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Abstract:
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Introduction

The substantial presence of undocumented immigravitech is a common feature in most
developed countries, has generated debate in batbp& and America over the types of
immigration policies that should be adopted. In th&, for example, with an estimated stock of
about 11.4 million unauthorized immigrants (U.S.pBegment of Homeland Security, 2012), the
immigration policy reforms most often proposed utld a mix of complementary strategies aimed
at curbing both future flows of undocumented mid¢gae.g., by intensifying controls or increasing
sanctions) and existing stocks (through some fdriagalization path). The programs subject to the
most heated discussion are those that involve amnéghereas one side stresses the need to
recognize immigrants’ contribution to the U.S. emay, making it impractical to deport
undocumented immigrants living within the natiob@rders, opponents argue that amnesty would
unfairly reward law-breaking behavior and revea time-inconsistency of the U.S. migration
policy. In Europe (the EU-27), with a recent estenaf between 1.9 and 3.8 million undocumented
immigrants but large inter-country variability imcidence over total population (Vogel et al., 2011)
policies affecting immigrants’ legal status aresaftat the very core of the migration policy debate.
In recent years, nations looking to reduce the ramdf undocumented residents have often
resorted to legalization programs (Casarico e28l1,2), which in the EU have granted legal status
to over 5 million individuals since 1996 (Brick 2D1

In this paper, we address amnesty programs’ lataken effects on their target population of
undocumented immigrants. More specifically, we gttite effects that thprospect of legal status
has on undocumented migrants’ employment rate evthé received literature focuses on the labor
market effects ofjaining legal statugor legalized immigrants. Indeed, amnesty progrgerserally
impose some eligibility conditions, which immedigtalifferentiate potential applicants from
ineligible undocumented immigrants. We propose Wized conceptual framework to help

understanding how the prospect of legal status shdy/labor demand and supply of undocumented
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immigrants everbeforelegal status is actually granté#Ve show that the possibility of applying
for amnestyper sehas significant labor market consequences. Foffitbetime, we empirically
sign and quantify the effect of thprospect of becoming legain undocumented workers’
employment outcomes. In doing so, we explore labarket effects that, although essential for a
complete analysis of amnesty program outcomes, baviar been overlooked. Remarkably, pre-
and post-legalization employment effects may happosite sign. An accurate assessment of
amnesty programs’ overall impact, therefore, rezpigonsideration of their effects battring the
application period (when undocumented immigrantsobee eligible and apply for amnesty) and
after legalization of successful applicants. Our datawalus to focus on the former effect, thus
complementing the results from previous studies.

To identify the causal effect of the prospect ajalestatus on undocumented immigrants’
employment probability, we innovatively exploit ataral experiment provided by the 2002
legalization program in Italy. The program condigd eligibility on both apredetermined
minimum residenceequirement and obeing employedt the time of application. As we discuss in
our conceptual framework section, such an amnessigd produces ambiguous employment
effects. Furthermore, the retrospective and unptablie threshold based on date of arrival in Italy
exogenously assigns undocumented immigrants intoobrtwo groups: those who arrived in Italy
before the threshold date (treatment group) ansethieho arrived after (control group). We exploit
this quasi-experimental setting, together with @que dataset of undocumented immigrants, to
construct an almostideal comparison group: ... a randomly selectedugrof undocumented
immigrants similar to the target group, but inddigi for, and unaffected by, the amnesty” (Kaushal
2006, p. 635). This design improves on extant rebeavhich had generally to rely on arbitrary

control groups of documented migrants or natives.

! The mechanisms we analyze may also be in pladewisa sponsorship schemes that condition the fssuand/or
renewal of residence permit on having an employd#img to support the application. These policiee @aommonly
adopted in major immigration countries and our ltsstan shed some light on their labor market ¢dfec
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Theoretical and empirical background

Previous findings

Several papers investigate whether amnesty is groppate policy tool to address
undocumented migration (e.g., Chau, 200%Jhereas some examine amnesty’s possible effects on
future undocumented migrant flows (Orrenius andagiay, 2003) or on the labor market outcomes
of natives (Cobb-Clark et al., 1995; Chassamboatid Peri, 2015), others assess amnesty
programs’ general effect on their target populattbrundocumented immigrants with a particular
focus on changes in labor market outcomes expeavikhg legalized immigrants.

According to all the theoretical channels highleghtin the literaturegaining legal status
unambiguously increases wages, wage growth, ancheeto skills for employed immigrants, while
the effect on employment is theoretically undeteedi On the demand side, matches with
documented immigrants may be more valuable for eygps (as they cannot be exogenously
interrupted by a worker’s deportation) but may afeply higher costs. On the supply side, instead,
the overall effect depends on the relative sizanegbme and substitution effects. Indeed, the
empirical literature consistently observes that Igydegalized immigrants have higher wages after
legalization than before (see, e.g., Borjas andhdae 1993; Kossoudji and Cobb-Clark, 2002;
Kaushal, 2006; Amuedo-Dorantes et al., 2007) aljhahe employment effect remains empirically

unclear’ Most of these empirical studies exploit the vémiain legal status induced by the Legally

2 For the theoretical and empirical debate on adre migration control policies to deal with undowented
immigration (border controls, domestic enforcement,) see, among others, Ethier (1986), HansonSgilinbergo
(1999), Hanson (2006), Facchini and Testa (201d)Bohn et al. (2014).

°A few other papers examine the impact of legalustain outcomes outside the labor market, such raittasces
(Amuedo-Dorantes and Mazzolari, 2010), consump{Duastmann et al., forthcoming) and crime (Mastratiuand
Pinotti, 2015), while a related strand of literat@addresses the labor market effects of naturmizgBratsberg et al.,
2002; Mazzolari, 2009). See Fasani (2015) for aesuof empirical papers on immigrants' outcomeslagél status.
“The main theoretical channels identified in theriture are better employer-employee matching (tsecaf such
factors as increased geographical and occupatianéllity, reduced risk in job search activity, aadcess to formal
recruiting channels), higher bargaining power, afidibility for social programs (e.g., Rivera-Batiz999; Amuedo-
Dorantes and Bansak, 2011).

°For instance, Amuedo-Dorantes et al. (2007) and édotDorantes and Bansak (2011) find that both matefemale
newly legalized workers experience lower employmaevttich results in higher unemployment for men doder
participation for women. Kaushal (2006), howeveertifies only a statistically insignificant effeoh employment,
whereas Pan (2012) finds a positive relation bl for female immigrants.
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Authorized Workers (LAW) program—one of the legatibn programs introduced in the U.S. by
the 1986 Immigration Reform and Control Act (IRCARnrd use data from the Legalized
Population Survey (LPS), a longitudinal survey mimigrants who obtained legal status through
that particular prografh.The LAW-IRCA amnesty, which granted legal statasmore than 1.6
million immigrants, was open to aliens with a minmm length of residence in the U.S. of about
four years. Two other nationality-specific amnestggrams examined in the U.S. context are the
1992 Chinese Student Protection Act (CSPA; Orremiusl., 2012) and the 1997 Nicaraguan
Adjustment and Central American Relief Act (NACARAKaushal, 2006), which imposed a
minimum residence requirement for legal statusilglity.” Comparison groups used in the
literature include legal foreign-born populationoffas and Tienda, 1993), legal Latino immigrants
(Kossoudji and Cobb-Clark, 2002), legal immigrafrtsm a selected group of Latin American
countries (Kaushal, 2006), and a subsample of Hispaatives (Amuedo-Dorantes and Bansak,
2011). Three recent papers (Barcellos (2010), Lozard Sorensen (2011) and Pan (2012)) exploit
the discontinuity in eligibility for legal statuseated by the cut-off date (January 1, 1982) of the

LAW-IRCA program)®

Conceptual framework

Our conceptual framework is centered on our primasearch question: What effect does the
prospect of legal statusave on undocumented migrants’ employment rate@lrkady emphasized,
the focus of this question differs from that in\poeis research, which addresses the labor market

effect of gaining legal statusBecause these potential pre-legalization effectsy depend on

®The LPS contains information about a sample of &,a8documented migrants living in the U.S. in 1886ivho

sought legal permanent residence through LAW-IRTHe survey data were collected from the entire grioul989,

and again (from 4,012 of these respondents) in 1882, e.g., Borjas and Tienda 1993; Rivera-B&B91 Kossoud;i
and Cobb-Clark, 2000; Kossoudji and Cobb-Clark 2002uedo-Dorantes et al. 2007; Amuedo-DorantesBantsak

2011; Pan, 2012).

"The CSPA, designed to prevent political persecutib@hinese students in the aftermath of the Tiam@mprotests of
1989, granted permanent residency to all Chinetienads who arrived in the U.S. on or before Afdrdl, 1990. The
NACARA, enacted in November 1997, granted legaiustéo about 450,000 immigrants from Nicaragua, tGmala,

Cuba, and El Salvador (if in the U.S. since 198@)ether with their spouses and children (if camdimsly in the U.S.
since December 1995).

8 All these papers face severe data limitationsa{letatus and year of arrival in the U.S. are, eetipely, not observed
and only partially observed) that make it hardstlate the true effects of legalization.
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amnesty program design, they should definitely tmesitlered when assessing a program’s overall
effects? There is substantial heterogeneity in the eligibilequirements that amnesty programs set
for granting legal status. Most amnesty progranse l@&igibility on someredetermined individual
condition (e.g. minimum residence condition, past employmenmed at preventing new inflows
of undocumented immigrants. Any predetermined megoent affects employers’ relative demand
for eligible versus ineligible immigrants prior kegalization. The direction of the demand shift is
ambiguous: On the one hand, the prospect of legjaiz increases the value of the matches because
they become more stable; on the other, these nwatalee more expensive because of pay-roll
taxes/regularization fees. Amnesty can also requi@ocumented immigrants to be employed at
the moment of application, as it has been the fasmost amnesty programs launched in Southern
European countries (Chauvin et al. 2013; Kraler@00n addition to these demand effects,
employment-conditional amnesty that requires imamngg tobe employeat the time of application
also shifts the labor supply of undocumented imemtg (before legalization). In fact, the value of
being employed is increased by the prospect ofimbta legal status, inducing a reduction in
potential applicants’ reservation wages and, tloeegfincreasing their labor supply. The net change
in the surplus of potential matches remains amhigubecause of the indeterminacy of labor
demand shiftd® Note that the pre-amnesty supply-side effect wecidlee has opposite sign with
respect to the effect that is generally expectethflegalization (i.e. a negative labor supply shift
due to improved outside options and higher resenvatages). Ignoring the positive shift in labor
supply occurring before legalization may thus ldadmisleading conclusions on the overall

employment effects of an amnesty.

%In the online appendix A1, we throw some light bistas yet unexplored issue using a novel concefraraework.

We develop a simple Nash bargaining model wherecagure the prospect of legalization in three cem@ntary
ways: a lower apprehension probability for potdhtiaeligible undocumented workers, a positive pail-r
tax/legalization fee on firms, and a premium thamigrants associate with being legalized. This #ramrk implies
that the possibility of future legal status modifithe job match surplus—defined as the differenetvéen the
maximum wage a firm is willing to pay to employ amaddocumented worker and the immigrant’s resermatiage—
for undocumented immigrants who can be legalizedpared to those who cannot, and thus their rela&iaployment
rate.

% \We identify the conditions under which the progprdegal status unambiguously increases the jattimsurplus in

the online appendix Al.
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The amnesty program we study in this paper entmlh a predetermined condition and a
current employment requirement. This type of legdion splits undocumented immigrants into
one group that satisfies the first requirement andther that does not. Throughout the paper, we
define these two groups as *“qualified” and “undiedi’, respectively. Conditional on
having/finding a job, only the former group beconfigy eligible for legal status, meaning that
amnesty with such a design shifts both labor demand supply—but only forqualified
immigrants. Those who do not satisfy the predeteechicondition (theinqualified are left out of
the legalization process and experience no changdimatch surplus. This surplus differential can
in turn be expected to affect both job retention gob finding rates and, ultimately, relative
employment rates. For instance, if the surplus @asal withqualified immigrants is higher than
that linked tounqualifiedimmigrants, we expect that the fornveitl have higher job retention and
higher job finding rates, leading in turn to a pesxgively higher employment rate among the
gualified immigrants after the announcement of amnesty.elhdpqualified reduces the net job
match surplus, on the other hand, the reversebeitfue.

In sum, under the plausible assumption that themalch surplus fogqualified immigrants is
greater than that founqualifiedimmigrants, we expect a higher employment ratettier former
group. Although in principle this implication coulde tested by regressing undocumented
immigrants’ employment status on an indicator foeinlg qualified (i.e., satisfying the
predetermined eligibility condition), retrievingcausal parameter from such a regression requires
random assignment of thgualified status to the immigrant population. The designhaf 2002
Italian regularization program and the uniquendssuo data permit us for the first time to address

this empirical question in a quasi-experimentdiisgt



A Natural Experiment

The 2002 Italian Amnesty

The natural experiment analyzed here is an amrestyndocumented workers deliberated by
the ltalian government on September 9, 2002, andenedfective the next day (Decree-Law no.
195/2002). This amnesty, ltaly’s largest legali@atiprocess ever with over 700 thousand
applications, offered a renewable two-year work aedidence permit to all undocumented
immigrants who could find an employer willing toghdly hire them under a minimum one year
contract at a minimum monthly salary (439 euros) pay an amnesty fee (330 euros for domestic
workers and 800 euros for all other workérs)nlike all previous amnesties granted in Italye th
applications had to be filed directly by the emgl®y rather than the immigrants. Importantly,
employers were also asked to declare that theychatinuously employed the immigrant for the
three months before the legalization law was padbetlis since June 11, 2002. It is crucial teenot
that this last condition was onfprmally a predetermined employment requirement, but it was
effectively a predetermined residence requirement. Indeed,employment relationships of
undocumented immigrants are by definition inforrmadl unknown to the authorities. As such, their
exact duration is hardly measurable and clearly vagifiable, making the past employment
requirement not enforceable. Coherently, the amgnegiplication procedure did not require
employers to prove in any way the duration of immainds’ past employment, and simply requested
them to pay a fee roughly equivalent to three m®rihoverdue social security contributions.
Nevertheless, a necessary condition for immigramtsave been employed since June 11, 2002 was
that they had arrived in Italy before that dateisT¢ondition was actually verifiable. The amnesty
application form, indeed, required stating the éxiate of arrival in Italy and attaching copiesadf

passport pages to the application form. It is werthing that the vast majority of undocumented

| egalization of immigrant workers did not extendamily members.
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immigrants in Italy are visa overstayers (up to pércent, according to data from the Italian
Ministry of Internal Affairs for the 2000—2006 ped; Fasani, 2010), whose presence in Italy before
June 11, 2002, could be established by the visapstan the passport and the Italian police records.
In addition, in the case of amnesty applicationswdpechecked, immigrants arriveloefore the
threshold date were more able to provide documentaupporting their eligibility (e.g. money
transfer receipts, medical records, mobile phomgraots). Making false statements in the amnesty
application was a punishable criminal offence, #metefore providing information that could be
easily falsified could not only lead to the rejeatiof the application but, potentially, also to a
criminal charge against the employ@rFiling an amnesty application for an undocumented
immigrant truly arrived before June 11, 2002, woulstead have a higher chance of success and
would not imply any risk for the employer.

Applications could be submitted during a two-mopé#riod - from September 10 to November
13, 2002 - beginning on the day the amnesty wasoapd. After the submission deadline, Italian
police authorities began screening the applicatiand summoning successful employers and
immigrants to sign their employment contracts. Onlyen this last stage had been successfully
completed was the residence permit granted. Theestyrsimultaneously legalized both the
residence status and the employment contract aesstul applicants and it impligthat the Italian
authorities could not prosecute employers and eyepl® for any of the past law infringements
reported in the application (e.g., undeclared egwmpknt, tax evasion, unauthorized entry and
residence). Protection from deportation of the wodeented applicants was also granted during the
screening process. It took almost two years foreeung process to be completed and

approximately 95 percent of applicants eventuabeived legal status.

2The submission of false statements or documentthéoltalian authorities in the application for arstyewas

punishable with up to nine months of detention (padsibly more, if the false declarations were gaized as a more
serious offence, such as fraud or corruption). Atfuper cent of unsuccessful applicants was seeteto expulsion
from the country (Ministry of Interioirezione centrale del’immigrazione e della pcdidi frontierg November 11,
2004).
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The time frame of the amnesty program is sketchedrigure 1, in whichqualified and

unqualifiedimmigrants are those who arrived in Italy beford after June 11, 2002.

[Figure 1 approximately here]

Because the 2002 Italian amnesty program entaitls &d@redetermined condition and a current
employment requirement, we expect it to modify jble retention rateof qualified immigrants,
thereby creating a difference in their employmeate rcompared toinqualified immigrants (see
next section). Nor, however, can we rule out thespmlity that immigrants who arrived before that
date but were not employed when amnesty was anedungyht also experience a change in their
job finding rate In fact, as long as the migrant had been in latlyeast since June 11, 2002,
employers willing to hire this worker and apply famnesty could easily make a false declaration

that the employment relationship had begun befweghreshold daté

Identification Strategy

In our empirical analysis, we exploit the discoutiy created by the retrospective condition of
arrival date in ltaly to identify the causal effadtthe prospect of legalization on the employment
status of undocumented immigrants. The unexpeatdduapredictable nature of this discontinuity
generates a quasi-random assignment of undocumiemteidrants around the threshold date. Even
though the granting of amnesty was intensely debwai¢hin the government coalition, received
wide coverage in the Italian media, and might hbgen foreseeable based on the frequency and
regularity of earlier general amnesties (in 198890 1995 and 1998; see Fasani, 2010), two

crucial and intertwined aspects could not have bpesdicted even by very well-informed

13t is worth noting that the possibility for immigres and employers to provide false statements tispecific to this
particular amnesty or to the Italian context. Sesitimitations in authorities’ ability to verify atements contained in
applications arise with any amnesty attemptingntooduce eligibility rules for legal status. Fostance, the U.S. the
1986 IRCA-SAW program legalized over 1.2 millionawhorized immigrants conditional on their havingeb
employed in the agricultural sector. The U.S. Inmaiign and Naturalization Service concluded thawvas nearly
impossible to distinguish a legitimate from a fralest SAW application (see Gonzalez Baker, 1990).
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immigrants. First, it was impossible to forecdsandwhenthe Italian government would reach a
consensus and actually pass an amnesty law; seitomds equally difficult to predict the exact
criteria for eligibility; in particular, the lengtbf the minimum residence in Italy. The uncertainty
about these two aspects makes the retrospectivalahreshold completely ex-ante unpredictable
for immigrants, thus preventing endogenous soringund it. This unpredictable discontinuity
creates docal randomized experimeiriLee, 2008; Lee and Lemieux, 2010); that is, thereo
reason to expect significant differences in (obakly and unobservable) characteristics between
immigrants who arrived immediately before and imragsly after June 11, 2002.

The experiment idocal because outside the neighborhood of the thresheldan expect a
substantial selection into eligibility as potentiaimigrants keen on becoming legal residents
intensified and accelerated their attempts to arnivlitaly in time for amnesty. If the unobserved
characteristics determining these individuals’ raigm behavior (e.g., networks, credit constraints)
are correlated with their employment outcomes aty]tthis selection would introduce a bias into
our estimates. We therefore remove this bias bypasimg only individuals who arrived in Italy in

a neighborhood of the threshold date.

Data and Estimation

In this paper, we use a unique dataset collecteddga, a large Italian NGO founded in 1987 that
offers free basic health care exclusively to undeented immigrants> Providing a daily average

of over 60 health care visits 5 days a week, tlisoaiation does not discriminate against
immigrants in any way according to nationality awdeligion. Naga has only one branch, located

in a fairly central and well-connected area of Mijléhe second largest Italian city, whose province

The length of this minimum residence period cowd Ime inferred from previous amnesties. Indeed atheesties in
1998 and in 1990 required seven and two monthsioinmam residence in ltaly, respectively, while tamnesties
approved in 1986 and 1995 made no such stipulatiomdecumented immigrants simply had to prove thel/tbeen in
Italy at least since the day before the law wassg@dsNone of the previous amnesties included anloyment
requirement.

®Documented immigrants are completely integrated the Italian National Health Service, so if theyels medical
assistance at Naga, the staff redirects them tbhcplbspitals.

12



was home to 3.7 million inhabitants in 2002 (6.3cpat of the Italian population), about 150
thousand of them legally resident immigrants (Sicpnt of the foreign population in the country).
The province received 87 thousand applicationgHer2002 amnesty, which amounts to about 12
percent of total amnesty applications. Data wetkecied by volunteers on each immigrant’s first
visit to Naga using a brief questionnaire that pedfimmigrants’ social and economic situation at
the time of interview (gender, age, education, tguaf origin, month of arrival in Italy, current
employment status). Unfortunately, this informatiemot updated after the first visit. These data,
available in electronic format since 2000, constita cross-sectional dataset of daily observations
on undocumented immigrants.

This dataset offers two major advantages: Firsterwhsed in conjunction with the quasi-
experimental setting created by the 2002 amnées&jfows us to create an almost ideal comparison
group of undocumented immigrants randomly excluffedn applying for amnesty (Kaushal,
2006). Second, the availability of daily observasi@llows us to analyze the employment status of
undocumented immigrants at different points in time

The main shortcoming of the dataset, however, as ithincludes only individuals who visited
the Naga premises for medical care. The vast ntgjofithem attend Naga for basic and temporary
medical needs while treatment for emergency andnetidisease is offered by the Italian National
Health Service. The sample selection does not tdmeaur identification strategy because the
exogeneity of the cut-off arrival day ensures that selection into Naga should not systematically
differ betweenqualified and unqualified immigrants'’ In order to investigate the extent of this
selection, in the online appendix Table A 1 we camphe Naga sample with the ISMU sample, a

random sample of undocumented immigrants livinylilan (ISMU data are described in footnote

®An earlier version of this dataset was used in DEwva (2008), to which we refer for an accuratsdliption of the
data and individual variables.

" These data limitations should be assessed bearingirid the intrinsic difficulties of researching detumented
migration: given that one ignores both the size @matacteristics of such a population, extractingily representative
sample is simply not possible. Such is even maeecttse when the object of analysis, as in our péptre population
of recently arrived undocumented immigrants, whelssiveness is magnified. Our dataset sharesithitation with
any other sample used in the literature on undoatedeimmigrants (e.g., the LPS dataset is a ransimple of the
self-selected subpopulation of applicants for tA&M-IRCA amnesty).
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25). We find that the two datasets are very simidthough Naga tends to oversample women,
which is consistent with the well-established fdwat women have higher levels of health care
utilization than men (Bertakis et al. 2000; Redos#mdino et al. 2006).

To estimate the causal effect of the prospect dfainimg legal status on employment
probability, we look at migrants arriving in Itafyound the amnesty threshold date (June 11, 2002)
and compare the employment rate of those who ehtegfore this thresholdj@alified) with those
who entered afteruqqualified. Although ideally the treatment and comparisoougs should
include only those immigrants who arrived in Italy the day before or after the arrival threshold,
this procedure is infeasible because our datageigaly records only the month and year of entry
into Italy. We therefore assign individuals to ttheatment and comparison group according to
month of arrival, excluding all those who arrivad June 2002 because we cannot determine
whether they arrived before or after June 11. W tthefine agjualified (the treatment group) all
immigrants who arrived in April and May 2002 anduasjualified(the control group) all those who
arrived in July and August 2002.Individuals who arrived outside of these months excluded
from the analysis.

For both groups, we measure the employment ratkeasame point in time in order to keep
constant the overall labor market conditions toahhithe immigrants were exposed. The availability
of daily observations in our dataset allows forighhdegree of flexibility in choosing when to
measure migrant employment. It would of course tadepable to examine employment status the
day after amnesty closed (November 14, 2002) wHapplications had been submitted but no one
had yet been legalized. However, to increase thglkeasize, we need to extend our observation
window. We face a trade-off between having a laggnple size and introducing an amnesty-

induced sample selection: the further away fromatim@esty deadline, the more likely that amnesty

®To check the robustness of our results, we furtestrict the neighborhood around the eligibilityetshold by
comparing those who arrived in May 2002 with thede arrived in July 2002. The results are qualisi similar,
although the sample size shrinks.

14



applicants have gained legal status and disappeeved our samplé? We use a two months
observation window (14 November - 13 January), Wiatso coincides with the screening period

initially envisaged by the amnesty Hifl Figure 2 summarizes the time structure of ouryasisl

[Figure 2 approximately here]

By construction, individuals in the treatment grdwgve spent more time in Italy than those in
the control group. Because time spent in the hashiry is a key determinant of immigrants’ labor
market integration, a finding thajualified immigrants have a higher employment rate than
unqualified immigrants might simply reflect different averagesidence spells. We address this
potential threat to our identification strategy ngsia difference-in-differences (DiD) setting.
Specifically, using data from two years before dand years after 2002, we check whether
significantly different employment rates betweenriRfMay immigrant arrivals and July—August
immigrant arrivals were also in place during nomasty years. We construct consistent samples
for amnesty and non-amnesty years: For each tysathe 2000-2004 interval, our main sample
contains undocumented immigrants observed at Natygelen November 1#land January 18+1
who had arrived in Italy in April, May, July, or Aust of the same year

We then estimate the following linear probabilitpdel:

EMPL, =a APMAY+ [ APMA¥ 2002 + X/+1 + 1 Q)
whereEMPL;; is a dummy variable that equals one if individuatho arrived in Italy in yeat is
employed and zero otherwise. Similal\PMAY is a dummy variable equal to one for immigrants

who arrived in April or May and equal to zero fanse who arrived in July or August of every year

¥In fact, not only those actually legalized but atkose who had applied for amnesty but were stilting were
entitled to receive free medical care from the dlzdi Health Service and so were no longer admittedaga. This
process, however, involved some administrativeydaled some learning on all sides—migrants, pubtispitals, and
Naga volunteers—so in the weeks immediately afteramnesty deadline, applicants in need of medgsiktance still
had to turn to Naga. As time passed, however, egqi tended to disappear from the sample.

% Decree-Law no. 195/2002, article 4. Our resultkl wehen using different observation windows aftes amnesty
deadline (one, two and three months). Results\ai#able upon request.
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t, which captures any systematic difference in empleyt probability between the two grougs.

is a full set of year dummies for the 2000—-2004quethat captures all year-specific labor market
features equally affecting all individuals in trengple X is a vector of individual control variables,

and u; is an idiosyncratic shock. The interaction terAPMAYx Y2002 identifies qualified

immigrants; that is, those who arrived in April bfay in the amnesty year 2002. Our main
coefficient of interest igf, which measures the difference in employment prdibadietween

gualified andunqualifiedundocumented immigrants. Following on from ouicdssion, the sign of

this coefficient is theoretically ambiguous: wheresupply should unambiguously increase in
response to the prospect of legal status, thetahreof shifts in labor demand is unclear. Hence, a
positive and significant coefficient would suggeisat the prospect of legal status (i.e., being
gualified) significantly increases the surplus of job magchéh immigrants who can be legalized,

leading to a higher probability of being employed.

Descriptive Statistics

Panel A in Table 1 reports summary statistics formain sample, while in the next two panels
we differentiate between immigrants arrived in Aty and immigrants arrived in July-August in
year 2002 (Panel B) and in the non-amnesty yea®),2P001, 2003 and 2004 (Panel C). The
average age of the sample is almost 31, with 52epérbeing male. The education level is high:
about 42 percent has attended high school, whiteita® percent has some university education. In
panel B, we show that the differences betweenqgtmified and theunqualified group in these
variables are never statistically significant gpé&gcent. We find a similar pattern in non-amnesty
years (panel C). The distribution of areas of orig slightly different between the two groups in
both amnesty and non-amnesty years, suggestingasorsaity in undocumented flows from
different source countries that is completely wamed to the 2002 amnesty. In our empirical

analysis, we always report both conditional andounddional estimates. About half of the
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regression sample is employed. Our data identifgragloyed all immigrants who reported having
a paid job at the time of interview at Naga. Weeéhaw information on number of hours worked per
week or on wages. Remarkably, the employment pibtyail not statistically different at 5 percent

for immigrants arrived in April-May and immigrangsrived in July-August, but in the amnesty

year: in 2002, the employment probability of quatif immigrants is 23 percentage points higher
than the one of unqualified immigrants. This déiece between the two groups is attributable to
both a higher share of employed workers in the griuqualified immigrants and to a lower share
of employed workers among unqualified immigrant20®2 relative to other years. Although this

descriptive evidence may suggest that our controug was somehow affected by the 2002
amnesty, in the robustness checks we use alteenabintrol groups to show that this was not the

case.

[Table 1 approximately here]

Figure 3, based on the almost 14 thousand indilsdwdh at most 12 months of residence in
Italy who are in the Naga dataset in the 2000-2p8dod, illustrates the evolution of these
undocumented immigrants’ employment probability rotreir first year of residence in Italy. It is
immediately apparent that the employment rate eemdy arrived undocumented immigrants
changes considerably with time spent in the hoshtyg. Only 12 percent of immigrants with one
month of residence in Italy report having a jobt the share of employed immigrants increases by
roughly 10 percentage points for each additionahtimoreaching 40 percent after four months. The
profile then tends to become somewhat flatter,ils&taly around 60 percent for immigrants with a
residence duration of 10 months or more. In genenarefore, the employment probability of

undocumented immigrants increases 50 percentagésphiring the first year after arrival in Italy.

[Figure 3 approximately here]
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Descriptive evidence in Table 1 shows that obsdevaidividual characteristics are evenly
distributed in our treatment and control groupsjclwhalso serves as a test of treatment status
randomness. Although the ex-ante unpredictabilitthe retrospective arrival threshold prevented
immigrants to endogenously sort around it, theeesditl two types of potential concerns regarding
the observed composition of our sample. First,oaigh one important advantage of our dataset is
that it is based on the information immigrants réga to an independent NGO - and thus they had
no clear motivation to falsely report their dateaofival to Naga volunteers - we cannot completely
rule out the possibility of misreportirfg.Specifically, we might fear that employed undocuted
immigrants in the unqualified group would falsedport an earlier arrival date in order to appear as
eligible for the amnesty. A second concern is ffaterns of return migration might have differed
amongqualified andunqualifiedimmigrants. In particular, one may worry that toemer had more
incentives to remain in ltaly to enjoy the futueward of legal status than the latter. Selective
outmigration, however, is unlikely to be a majosus in our analysis, given the very short time
window we consider.

We can empirically test for evidence of either seuof bias by comparing the reported
distribution of months of arrival of immigrants ggito Naga in 2002 and in non-amnesty years. In
the presence of selective outmigration and/or m@téeng, we should observe that those who went
to Naga in the Fall of 2002 were systematically endeely to report arriving in Italy before June of
the same year than immigrants who went to NaghenRall of non-amnesty years. In the online
Appendix 2, we empirically test for this implicatiofinding no evidence in this direction. Our

empirical exercise is analogous to the McCrary 8@6st.

2L Whether the Italian authorities would judge imraigts’ applications as eligible or not for amnesaswompletely
independent of their answers to Naga volunteeradtfition, Naga is an independent NGO that doegxaitange
information with the Italian authorities, an indepence of which undocumented immigrants are awadétee precise
reason they go to Naga without fearing arrest.
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Estimation Results

Main Results

We start by estimating our main difference-in-difieces regression (1). We report results from
linear probability models and we account for théetmskedasticity this choice implies by using
robust standard erroféTable 2 reports the estimates of the main coefiicof interest in our DiD
exercise: the interaction between the dummy forilAlay (versus July—August) arrival in each
year and the dummy for the amnesty year 2002. Eathin the table reports the estimated
coefficient from a separate regression. Column dons the unconditional estimates, while the
following three columns gradually add further grsupf control variables (gender, age, and
education; area of origin dummies; month dummi&.maintain this structure throughout the rest

of the paper.

[Table 2 approximately here]

Panel A of Table 2 shows that the impact of amnestyemployment probability is positive,
strongly significant, and remarkably stable acrdi$ierent specifications. If we focus on the fully
specified model (column 4), we find that the pragpef obtaining legal status increases
undocumented immigrants’ employment probability28/2 percentage points, with a coefficient
that is significant at the 1 percent le¢&Based on our theoretical discussion, this residgests
that the prospect of legal status increases theurptus of job matches witualified immigrants,
leading to a higher employment rate among this g@ummigrant workers. This larger surplus is
the result of theoretically ambiguous shifts indademand and of an unambiguously positive shift

in labor supply.

22 1n unreported regressions, we have checked thestogss of our findings to using probit or logignession models.
Results are available upon request.

% |In unreported regressions, we test for heterogeiteithe eligibility effect on employment, by incling additional
interactions with gender and education level. Pestimates suggest a slightly stronger effect fomen, although the
difference is far from being statistically signdiat at any conventional level. We find no evideaté&eterogeneity by
education.
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Yet how large is the estimated effect? Recentlivadrundocumented immigrants have a very
low probability of being employed but tend to expece sharp increases in their employment rates
in the first few months after arrivaspecifically, about a 50 percentage point increasiin the
first 12 months. Hence, the prospect of obtainiegal status accelerates the labor market
integration of newly arrived undocumented immigsahy about half the increase in employment
they normally experience in their first year aterval.

Using the difference-in-differences setup of eduat{l) we can check whether before the
amnesty the employment status differs between wwe dgroups. This is a compelling test of
treatment status randomness. Given that beforelghleeration on the amnesty bgualified and
unqualified immigrants were indistinguishable, their employm@nobability should not have
systematically differed. Finding evidence agaihst tonjecture would imply an immediate loss of
credibility for our entire empirical exercise. Itk the common trend assumption would be
immediately falsified if the employment rates oéthwo groups were already diverging before the
amnesty. Bearing in mind that the amnesty was amrelion the 10 of September 2002 and that
our control group are all those arrived in July #djust, we are left only with the first nine days
of September and a few observations to perform émgpirical exercise. In order to have a
reasonable sample size, we extend the observatiaow to the whole month of September. This
choice is conservative for our purpose, meaning ithenakes it more likely to find a statistical
significant difference in the employment probalpilietween the two groups because it includes
twenty days (September 11-September 30) during whialified immigrants (and employers)
could potentially react to the amnesty announcement

Results for our coefficient of interest estimatedsieptember are reported in panel B of Table 2
(“Initial difference”). Note that column 4 is noeported because using one single month of
observations we cannot identify month dummies. Abl& 2 shows, the point difference between

the two groups’ employment rates is close to zemd aot statistically significant in any
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specification. Reassuringly, the substantial défere in employment rate we observe after the

application period ended (panel A) did not pre-ethie amnesty announcement.

Robustness Checks

To check the robustness of our results, we first aufalsification test usinglacebo arrival
thresholds If our estimations truly capture the effect o forospect of legal status, we should find
no systematic differences in employment within gineups ofqualified or unqualifiedimmigrants.
Indeed, allqualified immigrants should be as intensely affected bypiblecy, while allunqualified
immigrants should remain totally unaffected. Toifyethat placebo thresholds have no significant
effects, we first estimate our DIiD regressions wviltk actual threshold (June 11) replaced by a
placebo threshold of April 1 and comparealified immigrants who arrived in February—March
with those arrived in April-May. As an alternatiwee also split the group afualified immigrants
used in the main analysis (those who arrived inilAlglay) into two subgroups: those who arrived
in April versus those who arrived in May, implyiaghreshold date of May 1 (see Figure A 1). The
first and second rows of Table 3 report the restots the April 1 and May 1 thresholds,
respectively. As before, column 1 reports the uddamnal estimates, and columns 2—4 gradually

include additional controls.

[Table 3 approximately here]

The next two rows of Table 3 display the resultsrrsimilar placebo tests performed only on
the population ofinqualifiedimmigrants. First, in row three, we compare theugr ofunqualified
immigrantsused in our main analysis (i.e., those who arrireduly—August) with those who
arrived in the following two months (September-Ge&n, and then, in the fourth row, we split the
July—August group into two subgroups (July versugust). Again, this division is equivalent to

setting two alternative placebo thresholds on $epé& 1 and August 1, respectively. The results in
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Table 3, far from falsifying our findings, strongsyipport their validity. Regardless of whether the
threshold is moved forward or back by one monttwar, we find no effect oplacebo qualified
statuson the employment status of undocumented immigramtiact, none of the coefficients of
interest obtained from these 16 placebo regresssoeen marginally statistically significant.

Our second set of robustness checks is designeerify that the results are not driven by the
inclusion of specifimmon-amnesty yeaiis the estimating sample. For this set, we refdicarr main
results using the two years after amnesty (2003280d), the year before and after amnesty (2001
and 2003) and the two years before amnesty (200@®@601), reported in Panel A of Table 4. All
results are fully robust to changes in the sebotmwl years. Panel B of Table 4 shows that also ou

estimates of the initial differences between the groups are unaffected.

[Table 4 approximately here]

In our third falsification exercise, based placebo amnesty yeargie run DiD regressions in
which 2002 is dropped from the sample and eachhef remaining non-amnesty years is
alternatively givenplacebo amnestystatus. Reassuringly, the resulting estimates ath lihe
amnesty effect (Panel A) and of the “initial digace” (Panel B) are generally very close to zero

and never statistically significant.

[Table 5 approximately here]

Further, to ensure that the earlier estimated eynpbmt differential betweegualified and
unqualifiedimmigrants originates exclusively from events @ay 2002 and not from (unexplained)
changes in other non-amnesty years, we estimat®litbe/ing equation separately for each year in

our sample:

EMPL = a+ bAPMAY+ X é¢ )
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where the employment status of undocumented mggragntegressed on a dummy for arrival in
April-May and other individual controls. This spiation, unlike our previous DiD estimates,
fails to control for the different average permaseein Italy of individuals in the treatment and
control groups. Table 6 reports year-by-year eseséor equation (2), with each cell in the table
corresponding to the estimated coefficient on tpelAMay dummy. We first perform this exercise
in the year of amnesty (2002) and then in eachheffour non-amnesty years (2000, 2001, 2003,
and 2004). Our findings fully corroborate our pms results: As expected, we find a positive and

significant effect of having arrived in April-Mayather than in July—August) only in year 2002.

[Table 6 approximately here]

Finally, we check the robustness of our resultsh® choice ofalternative control groupsAs
argued above, our comparison group is very closkdadeal one: “(...) a randomly selected group
of undocumented immigrants similar to the targeugr but ineligible for, and unaffected by, the
amnesty..." (Kaushal 2006, p.635). The only aspdwre our control group may depart from this
ideal definition regards the possibility that iteemmbers may have been directly affected by the
policy, given thagualified andunqualifiedimmigrants compete in the same local labor market.
We address this concern by using alternative cbghaups of legal immigrants and natives that,
although less comparable to our treatment growgualikely to be affected by the amnesty. Table 7
reports results from estimating DID regressions rehgualified and, separatelyunqualified
immigrants in the Naga sample are compared to different control groups. These groups are
defined as: i) legal immigrants who have spent thas four years in Italy and live in Milan; ii)
legal immigrants who have spent less than four sy@arltaly and live in Lombardy; iii) legal
immigrants who have spent less than two yearsalg &nd live in Milan; iv) legal immigrants who
have spent less than two years in Italy and liveambardy; v) all legal residents (immigrants and

natives) of Lombardy. In all cases, the controlugras restricted to individuals aged 15 to 40. For
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each control group, we first consider only unskKillat most secondary education) individuals
(columns 1-6), and we then include all levels afieadion (columns 7-12). Data on legal migrants
are taken from an annual survey administered bySh&J foundation to around 8,000 documented
and undocumented immigrants in Lombardy (the regiowhich Milan is situated}? Data on the
whole resident population of Lombardy instead cdroen the EU Labor Force Survey (EULFS;

fourth quarter).

[Table 7 approximately here]

Irrespectively of the control group consideredineation results fogualified immigrants (columns
1-3 and 7-9) are remarkably similar to our baselksémates: we find a positive, sizeable and
statistically significant increase in employmenteran the amnesty year compared to non-amnesty
year. Results founqualified immigrants (columns 4-6 and 10-12), instead, hgeeerally a
negative sign but are substantially smaller in Alisosalue and never statistically significant ay a
conventional level. These additional results rulg any major concern that general equilibrium
effects from the treatment to the control grouphe NAGA sample are driving the main findings

of our empirical analysis.

Additional Results: Persistence of the Employment Effect
Our results so far indicate that the prospect gdllstatus under the 2002 Italian amnesty caused
a substantial increase in the employment ratgualified undocumented immigrants, which raises

the policy-relevant question of this effect’s pstasnce. Unfortunately, because the Naga sample is

)SMU is an independent research foundation thatptes studies on immigration. The ISMU data arepadhusing

an intercept point survey methodologgsed on the tendency of immigrants to clusteesdtin locations (McKenzie
and Mistiaen, 2009). The ISMU survey provides aesentative sample of the total migrant populat&siding in the

Lombardy region. The interview questionnaire camgaa variety of questions on individual charactiess(e.g.,

demographics, educational level, labor market outes) legal status) and household characteristigs, [@umber of
household members in Italy, family members abrdmdising). Unfortunately, ISMU data are not suitatoleperform

our main DiD analysis as they have no informatiorttee month of arrival in Italy. See Dustmann ef(f@rthcoming)

for a description of these data.
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not longitudinal and does not include legalized ignants, it cannot be used to address this issue.
Instead, we use again the ISMU survey to derivergds/e evidence on the persistence of the
employment effect. The 2003 and 2004 waves of ghisey contain information on whether the
undocumented respondents had applied for the 200@2sty. Given that it took almost two years
for the Italian authorities to process all appli@as, a significant share of applicants in both3200
and 2004 are still waiting for a response.

After pooling the observations from the 2003 an@£@aves we compare the employment
probability of undocumented immigrant applicantsowtvere not yet legalized with that of
undocumented immigrants who had not applied. W&t @ionsider immigrants arrived in Italy in
2001 at the latest (i.e., ajualified for amnesty) and we then focus exclusively on ¢hagived in
2002. Consistently with the eligibility rules ofet2002 amnesty, the share of applicants among
undocumented immigrants arrived in 2001 and eadi@round 75-81 percent, while it drops to 47
percent among those arrived in year 2002 (seert¢astof Table 8). Although dissimilarities in
outcomes between applicants and non-applicantsresat primarily from selection into amnesty
application, a statistically significant differenceemployment between the two groups could still
suggest that the effect of the amnesty may have pessistent.

We run linear regressions of the probability ofngeiemployed on a dummy for amnesty
application (equal to one if the respondent appleedo otherwise), on interview year and province
of residence dummies and on individual controlee(age squared, gender, years since migration
and its square, and dummies for education and gpbgr area of origin). We run separate
regressions for immigrants arrived in Italy in 198001, 1999-2001, 2001 and 2002.

Estimation results in Table 8 show that one to ywars after the amnesty application period,
the undocumented amnesty applicants have an empldyrate that is 16—26 percentage points
higher than that of the non-applicant undocumentachigrants. This coefficient is strongly
significant and robust to gradual reduction of shenple size. This finding is in line with the stfe

the effect estimated from the Naga data and sugtjest the effect was persistent. Further evidence
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in this direction is provided by the Italian NatadrOffice of Statistics: an estimated 85 percent of
the immigrants legalized under the 2002 amnestyagpath to maintain legal employment in Italy

and to renew the residence permit two years aft@lization (Istat, 2008).

[Table 8approximately here]

Persistence effects are possibly reinforced inltdden legal framework, as the renewal of the
two-year work and residence permit granted by thenesty was also subject to being still
employed (although changes in employers were atlpwehis likely generated strong incentives

for the immigrants to remain in employment.

Discussion and Concluding Remarks

In this paper, we take advantage of a natural éxget provided by a 2002 legalization
program in Italy that conditioned eligibility botlon a predetermined minimum residence
requirement and on being employed at the time qgfliegtion. Specifically, we exploit the
exogenous discontinuity in eligibility based onealaf arrival in the country, together with a unique
dataset, to estimate the causal effect of the paispf legalization on undocumented immigrants’
employment outcomes.

Our empirical findings indicate that the prospettlegal status significantly improves the
employment outcomes of immigrants that meet thavarrrequirement relative to other
undocumented immigrants. In particular, we estimatestatistically significant increase in
employment probability of about 26 percentage [®iat substantial effect roughly equivalent to
half the increase in employment probability that@cumented immigrants normally experience

during their first year in Italy. These findingseatully robust to several sensitivity and placebo
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tests, as well as to the choice of alternativercbgroups. In addition, using a supplementaryo$et
microdata, we suggest that these effects may perses some years after the amnesty.

Overall, we make three main contributions to tterditure on the effects of amnesty programs:
First, unlike previous studies that have focusedweskvely on the effect ofjaining legal status for
recently legalized immigrants, our paper is thetfito consider the effect of therospect of
becoming legalon undocumented workers’ employment outcomes. drtiqular, we show that
important changes may take place eumfore legalization actually occurs. Accordingly, our
findings suggest that focusing just on the chanigatseligible immigrants experience when they get
legal status may underestimate the overall increasenployment probability induced by amnesty.
Second, we study the labor market effect of a legabn program that conditions eligibility on
being employed at the time of application, a typaranesty design that, although common, has not
as yet been studied. Finally, our novel and inngeatesearch design has enabled us to study the
effect of amnesty in a quasi-experimental settisiggia clean identification strategy and an almost
ideal comparison group.

Given the frequent claim that one of amnesty’s nodijectives is to safeguard the civil rights of
undocumented migrants and prevent their exploitatio the labor markef, the assessment of
amnesty’s economic consequences on undocumentedgiams is crucial from a policy
perspective. Our theoretical model suggests thateaty programs that impose a requirement of
employment at the moment of application generagomant increases in immigrant labor supply
that are likely to reinforce the employment efféetsimilar effect can be expected in the context of
temporary workers’ programs or other migration sceg that condition the issuance and/or
renewal of a visa on having an employer willingstgoport the application. The shift in immigrants’
labor supply, however, although perhaps desirableeims of the amnesty program’s efficacy in

accelerating their labor market incorporation, ni@pose considerable costs on the immigrants

% See, for exampléthe White House Fact Sheet on New Temporary Wétagram for Undocumented Immigrants
January 7, 2004The White House Fact Sheet on Fixing our Brokenigration System so Everyone Plays by the
Rules January 29, 2013; and Council of Europe, Parligarg AssemblyRecommendation 1807/2Q07
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themselves. Indeed, immigrants with limited bargajrmpower in the labor market—as is likely for
recently arrived undocumented immigrants (Borj&s,6)—may be willing to accept drastic wage
reductions in order to achieve legal status. Unfately, this issue is one our data prevent us from
empirically addressing.

By granting amnesty, governments may generate @amoeac surplus, mainly from the positive
value that immigrants and prospective employerachttto the prospect of legalization. The
distribution of this surplus among the differenteats involved (i.e., undocumented immigrants,
employers, and government) may depend on the typanmesty program implemented. In
particular, our paper suggests that employmentebkegmlization initiatives may increase the scope
for employers to appropriate the surplus. Hencetewer the political stance on the best allocation
of this surplus, this aspect should always be takém account when designing regularization

programs.
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Figures

Figure 1. Amnesty timeline
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Arrival threshold Enactment of D.L. 19?5/2002: Deadline f.or s-ubmlttmg
Amnesty opening applications
Qualified Unqualified
s i Applications submission period
1st May 1stJune 1st July 1st August 1st September |1st October 1st November |1st December
Figure 2. Estimation timeline
Qualified status
Arrived in Italy: Arrived in Italy: Interviewed at Naga:
01 Apr - 31 May 01 Jul- 31 Aug 14 Nov - 13 Jan
~
7
01 April 2002 |01 May 01June 01 July 01 August 01 September (01 October 01 November |01 December |01January 2003
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Figure 3. Average employment rate of undocumentedrimigrants (2000-2004)
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Note: The figure is based on individuals in the 228004 Naga dataset with at most 12 months ofeasilin Italy. Sample size: 13732 observations.
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Tables

Table 1. Descriptive statistics

Panel A Panel B Panel C
2002 (amnesty year) 2000, 2001, 2003, 2004
Whole sample Arrived in Arrived in Arrived in Arrived in
April-May  July - August April-May  July - August
Employment mean 0.511 0.625 0.403 t 0.502 0.519
sd 0.500 0.489 0.495 0.501 0.501
Men mean 0.518 0.571 0.532 0.478 0.535
sd 0.500 0.499 0.503 0.501 0.500
Age mean 30.822 30.338 29.896 31.611 30.530
sd 8.678 7.581 9.061 9.011 8.540
Education
Primary mean 0.127 0.179 0.145 0.089 0.142
sd 0.334 0.386 0.355 0.285 0.350
Secondary mean 0.360 0.321 0.258 0.360 0.392
sd 0.480 0.471 0.441 0.481 0.489
High school mean 0.420 0.411 0.516 0.429 0.392
sd 0.494 0.496 0.504 0.496 0.489
University mean 0.093 0.089 0.081 0.123 0.073
sd 0.291 0.288 0.275 0.329 0.261
Origin
Europe mean 0.196 0.054 0.323 T 0.163 0.223 T
sd 0.397 0.227 0.471 0.370 0.417
Asia mean 0.090 0.054 0.065 0.089 0.104
sd 0.286 0.227 0.248 0.285 0.306
North Africa mean 0.203 0.250 0.274 0.192 0.185
sd 0.403 0.437 0.450 0.395 0.389
Sub-Saharan Africa mean 0.072 0.089 0.097 0.030 0.096 t
sd 0.259 0.288 0.298 0.170 0.295
Latin America mean 0.439 0.554 0.242 t 0.527 0.392 t
sd 0.497 0.502 0.432 0.500 0.489

Note: Panel A reports means and standard deviatbrselected characteristics of our main samplee Méxt two
panels differentiate between immigrants arrivedtaty in April-May (qualified and July-Augustunqualified in the
amnesty year 2002 (Panel B) and in control yea@®22001, 2003 and 2004 (Panel C). Data for thividhdals in all
groups was collected on their first visit to Naggtvi,een November 14 and-January 13 in each yearsaimple is
composed of 581 individuals, 45 percent of whichehayualified” status. T denotes a difference bemvthe treatment
and control group that is significant at least%t 5
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Table 2. DID estimates: Main results

1 2 3 4 obs.
Panel A - Amnesty effect
Qualified status (B) 0.240** 0.236** 0.252** 0.262*** 581

[0.102] [0.102] [0.099] [0.100]
Panel B - Initial difference

Qualified status (B) 0.034 0.033 0.054 - 419
[0.140] [0.138] [0.140]

Gender, age, education no yes yes yes

Area of origin no no yes yes

Month dummies no no no yes

Note: Each cell reports the estimated coefficiemtie interaction between a dummy for arrival inrifgMay and a
dummy for the amnesty year 2002 from linear regoassof a dummy for employment status on a dummyafdval in
Italy in April or May (versus July or August), dunes for years 2000-2004, and the interaction ofattival dummy
with the 2002 dummy. In panel A, which reports #manesty effect, immigrants are observed betweerl#ieof
November of each year and thé"i January of the following year. In panel B, whichecks for initial differences in
the two arrival groups, immigrants are observeavben the T and the 3% of September of each year. Columns 2—4
gradually add in additional control variables. Gendge, and education controls include a male dgndommies for
5-year age groups, and dummies for four educaéwel$ (primary, secondary, high school, universifyea of origin
is denoted by dummies for five macro-areas of oriiurope, Asia, North Africa, Sub-Saharan Afriead Latin
America. Month dummies are dummy variables indigathe month in which an individual was observeahd? B is
based on a single month sample, thus column 4tiseported. The last column displays the numbeshsfervations
used in each regression. Robust standard errois pegentheses; ***p<0.01, **p<0.05, and *p<0.1.
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Table 3. Placebo testsQualified vs. Qualified and Unqualified vs. Unqualified

1 2 3 4 obs.

Qualified (February-March) Vs Qualified (April-May) 0.061 0.061 0.037 0.035 503
[0.105] [0.104] [0.101] [0.102]

Qualified (April) Vs Qualified (May) -0.043 -0.082 -0.094 -0.087 259

[0.148] [0.143] [0.142] [0.144]
Unqualified (July-August) Vs Unqualified (September-October) -0.024 -0.020 0.001 -0.002 793
[0.083] [0.084] [0.082] [0.081]

Unqualified (July) Vs Unqualified (August) -0.106 -0.128 -0.138 -0.115 322
[0.156] [0.162] [0.155] [0.148]

Gender, age, education no yes yes yes

Area of origin no no yes yes

Month dummies no no no yes

Note: The first row reports the estimated coeffitien the interaction between a dummy for arrivaFeébruary—March
vs. April-May and a dummy for the amnesty year 200t linear regressions of a dummy for employnstatus on a
dummy for arrival in Italy in February or March ¢ges April or May), dummies for years 2000—2004¢ dhe
interaction of the arrival dummy with the 2002 dumrRows 2-4 have the same structure, but the ardvenmy is
modified as described in each row’s heading. Imarits are observed between th& d# November of each year and
the 13" of January of the following year. Columns 2—4 gty add in additional control variables (contraiee
identical to those described in the note to TablelThe last column displays the number of obseovatiused in each
regression. Robust standard errors are in parergh&$p<0.01, **p<0.05, and *p<0.1.
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Table 4. DiD robustness checks: Alternative controjears

1 2 3 4 obs.
Panel A - Amnesty effect
2002 Vs (2003 & 2004) 0.280** 0.280** 0.321*** 0.323*** 295
[0.118] [0.118] [0.116] [0.116]
2002 Vs (2001 & 2003) 0.244** 0.253** 0.265** 0.266** 343
[0.113] [0.113] [0.111] [0.111]
2002 Vs (2000 & 2001) 0.216** 0.202* 0.197* 0.217** 404
[0.108] [0.109] [0.107] [0.108]
Panel B - Initial difference

2002 Vs (2003 & 2004) -0.020 -0.003 -0.019 - 189
[0.154] [0.146] [0.156]
2002 Vs (2001 & 2003) 0.026 0.028 0.039 - 225
[0.150] [0.159] [0.157]
2002 Vs (2000 & 2001) 0.065 0.069 0.094 - 284
[0.146] [0.149] [0.150]
Gender, age, education no yes yes yes
Geo area no no yes yes
Month dummies no no no yes

Note: In both panels, each cell reports the estthabefficient on the interaction between a dumamafrival in April-
May and a dummy for the amnesty year 2002 fromalimegressions of a dummy for employment statua dammy
for arrival in Italy in April or May (versus Julyrddugust), year dummies, and the interaction ofatrezal dummy with
the 2002 dummy. Rows differ in the control yearsdus the analysis, as described in each row'sihgath panel A,
which reports the amnesty effect, immigrants arseoled between the 4f November of each year and the"i#
January of the following year. In panel B, whictecks for initial differences in the two arrival ggus, immigrants are
observed between thé' aind the 3T of September of each year. Columns 2—4 gradualty in additional control
variables (controls are identical to those desdriinethe note to Table 2). Panel B is based omglesimonth sample,
thus column 4 is not reported. The last column ldigpthe number of observations used in each reigresRobust
standard errors are in parentheses; ***p<0.01, &05, and *p<0.1.
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Table 5. Placebo amnesty years

1 2 3 4 obs.
Panel A - Amnesty effect

Placebo amnesty: 2000 0.110 0.128 0.137 0.139 463
[0.099] [0.098] [0.099] [0.099]

Placebo amnesty: 2001 -0.041 -0.042 -0.016 -0.021 463
[0.102] [0.102] [0.102] [0.102]

Placebo amnesty: 2003 0.043 0.033 0.017 0.011 463
[0.119] [0.117] [0.118] [0.119]

Placebo amnesty: 2004 -0.141  -0.153  -0.182 -0.173 463

[0.116] [0.115] [0.115] [0.115]
Panel B - Initial difference

Placebo amnesty: 2000 -0.021 -0.034 -0.026 - 365
[0.102] [0.103] [0.104]
Placebo amnesty: 2001 -0.074 -0.071 -0.060 - 365
[0.112] [0.112] [0.113]
Placebo amnesty: 2003 0.118 0.139 0.130 - 365
[0.118] [0.121] [0.123]
Placebo amnesty: 2004 0.007 0.001 -0.018 - 365
[0.128] [0.125] [0.124]
Gender, age, education no yes yes yes
Area of origin no no yes yes
Month dummies no no no yes

Note. In both panels, each cell reports the estithabefficient on the interaction between a dumamafrival in April-
May and a dummy for the placebo amnesty year itglican each row’s heading, from linear regressioina dummy
for employment status on a dummy for arrival inyita April or May (versus July or August), yearrdmies, and the
interaction of the arrival dummy with the placeboresty year dummy. In panel A, which reports theasty effect,
immigrants are observed between th& d# November of each year and thé"if January of the following year. In
panel B, which checks for initial differences irettwo arrival groups, immigrants are observed betwtbe I and the
31% of September of each year. Columns 2—4 gradwaalty in additional control variables (controls ateritical to
those described in the note to Table 2). Panellased on a single month sample, thus column édtiseported. The
last column displays the number of observationsl useeach regression. Robust standard errors aparentheses;
***n<0.01, **p<0.05, and *p<0.1.
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Table 6. Year-by-year estimates

1 2 3 4 obs.
Amnesty year
2002 0.222** 0.217** 0.198** 0.212** 118
[0.091] [0.095] [0.095] [0.099]
Placebo years
2000 0.057 0.037 0.014 0.013 147
[0.081] [0.086] [0.091] [0.093]
2001 -0.046  -0.055 -0.049 -0.049 139
[0.085] [0.091] [0.091] 1[0.091]
2003 0.017 0.034 0.038 0.042 86
[0.108] [0.109] [0.117] 1[0.120]
2004 -0.132 -0.113 -0.149 -0.138 91
[0.104] [0.107] [0.117] 1[0.120]
Gender, age, education no yes yes yes
Area of origin no no yes yes
Month dummies no no no yes

Note: Each cell reports the estimated coefficiemtaodummy for arrival in April-May from linear reggsions of a
dummy for employment status on a constant and ardufar arrival in Italy in April or May (versus Julor August).
Results for the amnesty year 2002 and for all otfter-amnesty years are reported in separate rommigrants are
observed between the 14th of November of each gedrthe 13th of January of the following year. Quhs 2—4
gradually add in additional control variables (cot# are identical to those described in the not&€dble 2). The last
column displays the number of observations use@adoh regression. Robust standard errors are imthases;

***n<0.01, **p<0.05, and *p<0.1.
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Table 7. Alternative control groups

1 2 3 4 5 6 7 8 9 10 11 12
Unskilled All
Qualified Unqualified Qualified Unqualified
Panel A - ISMU sample (2001-2004)
i) Milan: legal immigrants, ysm <=4 0.384*** (0.334*** 0.332***  0.013 -0.031 -0.030 0.346*** (0.288*** (0.291***  -0.029 -0.074 -0.072
[0.109] [0.112] [0.111] [0.115] [0.115] [0.113] [0.100] [0.103] [0.103] [0.106] [0.107] [0.106]
Observations 728 728 728 747 747 747 1,755 1,755 1,755 1,774 1,774 1,774

ii) Lombardy: legal immigrants, ysm <=4 0.350%** (0.297*** (0.299*** -0.024 -0.048 -0.047  0.334*** (.283*** (0.294***  -0.041 -0.065 -0.065
[0.097] [0.105] [0.103] [0.104] [0.108] [0.106] [0.096] [0.101] [0.101] [0.103] [0.105] [0.105]

Observations 3435 3431 3431 3454 3450 3450 6964 6956 6956 6983 6975 6,975

iii) Milan: legal immigrants, ysm <=2 0.305** 0.260** 0.260** -0.058 -0.103  -0.101 0.328*** 0.282** 0.282** -0.047 -0.083  -0.084
[0.129] [0.131] [0.129] [0.133] [0.132] [0.131] [0.107] [0.109] [0.110] [0.112] [0.113]  [0.113]

Observations 348 348 348 367 367 367 789 789 789 808 808 808

iv) Lombardy: legal immigrants, ysm <=2 0.279*** 0.252** 0.257**  -0.099 -0.104 -0.101  0.285*** 0.257** 0.271*** -0.093 -0.098 -0.099
[0.101] [0.109] [0.107] [0.107] [0.111] [0.109] [0.098] [0.104] [0.104] [0.104] [0.107] [0.107]

Observations 1,352 1,351 1,351 1,371 1,370 1,370 2,856 2,854 2,854 2,875 2,873 2,873
Panel B - EULFS (2000-2004)

v) Lombardy: all residents 0.218**  0.166* 0.197** -0.109 -0.110 -0.102  0.216** 0.176*%* 0.206** -0.112 -0.116 -0.121
[0.088] [0.091] [0.091] [0.097] [0.100] [0.099] [0.088] [0.087] [0.089] [0.097] [0.098] [0.097]

Observations 11,417 11,417 11,417 11,450 11,450 11,450 27,315 27,315 27,315 27,348 27,348 27,348

Year dummies yes yes yes yes yes yes yes yes yes yes yes yes

Gender and age no yes yes no yes yes no yes yes no yes yes

Education no no yes no no yes no no yes no no yes

Note: This table reports results of DiD regressiamgerequalified (arrived in April-May; columns 1-3 and 7-9) anéparately,unqualified (arrived in July-August;
columns 4-6 and 10-12) immigrants in the Naga sarapd compared to alternative control groups ddll@gmigrants and natives. In Panel A, the fourtcargroups are
extracted from the ISMU sample and are definecolisws: i) legal immigrants who have spent lesstfaur years in Italy and live in Milan; ii) legahmigrants who
have spent less than four years in Italy and liveambardy; iii) legal immigrants who have spersi¢han two years in Italy and live in Milan; igglal immigrants who
have spent less than two years in Italy and livedambardy. In Panel B, the control group is extedctrom the EULFS sample, and is composed of gllleesidents
(immigrants and natives) of Lombardy. In all casé control group is restricted to individuals &gk to 40. We further restrict the control grodpsunskilled

individuals in columns 1-6, whereas we considedeéls of education in columns 7-12. Each celbrépthe estimated coefficient on a dummy for bejonglified in

Naga sample in linear regressions of a dummy fgrleyment status on a constant, the variable ofésteand year dummies. Gender, age, and educaiidgrots include
a male dummy, dummies for 5-year age groups, amdndes for four education levels (primary, seconddaigh school, university). Robust standard ertanes in

parentheses; ***p<0.01, **p<0.05, and *p<0.1.
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Table 8. Persistence of the eligibility effect onndocumented immigrants’ employment status

1 2 3 4 5 6 7 8
Year(s) of arrival in Italy

1997-2001 1999-2001 2001 2002

2002 Amnesty applicant 0.163***  0.169***  (0.227*** (0.234*** (0.255*** (0.261*** 0.166*** 0.162***
[0.031] [0.031] [0.042] [0.041] [0.049] [0.048] [0.035] [0.035]

Year and province dummies yes yes yes yes yes yes yes yes
Individual controls no yes no yes no yes no yes
Observations 1,172 1,172 793 793 457 457 615 615
Share of applicants 0.79 0.81 0.75 0.47

Note: Each cell reports the estimated coefficidraroindicator for amnesty applicants in regressioha dummy for employment status on a dummyehatls one if the
respondent applied for the 2002 amnesty (and zémerwise), on year and province dummies and orviddal controls (age, age squared, gender, yeacg shigration
and its square, and dummies for education, anddographic area of origin). Regressions are estina the sample of all undocumented immigrants ke arrived
in ltaly in 1997-2001 (cols. 1-2), 1999-2001 (cd@s4), 2001 (cols. 5-6), or 2002 (cols. 7-8). Rolmtandard errors are in parentheses; ***p<0.0p<®.05, and

*p<0.1.
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Online Appendix

Appendix 1 - The Labor Market Effects of the Prospect of Legal Status: A
Theoretical Framework

This appendix outlines a stylized model to eluaddte labor market effects of immigration
amnesty on potentially eligible undocumented mitgaWe first sketch a Nash-bargaining model

of the labor market and then study how differenhasty designs affect immigrants’ outcomes.

The Labor Market

Consider the problem of firni, which must decide whether to employ an undocuetent
immigrant. The marginal productivity of the immigtais constantA >0) and with probability
p =0 s/he will be apprehended by the police, the matgbires, and the firm incur a sanction
¢’ (=0) for having unlawfully employed the undocumentedkeo. The firm finds it profitable to
employ the undocumented immigrant as long as tipea®d gain exceeds the wage. The solution
to the firm’s problem thus defines labor demandeims of the maximum wage/’ ( p) that the
firm is willing to pay to employ an undocumentedriwer for any given level gb:

w' (p) = (1- p)0A- pc (A1)
Here, w'(p) is linearly decreasing ip, and for p=0, the salary equals the worker's marginal
productivity (W' = A).

We next consider the choice of an undocumented grant m who must decide whether to
accept or reject a job offer. This worker will aptéhe offer if the wage is larger than the
opportunity cost of not workint(=0), where both terms are weighted by one minus tblatnility
of apprehension. If found out, s/he will incur angkty c™(=0), which can be interpreted in terms

of detention time and/or the economic and psychotdgost of deportation. The undocumented

immigrant finds it profitable to accept the jobeafif the expected gain from working is larger than
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or equal to the expected gain from not working;, {le- p)lw— p(X" = (1- p)Ib- [I€. ?° This
condition defines a flat labor supply:

w'(p)=b (A2)
Where w"( p) denotes the immigrant’s reservation wage. If thegmal productivity of the match
is higher than the individual's utility of not warlg (i.e. if A>b), equations (Al) and (A2)
identify an apprehension probabilify such thatw’ (p) = w"( p) .

Define the job match surpluS(p = w ( p—- W( p. When the apprehension probability is
sufficiently low (i.e.,p< p), the surplus is positive3( P =0, but whenp > p, itis S(p <0, so
there is no possibility of a mutually profitable toia between the firm and worker. We therefore
focus on cases in whigh< p.

To close the model, we assume that the firm andmbrer negotiate the wage according to
standard Nash bargaining:

w(p) = argma{s (m]’ [s™(m)]* | (A3)
where W(p) is the equilibrium wage of a successful matc® (p=w(p- w p and
S"(Pp=wW p- W( p are the surpluses of the match for the firm andkes respectively, and
A0(0,1) and (1-4) their respective bargaining power. Problem (A3)ldg to the equilibrium

wagew(p)=w'(p-B9 p,and the total surplus of the match is shared gtmmally based on

the bargaining strength of the firm and work8f( p =4S p ands™(p) = (1-8) S n-

Amnesty

This model can be used to illustrate the labor eiaeffects of amnesty eligibility. We capture

the prospect of legalization in three complementaays: First, the probability of apprehension is

% Here, for analytical convenience, the probabitifyapprehension is independent on the employmentist The
apprehension probability of workers is likely toryacross occupations (e.g. relatively low for dstiteoccupations
and much higher in construction and services) aadave no a priori on the ranking between workiergeneral, and
unemployed immigrants. Below, we introduce a tvnisthe apprehension probability for employed anémployed
individuals in order to capture one important featof work-related regularization programs.
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lower for eligible than forineligible immigrants (0< p® < p' <1). This condition is appropriate if the

time span between eligibility and application i¢ tap long. Second, immigrants attach a positive
value @) to the prospect of legal status, because thegipate all the advantages of residing
lawfully in the host country (e.g., access to thearicial and legal systems, travel home, and so
forth). Third, we introduce a positive cosbf amnesty application, which is borne by the fand
comprises payroll taxes and fines. Whetiers formally levied on the firm or the worker is
immaterial for the results. Here, we apply thesestmicts to assess the effects of two different

amnesty designs.

Predetermined conditions only

Consider first an amnesty program that conditidiggbélity on somepredetermined individual
conditions (residence, employment, or both). Those individualat satisfy (do not satisfy) the
predetermined condition asdigible (ineligible) for amnesty. We denote these two groups with the
superscriptan=(e, i). It is then easy to verify that, because undes #mnesty design both the
potential reward B and the probability of apprelemsre independent of being employed or not,
labor supply (A2) remains unchanged for betigible andineligible immigrants. The prospect of

legalization will, however, shift the labor demdiod eligible immigrants, which now becomes

w'(p%) =1~ pYY A-T)- pC (A4)
Eligibility for legal status thus has an ambigudabor demand effect: a lower probability of
apprehensionp® < p' drives w'¢(p°) up, while the application fe€ shifts thew'*( p®) curve
downward. If the former effect dominates, the vatiiea match with an eligible undocumented
immigrant increases, implying

S(p)> S P. (A5)

Hence, the maximum wage that the firm is willingoy for an eligible worker is higher than that

for an ineligible worker: w'°(p®) > w"'( p)).
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Predetermined conditions and current employment requirement

Consider next an amnesty program that entails hgiredetermined conditioand a current
employment requirementhis design inherently divides undocumented inram¢s into one group
that satisfies the first requirement and anothat ttoes not. Following the terminology adopted in
the main text, we define these two groups of imam¢g as “qualified” and “unqualified,”
respectively. Conditional on being employed, themfer group becomes fully eligible for legal

status. Hence, we must now distinguish four difieigroups of immigrantsm = (e i, g, u), with e

andi still denoting eligible and ineligible immigraniait @ andu denoting the group ajualified
andunqualifiedimmigrants, respectively.
In terms of our modeling assumptions, this amndssign has two main consequences. First,

employed qualifiedmmigrants become fullgligible and thus face an apprehension probability

p¢ = p°< p'. If they do not become employed, however (i.ethdy fail to become fully

employed
eligible for amnesty), their probability of beingtdcted is equal to that ahqualifiedimmigrants,
and both are simply equal to the probability of rapension of an ineligible immigrant:

pe = p' = p'. The above observation allows us to simplify téation by usingn=e (m=i)

unmployed

to denote employed (unemployegl)alified immigrants. Second, the rewaBdis now conditional
on being employed.

It now follows that both labor demand and supplyrba affected by the amnesty, although
only for qualifiedimmigrants. In particular, labor demand tpralifiedimmigrants is still described
by equation (A4) since this group of immigrants drees eligible if employed and faces an
apprehension probabilitp®. Hence, the labor supply qtialified immigrants is now determined by
the following problem:

1-p*){w+ B)- p°Oc"= (1- p)Ob- pOC (A6)

and their reservation wage becomes
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pel:d:m+6_

)

(A7)

whereb = (1- p')[b- p O¢. The reservation wagef(p°) is increasing in the probability of being

detected, withw*(0) = b~ B and lim w*( p°) = . Comparing (A7) with (A2) then shows that the
p°-1

prospect of legalization faqualified immigrants unambiguously reduces their reservatiage as a

consequence of both the lower risk of apprehenammhthe reward® associated with employment.

Given that unqualified/ineligible immigrants do nathange their labor supply, then
w(p) > w (). It should also be noted that whBris high enough, a negative reservation wage
for eligible immigrants cannot be ruled out. Morenvif the bargaining power of undocumented
workers is low 3=1), the equilibrium wagev( p) is close to the reservation wagé'(p) for both

groups, m= (e i), and the regularization program unambiguously ceduthe wage ofjualified

immigrants. This downward pressure on wages is rabise amnesty programs that condition
eligibility on predetermined individual characteiés only.

Figure A 2 graphically illustrates the labor markéfects of an amnesty program that conditions

eligibility on current employment and some predgieed condition. The dotted lines'' (p) and

w(p) represent the labor demand and labor supply, ctisply, of unqualified and hence
ineligible, undocumented immigrants. The intersetidf the two curves identifies a region of the

apprehension probability in which a profitable nhmats possible pD[O,B]. p denotes the

probability of apprehension famqualified/ineligibleimmigrants, andS ( p) is the total surplus,
which is split between employer and employee adngrtb parametef3. On the demand side, the
prospect of legalization does two things: (a) shifte labor demand curve downwardwd®(p)
(so the intercept is now-T) and (b) reduces the apprehension probabilitpte p' for qualified
immigrants only. Atp° the demand foqualified workers becomeB’. If the labor supply were to

remain unchanged, the associated sur@tisp®) would be ether greater or lower than the initial
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surplus S (p) depending on model parameterization. The prospédegalization, however,
completely changes the supply qbalified immigrants, which becomes¥(p). For p=p,
w*(p')=b- B. To the left of p=p', the reservation wage is monotonically decreasing.
S°( p°) is the total surplus of a successful job matchhwitqualified immigrant. In this specific
graphical representatios®( ) > S( p).

In general, the net change in surplus of potemiatches remains ambiguous because of the
indeterminacy of the shift in labor demand. It éadily apparent, however, that if the value the
immigrant attaches to the prospect of legalizat®high enough (ifB=>T), then condition (A5)

holds (i.e., the value of a match with an eligibtemigrant is larger than one with an ineligible

immigrant).
Concluding remarks

As explained in the main text, whenever (A5) isisd&d, the firm will increase both the
retention rate of already employegalified/eligible workers and the hiring rate of unemployed
gualified workers (who then become fully eligible for amygstThose who do not satisfy the
predetermined condition (thenqualifiedones), in contrast, are simply left out of thealeation
process and experience no change in surplus. dtftfilows that, ceteris paribus, the employment

rate will be higher amongualifiedthan amonginqualifiedundocumented migrants:

employment raf’e>
employment rate

1 (A8)

The opposite would hold if the net effect of theftshin labor demand and labor supply led to a
larger job surplus for ineligible than for eligiblamigrants.

Although this model could be enriched in many dims—for instance, by introducing
additional channels that might shape the predigiédct of an amnesty on the labor market

outcomes of undocumented immigrants—its main camaituthat important changes in the labor
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market may take place evéeforethe actual legalization occurs would still holdheTdirection of
these effects on the relative employment of qualifversus unqualified immigrants, however,

remains theoretically ambiguous and needs to beeasied empirically.

Appendix 2 - Possible misreporting of arrival date and selective return
migration

As discussed in the main text, although misrepgrof the arrival date and selective return
migration are unlikely to drive our results — dogthe nature of the dataset and the very short time
window used in the analysis — we can empiricalst fer any evidence of the two sources of bias.
Our test is based on the fact that, in the presehselective outmigration and/or misreporting, we
should observe that immigrants who went to NagéhenFall of 2002 were systematically more
likely to report arriving in Italy before June dfet same year than immigrants who went to Naga in
the Fall of non-amnesty years. Thus, we should rebsa change in the distribution of the arrival
date around the 2002 threshold date relative teamnesty years.

To test this possibility, we perform the followiegnpirical check. We use tiRPMAY dummy
as the dependent variable. In each year, this duimmgual to one if the individual reported having
arrived in April or May and zero if s/he arrived Jaly or August (of the same year). As in the
remainder of our analysis, individuals who arriviedther months are dropped from the estimation
sample. Pooling the observations for years 20004-2@0ich is exactly our regression sample), we
run linear probability models of the probability ledving arrived in April-May over a constant and
dummies for non-amnesty years (2000, 2001 2003,289d; 2002 is omitted as the benchmark
year). The constant term measures the share ofigodils who arrived in Italy in April and May
2002, while the year dummies measure the percemi@ige differences in this share between 2002
and each of the four non-amnesty years.

The results are reported in Table A2. Column 1 mspitne unconditional estimates, while the

following three columns gradually add in groups aointrols (gender, age and education, and
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dummies for area of origin, and month). Looking cfieally at the unconditional estimates in
column 1 of Table A2, the estimated coefficienttba constant term indicates that the immigrants
who arrived in Italy in 2002 are almost evenly disited between the two arrival groups. No
systematic differences in this share are obsemeathy of the remaining four years: the estimated
coefficients on the year dummies for 2000, 20010320and 2004 are very small and not
significantly different from zero. The inclusion fafrther controls in columns 2—4 does not altes thi
conclusion. These results provide truly reassumwglence against the existence of selective
outmigration or systematic arrival date misrepatim our dataThe estimation results using probit

or logit regressions (available from the authorsrugequest) are very similar.
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Appendix figures

Figure A 1. Placebo testsQualified vs. Qualified
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Figure A 2. Theoretical framework
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Appendix tables

Table A 1. Comparison of NAGA and ISMU samples

Panel A Panel B
2002 (amnesty year) Full sample
NAGA ISMU NAGA ISMU
Men mean| 0.551 0.664 0.518 0.655 t
sd 0.500 0.475 0.500 0.476
Age mean| 30.106 30.858 30.822 29.879
sd 8.359 9.724 8.678 8.649
University education mean| 0.085 0.088 0.093 0.114
sd 0.280 0.285 0.291 0.318
Origin
Europe mean| 0.195 0.301 0.196 0.228
sd 0.398 0.461 0.397 0.420
Asia mean| 0.059 0.062 0.090 0.060
sd 0.237 0.242 0.286 0.238
North Africa mean| 0.263 0.115 T 0.203 0.125 t
sd 0.442 0.320 0.403 0.331
Sub-Saharan Africa mean| 0.093 0.062 0.072 0.123 t
sd 0.292 0.242 0.259 0.329
Latin America mean| 0.390 0.460 0.439 0.463
sd 0.490 0.501 0.497 0.499

Note: The table reports means and standard dew$atib selected characteristics for the NAGA and ISkamples.
The Naga sample includes all immigrants in our nesitimating sample observed, respectively, in 882 (panel A)
and in the entire period 2000-2004 (panel B). TBBU sample include all immigrants who reported a@okl legal

status and to have at most one year of residendéalyn and who were interviewed in the Milan prosénin,

respectively, year 2002 (panel A) and the period122004 (panel B). T denotes a difference betwhernwo samples
that is significant at least at 5%.
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Table A 2. Probability of having arrived in Italy in April-May (versus July-August)

1 2 3 4
Arrival year 2000 -0.053 -0.075 -0.093 -0.090
[0.062] [0.062] [0.060] [0.060]
Arrival year 2001 -0.007 -0.013 -0.03 -0.026
[0.063] [0.065] [0.065] [0.065]
Arrival year 2003 0.002 0.005 0.000 -0.001
[0.071] [0.072] [0.071] [0.071]
Arrival year 2004 -0.09 -0.092 -0.065 -0.057
[0.069] [0.069] [0.068] [0.068]
Constant 0.475%** 0.328 0.324 0.342
[0.046] [0.206] [0.215] [0.219]
Observations 581 581 581 581
Gender, age, education no yes yes yes
Area of origin no no yes yes
Month dummies no no no yes

Note: The table reports results from linear regogssof a dummy for arrival in April-May (versuslywr August) on a
constant and year dummies (excluding 2002). Colutnsgradually add in additional control variab{esntrols are
identical to those described in the note to Tabl&RBbust standard errors are in parentheses; 0¥ **p<0.05, and
*

p<0.1.
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