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[ Abstract] Automatic Term Recognition( ATR) is a key process of knowledge technology such as knowledge extraction
and text mining. To enrich the text mining theories and methods based on term recognition, support constructing related
systems, it refers to some main existing methods for ATR, find key problems of the process. Through researches on related
programs and systems, existing term resources, we could choose the best one for ourselves’ ATR system.
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Profits at Canada’ ssix big bankstopped C$6 billion($ 4.4 billion) in 1996, smashing
last year’ s C$5.2 billion($3.8 billion) record as Canadian Imperial Bank of Commerce and
Nation Bank of Canadawrapped up the eaming season Thursday. The six banks each reported
a double-digit jump in net income for a combined profit of C$6.25 billion($ 4.6 billion) in
fiscal 1996 ended Oct 31.

But a third straight year of record profits came aimed growing publicanger over
perceived high service charges and credit card rates, and tight lending policies

Bank officials defended the group’ s performance, saying that million ofCanadians
owned bank shares through mutual funds and_pension plans
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