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Visualizing Document Correlation Based on LDA Model

Wang Li  Zou Lixue Liu Xiwen
(National Science Library, Chinese Academy of Sciences, Beijing 100190, China)
(University of Chinese Academy of Sciences, Beijing 100049, China)

Abstract: [Objective] This paper tries to construct data analysis model for the topics of scientific research based on
machine learning. [Methods] First, we clustered data with the Latent Dirichlet Allocation model. Then, we investigated
the correlation among year, institution and research types with the help of Python modules. Finally, we revealed and
visualized the key research areas of every year or institution. [Results] We analyzed 101,813 papers and patents of
graphene industray research. The proposed method finished the topic identification, correlation analysis, and
visualization in about two miniutes. [Limitations] More research is needed to explore the network analysis issues.
[Conclusions] Machine learning provides enormous potentiality for intelligence studies, especially the large volume
text analytics and visualization.
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MBFIMRS LB A, IR, Lo

457 S a1 ML S ) (Machine Learning as a Service, MLaaS) J& H b2 A ik = F- & — MR HE X, X406
LR, SRR | BORIGR, BORPEAG LUK, i B4R T LAEsd REST APL 5 HAW IT REEHATCH.

EELEMILER 2 ST R 55 . 3K Azure HLER2E T I s AR =456 = MLaaS IR55, HADEHE ERATIRR=T
SRV FH o REAF FH I 26 I 55 A T DU AR IR0

1E T A & XA HAT 55 ALE 2% > iR S5 T, 93K Azure HLES2:) TARSIIA A m AR S, SR, niRas 2 )
WREZRIZE L%, I Thifb) SageMaker FIAFHAIHL AR ] 51 B MBEANGIE o W Db L& > o5 A P2 T S il ds 27>
AT AT R 27 5K Y SageMaker T .. K Azure $2HEAIRSS AT LA IS FERAL: Azure HLER ) TAEZFIHL
ARG o AREIHLE A 2 S S S A R B, BARW R0, IFEUCE TensorFlow #Y 2 S SERIAEA 1R APl ~]
IR SHFEIT .

B TR, P ICREMEIBLER =~ APL, X268 APL 4L 12N SRl aRe By e g5, F P ml Lis A K, SRS 4RI
S5 APLSE R ARTENLER LR . HRG, X =SB0 R APT KRBT Ao = K3 SCRPUN . BHIERISCA 34T
PR+ IR AR AT At BARRRE AR 732655

VLMK TR A SCA AR PR R LAY APT A45: W53 Lex. W53 Transcribe . .5y Polly . W5 Comprehend, LA
KW thifh Translate, FFXFEMRFIMAL B LAY APT /27 Shifh Rekognition, FWURENRITEE . SCFALRE, RS MAL #ife
BEE APLJE Azure INHIIR ST o AHRETXITR TR . SCFALHE, RSSO BRER LAY APT RS & Ik 55, Fudl A ARIE = = Ab L
. ZEEED, ZBREED . a0 . e Ee.

(4 7F H: https://www.altexsoft.com/blog/datascience/comparing-machine-learning-as-a-service-amazon-microsoft-azure-google-
cloud-ai/)
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