both
computed as in Roychowdhury (2006).

Natural logarithm of total assets at the beigig of the year.
End of the year total liabilities divided by endthé year equit
book value.

Dummy variable equals to one if the actuahiegs per share is
less than zero, zero otherwise.

Earnings surprise, defined as the difference betvibe actua
earnings per share and the analyst consensus gafoirecast
before the earnings announcement, scaled the glgsine at
the fiscal year end.
Standard deviation of analyst earnings forecasisr fio the
earnings announcement, scaled by the closing pscthe end
of the year.

Logarithm of the number of days betweenfitme's fiscal year
end to the earnings announcement.
The logarithm of the number of analyst that follaviir during
the year of the earnings announcement.

Net income before extraordinary items dividgdie end of the
year total assets.

Percentage change in sa

Percentage change in total liabilities didicby end of the year
equity book value.

Sales divided by end of year total assets.
Standard deviation of the operating cash flow, messk ovel
the previous 5 year.

Standard deviation of the sales, measoket the previous 5
year.

The operating cycle in days.

Logarithm of the annual change in the ratio of Istotarket
capitalization and gross domestic product per aapit
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Appendix |1.B: Governance attributes definitions

Variable Definition

BOARD SIZE Number of board members.

INDEPENDENT Number of independent directors overmher of board
members.

OUTSIDERS Number of outsiders directors over nunuidroard members.

INSIDERS Number of insiders directors over numifds@ard members.

FINANCIAL EXPERT
ACCOUNTING
AUDIT

AUDIT_SIZE
INDEPENDENT_AUDIT

OUTSIDERS_AUDIT
INSIDERS_AUDIT

FINANCIAL EXPERT_AUDIT

ACCOUNTING_AUDIT

Number of financial expert indepent directors over number
of board members.
Number of accounting expert independent directoker
number of board members.
Dummy equals to 1 if the board has set umadit committee, 0
otherwise.
Number of board members serving on the audit cotaa
Number of independent directoes\dang on the audit committee
over number of board members serving on the aodinuttee.
Number of outsiders directors segvion the audit committee
over number of board members serving on the aodinuttee.
Number of insiders directors serviog the audit committee
over number of board members serving on the aodinuttee.
Number of independent direcs financial expert serving on the
audit committee over number of board members sgreimthe
audit committee.
Number of independent directorscaanting expert serving on
the audit committee over number of board membeandregon
the audit committee.
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Chapter 3

Cross-listing and Firm Information
Environment: Does SOX Section 302 Have
any Material Effect?

3.1 Introduction

Previous literature suggests that by cross-listingthe U.S. firms are bonding
themselves to more extensive disclosure requiresn&SEC scrutiny and a tighter threat of
litigation that jointly foster corporate transpacgnand the quality of the firm information
environment. This paper examines whether crogsgisbenefits on the firm information
environment vanish if the financial reporting presesuffers by internal control deficiencies
according to the Section 302 of the Sarbanes-O&lety(SOX302, hereafter). By using the
properties of analyst forecasts as a proxy forfittme information environment (Lang et al.
2003a; Arping and Saunter forthcoming), we show thass-listed firms disclosing internal
control deficiencies do not have a better inforeratenvironment and do not differentiate
themselves from their home-country peers, but after the first disclosure on internal
control deficiencies according to SOX302. Secon&, a@ocument that cross-listed firms
experience an improvement in the information emmnent if they remediate to previously

disclosed internal control deficiencies. Finallye whow that these results hold only for firms
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domiciled in countries with weak legal institutionshile cross-listed firms from countries
with strong legal institutions do not experiencesignificant change in the quality of the
information environment once they became crosedistrespective from the disclosure of an
internal control deficiency. Our results are robiesstidjustments to potential endogeneity of
cross-listing decision and to unobservable factelated to the disclosure of internal control
deficiencies. Overall, our findings support the dipesis that the quality of the firm
information environment increases following crossithg only if cross-listed firmgffectively
commit themselves to higher levels of corporategparency, and not merely in name just
mimicking the adoption of stricter rules (SiegeD3D

Previous literature shows an enhancement of infoom&nvironment following cross-
listing in the U.S. (Lang et al. 2003a), suggesthmag by cross-listing a firm credibly commits
to achieve a higher level of corporate transparerenpss-listing is associated with an
improvement in firm corporate governance becaubernts the firm to a greater transparency,
which should reduce the potential diversion of ficash flow to managers and controlling
shareholders (Coffee, 1999). Lombardo and Pagad@Rj2argue that cross-listing adds value
because the greater transparency increases thagwéks of both international and local
investors to commit capital and Lang et al. (2008apw that firms cross-listed in U.S.
markets are bonding themselves to an increasetl déisclosure and scrutiny. However, a
growing literature suggests that cross-listed fidasot behave in the same fashion once they
became cross-listed, and hence do not get the gayreff from cross-listing to the extent that
reporting incentives of cross-listed firms arel stilaped by institutional characteristics of their
home countries (Licht et al. 2003; Siegel 2005;4.2006).

Since 2002, firms listed in U.S. markets are subpto SOX, which strengthens the

credibility of listings in the U.S. as a bonding chanism (Piotroski and Srinisavan 2008).
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According to SOX302 firms have to disclose any o&sed deficiencies in internal control
systems over financial reporting. Through this ldisare, firms reveal the quality of their
financial information, allowing capital markets threctly infer the reliability of financial
reporting. The disclosure of internal control deficies is a signal that the financial reporting
process is scanty, making financial informatioriafer quality (Kim et al. 2009). Literature
suggests that SOX302 is useful for investors téebetvaluate cost of capital and earnings
guality (Beneish et al. 2006; Ashbaugh-Skaife eP@08; Ashbaugh-Skaife et al. 2009; Doyle
et al. 2007a).

Using a sample of 913 cross-listed firm-year obagons, this paper exploits internal
control deficiency disclosures under SOX302 to esplhe existence of heterogeneity in the
information environment benefits stemming from erbsting. The most compelling
challenge of our research design is that the aoloti SOX302 occurs at the same time for all
firms listed in U.S. stock markets. To ascertaiattheneral trends or concurrent factors
unrelated to SOX302 disclosures affect the firnoinfation environment of cross-listed firms,
we employ as benchmark group all firms listed iaitthome market but not in the U.S. In
addition, we employ propensity-score matching medElancis et al. 2010; Lawrenee al.
2011) to take into account differences in firm-cuteristics between cross-listed and non-
cross-listed firms while estimating SOX302 disclesureatment effect. Our analyses
encompasses both changes and cross-sectionalegsotests.

In the first step of the empirical analysis we ekathe effect of the first disclosure of
internal control deficiency according to SOX302ngsa difference-in-difference design. We
classify cross-listed firms with respect to the teon of the first disclosure on internal control
deficiencies and then we compare the change in ififiormation environment metrics for

cross-listed firms that will not disclose intermalntrol deficiencies and for cross-listed firms
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that will disclose internal control deficienciestiwithe change for the control sample of non
cross-listed firms around the time of the first S8D& disclosure.

Next, we exploit data from 2002 to 2006, to examthe average effect of the
disclosure of internal control deficiency accordingSOX302 on the information environment
of cross-listed firms relative to the full contrehmple of non cross-listed firms and to the
propensity score matched sample.

In the third step of the empirical analysis, weraige the change in the information
environment of cross-listed firms after the disal@sof a remediation of an internal control
deficiencies according to SOX302, using as benckrtia sample of non cross-listed firms
and cross-listed firms that never disclose intdrooatrol deficiencies. Finally, we examine
the effect of the disclosure of internal controlficiency according to SOX302 on the
information environment of cross-listed firms cdiahal on the legal and enforcement
characteristics of their home countries.

Our study contributes to the literature on crossrg. Extant research outlines that
firms that cross-list in the U.S. experience sevieeaefits in terms of cost of capital (Hail and
Leuz 2008, 2009) share price informativeness (Fetes and Ferreira 2008), higher valuation
(Doidge et al. 2004), and information environmelpang et al. 2003a). In this paper, we
analyse the information environment effects stengniiom cross-listing in relation with the
ability to properly adopt more stringent laws. Weedtly test the bonding hypothesis used to
explain cross-listing benefits and find evidencat tthe benefits in terms of firm information
environment are not homogeneous across all cregitlifirms. The magnitude of these
benefits depends on the adoption of adequate adteomtrols over financial reporting: firms
that only mimic the adoption of stricter rules laséormation benefits, being not different

from their home-country peers.
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Our paper contributes also to the literature onetffiects of SOX. Cohen et al. (2008)
show an increase of earnings quality after SOXlaed (2010) find evidence supporting less
aggressive earnings practices. Begley et al. (2608)v a temporary increase of the accuracy
of analyst forecast once SOX came into force. Kirale(2009) investigate the effect of SOX
Section 404 disclosures for U.S. firms. They fidwdhtt firms disclosing internal control
deficiencies have a poor analysts information emrrent, consistently with the notion that
effective control systems enhance the quality ddlyst forecast. A concurrent paper by
Arping and Saunter (forthcoming) studies the immdc8OX on cross-listed firm’s reporting
transparency. They adopt a research design sitoitiiat used in this paper and find that, over
time, cross-listed firms experience a decreasdenlével of opaqueness larger than for not
cross-listed firms. This implies that, relativedontrol firms, cross-listed firms became more
transparent. However, they do not exploit the imfation on internal control deficiencies to
examine heterogeneity in the information environtmefiflects stemming from cross-listing.
We add to this literature the evidence that thdidedn the level of opaqueness depends on

financial reporting quality and hence it is not laganous across all firms.

3.2 Related literature and predictions

Cross-listing

Extant research shows that cross-listing in the. WoSters capital market scrutiny,
increases the availability of information of higlwgrality and, consequently, enhances the firm
information environment. Baker et al. (2002) fifdhtt around the time of cross-listing firms
have more visibility, as measured by analyst andlian&€overage. Lang et al. (2003a)

document an increase in analyst forecast accunadyiraanalyst coverage following cross-
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listing. Lang et al. (2003b) show that earningslityjaés higher for cross-listed than for not
cross-listed firms. Bayley et al. (2006) explaie treater volatility and trading activity around
earnings announcements following cross-listing wéhsubstantial change in the firm
information environment. Fernandes and Ferreir®§28how that share prices of cross-listed
firms incorporate firm-specific information in a meoaccurately and timely manner than not
cross-listed peers, while Goto et al. (2009) findttthe time-series properties of share returns
change when a firm cross-list and experiencesge lahange in disclosure. Hope et al. (2012)
find that voluntary disclosures of cross-listedmfsr are positively associated with analyst
forecast accuracy. This suggests that cross-listmakes voluntary disclosure a viable
mechanism for improving the firm information enviroent. All these findings support the
idea that, by cross-listing, foreign firms increas®porate transparency and experience an

enhancement in the information environment.

SOX disclosure

Since 29 August 2002, all SEC filers, and foreigm$ that trade by way of ADR
levels 1I-111, have to comply with SOX302. SOX302quires management (i) to evaluate the
effectiveness of firm internal controls over finalaeporting, (ii) to certify the accuracy of
the outcomes of the financial reporting process3,t@ disclose any discovered internal control
deficiency? in the internal controls (SEC, 2062)Through SOX302 disclosures, financial
market can directly infer the reliability of finaatreporting on a regular basis (Beneish et al.

2006). Research shows that the presence of inteordtol deficiencies is associated with

22 Internal control deficiencies are categorized ititcee groups according to the degree of severihatérial weakness”,
“significant deficiency”, or “deficiency”

B S0OX Section 404 (SOX404) is related to SOX302tiequires that the management should certifyefifiectiveness of the
internal control systems in the annual SEC fili(8@2), and that the external auditor confirms tragement assessment of
internal control effectiveness (404). For foreigrmb accelerated filers (cross-listed on Level-tidaLevel-lll ADRs)
SOX404 became effective for fiscal years endingoafter July 15, 2006.

96



lower earnings quality (Doyle et al. 2007b; Ashdda8kaife et al. 2008) and a higher cost of
capital (Ashbaugh-Skaife et al. 2009). Kim et &0d9) find that the quality of internal
controls is positively associated with forecastusacy and analyst following, while Begley et
al. (2007) show a temporary increase in the pracisif the public information after the
adoption of SOX. These findings suggest that SOX&ARRvs investors to discriminate across
firms with respect to the reliability of financiahformation while, before its adoption,
investors could rely only on private information iodirect measures as abnormal accruals
(Doyle et al. 2007a). To sum up, extent researdviges evidence that SOX302 disclosures
help to directly assess the quality of financiapaing and affects a firm information

environment.

SOX disclosure and cross-listing

Research on SOX disclosures for cross-listed firsnstill germinal. These studies
examine whether SOX adoption is beneficial for srlisted firms with respect to their home
country peers and U.S. listed firms. Gong et aD1@@ show that SOX302 disclosures
provided by cross-listed firms have less power riedt earnings quality than disclosures
provided by U.S. firms. This result implies thatX63D2 is less useful for cross-listed than for
U.S. firms to separate high quality earnings firfimesn low quality firms. The same authors
(Gong et al. forthcoming) also argue that crogedidirms are less likely to report an internal
control deficiency than U.S. firms. Arping and Swaart (forthcoming) document that cross-
listed firms became less opaque than their homatopéirms once SOX404 came into force.
Berger et al. (2011) document an incremental legading benefit following the adoption of

SOX for cross-listed firms.
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Cross-listing effects on firm information environmeare explained with the bonding
theory (Coffee 1999, 2002; Stultz 1999): crossHgsin the U.S. provides an effective means
for firms domiciled in weak investor protection cdues to credibly commit to increase
corporate transparency as they voluntary subjesmngielves to U.S. security law and SEC
enforcement. The stronger capital market and eafoent scrutiny triggers an increase in the
availability of information of higher quality andnleances firm information environment.
According to the bonding theory, these benefitbfolas a mechanic legal consequence that a
firm experiences just for renting the U.S. legislat In this vein, studies about SOX effects on
cross-listed firms are based on the underlying menthat the consequences of SOX
disclosures are homogenously distributed acrossrafis-listed firms. These studies do not
take into account that cross-listed firms might dmaracterized by effective or ineffective
internal controls, and hence similar levels of cogbe transparency. SOX302 disclosures
make information on the adequacy of internal adrgystem common knowledge, allowing
investors to discriminate across firms with resgedhe reliability of the financial reporting.
As a result, extant research misses to examinehwheross-listed firms have achieved the
same level of transparency and hence the sameéyqumfirm information environment once
the became cross-listed.

Indeed, it is unlikely that all cross-listed firmashave in the same fashion once became
cross-listed and hence get the same pay-off fraas Ibng as the legal framework is only one
factor that shape firms’ behaviors (Holthausen 20Q®uz (2006) provides preliminary
evidence that cross-listed firms with different @sship concentration differ in term of
financial reporting quality. Siegel (2005) docungerariation in the likelihood of extracting
private benefits within the population of Mexicarogs-listed firms. This literature suggest

that the outcomes of firms’ financial reporting pess is shaped by several factors like
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managers’ incentives, auditor quality, regulatiorarket pressure and legal enforcement. As a
result, there is predictable heterogeneity evetinénbehaviors of cross-listed firms and hence
in the information environment benefits stemmingdmss-listing. Research does not explore
this issue even if the adoption of SOX302 (and SON$provides an ideal setting as it allows
investors to discriminate cross-listed firms betwégose that effectively commit themselves

to higher level of transparency and those thatrjistic the adoption of stricter rules.

H1: Cross-listed firms lose the information envimnoent benefits stemming from cross-

listing when they disclose internal control defraiees under SOX302.

Previous studies on SOX302 investigate whethestiteessful remediation of internal
control deficiencies has positive effects in temhgarnings quality, cost of capital and firm
information environment. Beneish et al. (2008) shbat capital market does not react to the
remediation of a previously disclosed internal contdeficiency of U.S. firms, even if
earnings quality increases (Ashbaugh-Skaife &Qf)8) and the cost of equity decrease after a
successful remediation (Ashbaugh-Skaife et al. 200@n et al. (2009) find that a successful
remediation strategy bears to an increase in an&bewing and to a decrease in both
forecast error and dispersion. Considering theselte we examine whether the remediation
of previously disclosed internal control deficieeiallows cross-listed firms to plug the
transparency and credibility gap with other crasgetl and to separate themselves from their

home country firms by gaining cross-listing bergefit

H2: Cross-listed firms that remediate to a previguslisclosed internal control

deficiency claw back information environment basefiemming from cross-listing.
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Previous literature suggests that cross-listingebenfollow from a change in the
regulatory and enforcement environment that each i willing to experience to signal its
commitment to transparency. Firms from countriethva weak disclosure regulation and a
feeble capital market scrutiny have more to gemfimoss-listing as they experience a larger
increase in market scrutiny and legal enforcemleah firms from countries where the latter
are already high. Several empirical findings cooralte this intuition: Hail and Leuz (2009)
finds that cross-listed firms from weak legal estanent countries experience a larger decline
in the cost of equity capital than cross-listedhBrfrom strong legal enforcement countries. In
this vein, the analysis of the effects of SOX302imlormation environment of cross-listed
firms should take into account the characterigticshe country in which the cross-listed firms
is domiciled. On the one side, firms from countwe$h a strong disclosure regulation and
capital market scrutiny exhibit negligible crosstitig benefits, but have less to lose whether
an internal control deficiency is disclosed. On tiieer side, cross-listed firms from countries
with a weak disclosure regulation and enforcementlye higher pay-off from cross-listed, as
they experience a larger regulatory change. Atstnae time, they are likely to lose more

whether they disclose an internal control deficienc

H3: The difference in the information environmemnéfits between cross-listed
disclosing and not disclosing internal control @&fncies under SOX302 is greater

when the firm is domiciled in a weak legal enviremincountry.
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3.3. Dataand research design

Sample selection

Our analysis focuses on firms cross-listed in ted major U.S. stock exchanges
(NYSE, AMEX, or NASDAQ) at some point in time ovére period August 2002 — July
2006. As long as cross-listed firms that trade ly wf OTC listings (Level-l ADRs) and Rule
144a private placement offerings (Level-IV ADRsyéaot to comply with SOX provisions,
we focus on Level-Il and Level Il ADRs.

Our sample selection procedure is as follows. W& fdentify from the Compustat
Global database all cross-listed firms on Leveddtid Level-lIll ADRs, but Canadian-based
firms®*, by relying on Compustat incorporation code, F#@d cross-check with other data
sources such as SEC filings and Audit AnalyticsisTprocedure yields 2,292 cross-listed
firm-year observations, from 702 unique firms. Nexe merge this sample of cross-listed
firms from the Compustat Global database with tH&®'H/S International database (split
unadjustedy necessary to calculate the properties of the fiformation environment. We
these restrictions we have a sample of 913 cretdlifirms-year observations that represent
379 unique firms, from 48 countries, subjected @XS02 between August 2002 and July
2006. We obtain data on SOX302 disclosures fromAtingit Analytics’ Disclosure Controls
database. It encompasses all SEC registrants whe tw disclose since August 2002
management certification of internal controls imipéic SEC filings.

Our control sample includes all the listed firmenfr the 48 countries with at least a

% Following prior research, Canadian firms are edetlibecause they can directly list their shareld.&h exchanges without
using depository receipts. Moreover, Canadian fiamsexempted from certain U.S. reporting requirgmender the Multi-

Jurisdictional Disclosure System (Hail and Leuz @0MHowever, inference is unchanged if we keep @immacross-listed

firms in the sample.

%5 We use split unadjusted data from the I/B/E/Sritaional database for both cross-listed and nossslisted firms to

avoid rounding problem with the earnings per shimta (Payne and Thomas 2003). All firm-level datgaanverted in U.S.
dollars for ease of analysis.
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cross-listed firms in our final cross-listed sampievered by I/B/E/S from August 2002 to
July 2006, which are not cross-listed in the U.8dar the four different cross-listing

alternative (Level-ll and Level-lll ADRs, or by wayf OTC listings and Rule 144a private
placement offerings). After the merge with Compu&tmbal to compute the variables used in
the regression analysis, we come up with a costaoiple of 9,909 firm-year observations of
non-cross-listed firms. Overall, our main analyses carried out using a sample of 10,822

firm-year observations. Table 3.1 presents the sasgection procedure.

Table 3.:
Sample selection criteria

Cross-listed firms

Cross-listed firms in the U.S. between 2002 and
2006 covered by COMPUSTAT and audit 2,292
analytics databases

Minus

Observations not covered by I/B/E/S data 1,341
Missing observations for analyst information

28
environment metric
Final sample of cross-listed firm-years 913
Final sample of unique cross-listed firms 379
Not Cross-listed firms
Non cross-listed firms domiciled in the country
where there is at least a cross-listed firm in the 72786
final sample country firms between 2002 and ’
2006 covered by COMPUSTAT GLOBAL
Minus
Observations not covered by I/B/E/S database 49,802
Missing observations for analyst information 13.075
environment metrics ’
Not cross-listed firm-years 9,909
Unique not cross-listed firms 4,034
Total sample 10,822
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Resear ch design and empirical models

We first examine the change in cross-listed firm®rimation environment after the
first disclosure of internal control deficienciescarding to SOX302 relative to the change for
the control sample of non cross-listed firms. Byp#wging this difference-in-difference
design, we can take into account the effects aémg@lly confounding events around the first
S0OX302 disclosure as well as concerns about unedddreterogeneity across firms or time-
invariant selection bias. We regress firm inforratenvironment metrics on binary variables
marking cross-listed firms on the basis of thet fitisclosure on internal control deficiencies,

the time period and interaction terms:

FIEy = ag + a;GO0D_firsty + a,BAD_first;y + a;POST30z;,
+ a;GO0D _first;; X POST_302;; + a, BAD_first;, X POST_302;; + Y ay CTRLY, + &,
1)

where FIE stands for firm information environmergtrics. GOOD _first takes the value
of one if a cross-listed firm does not discloserdarnal control deficiency at the time of the
first SOX302 disclosure, zero otherwise. BAD fitakes the value of one if a cross-listed
firm disclose an internal control deficiency at timae of the first SOX302 disclosure, zero
otherwise POST_302 takes the value of zero in the year bef@enalyst knowledge of the
first SOX302 disclosure (i.e. fiscal year endingnfr 08/31/2002 to 07/31/2003), zero in the
year after the analyst knowledge of the first SOX8iisclosure (i.e. fiscal year ending from
08/31/2003 to 07/31/2004). The interaction betw&&0OD _first (BAD_first) and POST_302
captures the change in firm information environmemttrics around the first SOX302
disclosure. We expect to find no difference betweeoss-listed firms before the first

disclosure on SOX302 internal control deficiencesg significant differences between cross-
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listed firms and the control sample. On the othde,swe expect to find a decrease in the
quality of firm information environment only for ass-listed firm disclosing internal control
deficiencies.

Next, we examine the association between the gqualit internal controls over
financial reporting and the firm information envaroent. Since the knowledge about the
guality of internal controls over financial repodi of periodt precedes the earnings forecast
in yeart+1, we regress the proxies for the quality of thenfinformation environment in year
t+1 on the information disclosed under SOX302 in yedVe code up two binary variables
that identify cross-listed firms according to tiormation disclosed under SOX302. GOOD
is the binary variable equal to one if a crosstistirm does not disclose internal control
deficiencies in yeat, zero otherwise. BAD is the binary variable eqwabne if a cross-listed
firm discloses internal control deficiencies in y&azero otherwise. Hence, we estimate the

following regression model:

FIE; 4, = ay + a;GOODy + a,BAD;; + ¥ ayCTRLE, + ¢, 2)

By estimating the intercept and the two coefficceah GOOD and BAD we compare
three groups of firms: cross-listed firms not disohg internal control deficienciesj to not
cross-listed firmsd), cross-listed firms disclosing internal contr@fidiencies to not cross-
listed firms (), and “GOOD” cross-listed firmsuf) to “BAD” cross-listed firms ¢,). We
expect that (i) cross-listed firms not disclosingernal control deficiencies (GOOD) are
associated with a higher quality in the firm infatmon environment than not cross-listed
firms (ay > 0); (ii) cross-listed firms not disclosing intatrcontrol deficiencies are associated

with a higher quality in the analyst informationveonment than cross-listed firms disclosing
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internal control deficienciesu{ > ay); and (iii) cross-listed firms disclosing internabntrol
deficiencies (BAD) have a quality in the analystormation environment worse or not
different from not cross-listed firms, i.e. theyséothe benefits stemming from cross-listing
(02=0 oray<0). We employ to alternative benchmark: the falinple of non cross-listed firms
and a propensity score matched sample to controldiiferences in firm characteristics
between cross-listed and non-cross-listed firmdendstimating SOX302 disclosure treatment
effect on firm information environment. Propensstgere matching models (Rosenbaum and
Rubin 1983) match observations with respect toptodability of be treated, which in our
setting is the likelihood of being a cross-listethf®. Using data between 2000 and 2002, that
is before the first SOX302 disclosure, we thus nhtlde probability to be a cross-listed firm
using a logit model (Lawrence et al. 2011). To eék&ent that matching models do not require
exclusion restrictions, we include a comprehenseé of firm characteristics that prior
research found to be associated with the probwlafitcross-listing in the U.S. We consider
firm size (logarithm of total assets at the begignof the year), financial leverage (total
liabilities over total assets), return on assetst (mcome over total assets), growth
opportunities (annual change in sales), and nemdinfancing (change in total liabilities and
change in common stock), as well as country andsimy fixed effects. Next we match,
without replacement, each cross-listed firm witman cross-listed firm using the closet
predicted value from the propensity score matchéggession.

In the third set of empirical analyses we examinbether cross-listed firms

% propensity score matching models seem to be phatisuitable in our setting. First, this approackates samples in which
cross-listed and not cross-listed firms are simifapviding a good framework to assess how SOX@82losures shape
cross-listing effects on firm information environmieSecond, selection or treatment effect modebtckirhan 1979) used in
cross-listing literature (Lang et al. 2003) rely arspecific functional form to provide an indirexttimate of cross-listing
effect. Matching models do not rely on a specifiodtional form. In addition, selection models irgs-listing literature

might estimate biased treatment effects to thengéxtat is difficult to identify instrument thatfatt the likelihood to cross-
list and not the effect of cross-listing (Lennoxakt2012). However, this approach does not tat@ agcount unobservable
heterogeneity across firms in estimating treatneéfiects.
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information environment change after a remediatiban internal control deficiency. By this
change analysis, we can overcome issues stemnong dorrelated omitted variables, and
better disentangle the marginal effect of a rentemiaof a previously disclosed internal
control deficiency on financial information envimoent properties from firm-level time
invariant factors (Wooldridge 2003). We code upuemmy variable marking cross-listed
firms that remediate to a previously disclosed rima€ control deficiency. UP is a binary
variable equals to one if a firm has disclosedma@rnal control deficiency in peridel and no

internal control deficiencies in periatl. We thus propose the following model:

AFIEj 1. = ag + a;UP; + Y ax ACTRLY, + &5, (3)

where AFIE stands for the change in the firm informatiowvieonment proxy between the
periodt andt+1. In model (3), we also control for firm-specific tanvarying factors that
might affect the change in firm information envinoent as well as the likelihood to remediate
to a previously disclosed internal control defiggnFor instance, a large change in reported
earnings from one period to the other might affetalyst uncertainty and the likelihood to
disclose an internal control deficiency (Duru aneeR 2002; Ashbaugh-Skaife et al., 2007).
Following prior literature (Kim et al., 2009; Woeidge, 2003) we thus include in model (3)
each control variable used in model (1) in thetdnsler difference form, that is the we
difference each control variable between petiaddt-1. We test our hypothesis two with two
control samples: cross-listed firms that neverldsinternal control deficiencies and all non-

cross-listed firms. The intercepiof captures the change from ydaand yeart+1 in the

271t could have been of interest to study the astioddetween a decrease of the quality of intecoaltrols over financial
reporting and the firm information environment bgfiding a variable DOWN as a dummy equals to loihpanyi has
disclosed no internal control deficiencies in pétid (GO0OD;,_, = 1) and internal control deficiencies in perio(BAD;; =
1). We were not able to perform this analysis becan$e8 firm-year observations have DOWN = 1.
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properties of the firm information environment tbe control sample. The coefficient on UP
(a) captures the difference in the change in the emogs of the firm information
environment between cross-listed firms that rentedia an internal control deficiency and
control firms. If the remediation of the internaintrol deficiencies identified in the previous
period allows cross-listed firms to plug the traagmcy and credibility gap thew is
expected to be positive and significant.

Finally, we investigates whether the legal and emiment characteristics of the
countries where cross-listed firms are domicilezlassociated with cross-sectional differences
in the effects of SOX302 disclosures across crisgsd firms. To measure the extent to which
countries differ in terms of legal and enforcemehtracteristics, we use the following
variables taken from Kaufman et al. (2007) for ylear 2005: (1) Government Effectiveness;
(2) Regulatory Quality; (3) Rule of Law; (4) Contaf Corruption. Higher values of each of
these variables implies higher levels of legal esdment. To partition the sample, we first
take the sum of these legal environment varialthessy we split the sample according to the
sample median. Next, we code up a binary variathldaW) equals to one if an observation
comes from a country that is above the sample mediero otherwise. As a consequence,
firms for which LAW is equal to zero are categodzas firms incorporated in lax legal

environment countries. To test our last set of tiypses, we estimate the following model:

FIE;41 = ag + a;LAW; + a,GOOD;, + a3BAD;; + ,GOOD;, * LAW; + asBAD; x LAW ; +

Y arCTRLY, + & 4

According to the bonding hypothesis, cross-lisefigcts should be stronger for cross-
listed firms domiciled in country with weak legaifercement. As a consequence, we expect
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that the difference in the firm information envirant benefits between firms disclosing and
not disclosing internal control deficiencies to B&onger for firms from weak legal
environment countries. The coefficient of the iatg¢ron between GOOD and LAW (BAD and
LAW) captures if the relationship between the sast@id (mimicking) adoption of stricter
rules in terms of internal controls over financigborting on the firm information environment
is associated with the strength of the enforcemanboth the cases (successful adoption and
mimicking adoption) we expect the coefficient tortegative ¢, andas respectively) whether
the effects are weaker in countries with stronglegmforcement. In addition, is expected to

be significantly larger thaas while a1 + a4 IS expected to be not different fram+as.

Firm infor mation environment

Following previous literature (Lang and Lundholm9&9 Hutton and Palepu 1999;
Gebhardt et al. 2001), we operationalize the fmformation environment using the properties
of analyst earnings forecasts. We first focus oredast accuracy, dispersion and analyst
following as previous studies suggest that be ¥adid by more analysts with more accurate
and less dispersed forecasts indicates a betmation environment (Lang and Lundholm
1996; Hutton and Palepu 1999; Gebhardt et al. 2001)

We calculate forecast accurack@C) as the negative of the absolute value of the
analyst forecast accuracy, deflated by the stoe @t the beginning of the fiscal yeACG;
= |Actual Earningg — Median Forecag}/ Stock Pricg, whereActual Earninggis the Actual
I/B/E/S annual EPS for firmin yeart, Median Forecastis the median of forecasts made by
analysts in our sample from the 11th month of ikeaf year to 3 days before the annual

earnings announcement for fiinand yeat, andStock Pricgis the stock price of firmat the
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end of yeat.?® We remove the effect of stale forecasts by emppyhe last forecast made by

each analyst if they issue more than one foredasing the same forecast window we

calculate forecast dispersion (DISP) as 8tandard Deviation of Forecasts/Stock Price.

Analyst following (FOLL) is the number of analystdo issue at least one annual forecast for
a given firm-year. Following prior research (Byaetlal., 2011), we use a use a logarithm
transformation to reduce the skewness.

These measures on the characteristics of the fiiormation environment might
depend on changes in common or idiosyncratic inébion. For this reason, we employ the
measures proposed by Barron et al. (1998) (BKL&diter): the precision of analyst public
information @), private information®), and analyst consensB@NS°.

We consider BKLS because analysts have two sowfcegormation: an information
signal common to all analysts and a signal obserseghrately by each analyst. These
measures allow us to disentangle to what extefdrdifices in the quality of firms information
environment are driven by differences in the comatibnof information among analysts or in
the private information acquisition by single asady Our setting is particularly adequate for
the BKLS measures because the characteristiceahtérnal controls over financial reporting
are inherently unobservable from outside bringimgdiosyncratic information. The adoption
of the SOX302 makes available to all market partinis the information upon the adequacy
of internal controls over financial reporting, léng the information field. As a result, a
change in the firm information environment can whieved through an increase of the
precision of common information that might be acpamed by a decrease in the precision of

private information.

% The results are similar when we use the mean dsteather than the median forecast.
2 See Appendix A for details about the calculatibthe BKLS metrics.
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Control variables

All models include year-country-industry fixed effe using the industry classification
as in Campbell (1996) and heteroskedasticity-ctetestandard errors, which are adjusted at
firm-level clustering (Gow et al. 2010). In additiothe models include a set of control
variables that prior research finds to be assatiati¢h the properties of analyst information
environment. The size of a firm is related to teeel of pre-disclosure information, thereby
we control for firm size (SIZE), using the natulayarithm of the total assets at the beginning
of the year. Hwang et al. (2002) finds that anafgstcast for firms reporting losses are less
accurate than for firms reporting a profit. We e¢ohtor loss reporting firms through a dummy
variable that is equal to one if actual earningsgbeare are less than zero, and zero otherwise
(LOSS). Earnings skewness and the magnitude oriheal change in earnings are likely to
affect the properties of analyst earnings forelamtg and Lundholm 1996, Gu and Wu 2001,
Duru and Reeb 2002). Skewed earnings are assoeigiieanore optimistic forecasts, while
larger changes in earnings from one year to therattake more difficult for analyst to predict
expected earnings. We control for earnings skew(fek&W) using the statistical definition
of skewness over the past five years, while we mreahie change in earningsHAR) using
as the absolute value of the difference betweeruh®ent year earnings per share and the last
year's earnings per share, scaled by the closiige @s the end of the current year. We
include the standard deviation of the return oressver the past five yearsROA) to
control for the possible effects of earnings vdtgtion firm information environment
(O’Brien and Bhushan, 1990; Lang and Lundholm, 199&nkel et al., 2006). In all but the
analyst forecast dispersion regression, we inclackrast dispersion as a control, to the extent

that previous empirical evidence (Lang and Lundht886; Bamber et al. 1997; Gu and Wu
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2001) documents that the amount of dispersion anaoadyst reflects uncertainty and lack of
consensus about the impact of future events onsfiexpected performances. We hence
control for forecast dispersion as the standardatiem of analyst earnings forecasts, scaled
by stock price as the beginning of the year (DIS#)ally, we consider firm performance,
using return on asset (ROA), measured as the lvatiseen net income and total assets as the
beginning of the year, and financial leverage (LE¥)the ratio between total debts and total

assets as the beginning of the year.

3.4. Results

Descriptive statistics and univariate analysis

Table 3.2 provides the sample distribution by counthe overall sample consists of
10,822 firm-year observations between August 20@2 duly 2006. Column (2) shows that
the number of observations varies widely acrossstraple countries: from a maximum of
2,614 non cross-listed firms domiciled in Japar2&f the total sample) to a minimum of 2
domiciled in Ghana and from a maximum of 152 ciested firms domiciled in the UK to a

minimum of domiciled in Hungary and Turkey.
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Table 3.2
Sample distribution by country

Country Firm-years Non Cross-listed firms Cross-listiads
Australia 498 480 18
Austria 77 74 3
Bahamas 24 19 5
Belgium 141 138 3
Bermuda 200 167 33
Brazil 104 68 36
Cayman Island 103 66 37
Chile 32 19 13
China 183 162 21
Denmark 158 150 8
Finland 246 237 9
France 719 656 63
Germany 508 475 33
Ghana 3 2 1
Greece 148 141 7
Hong Kong 126 105 21
Hungary 17 16 1
India 299 287 12
Indonesia 90 86 4
Ireland 69 45 24
Israel 52 15 37
Italy 297 276 21
Japan 2,701 2,614 87
Korea 403 387 16
Liberia 8 5 3
Luxembourg 22 10 12
Mexico 51 37 14
New Zealand 80 76 4
Norway 224 208 16
Panama 13 8 5
Papua New Guinea 6 4 2
Peru 17 14 3
Philippines 25 22 3
Portugal 73 67 6
Russia 15 10 5
Singapore 233 223 10
South Africa 188 165 23
Spain 215 198 17
Sweden 318 298 20
Switzerland 285 254 31
Taiwan 230 213 17
The Netherlands 313 257 56
Turkey 21 20 1
United Kingdom 1,286 1,135 152
Total 10,822 9,909 913

Table 3.2 reports the sample distribution. The full samplegrises 10,822 firm-year observations from
44 countries around the world during the peri@df2002 to 2006.
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Table 3.3 panel A presents the descriptive stesisglating to the variables used in the
full sample. The mean (median) of ACC is -0.017083), which indicates the mean (median)
difference between analyst consensus forecast@undl @arnings is about -1.74 percent (-0.45
percent) of the lagged share price. The mean (medfaDISP is 0.016 (0.004) of lagged
share price indicating that the mean (median) dsspe is about 1.52 percent (0.42 percent) of
lagged share price. The mean (median) of the [tgarof analyst following is 3.206 (3.218).
The mean (median) of public (H) and private infotioa (S) is 0.859 (0.363) and 0.803
(0.243), respectively.

Table 3.3
Descriptive Statistics for Variables Used in Regi@s Analyses

Panel A: Descriptive Statistics for dependent aotrol variables

Variable N Mear  Std.De» Pt P2t Mediar pP7t POt

ACC 10,82: -0.01% 0.05: -0.06¢ -0.01: -0.00¢ -0.00: 0.00c¢
DISP 10,822 0.016 0.077 0.000 0.002 0.004 0.011 0.054
FOLL 10,822 3.206 0.956 1.609 2.485 3.218 3.871 4.796
H 10,55 0.85¢ 1.29: 0.00c¢ 0.02¢ 0.36: 1.10¢ 3.57¢

S 10,55 0.80¢ 1.89: 0.02¢ 0.097 0.24¢ 0.68( 3.12¢
CONS 10,557 0.471 0.402 0.000 0.010 0.468 0.902 0.992
LOSS 10,822 0.096 0.295 0.000 0.000 0.000 0.000 1.000
o(ROA) 10,82: 0.04¢ 0.06¢ 0.00¢ 0.01: 0.02¢ 0.04¢ 0.151
AEAR 10,82: 125.75( 652.79(  0.01¢ 0.177 1.20( 12.27: 261.12(
SKEW 10,822 -0.039 0.649 -1.189 -0.472 0.000 0.384 1.078
SIZE 10,822 6.684 1.714 3.996 5.471 6.621 7.809 9.612
LEV 10,82: 1.67¢ 1.84: 0.21C 0.62¢ 1.17: 2.00¢ 4.90¢
ROA 10,822 0.037 0.127 -0.076 0.015 0.041 0.076 0.156

Panel B: Cross-listed firms distribution accordingsOX302 disclosure

GOOD 861
BAD 52
UupP 29
DOWN 14

Table 3.3 reports descriptive statistics for the dependeriables and the continuous and binary
independent variables.

The full sample comprise: 10,82: firm-yeal observation from 44 countries arounc the world during the
period from 2002 to 20C

See APPENDIX III.B for variable definitions.
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The mean (median) of analyst consensus is 0.4468D. The sample distribution of
the control variables used in the analyses is coampa to that reported in prior research.
Table 3.3. Panel B shows that out of 913 crosedisirm-years, 52 firms disclose at least one
internal control deficiency according to SOX302&nm of “material weakness”, “significant
deficiency”, or “deficiency” in internal control stems during the period August 2002 — July
2006. On the other side, 861 cross-listed firm-y&@aservations do not disclose any internal
control deficiency during the same time peffod

Table 3.4 reports the Pearson correlations amoag/dhiables used in the empirical
analyses. Cross-listing (XLIST) is positively angrsficantly associated with ACC (p <
0.050), FOLL (p < 0.001) and CONS (p < 0.050). Ehassociations are still significant only
for cross-listing firms not reporting internal cooit deficiencies (GOOD) while are not
significant for cross-listing firms that report émbal control deficiencies (BAD). The
associations among the dependent variables aheiexipected direction. Forecast accuracy is
negatively and significantly associated with fosgcdispersion, and positively with H, and

CONS. At the same time, correlations among contanlables are in the expected direction.

%0 The disclosures of internal control deficiencigscooss-listed firms are about ineffective contnlironment, inadequate
qualified staff, who are familiar with U.S. GAAPomplexity of transactions such as derivatives, saaed stock option
compensation, etc. Due to the small sample sizeloneot separately analyze each category of inteorerol deficiencies in

our empirical analyses.
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Table 3.4

Correlation matrix

XLIST
GOOoC
BAD
ACC
DISF
FOLL
S

H
CONS
LOSS
o(ROA)
AEAR
SKEW
SIZE
LEV
ROA

XLIST
1
0.96**
0.29%*
0.02*
0.0(
0.29%*
0.03**

-0.02%*
0.05%*
0.01
0.03**

-0.02%*
0.02%*
0.30%*
0.01

-0.02*

GOOD

1
0.18%*
0.02*
0.0(
0.28**
0.0

-0.02+*

0.06**
0.0(
0.02%*

-0.02+*

0.02%*
0.29%*
0.0

-0.01

BAD

1

0.0(
0.0
0.06*
0.0(
-0.01
0.01*
0.01
0.01*

-0.01*

0.01
0.07%*
0.01

-0.01*

ACC

1
-0.40%*
0.00
-0.66***
0.05%+
0.05%*
-0.16%*
-0.06*+
-0.05%
0.04%+
0.00
-0.11%*
0.09%

DISP

1
0.00
0.58**
-0.13%*
-0.24*
0.29%*
0.14%*
0.05%*
-0.06**
0.00
0.13%*
-0.21%*

FOLL

1
0.04%*
-0.12%*
0.0
-0.07
-0.07* *
0.08**
0.05%*
0.54**
0.05%*
0.10%*

S

1
-0.11%*
-0.23**

0.19%*
0.05%*

0.25%*
-0.04%*

0.03

0.13%*
-0.12%*

H  CONS LOSS 6(ROA)

0.39%* 1

-0.09%* -0.10%* 1
-0.02%* -0.03** 0.20"**

-0.08** -0.13"*  0.04**

0.0 0.04%* -0,13***
-0.127* 0.03 -0.11%
-0.08** -0.06™*  0.09***

0.11%*  0.07%* -0.40%**

1
0.01
-0.08***

AEAR  SKEW

1
0.0

1

-0.247 0.02** -0.01
-0.05%*  0.29"* 1

0,04+
024+

0.03**
-0.02*

0.12%*

SIZE LEV

1

-0.03** -0.16**

1

ROA

Table 3.4 reports Pearson correlations. See APPENDor variable definitions.
See APPENDIX III.B for variable definitions.
**x ** and * denote significance at 1%, 5% and%devels (two-sided), respectively.
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Table 3.5 presents descriptive statistics of thayah information environment variables.
We split the sample in four groups: (i) not crassed firms (column 1); (ii) cross-listed firms
(column 2); and within the latter group between) @ross-listed firms not disclosing internal
control deficiencies (column 3), and (iv) cross$dis firms disclosing internal control
deficiencies (column 4).

Table 3.5
Univariate Tests of differences in analyst inforimatenvironment metrics between the groups of firms
p-value of p-value of p-value of p-value of

Non XLIST  XLIST GOOD BAD

testing testing testing testing
Variable (1) @ ©) (4) 2-(1) 3)-(1) (4)-(1) (3)-(4)
Mean Mean Mean Mean t-test t-test t-test t-test

(median)  (median)  (median)  (median)  Ranksum  Ranksum  Ramks Ranksum
[STD] [STD] [STD] [STD]

ACC -0.018 -0.016 -0.016 -0.018 0.020 0.019 0.540 0.019
(-0.005) (-0.003) (-0.003) (-0.004) 0.046 0.046 0.210 46.0
[0.052] [0.045] [0.046] [0.034]

DISP 0.016 0.011 0.011 0.011 0.285 0.289 0.256 0.241
(0.004) (0.004) (0.004) -0.004) 0.184 0.151 0.158 0.194
[0.080] [0.018] [0.019] [0.015]

FOLL 3112 4.152 4.166 3.881 0.011 0.008 0.092 0.043
(3.135) (4.204) (4.219) (3.891) 0.009 0.001 0.089 0.051
[0.914] [0.889] [0.885] [0.93]]

H 0.8528 0.927 0.934 0.813 0.095 0.053 0.480 0.301
(0.362) (0.365) (0.371) (0.351) 0.000 0.003 0.889 0.410
[1.25]] [1.667] [1.669] [1.386]

S 0.796 0.867 0.893 0.536 0.278 0.095 0.235 0.099
(0.241) (0.329) (0.338) (0.322) 0.000 0.000 0.977 0.474
[1.893] [1.897] [1.948] [0.818]

CONS 0.473 0.466 0.466 0.459 0.731 0.821 0.837 0.507
(0.742) (0.432) (0.433) -0.437 0.003 0.002 0.954 0.455

[0.404] [0.377] [0.377] [0.369]
Table 3.5 reports univariate tests of differences in artalyfsrmation environment metrics among cross-listeddirdisclosing internal
control deficiencies, cross-listed firms non disafg internal control deficiencies and not crosseld firms.
See APPENDIX III.B for variable definitions.
*** ** and * denote significance at 1% , 5% ai@% levels (two-tailed), respectively

Through this preliminary (descriptive) analysis fired that analyst forecast accuracy is

significantly higher for cross-listed firms thanr foot cross-listed firms [(2) — (1): p-value =
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0.020], consistently with the literature on crossitig. When we split the sub-sample of cross-
listed firms according to the content of the SOX3@&closure or non-disclosure of internal
control deficiencies), we find that cross-listingniefits are experienced only by those who do not
disclose internal control deficiencies [(3) — (fb}value = 0.019], while cross-listed disclosing
internal control deficiencies are not differentrfrahe not cross-listed firms [(4) — (1): p-value =
0.540]. We do not find a similar pattern for foretdispersion since there is not a statistically
significant difference in each of the pairs consedefor the comparison. For analyst following
we find that the results are driven both by thesstlisting status since cross-listed firms
experience as expected more analyst following ti@ncross-listed firms [(2) — (1): p-value =
0.011] and by the adequacy of internal controlgesicross-listed firms without internal control
deficiencies have more analyst following than cigged firms showing internal control

deficiencies [(3) — (4): p-value = 0.043].

Multivariate analysis

We start our empirical analysis by examining thiecatfof the first disclosure of internal
control deficiency according to SOX302 using a afifince-in-difference design. Table 3.6,
panel A reports the regression results from thenesion of model (1) using ACC, DISP and
FOLL as dependent variables. The coefficient on ititeraction between POST_302 and
GOOD first is insignificant for all the dependemiriables, suggesting the cross-listed firms not
disclosing internal control deficiencies do not esence a change in firm information
environment after the first SOX302 disclosure. @& other side, we find that cross-listed firms
disclosing internal control deficiencies experieacdecrease in the quality of firm information

environment after the first SOX302 disclosure.
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Table 3.6: panel A
Diff-in-diff at the SOX320 first adption

1 ) ®3)
ACC DISP FOLL
GOOD_FIRST 0.047** -9.071* 0.453***
(1.996) (-1.901) (8.839)
BAD_FIRST 0.033* -2.014* 0.348
(2.711) (-1.717) (1.220)
POST_302 0.000 0.635 0.135%**
(0.074) (0.967) (9.222)
POST_302*GOOD_FIRST -0.001 -9.684 -0.214
(-0.217) (-1.143) (-0.959)
POST_302*BAD_FIRST -0.128** 5.402* -0.224*+*
(-2.035) (1.783) (-6.141)
SD(ROA) -0.082** 51.363 0.476%**
(-2.344) (0.947) (4.071)
DISP -0.970** - -0.680***
(-24.681) (-4.182)
AEAR 0.000 0.023 0.000***
(0.837) (0.783) (2.715)
LOSS -0.029%+* 0.685 -0.095%+*
(-5.777) (0.571) (-3.162)
EAR_SKEW 0.005*** -0.028 0.021
(3.072) (-0.104) (1.159)
SIZE 0.001 1.025 0.321%*
(0.832) (1.139) (36.699)
LEV -0.000 -0.003 -0.001
(-1.446) (-1.251) (-0.907)
ROA 0.002 20.517 0.164
(0.131) (0.908) (2.437)
COSTANT -0.010 -12.538 1.347%+*
(-0.930) (-0.887) (5.892)
Year fe No No No
Industry fe Yes Yes Yes
Country fe Yes Yes Yes
Observations 4,341 4,341 4,341
R-squared 0.651 0.095 0.490

Table 3.6 reports estimated coefficients and reportedatiest based on robust standard errors that are
clustered at firm level (in parentheses) from the estimatd model (1). See APPENDIX IlI.B for variable
definitions. *** ** and * denote significance afd , 5% and 10% levels (two-tailed), respectively
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In panel B we combine the coefficients of the Jalea of interests and test the
significance of the aggregate coefficients. Resshitsw that before the first SOX302 disclosure
there is not difference across cross-listed firnslevafter the first SOX302 disclosure, only
cross-listed firm non disclosing internal contr@fidiencies are still different from their home
countries peers. On the contrary, cross-listeddfidisclosing internal control deficiencies suffer

by a worse firm information environment than horoardry firms.

Table 3.6: panel B - Two-by-two analysis on theafbf SOX302 disclosure on cross-listed frmsrinfation environmer
ACC DISP FOLL
@ b  0)-@ @ b  (b)-@ (@) () (b)- (@)
PRE  POST PRE  POST PRE  POST
GOOD_FIRST () 0037 0036 -0001 GOOD_FIRST ()  -2L6e®0.658 -9.049 GOOD_FIRST () 1800 1721  -0.079

=

BAD_FIRST (i) 0023 -0105 -0.128* BAD FIRST (i) -14% -8515 6.037* BAD FIRST (i) 1695 1606  -0.089"*

CONTROL (i) -0.010 -0010 0000 CONTROL (i) -12538 1803 0635 CONTROL (i) 1347 1482 0135+
(i) 0014 0141% 0127+ ()-() -7.057 -22.148 -15.086* (-G) 0105 0115 0011
()-{ii) 0.047** 0.046* -0.001 (i)-(ii) -9.071* -18755* -9.684 (i) 0453+ 0239  -0.214
(i)-(ii) 0.033* 0.095 -0.128* (i)-(ii) -2.014* 3388  5.402* (i)-(i) 0.348 0124  -0.224%

We next exploit data from 2002 to 2006 to exantireaverage association between the
quality of the internal controls over financial cepng and cross-listed firm information
environment Table 3.7 presents the regressiontsefioim the estimation of model (2) using
ACC, DISP and FOLL as dependent variable. Columi3scbnfirm the beneficial effects of
cross-listing (XLIST) on the firm information enemment. Consistent with literature, we find
that cross-listing firms experience, on averaghigher forecast accuracy (XLIST = 0.04, p <
0.001), less forecast dispersion (XLIST = -0.014, @001) and more analyst following (XLIST
= 0.255, p < 0.001) than non cross-listed firmseseh results still hold after considering
differences in firm-characteristics between crosted and non-cross-listed firms by propensity

score matching models (Columns 4-6).

119



Columns (7)-(9) report our main findings. We clatine within the population of cross-
listed firms there is not a pooling equilibriumwmich all cross-listed firms experience the same
cross-listing benefits. We contend that there substantial heterogeneity in term of the firm
information environment benefits and that this sresctional variation is associated with
S0OX302 disclosures on the adequacy of the intezoatrols over financial reporting. We find
that the positive and significant association betweross-listing status and forecast accuracy is
still significant only for cross-listing firms natisclosing internal control deficiencies (GOOD:
0.004, p < 0.001). But, when we consider crosedistirms disclosing internal control
deficiencies, we find that these firms suffers bwarse forecast accuracy than home country
firms (BAD: -0.003, p < 0.1). These firms not otdge the positive effects of cross-listing on the
firm information environment but show a worse imf@tion environment than their non cross-
listed peers. We find similar results for dispemnsiand analyst following. The decrease of
dispersion, that represents a better firm infororatenvironment, holds only for cross-listed
firms that effectively adopt stricter internal canié. Firms that have ineffective internal controls
show more dispersed earnings forecasts than nas-tisted firms (GOOD: -0.013, p < 0.001,
BAD: 0.006, p < 0.1). Finally, we find that the jfoge and significant association between
cross-listing status and analyst following is sslgnificant only for cross-listing firms not
disclosing internal control deficiencies (GOOD: €82 p < 0.001) while we do not find any
statistically significant differences between crbsted firms disclosing internal control
deficiencies and non cross-listed firms (BAD: -B0p = 0.509). We obtain similar results in the
propensity score matching sample. These resultgestighat cross-listing is associated with a
higher quality of information environment only forms that have effectively adopted stricter

internal controls.
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Table 3.
Base regression
@ @ 3 ) &) (6) @) (8) (9 10 an 12
Full Sampl¢ PSM Full Sampl¢ PSM

ACC DISP FOLL ACC DISF FOLL ACC DISP FOLL ACC DISP FOLL

XLIST 0.004%* -0.014** 0.255%* 0.005** -0.045* 0.585** - - - - - -
(2.971 (-3.548 (5.512 (1.977 (-2.321 (8.689

GooC - - - - - - 0.004** -0.013** 0.268** 0.004’ -0.042** 0.566**

(2.751 (-3.295 (6.153 (1.778 (-2.265 (8.644
BAD - - - - - - -0.003’ 0.006’ -0.07: -0.00: -0.021  -0.04¢
(-1.787 (1.922 (-0.665 (-0.726 (-1.208 (-0.335

LOSS -0.021*%* 0.045** -0.05: -0.028** 0.37: -0.284** -0.021** 0.041** -0.05: -0.028%* 0.37¢ -0.275*
(-4.152 (5.527 (-1.413 (-2.875 (1.461 (-3.101 (-4.154 (4.903 (-1.417 (-2.857 (1.462 (-2.998

SD'(ROA -0.00€ 0.128%* 0.497** 0.00:  -0.24: -0.973** -0.00¢ 0.115%* 0.500** 0.00¢ -0.25; -0.910*
(-0.738 (3.355 (2.722 (0.211 (-0.827 (-2.191 (-0.729 (3.253 (2.746 (0.267 (-0.856 (-2.216

DISP -0.719%+* - -0.936*+* -0.701** - -0.224% -0.719%* - -0.942%* -0.702*+* - -0.292°
(-17.037 (-5.181 (-7.796 (-0.452 (-17.042 (-5.232  (-7.799 (-0.588

AEAR 0.00( 0.000** 0.000°  0.00( 0.00C  0.000**  0.00( 0.00C  0.000°  0.00( 0.00(  0.001**
(-0.999 (6.597 (1.862 (-0.019 (0.821 (5.948 (-1.005 (1.536 (1.847 (-0.065 (0.826 (5.878

EAR_SKEW 0.00(  -0.001 0.052** 0.00( -0.01¢ -0.012: 0.001  -0.001 0.052%* 0.00; -0.01¢ -0.01:
(1.380 (-0.779 (2.810 (0.362 (-0.929° (-0.303 (1.398 (-0.602 (2.834 (0.359 (-0.924 (-0.309

SIZE -0.00: 0.004%* 0.374%* - - - 0.00C  0.003** 0.375** - - -
(-0.449 (3.307 (33.128 (-0.355 (2.954 (33.513

LEV -0.001** 0.00(  -0.000¢ - - - -0.000* 0.00(  -0.00: - - -
(-2.360 (-0.121 (-1.155 (-2.350 (-0.102 (-1.146

ROA 0.00¢  -0.021 0.671* - - - 0.00¢ -0.072%* 0.667* - - -
(0.768  (-1.477 (2.517 (0.754 (-3.058 (2.506

COSTANT -0.007 -0.011 0.172  -0.002  0.245 3.686** -0.007 .0d® 0.141  -0.002  0.245 3.686™**

(-0.963 (-1.556  (0.655 (-0.513  (1.064  (46.875 (-1.029 (-1.222 (0.539 (-0.520 (1.064  (46.875

Test on coef

GOOD=BAD - - - - - - 2.07 -2.9¢ 4.65 1.9¢ -2.0¢€ 4.2¢
Year fe Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Industry fe Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Country fe Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Observatior 10,82: 10, 82: 10,82: 1,56t 1,56t 1,56¢ 10,82: 10,82: 10,82: 1,56t 1,56¢ 1,56¢
R-square 0.51: 0.07% 0.56¢ 0.53¢ 0.02: 0.13: 0.51% 0.07% 0.56¢ 0.53¢ 0.02Z 0.13¢

Table 3.7 reports estimated coefficients and reportedtiestbased on robust standard errors that are clusterech &fel (in parentheses) from the estimation of model
(2). Columns 1-3 and columns7-9 employ as control samplevidrElwide population of non cross-listed firms, while colsl 4-6 and columns 10-12 use a control sample
obtained with a propensity score matching

See APPENDIX III.B for variable definitions.

*** ** and * denote significance at 1% , 5% and%0levels (two-tailed), respectively

121



Next, we examine to what extent differences in ¢juality of the firm information
environment are driven by differences in the comation of information among analysts or in
the private information acquisition by single arsady Table 3.8, columns (1)-(3), shows that
cross-listing is associated with a higher precissdmpublic information (0.159, p < 0.050) and
analyst consensus (0.094, p < 0.001), while nocgasaon has been fond with the precision of
private information. Also for the BKLS metrics, wail to find any significance differences
between cross-listed disclosing internal contrdicigncies and not cross-listed firms. A possible
interpretation of this result is that internal cotd over financial reporting are inherently
unobservable by outsiders. Under SOX302, this médion becomes available to the market,
leading to a higher the precision of public infotioa and consensus (the level of communality
among analysts).

When SOX302 disclosures inform that internal cdeteve ineffective, financial analysts
make equal cross-listed firms with ineffective mt& controls (firms over which we have a bad
information) and non cross-listed firms (firms ovérich we do not have information on internal

controls).

122



Table 3.8
Base regressions on BKLS metrics

@ () (©)) @ ® C) ™ ® ® (10) a1 a2
Full Sample PSM Full Sample PSM
S H CONS S H CONS S H CONS S H CONS
XLIST 0.005 0.159* 0.094***  0.008 0.107  0.105*** - - - - - -
(0.949) (2.089) (5.163) (1.539) (1.356) (5.305)
GOOD - - - - - - 0.006 0.177 0.097*** 0.009* 0.131* 0.109***
(1.127) (2.236) (5.636) (1.825) (1.669) (5.601)
BAD - - - - - - -0.009 -0.158 0.025 -0.011* -0.121 0.011
(-1.501) (-1.131) (0.683) (-1.794) (-0.665) (0.336)
LOSS 0.015** -0.225*** -0.033 -0.006 -0.293*** -0.031 0.8%* -0.226*** -0.033 -0.006 -0.292*** -0.0311
(2.021) (-6.623) (-1.015) (-0.343) (-3.093) (-0.989) @B®BY (-6.643) (-1.026) (-0.324) (-3.082) (-0.988)
SD'(ROA) -0.034* -0.044 0.004 -0.059*** -0.076 -0.169*** 0-034* -0.043 0.004 -0.057** -0.064 -0.161**
(-1.815) (-0.330) (0.107) (-3.830) (-0.245) (-2.597) &ib) (-0.321) (0.126) (-3.588) (-0.207) (-2.582)
DISP 1.973** -3.101** -1.973*** 2.260*** -2.408*** -1.750*** 1.973*** -3.108*** -1.975*** 2 257*** -2 427** -1 759***
(11.633) (-10.217) (-15.679) (5.263) (-3.419) (-9.187)1.6B3) (-10.247) (-15.681) (5.257) (-3.450) (-9.206)
AEAR 0.000*** 0.000 0.000*** 0.000*** 0.000*** 0.000*** 0.000*** 0.000 -0.000*** 0.000*** -0.000*** -0.000***
(5.127) (-1.341) (-5.147) (9.924) (-11.606) (-5.482) BFN (-1.340) (-5.149) (9.904) (-11.358) (-5.464)
SKEW -0.001 -0.026 0.007 0.006 0.021 -0.001 -0.001 -0.026 00/. 0.006* 0.021 -0.001
(-0.605) (-1.438) (1.345) (1.673) (0.425) (-0.086) (-@p9 (-1.417) (1.353) (1.695) (0.430) (-0.084)
SIZE 0.002** -0.055** 0.004 - - - 0.002** -0.055*** 0.004 - - -
(1.979) (-5.611) (0.715) (1.989) (-5.602) (0.702)
LEV 0.000 0.000 (0] - - - 0.000 -0.003 0.000 - - -
(-0.258) (-1.057) (-0.574) (-0.254) (-1.023) (-0.553)
ROA 0.059***  0.296* 0.029 - - - 0.058**  0.284* 0.026 - - -
(2.773) (1.779) (0.535) (2.742) (1.707) (0.480)
COSTANT -0.024** 2.418** 0.882*** -0.006 0.803*** 0.657** -0.026*** 2.382*** 0.877* -0.006 0.803*** 0.658***

(-2.055) (11.759) (10.108) (-0.589) (6.794) (17.969) X92) (11.441) (10.285) (-0.592) (6.792) (17.961)

Test on coeff.

GOOD=BAD - - - - - - -0.45 2.23 3.06 1.98 -2.06 3.01
Year fe Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Industry fe Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Country fe Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Observations 10,557 10,557 10,557 1,545 1,545 1,545 10,589D,557 10,557 1,545 1,545 1,545
R-squared 0.561 0.161 0.095 0.572 0.023 0.118 0.561 0.161 095 0. 0.572 0.023 0.023

Table 3.8 reports estimated coefficients and reportedatiest based on robust standard errors that are cluster@dhdevel (in parentheses) from the estimation of model {2) o
BKLS metrics. Columns 1-3 and columns7-9 employ as conaoie the worldwide population of non cross-listed firmdiler colums 4-6 and columns 10-12 use a control
sample obtained with a propensity score matching

See APPENDIX II1.B for variable definitions.

*** ** and * denote significance at 1% , 5% and%0levels (two-tailed), respectively
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We now examine whether the firm information envirant changes after a remediation of
previously disclosed internal control deficiencied? captures the difference in the change in the
properties of the firm information environment beem cross-listed firms that remediate to an
internal control deficiency and control firms. Weeutwo control samples: cross-listed firms that
never disclose internal control deficiencies (taBl@, columns 1-3) and all non-cross-listed firms
(Table 3.9, columns 4-6).

Table 3.9
Conditional analysis
(1) 2) 3) (@) (5) (6)
Control sample: cross-listed Control sample: non cross-
firms never disclosing ICD listed firms
AACC ADISP AFOLL AACC ADISP AFOLL

upP 1.102** -0.819** 0.199 1.497** -0.917** 0.169
(3.153) (-2.250) (1.046) (2.525) (-3.904) (0.897)
AEAR 0.000 0.000 0.000 0.000** -0.000*  0.000
(0.386) (0.043) (-0.115) (3.746) (-1.870) (-0.367)
ADISP -14.093*** - 1.595 -1.570%* - 0.396**
(-2.628) (1.469) (-2.588) (2.198)
ASD_ROA 0.34 0.307  -1.350* 0.006 -0.399** -0.21
(0.385) (0.533) (-1.706) (0.101) (-3.382) (-1.355)
ASIZE 0.000 0.000 0.000 0.000 0.000 -0.000**
(1.136) (-0.925) (-0.847) (-0.470) (-1.346) (-2.514)
AROA -0.535*  -0.065 0.215  0.124* -0.221** -0.056
(-1.690) (-0.323) (0.758) (2.113) (-4.274) (-0.719)
ALEV -0.039%* 0.049** 0.000 -0.013** 0.002 -0.002
(-2.726) (2.361) (0.033) (-2.982) (1.023) (-0.491)
COSTANT -0.013 0.008 0.008 0.012 -0.008 0.098
(-0.700) (0.672) (0.490) (0.205) (-0.153) (0.663)
Observations 511 511 511 6,108 6,108 6,108
R-squared 0.334 0.173 0.016 0.536 0.131 0.074

Table 3.9 reports estimated coefficients and reported t-statgedlen robust standard errors that
are clustered at firm level (in parentheses) from the estimationodein(3). Columns 1-3 employ
as control sample cross-listed firms that never disclose internal conficiedeies. Colums 4-6
employ as control sample non-cross-listed firms.

See APPENDIX III.B for variable definition

** ** and * denote significance at 1% , 5% and 10% levels (two-tajleejpectivel
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We find that firms that remediate to previously ctised internal control deficiencies
experience an increase in the quality of the finforimation environment relative of the control
samples. If we consider as a control sample cietsdl firms that never disclose internal control
deficiencies (columns 1-3) we find a positive asstoan with change in accuracy (1.102, p <
0.001), a negative association with the changadpedsion (-0.819, p < 0.050) and no association
with the change in analyst following (0.199, p 6D These results are consistent across the two
control groups.

Our last set of analysis explore whether the aatioai between the quality of the internal
controls and firm information environment dependstloe level of enforcement of the country in
which the cross-listed firm is domiciled. We expdieat the difference in the benefits on the
information environment between firms disclosingl arot disclosing internal control deficiencies
are stronger for firms domiciled in weak legal eamiment countries. Table 3.10, columns (1)-(3)
confirm that cross-listing effects are stronger fioms from weak legal environment countries.
Across the models, the dummy variable XLIST is asged with an higher quality of the firm
information environment but the interaction betwesnss-listing and the level of enforcement
(XLISTxLAW) is significant but goes in the oppositirection. Results are unchanged when we
consider the propensity score matched sample (ec@uf@)-(6)). In columns (7)-(9) we explore
whether the relationship between the successfuhi{cking) adoption of stricter rules in terms of
internal controls on firm information environmers associated with the strength of the legal
environment. We find that only cross-listed firmet rdisclosing internal control deficiencies
domiciled in weak legal enforcement country experee cross-listing benefits in term of forecast
accuracy (GOOD: 0.004, p < 0.001); while crosstisfirms from strong legal environment

countries do not get information benefits (GOOD+@DQAW = 0.000, p < 0.945).
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Table 3.1/
Regression by home country legal characteri

1) 2) (€)) (€] (5) (©) (@) (8) ()] (10) 1n a2
Full Sample PSM Full Sample PSM
ACC DISP FOLL ACC DISP FOLL ACC DISP FOLL ACC DISP FOLL
LAW B1 0.003***  -0.003** -0.03¢ 0.008** -0.00: -1.168*** 0.003*** -0.003** -0.02¢ 0.007** -0.00:  -1.182***
(4.423 (-2.146 (-0.413 (2.553 (-0.503 (-6.516 (4.393 (-2.109 (-0.240 (2.462 (-0.508 (-6.656
XLIST B2 0.005*** -0.014*** 0.325*** 0.008** -0.012*** (0.342*** - - - - - -
(3.215  (-4.367  (6.846 (2.275 (2.751, (5.650
XLIST*LAW Bs -0.004** 0.005° -0.200* -0.009** 0.001 -0.15¢ - - - - - -
(-2.170 (1.817 (-1.965 (-2.234 (0.201  (-1.156
GoocC B2 - - - - - - 0.004*** -0.013** 0.323*** 0.007** -0.010** 0.332***
(3.024 (-4.105 (7.292 (2.005 (-2.561 (5.860
BAD Bz - - - - - - -0.00:z -0.00¢ 0.02¢ 0.00( -0.00¢ 0.03:
(-0.749 (-1.404 (0.299 (0.047 (-1.587 (0.336
GOOD*LAW Ba _ _ - - - - -0.004* 0.006** -0.163* -0.008* 0.002 -0.121
(-1.869  (1.986 (-1.698  (-1.961 (0.288  (-0.976
BAD*LAW Bs - - - - - - -0.001 -0.00: -0.1¢€ -0.003 -0.002 -0.219
(-0.238 (-0.454 (-0.726°  (-0.535 (-0.424  (-0.819
LOSS -0.020*** 0.045*** -0.05:¢ -0.026*** 0.042*** -0.00¢ -0.020*** 0.045*** -0.05¢ -0.026** 0.039*** -0.00:%
(-7.338 (5.599  (-1.422 (-2.582  (4.506 (-0.053 (-7.336 (5.597 (-1.428 (-2.573  (4.501  (-0.077
SD'(ROA; -0.00¢ 0. 132*** 0.495*** 0.00¢ 0.041**  0.389** -0.00¢ 0.131**  0.498*** 0.00¢ 0.039** 0.410**
(-0.817 (3.588 (2.693 (0.660 (4.512 (2.337 (-0.804 (3.573 (2.718 (0.729 (2.015 (2.642
DISF -0.723*** - -0.934*** -0.700*** - -0.845** -Q.724*** - -0.940*** -0.701*** - -0.878**
(-18.651 (-5.176  (-7.706 (-2.034 (-18.653 (-5.221  (-7.708 (-2.114
AEAR -0.000* 0.000*** 0.000* -0.00C 0.00( 0.000*** -0.000” 0.000*** 0.000* -0.00C 0.00( 0.000**
(-1.896 (7.130 (1.925 (-0.259 (0.576 (3.080 (-1.909 (7.143 (1.890 (-0.318 (0.568 (2.666
SKEW 0.00( 0.00c 0.051*** 0.001 -0.00: 0.01c 0.00¢ -0.000t 0.052*** 0.001 -0.00: 0.01:
(0.779 (-0.484 (2.803 (0.319 (-0.471 (0.442 (0.792 (-0.495 (2.810 (0.307 (-0.450 (0.505
SIZE 0.00( 0.003***  0.374*** - - - 0.001 0.003***  0.374*** - - -
(0.304 (3.116 (34.128 (0.398 (3.071 (34.251
LEV -0.000*** 0.00( 0.00( - - - -0.000*** 0.00( -0.001 - - -
(-2.709 (-0.102 (-1.159 (-2.708 (-0.102 (-1.152
ROA 0.00: -0.01¢ 0.671** - - - 0.00: -0.01¢ 0.666** - - -
(0.471 (-1.296 (2.507 (0.464 (-1.296 (2.497
COSTANT -0.012** 0.00¢ 0.101 -0.011** 0.015° -1.130*** -0.0120** 0.00% 0.09t -0.010** 0.017° -1.122%**

(-1.970 _ (0.934 (0.439°  (-2.008  (1.654  (-8.143  (-2.000 _ (0.997 (0.377 (-1.977  (1.728 _ (-8.139

Test on coef

B2+ B3 =0 -0.4kt -1.72 3.5€ -0.2t -1.97 2.5¢€ - - - - - -
B2+ B2 =0 - - - - - - -0.0¢ -1.6¢ 4.5¢€ -0.1z2 -1.65 3.71
Bs+ Bs =0 - - - - - - -1.0¢ -1.8¢ -0.4t -0.8:2 -1.31 -0.0t
Bz2=Bs - - - - - - 3.27 -2.8¢€ 4.3( 4.12 -1.11 5.91
B2+ Ba= Bz +Bs - - - - - - 0.5¢ -0.8¢ 1.3« 0.01 -0.8¢ 1.4¢
Year fe Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Industry fe Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Country fe No No No No No No No No No No No No
Observation 10,82: 10,82 10,82 1,56: 1,562 1,562 10,82: 10,82 10,82: 1,562 1,562 1,562
R-sguare 0.51« 0.06¢ 0.56¢« 0.54¢ 0.06: 0.672 0.51« 0.06¢ 0.56¢ 0.54¢ 0.061 0.67%

Table 3.10 reports estimated coefficients and reportedties based on robust standard errors that are clustefiechdgvel (in parentheses) from the estimation of model @plumns (1)-(3) and columns (7)-
(9) employs as control sample all non-cross-liirads, while columns (4)-(6) and (10)-(12) a propien score matched sample.

See APPENDIX II1.B for variable definitions.

*** ** and * denote significance at 1% , 5% and%0levels (two-tailed), respectively
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In addition, cross-listed firms from lax legal emonment countries that disclose internal
control deficiencies lose information environmemhéfits in term of forecast accuracy (BAD: -
0.002; p > 0.600; GOOLZ BAD, p < 0.001). Results on dispersion and analgbbwing are
similar. Columns (10)-(12) provide essentialy thene results using the propensity score matched
sample. This evidence suggests that informationigea through SOX302 is useful especially for
firms that come from countries where investors f@erly protected. On the other side, for cross-
listed firms that come from strong legal environmeountries, where the information environment
is supposed to be already rich these disclosuess $& be not as relevant as it is for the latter- U
tabulated results show that the higher quality hed firm information environment is achieved
through an increase of the precision of commonrméion and it does not depend on the

characteristics of the legal environment.

3.5. Robusthess checks

Over -representation of some countries

Japan and United Kingdom account for about thee26gmt and 10 percent, respectively, of
the total sample. We verify whether these two coestdrive our results by estimating all the
models without firms domiciled in these countriBesults are basically unchanged. We perform

the same analyses using only European countrigsirathis case results remain unchanged.

M easur ement issues

The variables ACC and DISP are scaled by the djogiite as the end of the year. Another

scaling factors widely used in analyst literatigehe absolute value of the earnings per share (i.e
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EPS). Using EPS as scaling factor do not affectekalts. We also consider both longer (i.e. from
the earnings announcement date of year t-1 todahergys announcement date of year t) and shorter
(i.e. from the closing date of year t to the eagsiannouncement of year t+1) forecasting windows.
Also in this case results are consistent with thegmorted. Previous literature provides several
proxies of the level of the enforcement in a counltn our main analyses, we consider the average
score of the four dimensions Government Effectigandregulatory Quality, Rule of Law, and
Control of Corruption (Kaufman et al., 2007) foethear 2005. Rather than considering the sum of
the four measures to partition the sample we cenglte four variables one by one. Also in these

cases, our results are unchanged.

3.6. Conclusions

Extant research documents an enhancement in therffiormation environment for firms
cross-listed in the U.S.This paper disputes theedyithg premise that cross-listinmer seenhances
the quality of the firm information environmentgaing that it depends on affectivecommitment
to achieve higher levels of corporate transpareriaross-listed firms. As research setting, we use
the adoption of the Section 302 of the Sarbanegyatt that requires disclosing any discovered
internal control deficiencies on internal contraser financial reporting. Using this research
setting, we examine whether firm information enmireent benefits following cross-listed vanish
when cross-listed firms mimic the adoption of efifee internal controls
Our result shows that cross-listing is associatéd an increase in the quality of the information
environment only for firms that have effectivelyoatied stricter internal controls over financial

reporting. We also find that a better informatiamvieonment for cross-listed firms is achieved
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through an increase in the higher precision of comimformation. On the other side, our evidence
shows that cross-listed firms disclosing internaintcol deficiencies do not enjoy a better
information environment and do not differentiateertiselves, in terms of firm information
environment, from their domestic peers. We alsal fihat cross-listed firms that remediate to
internal control deficiencies, experience an improent in the quality of the information
environment. We finally show that the associatieteen the properties of the firm information
environment and the effective adoption of stricteternal controls depends on the level of
enforcement of the country in which the cross-tisiem is domiciled. We find that the difference
in the benefits on the information environment kesw firms disclosing and not disclosing internal
control deficiencies are stronger for firms donadilin weak legal environment countries. Overall,
our findings support the idea that the quality bé tfirm information environment increases
following cross-listing only when cross-listed fisraffectivelycommit themselves to higher levels

of corporate transparency, and not merely in narsemimicking the adoption of stricter rules.
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Appendix I11.A: BKLS metrics

Barron et al. (1998) develop a model in which Nafinial analysts forecast expected
earnings per share (y). Each analyst informatidreseompass a part of public (with precision h)
information and a private (idiosyncratic) signal=zy + g. Eachg; is independent of all other
variables and follows a normal distributian=N(0,1/s). In forming forecasts, each analyst assa
weight to her common and private information acoado their respective precision (h or s). To
model the precision of common and private inforomti the model require the following
assumption to hold: (1) analyst issued unbiaseédchtmsts; (2) earnings forecast do not determine
earnings realizations; (3) all analysts’ idiosynicranformation is of equal precision; (4) forecast
error are normally distributed. If these conditidamdd, then the precision of public and private
information could be expressed in term of the etguesquare error in the mean forecast (SE),

expected forecast dispersion (D), and the numbanalyst following (N) as follow:

H = (SE- D/N)/[(1 — ¥N) D + SH? (A.1)

S=D/[(1 - UN)D +SH? (A.2)

Analyst consensus is the ratio between the pretisfcanalyst public information (H) and
the precision of the total information (i.e. CONB#+S). The Barron et al.’s model is based on
unconditional expectations of dispersion and emothe mean forecast, but only realizations of
these variables are available to construct proXMs.calculate for each firmthe ex-post realized

forecast dispersion ({pand squared error in the mean forecast;( 8k follow:
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SE;; = (Ay + FE)

—~ 1 R
D = Ni—1 ?I=1(FEjit — FEy)

where:

FEj;,= is the forecast of year t annual earnings peresfa firm i from analyst j from the 11th
month of the fiscal year to three days before thual earnings announcement;

FE,, = is the median of the individu@lt;;, forecasts of year t annual earnings per sharérfori
from the 11th month of the fiscal year to threesdagfore the annual earnings announcement;
Ni; = is the observed number of analyst j forecasigeaf t annual earnings per share for firm i from
the 11th month of the fiscal year to three daysitgethe annual earnings announcement;

SE;,= is the estimated of square error in the mearcéstFE,, for firm i;

A;: = is the actual annual earnings per share forifimmyear t;

D;, = is the estimated of dispersion from the obsefeegtasts for firm i.

We scale bot®;, andD;, for the closing price as the end of year t. Nese,substitute them,
within the number of analyst (Ninto equations A.1 and A.2. to calculate H, Sj &ONS. The
Barron et al.’s model relies on the assumption fbegcast accuracy and dispersion are related to
the public and idiosyncratic components of biamdividual analyst forecast. On the one side, error
in the mean forecast reflects error in the pulsiforimation available to all the analysts that theg
to make their forecast, on the other side foredasgiersion is related only to uniquely private.(i.e

idiosyncratic) information upon which each indivad@nalyst base her forecast.
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Appendix I11.B: Variable definition

Variable Definition

XLIST Binary variable equals to one if a firm isoses-listed, zero
otherwise.

GOOD Binary variable equals to one if a cross-tistem discloses no
internal control deficiency in year t, zero otheseui

BAD Binary variable equals to one if a cross-listiun discloses an
internal control deficiency in year t, zero othegeui

UP Binary variable equals to one if a cross-listiech discloses an
internal control deficiency in year-1 and no internal control
deficiency in yeat.

ACC Analyst forecast accuracy computed as ACCURAGY|Actual
Earnings — Median ForecagtStock Price,

DISP Analyst forecast dispersion computed as thed#ird Deviation of
Forecasts/Stock Price.

FOLL Analyst following computed as the logarithmtbé total number of
analysts who issue at least one annual forecastdoren firm-year

H Average precision of analyst public information

S Average precision of analyst private information

CONS Analyst consensus computed as H/(H+S)

LAW Binary variable equals to one if a firm is imporate in a country
that is the above the sample median of the summaebween the
following legal environment variables taken fromufmann et al.
(2007) for the year 2005: (1) Government Effectess) (2)
Regulatory Quality; (3) Rule of Law; (4) Control Qforruption,
zero otherwise.

LOSS Binary variable equals to one if a firm acteatnings per share is
less than zero, zero otherwise

ocROA Standard deviation of the return on assets theepast five years

AEAR Absolute value of the difference between theremt year’'s
earnings per share and the last year’s earningshaee

SKEW Skewness of earnings over the past five years

SIZE Natural logarithm of the total assets as thgiining of the year

LEV Ratio between total debts and total assetdhasheginning of the
year

ROA Ratio between net income and total assetseabdlginning of the

year
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