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Abstract

Dynamical networks (DNs) consist of a large set of interconnected nodes with each node
being a fundamental unit with detailed contents. A great number of natural and man-made
networks such as social networks, food networks, neural networks, World Wide Web, electrical
power grid, etc., can be effectively modeled by DNs. The main focus of the present thesis is on
delay-dependent impulsive control of DNs. To study the impulsive control problem of DN,
we firstly construct stability results for general nonlinear time-delay systems with delayed im-
pulses by using the method of Lyapunov functionals and Razumikhin technique.

Secondly, we study the consensus problem of multi-agent systems with both fixed and
switching topologies. A hybrid consensus protocol is proposed to take into consideration of
continuous-time communications among agents and delayed instant information exchanges
on a sequence of discrete times. Then, a novel hybrid consensus protocol with dynamically
changing interaction topologies is designed to take the time-delay into account in both the
continuous-time communication among agents and the instant information exchange at dis-
crete moments. We also study the consensus problem of networked multi-agent systems. Dis-
tributed delays are considered in both the agent dynamics and the proposed impulsive consen-
sus protocols.

Lastly, stabilization and synchronization problems of DNs under pinning impulsive control
are studied. A pinning algorithm is incorporated with the impulsive control method. We pro-
pose a delay-dependent pinning impulsive controller to investigate the synchronization of lin-
ear delay-free DNs on time scales. Then, we apply the pinning impulsive controller proposed
for the delay-free networks to stabilize time-delay DNs. Results show that the delay-dependent
pinning impulsive controller can successfully stabilize and synchronize DNs with/without
time-delay. Moreover, we design a type of pinning impulsive controllers that relies only on
the network states at history moments (not on the states at each impulsive instant). Suffi-
cient conditions on stabilization of time-delay networks are obtained, and results show that
the proposed pinning impulsive controller can effectively stabilize the network even though
only time-delay states are available to the pinning controller at each impulsive instant. We fur-
ther consider the pinning impulsive controllers with both discrete and distributed time-delay
effects to synchronize the drive and response systems modeled by globally Lipschitz time-
delay systems. As an extension study of pinning impulsive control approach, we investigate
the synchronization problem of systems and networks governed by PDEs.
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Chapter 1

Introduction

1.1 Motivations

Dynamical networks (DNs) consist of a large set of interconnected nodes with each node be-
ing a fundamental unit with detailed contents (see, e.g., [105, , 13, 96]). A great number
of natural and man-made complex networks such as social networks, food networks, neural
networks, World Wide Web, computer networks, electrical power grid, etc., can be effectively
modeled by DNs. See the following two examples for illustrations.

Example 1.1.1 (Internet[]14]) Internet is a dynamical network of routers or domains which are called
nodes of the network connected by physical links such as optical fibers. See Figure 1.1.

Example 1.1.2 (Birds flocking) Flocking is a collective animal behavior exhibited by many living be-
ings such as birds, fish and bacteria [941]. Figure 1.2 shows the flocking habit of migratory birds. Each
bird in Figure 1.2 behaves autonomously, and the flocking behavior of a group of birds can be modeled
by a dynamical network.

As illustrated in the above examples, DNs consist of three main attributes [26]:

Domain 1

Domain 3

Figure 1.1: Network structures of Internet



Figure 1.2: Flocking habit of migratory birds

Figure 1.3: Structure of a DN

e a mathematical description of the dynamical behavior of each of the agents in the net-
work;

e an interaction (or coupling) protocol used by agents to communicate with each other;

e a graph describing the network of interconnections between neighboring agents.

As an example, the structure of a DN is shown in Figure 1.3. Then, possible complications
arise according to these three aspects, as described by Strogatz [105]:

e Node

- Dynamical complexity: the nodes could be nonlinear dynamical systems. In a gene
network or a Josephson junction array, the state of each node can vary in time in
complicated ways.

- Node diversity: there could be many different kinds of nodes. The biochemical net-
work that controls cell division in mammals consists of a bewildering variety of sub-
strates and enzymes.



e Interaction

- Structural complexity: the wiring diagram could be an intricate tangle.

- Network evolution: the wiring diagram could change over time. On WWW, pages
and links are created and lost every minute.

e Graph

- Connection diversity: the links between nodes could have different weights, direc-
tions and signs. Synapses in the nervous system can be strong or weak, inhibitory or
excitatory.

Moreover, various complications can influence each other, which is called Meta-complication.
All these complications bring difficulties to the study of control problems of DNs.

Due to the common existence in many evolution processes, control schemes, and physical
systems, time-delay has been widely considered for dynamical systems. It was shown that the
existence of time delay may cause divergence, oscillation, instability, and poor performance
in various dynamical systems. Therefore, it is reasonable to study dynamical systems subject
to time-delay. During the past decades, there has been extensive investigation on stability
issues and control problems of delayed dynamical systems. In terms of DN, time-delay might
present in the intrinsic dynamic of the single node which means the dynamic of the isolated
node is past dependent. The time lag could also exist at the communications or interactions
among nodes. These time delays in DNs also increase the difficulties to investigate the dynamic
properties of DNs.

Various control problems about DNs have arisen recently which will be introduced in Chap-
ter 2, and a wide variety of conventional and novel control schemes have been proposed to
achieve the desired control objectives, such as, the adaptive control (e.g., [131, 30]), pinning
control (e.g., [79, 27]), impulsive control (e.g., [73, 1), and hybrid control (e.g., [49, 62]), etc.
Among these approaches, the impulsive control method appears to be an effective method
to achieve the control goal of DNs. The main idea of this method is to control the states of
the system by using only small impulses which are samples of the state variables at discrete
moments. And then the impulsive control approach has its advantages in the following two
aspects described in [123]:

e Based on the control mechanism, impulsive control can give an efficient way to deal with
plants.

e In some applications, it is impossible to provide continuous control inputs. For example,
a government can not change savings rates of its central bank everyday. A deep-space
spacecraft can not leave its engine on continuously if it has only limited fuel supply.

On the other hand, time-delay is unavoidable in sampling and transmission of the impul-
sive information in dynamical systems. As one type of typical time-delay, distributed delays
have been widely employed in biological and industrial systems to describe delays in the
spread of disease, network connections, transportation, etc. However, it is practically needed
to consider distributed delays when applying the impulsive controller to dynamical systems.
For example, a deep-spaced spacecraft cannot leave its engine on continuously if it has only
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limited fuel supply, and then impulsive control is an ideal way to manipulate the spacecraft.
Fuel economy is the fuel efficiency relationship between the distance traveled and the amount
of fuel consumed by the vehicle, which is normally expressed in terms of volume of fuel to
travel a unit distance, or the distance traveled to consume a unit volume of fuel. It is an impor-
tant aspect which needs to be considered in the design of impulsive controller. Compared with
the fuel economy at a specific time t or a history moment t — d (instantaneous fuel economy),
the fuel economy over the time period [t — 4, t] is a more accurate, accessible, and reliable data,
which is directly related to the fuel economy of spacecraft’s engine, and can be easily derived
from central control system of the spacecraft. Therefore, when considering the fuel economy
in the impulsive controller for the deep-spaced spacecraft, distributed delays are employed to
describe the fuel consumptions over a particular time period.

Due to the wide applications of DN, effectiveness of the impulsive control method, and
ubiquitousness of delay effects, it is necessary and significant to study impulsive control prob-
lems of DNs with time-delay. The objective of this thesis is to construct sufficient conditions
to design impulsive controllers to stabilize DNs with delays and furthermore to achieve the
desired dynamical performance.

1.2 Thesis Organization

This thesis is organized into 7 chapters, which are listed and summarized as follows.
Chapter 1. Introduction
A background introduction of this thesis.
Chapter 2. Control Problems of Dynamical Networks

Chapter 2 will introduce the method of impulsive control to DNs, and control problems
related to DN, such as stabilization, synchronization, and consensus.

Chapter 3. Stability of Impulsive Systems with Time-Delay

In Chapter 3, we will introduce the mathematical background of impulsive systems with
time-delay. We will introduce several global exponential stability results for time-delay sys-
tems with delayed impulses, by using the method of Lyapunov functionals and Razumikhin
technique. We will also introduce an exponential stability result for locally Lipschitz time-delay
systems with distributed-delay dependent impulses. Results in Section 3.2 were published in
[64], and results in Section 3.3 will be submitted for publication.

Chapter 4. Consensus of Multi-Agent Systems

In Chapter 4, we will introduce consensus results of multi-agent systems via hybrid pro-
tocols with impulse delays, in addition to briefly introducing notions and results from matrix
theory and graph theory. We will introduce consensus results of multi-agent systems via hy-
brid impulsive protocols with dynamically changing topologies and time-delay. We will also
introduce results for consensus of networked multi-agent systems with distributed delays in
both the agent dynamics and the impulsive protocols. Results in Section 4.2 were published in
[56], results in Section 4.3 will be submitted, and results in Section 4.4 have been submitted for
publication (see, [55]).



Chapter 5. Stabilization and Synchronization of Dynamical Networks

Chapter 5 will study synchronization of delay-free DNs and stabilization of neural net-
works with time-delay, and discrete delays will be considered in the pinning impulsive con-
trol approach, in addition to introducing the theory of time scales. We will also investigate
synchronization problem of globally Lipschitz time-delay systems, and the distributed-delay
effects will be considered in the impulsive controller. Results in Section 5.1, Subsection 5.2.1,
and Subsection 5.2.2 were published in [57], [85], and [34], respectively. Results in Section 5.3
will be submitted for publication.

Chapter 6. Applications to Systems and Networks Governed by PDEs

In Chapter 6, we will apply the pinning impulsive control approach, introduced in Chapter
5, to control problems of systems and networks governed by partial differential equations. We
will introduce pinning impulsive stabilization and synchronization of Gray-Scott model, which
is a delay-free PDE system. We will also introduce pinning impulsive synchronization of neural
networks with reaction-diffusion terms, which is a time-delay PDE model. Results in Section
6.1 were published in [53], and results in Section 6.2 were published in [57].

Chapter 7. Conclusions and Future Research

In this chapter, we will summarize the results present in the thesis, and highlight the con-
tributions of this thesis. We will also discuss some future research directions along the line of
this thesis.

1.3 Notation

The notation in this thesis is more or less standard, with a few exceptions. In this section, we
describe the mostly commonly used notation in the thesis.

Let IN denote the set of positive integers, R the set of real numbers, R™ the set of nonneg-
ative real numbers, and R" the n-dimensional real space equipped with the Euclidean norm
| - |l. C™(W) represents the set of continuous m-time differentiable real-valued functions on
the domain W. #G denotes the cardinality of set G (that is, the number of elements in set G if
it is finite). For any matrix A € R"*", let AT denote the transpose of A, Ayax(A) the largest

eigenvalue of A, and ||A|| = /Amax (AT A), i.e., the norm of A induced by the Euclidean norm.
Denote I € R"*" the n x n identity matrix.

Fora,b € Rwitha < band S C R”, we define

PC(la,b],8) = {g:[a,b] - S[p(t) = p(t7), forany t € [a,b); p(t)
existsin S, forany t € (a,b]; p(t~) = () for all but
at most a finite number of points t € (a, b] },

PC([a,»),S) = {1/) : [a,00) — S‘ forany ¢ > a, [, € PC([a,c],S)},

where (") and (¢~ ) denote the right and left limit of function ¢ at f, respectively. For a
given constant T > 0, the linear space PC([—1,0],R") is equipped with the norm defined by



[$]le = supsei_ro) [P (s)]], for p € PC([—7,0],R"). For constant p > 0, define B(p) = {x €
R* [ [|x[| < o}

Let (-) denote the Dirac delta function which is defined as a generalized function on the
real line which is zero everywhere except at the origin, where it is infinite,

400, x=0
ﬂ”:{a x#0

and which is also constrained to satisfy the identity

/oo d(x)dx = 1.

—o0

The floor function | x| gives the largest integer less than .

Other symbols will be introduced in the thesis when needed. For example, the notations
related to graph theory will be introduced in Section 4.1, and symbols related to the theory of
time scales will be introduced in Subsection 5.1.1.



Chapter 2

Control Problems of Dynamical Networks

2.1 Network Model

Based on the introduction of DNs in Chapter 1, we will introduce the system model that will
be investigated. The evolution of the nodes’ states for the time-delay DN with N nodes can be
described as follows:

Xi = gi(t/ xit) + wi(tl Xt), i=12,.,N, (21)

where x; € R™ denotes the states of the ith node, while x;; is defined as x;;(s) = x;(t +s), for

s € [—7,0] where T > 0 represents the time-delay in the DN and x; = (x{,, x1,, ..., xL;)T. The

function g; : RT x PC([—7,0],R™) — R™ denotes the intrinsic dynamics of the ith node, and
;i : RT x PC([—7,0], R™) — R™ describes the interactions of the ith node with other nodes.

Remark 2.1.1 Various DNs can be written in the form of (2.1), e.g., BAM neural network [60], genetic
regulatory network [1/], Cohen-Grossberg neural network [127], Hopfield neural network [112], cellular
neural network [74]. Therefore, results obtained from our research could be applied to control problems
of these networks.

Ifletx = (xI,xI, ..., xL)T € R"N and define a function f : RT x PC([—7,0], R™N) — R™N
by f= (g +9i, g3 +¢I,.., ¢k +¥L)T. Then, the system (2.1) can be rewritten as the general
form of functional differential equations:

%= ft,x), 22)

where x; is defined by x;(s) = x(t +s) fors € [—T,0].

2.2 Impulsive Control Method

Consider the nonlinear system with time-delay

X = f(t, xt),
{ y(t) = p(x(h)), (2.3)

Xty = @,
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where f : Rt x PC([—7,0,RY) — RN and ¢ : RN — RV, x € RY is the state vector, x; is a
function defined by x;(s) = x(t +s) for s € [—7,0], and 7 represents the time delay in system
(2.3). y € R! is the measured output vector, ¢ € PC([—7,0],RN) is the initial function.

An impulsive control law of system (2.3) is given by a sequence {t, Ui (t, y(tx))}, where

0<t<th <..<txy<.. limt,=o0o,
k—o0

and U, : RT x R! — RN denotes the control input at each impulsive instant t, k = 1,2, ...
It works as follows. Let x(t) = x(t,ty,¢) be a solution of system (2.3). The point P;(¢,x(t))
begins its motion from the initial point Py, (fo, x(fo)) with x(tg) = ¢(fp) and moves along the
state trajectory {(t,x(t)) : t > toand x(t) = x(t,to,¢)} until the time #; at which the point
Py (t1,x(t1)) is mapped into Py, (t1, x(t]")) immediately, where x(t) = x(t1) + Ui (t1,y(t)).
Then the motion P; continues to move further along the trajectory set {(f,x(t)) : + > #; and
x(t) = x(t;t1,xt,) where x4, (s) = x(t; +s) for s € [—7,0]} until the time #, when the point
Py, (tp, x(t2)) is transferred to Py, (t2, x(t5)), where x(t5) = x(t2) + Ua(t2, y(t2)). This process
continues as long as the solution of system (2.3) with initial condition x,(s) = x(fx +5), s €
[—T7,0] exists. According to the above control mechanism, the impulsive controller can be writ-
ten in the following form of feedback controller:

u(ty) = Y Ut y(D)5(t — ), 2.4
k=1

where 4(-) is the Dirac delta function, then, the impulsive controlled system (2.3):

x = f(t,x;) +u(ty),
y<t>_=¢¢<x<t>>, 23)

is in the form of an impulsive system

x=f(t,x), t#t,
Ax(tk) = Uk(tk,y(tk)), k € N,

y(t) = p(x(1)),
Xty = @,
Where Ax(t) = x(t7) — x(¢). See Subsection 4.4.1 for an example of getting (2.6) from (2.5)

by using the property of the Dirac delta function. If we let i (¢, x) = Uk(t, p(x)), then system
(2.6) can be written as the following impulsive system

{ x=f(t,xt), t#t,

(2.6)

Ax(ty) = hy(te, x(tr)), k€N, (2.7)
Xty = (P
It can be seen that no time-delay is considered in the impulses in (2.7). Similarly, if (2.4) is
a delay-dependent feedback controller (i.e., u(t,y) = Y32 Ug(t, y(t — T))6(t — t;), where T is
the impulse delay), then the impulsive control system can be described by the general form of
impulsive functional differential equations:

X = f(t,xt), t 75 ty,
Ax(t) = I(t,x¢), t =t;, and k € N, (2.8)
Xty = @,



where I : RT x PC([-7,0],RN) — RVN. Fundamental results about (2.8) will be introduced
in Section 3.1. However, system (3.1) considered in Section 3.1 is slightly different from (2.8),
and see Remark 3.1.1 for discussions. Lyapunov stability of the system (2.8) can be defined
similarly to the definitions for nonlinear systems in [57]. Now we are in the position to state
the impulsive stabilization problem: subject to the time-delay system (2.3), find an impulsive
control law {fy, Uy} such that the trivial solution of the impulsive delay system (2.8) is stable.

Various stability criteria have been established by employing different kinds of methods,
such as comparison principle [/1], Lyapunov functional method [/5] and Razumikhin tech-
nique [116]. The Lyapunov functional method and the Lyapunov-Razumikhin technique are
two commonly used approaches to determine sufficient conditions for stability of delay sys-
tems. In terms of the Lyapunov functional method, it is a natural generalization of the second
method of Lyapunov for ordinary differential equations. Compared with the Lyapunov func-
tional method, the Lyapunov-Razumikhin technique is based on utilizing the changing rate of
a function on RY to investigate stabilities of delay systems. For many delay systems, it appears
to be easier to use Razumikhin-type results to establish sufficient conditions for stability than
to construct appropriate Lyapunov functionals [39]. It can been seen from [2()] that, even for
linear impulsive delay systems, the Lyapunov functionals are quite complicated. Hence, the
construction of suitable Lyapunov functionals for large-scale dynamical networks will be more
challenging. However, the well-known Razumikhin technique is based on Lyapunov functions,
and doesn’t require Lyapunov function to be decreasing on the whole state space. Furthermore,
when dealing with impulsive stabilization, it is straightforward for the impulse to bring down
the value of a Lyapunov function, whereas, the impulse cannot cut down the value of a func-
tional instantaneously. These properties of Razumikhin technique sometimes make choosing
a suitable Lyapunov function easier than constructing an appropriate Lyapunov functional.
Therefore, it is worthwhile to investigate the stability of time-delay systems using Razumikhin
technique.

Since the method of Lyapunov functionals is a natural generalization of the second method
of Lyapunov for systems without time-delay, the reasoning of sufficient conditions based on the
Lyapunov functional method is normally easier than the reasoning of stability criteria by the
Lyapunov-Razumikhin technique. Furthermore, since the Lyapunov-Razumikhin technique
can be considered as a particular case of the Lyapunov functional method ([69] and [55], Sec-
tion 4.8, p.254), the approach of Lyapunov functionals is ordinarily more general than the
Lyapunov-Razumikhin technique. However, sometimes it seems to be more difficult to con-
struct suitable Lyapunov functionals for stability than using Lyapunov-Razumikhin technique
to establish appropriate Lyapunov functions. Moreover, as far as impulsive effects are con-
cerned, the Lyapunov functional method is more challenging due to the fact that an impulse
occurs at a discrete time normally can not bring down the value of a functional.

On the other hand, one of the most significant problems in the stability analysis of dy-
namical systems is exponential stability. Since it has a more stringent requirement on conver-
gence rate, the exponential stability criteria are more important than the general stability or
asymptotic stability criteria in some practical applications, such as synchronization of dynam-
ical networks [65] and stabilization of cellular neural networks [117]. Recently, many control
problems of dynamical systems have been investigated via delayed impulses in recent years,
such as stabilization of stochastic functional systems [15, 119], synchronization of dynamical
networks [135], and stability analysis of nonlinear impulsive and switched time-delay systems
with delayed impulses [37]. Though the study of dynamical systems subject to impulses with
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time-delay has drawn increasing research attention (see, e.g., [25, 54]), almost all the existing
works focused on impulses with discrete delays. To our best knowledge, no work about im-
pulses with distributed delays has been reported, and the method of Lyapunov functionals has
not been applied to stability analysis of systems with delayed impulses. In Chapter 3, we will
establish several exponential stability results for system (2.8) with delay-dependent impulses,
by using the method of Lyapunov functionals and Razumikhin technique.

2.3 Stabilization

Stability is one of the essential properties of a dynamical system. Consider a power network
with N identical or different nodes, each of which can generate power and consume power.
Ideally, the power network is required to supply steady power which means the power net-
work is designed to be stable. Actually, faults might happen in the power system. For instance,
a fault in two power lines in Oregon led to blackouts in 11 US states and 2 Canadian provinces,
leaving about 7 million customers without power for up to 16 hours on August 10, 1996 [105].
Since the fault could lead the network to be unstable, it is vital important to apply suitable
controllers to stabilize the power network when it suffers unpredicted faults.

In terms of the mathematical model (2.1), stability of a DN can be defined similarly to the
stability of a dynamical system. Recently, stability of DNs has received lots of research interests,
and numerous stability results have been reported for various types of networks (see, e.g.,
[97, 28, 48]). Actually, stability of a DN can be understood as synchronization of the DN with
its trivial state, or the consensus of the DN. Synchronization and consensus of the DN will be
introduced in the following two sections, most of the the results discussed in which can be
applied to the stability analysis of the corresponding networks.

2.4 Synchronization

Synchronization of a group of dynamical nodes in a complex network topology is one of the
most interesting and significant collective behaviors in DNs (see, e.g., [45, 65, 66, 67, 68, 80, 91,

, , , , I). Recently, synchronization has a wide application in the secure com-
munication between agents of a DN. In terms of secure communication, an illustrative process
is shown in Figure 2.1, which works as follows. At the transmitter, the plain-text is masked
by certain algorithm and then the cipher-text is sent to the receiver. Because of the unknown
masking algorithm, it is very difficult for the eavesdropper to distinguish the cipher-text from
noise and get the original text. Once the receiver gets the masked text, the shared secret key
can be used to recover the original message. Chaos systems are often applied to encrypt and
decrypt the text because of its unpredicted behaviors and its sensitivity to the initial condi-
tions. The initial condition can be used as the shared secret key in the secure communication.
When the transmitter and the receiver synchronize with each other, the receiver can recover
the cipher-text to get the plain-text. When the secure communication is applied to the agents
in a network, the synchronization of all the nodes will guarantee that all the nodes can get the
same original message.

Now we are in the position to give the formal definition of synchronization in a DN.
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Sender Receiver
Ciphertext

/

Same key is used to encrypt
and decrypt the message

Figure 2.1: Symmetric-key cryptography

Definition 2.4.1 DN (2.1) is said to achieve synchronization if
tlgtf)lo ||xi(t) —x;(t)[| =0, i,j=1,2,..,N.

Remark 2.4.1 Definition 2.4.1 is the most intuitive one of synchronization which is normally called
complete synchronization. Other forms of synchronization are possible, e.g., exponential synchroniza-
tion (e.g., Definition 6.2.1), cluster synchronization [”1], lag synchronization [35], and phase synchro-
nization [7].

It can be seen that the synchronization behavior of a DN is closely related to the dynamics of
the individual nodes and the interconnections among them. A possible solution to this control
problem is to add a control input to each of the network nodes. Due to the advantages of the
impulsive control method, this approach has been successfully used for the synchronization of
DN (see, e.g., [65, 49]). In [68], impulsive synchronization of the general form of DNs has been
studied. By linearization method, local synchronization criteria of impulsive synchronization
were established, and then additional conditions on the dynamics of the isolated nodes were
assumed to generalize these results to get the global synchronization criteria. Based on this in-
novative work, the impulsive synchronization approach has been applied to various networks,
e.g., TS fuzzy DNs [128], switched neural networks [126], and cellular neural networks [29].

In the above mentioned results, appropriate Lyapunov functions or functionals were uti-
lized to analyze the synchronization problems. The construction process of sufficient condi-
tions for synchronization is as follows. The conditions for the Lyapunov candidates on the
impulsive intervals are obtained, while the conditions on the Lyapunov candidates on the im-
pulsive instants are established. Then conditions that connect the restrictions on these two
sufficient conditions will be needed to balance the dynamics of the network and the control
effects of the impulsive controllers at each impulsive instant. According to these three types of
conditions, suitable impulsive controller can be designed to achieve synchronization of DNs.
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The traditional method to synchronize a DN is to add a controller to each of the network
nodes to tame the node dynamics to approach a desired synchronization trajectory. How-
ever, a DN is normally composed of a large number of high dimensional nodes, and it is
expensive and infeasible to control all of them. Motivated by this practical consideration,
the idea of controlling a small portion of nodes, named pinning control, was introduced in
[113, 76], and many pinning algorithms have been reported for synchronization of DNs (see,
e.g.,[129,115,78,107, 61]). Obviously, the pinning control method reduces the control cost to a
certain extent by reducing the amount of controllers added to the nodes. It is worth noting that
the cost of control can be further reduced by combining pinning control and impulsive control,
i.e., adding the impulsive controllers to a small fraction of network nodes. Hence, the notion of
pinning impulsive control has stimulated many interesting pinning impulsive control strate-
gies for synchronization of DNs with and without delays (see, e.g., [67, 91, 46, 1). To our best
knowledge, no time-delay effects have been considered in pinning impulsive synchronization
problems. In Chapter 5, we will discussion this type of stabilization and synchronization prob-
lems.

2.5 Consensus

Distributed coordination of multi-agent systems (networks of agents or dynamical systems) has
been studied extensively due to its wide range of applications in many areas, such as spacecraft
formation flying [15], multiple robot coordination [103], flocking [110], cooperative control of
vehicle formations [31], and so on. As one of the basic collective behaviors, consensus problems
naturally arise when a group of networked agents are seeking an agreement according to a
certain quantity interest that depends on the state of all agents.

In recent years, various consensus algorithms have been proposed for the multi-agent sys-
tems (see, e.g., [33, 36, 42, 50, 63, 64, 90, 95, 98, , , ). The typical result about aver-
age consensus of multi-agent systems with fixed topology was provided by Olfati-Saber and
Murray in [95], which has shown that if the interaction topology is strongly connected and bal-
anced, then the consensus problem can be solved asymptotically. In [95], Ren and Beard con-
structed classical consensus criteria under dynamically changing topologies, and proved that
if the union of the directed interaction graphs contains a spanning tree frequently enough, then
the consensus can be achieved asymptotically. These verifiable conditions have established
close relations between the connectivity of the interaction topologies and consensus behavior
of the multi-agent systems. However, when the state of agents is subject to abrupt changes
or instantaneous information exchanges with their neighbours (see, e.g., [77]), these typical re-
sults cannot be applied directly to this type of consensus problems. Therefore, the impulsive
consensus method has been developed, and recently has attracted many researchers’ interests

(see, e.g., [30, , 33, 64, 42)).

The mechanism of impulsive consensus is based on the strategy of impulsive control which
is to control the state of each agent by using only small samples of the state variables of the
multi-agent system at a sequence of discrete moments. Up to now, much attention has been
paid to the higher order multi-agent systems (see, e.g., [33, 64, 47]). Although there are many
interesting results reported for the impulsive consensus of first-order multi-agent systems, this
research area still worths further investigation, and many existing consensus results can be im-
proved. In [56], a fundamental result has been derived for the impulsive consensus, which says
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that the graphs of continuous-time and impulsive-time topologies containing a spanning tree
respectively is necessary to guarantee the consensus behaviour. However, inspired by the re-
sults in [95], the consensus criteria in [36] may require more graph connections among agents
to achieve the consensus, and the recent results in [70] have shown that a spanning tree in
the union of continuous-time and discrete-time topologies can guarantee the consensus of the
multi-agent system. But, no delay has been considered in those impulsive-time topologies. To
our best knowledge, very few work has been done on the consensus problem of multi-agent
systems with delayed impulses. In [120], a hybrid impulsive consensus protocol is proposed to
achieve the network consensus. However, the continuous-time and the discrete-time topolo-
gies are assumed to be the same, and also are required to share the same communication delay
among agents. Furthermore, distributed delays have not been considered in the impulsive
consensus protocols. In Chapter 4, we will focus on these consensus protocols.
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Chapter 3

Stability of Impulsive Systems with
Time-Delay

This chapter studies exponential stability of general nonlinear time-delay systems with delayed
impulsive effects. Stability results are constructed by using the method of Lyapunov function-
als and Razumikhin technique, respectively. Some results will be used in Chapters 4 and 5.

3.1 Impulsive Systems with Time-Delay

Consider the following impulsive system

X(t) = f(t,xt), t#t,
Ax(t) = I (t,x;-), t=1t;, k €N, (3.1)
xto - ¢1

where f, I : RT x PC([-7,0],R") = R", 0 < t) < t; < .. < tg < ... with limy_, fx = oo,
Ax(t) = x(t*) — x(t). Here, we assume x(t) is right-continuous at each #, i.e., x(£) = x(#).
xt, X~ € PC([—7,0],R") are defined as xt(s) = x(t+5s), x,-(s) = x(t~ +s) fors € [—71,0],
respectively. The function ¢ € PC([—1,0],R") is the initial condition of the system.

Definition 3.1.1 A function x € PC([ty — T,tp + «], D) where « > 0 and D C R" is said to be a
solution of (3.1) if

(i) x is continuous at each t # ty in (to, to + «l;

(ii) the derivative of x exists and is continuous at all but at most a finite number of points t in (to, to +
a);

(iii) the right-hand derivative of x exists and satisfies the delay differential equation in (3.1) for all
t € [to, to+a);

(iv) x satisfies the delay difference equation in (3.1) at each ty € (to, to + «];
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Figure 3.1: Modeling the control input with impulsive control

(v) x satisfies the initial condition in (3.1).

Remark 3.1.1 Many evolution processes are subject to short-term perturbations whose duration is neg-
ligible in comparison with the duration of the precess (see, [55] and Figure 3.1 for demonstration). Im-
pulsive differential equations are powerful tools to model this type of evolution processes. The term
Ax(ty) in (3.1) characterizes the state jump in the process. x(t;") and x(t;_) represent the state after and
before the jump, respectively. In the literature of impulsive time-delay systems, system state x(t) is com-
monly assumed to be right-continuous at each impulsive instant, i.e., x(t1) = x(t). One advantage
of assuming right-continuous solutions is that the entire initial condition can be incorporated into the
single function ¢ and we do not need to separately include a extra initial condition specifying the right
limit of the solution at the initial time, i.e., x(tJ) (see, [0]). Therefore, when considering the impulse
effects as control inputs, we use system (3.1) to model the impulsive control system with time-delay. To
make the impulsive control system (2.6) to be well-defined according to the fundamental theory of (3.1)
introduced in this chapter, we may transform system (2.6) to the form of (3.1) by rewriting the impulsive
controller (2.4) as follows:

u(t,y) = ) Uety ()6t — t). (3.2)
k=1
See controllers (5.18) and (6.19) for examples.

In this chapter, it is assumed that f(¢,0) = 0 and I;(¢,0) = 0 for all t > ty and k € N, then
system (3.1) admits the trivial solution. Furthermore, we make the following assumptions on
system (3.1).

(Hp) For each fixed t € R™, f(t, ¢) is a continuous function of ¢ on PC([—1,0], D).

(Hp) f is composite-PC, i.e., for each t) € R and ¢ > 0, if x € PC([t, — T,tp + ¢, D) and
x is continuous at each t # t; in (to, tp + o], then the composite function / defined by
h(t) := f(t, x¢) is an element of the function set PC([to, to + o], R").
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(Hs3) f(t,¥) is quasi-bounded on R"™ x PC([—7,0], D), i.e., for each tp € R" and ¢ > 0, and
for each compact set 7 C D, there exists some M > 0 such that |f(t, )] < M for all
(to, ¢) € [to, to + 0] x PC([—7,0], F).

It is shown in [14] that under assumptions (H;), (Hz) and (H3), for any initial condition
¢ € PC([—7,0],D), system (3.1) admits a solution x(t) := x(¢, o, ¢) that exists on a maximal
interval [fg — T,tg+ T) where 0 < T < oo.

Before introducing the stability results, we will list the definition of exponential stability for
system (3.1) and definitions related to the Lyapunov function and functional.

Definition 3.1.2 The trivial solution of system (3.1) is said to be exponentially stable (ES), if there exist
positive constants pg, M and « such that

()] < M@llee==1), > ko, (33)

for any ¢ € PC([—7,0],B(po)). Furthermore, if (3.3) holds for any ¢ € PC([—7,0],R"), then the
trivial solution of (3.1) is said to be globally exponentially stable (GES).

Definition 3.1.3 Function V : Rt x R" — R™ is said to belong to the class vy if the following is true:

1) V is continuous in each of the sets [t;_1,t;) X R", and for each x € R", t € [k_1,1;), and
ke N, lim(t,y)_mkf’x) V(t,y) = V(t,,x) exists;

2) V/(t,x) is locally Lipschitz in all x € R", and for all t > ty, V(t,0) = 0.

Definition 3.1.4 Given a function V € vy, the upper right-hand derivative DV (t,1(0)) along the
solution of system (3.1) is defined by

D V{1, (0)) = limsup GV +h,4(0) + hF(t, ) ~ V(0 9(0)],

where (t,9) € [tg,00) x PC([—7,0],R").
Definition 3.1.5 A functional V : Rt x PC([—1,0],R") — R belongs to v if

1) V is continuous on [ty_1,t) X PC([—7,0],R"), and 1im(t,1p)—>(t,:,q>) V(t,p) = V(¢ ¢) exists,
forall p,¢ € PC([—7,0],R") and k € IN;

2) V(t,) is locally Lipschitz in 1 on each compact set in PC(|—1,0],R"), and V(t,0) = 0, for all
t > to;

3) forany x € PC([tp — T,00),R"), V (¢, x;) is continuous for t > t.

Definition 3.1.6 Given a functional V € v, the upper right-hand derivative D™V (t,) along the
solution of system (3.1) is defined by

D¥V(t,p) = limsup £ [V(t 4 % (t, ) — V(£ p)],

h—0t

for (t,¢) € R x PC([—7,0], R").

For simplicity, we may use V' to represent the upper right-hand derivative DTV in later
sections.
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3.2 The Method of Lyapunov Functionals

In this section, we shall study the global exponential stability of system (3.1). Stability results
will be stated and proved by employing the Lyapunov functional method. Our results show
that delayed impulses play an important role in stabilizing the nonlinear delay systems.

Theorem 3.2.1 Assume that there exist V1 € vo, Vo € v, and constants p,c, w1, wo, w3, 01 > 0 and
p2 > 0, such that

(i) wi||x||P < Vi(t,x) < wol|x||P, 0 < Va(t, ) < wsl|y]|L, for t € RT, x € R", and ¢ €
PC([-7,0],R");

(i) for V(t,¢) = Vi(t,$(0)) + Va(t, ¢),
DTV (t,p) <cV(ty),
fort € [ty_q,tx), € PC([—7,0],R"), and k € N;
(iii) fork € N and ¢ € PC([—7,0],R"),

Vilte $(0) + I(te, ) < p1Va(te, 9(0)) + 02 s[ljpo]{Vl(fk +5,9(s)) )

(iv) In(p + %) < —cd, where p = p1 + pp and & = supyn{ter1 — e}
Then the trivial solution of system (3.1) is GES.

Proof. Let x(t) = x(t, fo, ¢) be any solution of system (3.1) with initial condition x¢, = ¢. Let
v1(t) = Vi(t, x(t)), va(t) = Va(t, x¢), and v(t) = v1(t) + v2(t). From condition (iv), there exists
a constant « > 0 such that

In(py + p2e*™ + 2e*T) = —(a +)d. (3.4)
1
From condition (ii), we have
o(t) < o(te_q)et =), for t € [te_q, tx), k € N. (3.5)

Since limy_., tx = o0, there exists an integer i > 1 such that t; — T > tg, and for t € [to, t;), we
have

o(t) = v(t)ett—t)p=alt=to) < pe—alt—to) (3.6)
where M = e*{ti—t supte[tot {v(t)}.
We shall show
v(t) < Me~(@to)(tri—to) oc(t—to) for ¢ ¢ [tk ter1), k> . (3.7)

When k = i, we can get from condition (iii) and (3.6) that

vi(ti) < pror(t) 02 sup {o1(t; +5)}
se[-T0)

17



< p1o(t;) +p2 sup {o(t; +s)}

se[—1,0]
< PlMef‘X(ti*tO) + pzMe*“(fi*Tfto)
= (o1 + p2e"")Me i 10). (3.8)
By condition (i), (3.6), and the continuity of v,, we get

vo(t;) = va(t;) < w3||xt;||§:w3 sup ||x(t; +s)[[?

s€[—1,0]
w
< = sup {oi(t; +5)}
W1 se[—7,0]
< W3 M (ti—T—to)
w1
— W3t ppp—alti—to) (3.9)
w1

Then, (3.8) and (3.9) imply that
o(ti) = wvi(ti) +oa(t)

w3

< (Pl"‘PZe“T“f‘w ear)Me—zx(ti—to)
1

e*(lX‘H?)&Me*lX(i’i*to)

< e~ (ko) (tipa—ti) ppp—(ate) (ti—to) pe(ti—to)

= Me (@to)tini—ho)pe(ti=to)
i.e., (3.7) is satisfied for t = t;. For t € (t;,t;11), we have
o) < o)ty
< Me (@te)(tivi—to) pe(t=to) (3.10)

which implies (3.7) holds for t € (t;,t;11). Hence, (3.7) is true for k = i.
Next, suppose (3.7) is true for k < j(j > i), and we shall prove (3.7) holds for k = j + 1.

When t = t;,1, we estimate the upper bound of v(t]._+1 +5s) for s € [—7,0] by considering
the following two cases:

Casel: t;, +5 < t;forsomes € [—7,0].
Then, (3.6) implies that

Wiy +s) < Metlimtsi
< Me *tir1—7—to)

—  Me—(@to)(tir1—to) pe(tjt1—to) a7
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Case2: t;, +5 > t; for somes € [—1,0].

Then, there exists an integer k > i such that tj_+1 +s e [tf(, tr +1)' From (3.7), we have

ot +s) <

IN

Therefore, for all s € [—7,0],

Me_(”‘+c) (tfc+1 _tO)eC(tj+1+S—t0)
Me—(@+c)(tir1+s—to) pe(tjsr+5—to)
Me*(tj+1+s—to)
Metjr1—T—to)

Me— (@) (tj1—to) pe(tjr1—to) pat

ot o +5) < Me— (@) (tjs1—to) pc(tjr1—to) paT (3.11)

Then, we can obtain from condition (iii) and (3.11) that

vitip) < proa(t,) + 02 S[up ]{”l(]+1+s)}
se|—1,0

< p1v(tg) + P2 S }{U( 1ts)}
7,0

S lee_(lx_'_C)( j+1 to)e

(tjr1—to) 4 pzMe_(D“"C)(tHl_tO)eC(tHl_tO)e"‘T

= (01 + pze“T)Me_(“+C)(tj-ﬁ-l_tO)eC(tj-»—l_tO). (3.12)

By condition (i), (3.11), and the continuity of v, we have

0a(t1) =va(tiy) < wsllx [fE=ws sup lx(t, +9)]1

< s
=
< ¥
S W
< ¥
S W
Then, (3.12) and (3.13) imply that
o(tit1) = ovi(tjip1) + o2

< (o1 + p2e™"

IN

se[—1,0]
sup {o1(t, +5)}
se[-1,0]
sup {o(t7, +5))
se[—1,0]
T Me— @+ (tir1—to) pe(tiy1—to) (3.13)
( ]+1)

“T)Me—(DH"C)(fj+1—f0)ec(tj+1—to)

o (@+0)d p o= (atc)(tjp1—to) pe(tjy1—to)

e~ (@) (tiua—tjr1) ppp—(@te) (tir1—to) pe(tjt1—to)
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= Me (@t tira—to) c(tjs—to)
i.e., (3.7) is satisfied for t = t;, 1. For t € (tj;1,tj12), we have
o(t) < o(tpp)e i)

< Me—(06+C)(tj+2—f0)ec(t—f0), (3.14)

which implies (3.7) holds for t € (tj1,t;,2). Hence, (3.7) holds for k = j + 1. Thus we conclude
from mathematical induction that (3.7) is true for all k > i. Then,

U(t) < Me—(@Fc)(tkpa—to) pe(t—to)

< Me *ter1—to)

< Me =0 fort e [t, triq) and k > i. (3.15)
Thus, from condition (i), (3.6), and (3.15), we have

1 M
[[x(®)[F < w_v(t) < e ) for ¢ > tq,
1 w1

ie.,

M

)W j (t—to)
_— l|pllce »" %, fort > ty.
w1 |9l

Ix(oll < (
From condition (i), we have
M = i~ sup {o(t)}
te[t()/tl')
S v(to)e(“+c)(ti7t0)
< (wal[x(to) || + ws][p][F)el* )"

< max{wy, ws}||¢||Fel* T,

then,
M max{wz,w3}e(“+c)i5
p —_ .
w1 ||z €1
Therefore,
[Ix(OI] < ¥l[g||re™» ™, fort > to,
where M = (%ﬁ’wa}e (ac)id) '/P > 1. This completes the proof. n

Remark 3.2.1 It can be seen from the proof that the convergence rate of impulsive system (3.1) is %,
and « can be obtained by solving equation (3.4). It can also be observed from condition (iii) and (iv) that
Theorem 3.2.1 throws uniform restrictions on each impulse, i.e., constants p1 and py are independent of
ty(k € IN), and the upper bound & of the length of each impulsive interval needs to satisfy the inequality
in condition (iv). Actually, we can get nonuniform conditions for each impulse, which are stated in the
following theorem.
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Theorem 3.2.2 Assume that there exist V1 € vy, Vo € vy, and constants a, p,c, wy, wo, w3, p1x > 0
and ppr > 0 (k € IN), such that

(i) wyl|x||P < Vi(t,x) < wyllx||P, 0 < Va(t, ) < ws||w||f, fort € RT, x € R*, and ¢ €

PC([—7,0],R");
(ii) for V(t,9) = Va(t,9(0)) + Va(t, ),
DTV (t,¥) < cV(t ),

forallt € [ty_q,tr), ¥ € PC([—7,0],R"), and k € IN;
(iii) fork € Nand ¢ € PC([—7,0],R"),

Vi(te, $(0) + Ik(tk, 9)) < pucVa(t, 9(0)) +pox sup {Vi(ty +s,9(s))};

se[—1,0]
(iv) In(p1x + poxe™™ + 2e*7) < —c(ter1 — t) forallk € N.
Then the trivial solution of system (3.1) is GES.

Proof. Replace equation (3.4) by the inequalities in condition (iv) of Theorem 3.2.2, and the rest
of the proof is similar to that of Theorem 3.2.1. Thus, the detail is omitted. U

Remark 3.2.2 In our results, the Lyapunov functional V is divided into a function part V1 and a func-
tional part V,, which has been widely used when studying the control problem of time-delay systems
(see, e.g., [3]). Nevertheless, these two parts will play different roles in the stability analysis, when it
comes to time-delay systems with impulses. The function Vi plays an important role in describing the
dynamic of impulsive behavior, while the functional V; is not affected by impulses. Since the constant c
is positive, condition (ii) implies that the impulse-free nonlinear system can be unstable. Hence, Theo-
rem 3.2.1 gives sufficient conditions to design suitable impulsive controllers to stabilize nonlinear delay
systems. Furthermore, condition (iii) allows existence of time-delay in each impulse. In this sense, our
result is more general than the results in [/5]. Compared with the stability results in [3/], our results
are more general in the sense that the impulses x(t) = gx(x(t7),x((t —d)™)) for t = ty in [37] are
special cases of the impulses considered here Ax(t) = Ii(t, x4~ ) for t = ty. Also, Theorem 3.2.1 is a
global result for exponential stability of general nonlinear time-delay systems, while the results in [/5]
and [57] are sufficient conditions for local exponential stability of locally Lipschitz time-delay systems.

As a simple illustration of our results, let us consider a linear impulsive differential equation
with time-delay:

{ x(t) = ax(t) +bx(t —r), t #ty, (3.16)

Ax(ty) = mx(ty) +12x(te —d), k€N,

where a,b, 71,72 € Randr=d =1 > 0.
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Figure 3.2: Numerical simulations of equation (3.16). In (a), no impulses are considered, i.e.,
71 = 72 = 0, and it can be seen that the state x diverges as t — oo, while the state x con-
verges with the proposed impulses in (b) with v; = —0.73 and 9, = —0.1. In (c), impulses
with 71 = 0 and 9, = —0.1 are considered, and it is shown that the state x diverges though
the impulses slow down the divergence process. In (d), the solution of equation (3.16) with
impulsive parameters y; = 0 and 2 = —0.9 is simulated.

Choose V;(t,x) = x2 Va(t,x;) = |b| [ _x*(s)ds, and V(t,x;) = Vi(t,x) + Va(t,x;), so
condition (i) of Theorem 3.2.1 is satisfied with w; = wy, = 1, w3 = |b|7, and p = 2. The upper
right hand derivative of V along equation (3.16) is

VI(tx) = 2x(8)x(t) + [blx?(t) — [bl2*(t — 7)
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= 2ax?(t) + 2bx(H)x(t — T) + |b|x>(t) — |b|x2(t — T)

< 2(a+|b|)V (¢t x¢),
then condition (ii) of Theorem 3.2.1 holds with ¢ = 2(a + |b]), if a + |b] > 0.
When t = t;, we can get that

Vit x(t) = x*(t) = [(1+70)x(t) + 12x(t — 7))
= (1+7)%2 () + 13 (b — T) +2(1 + 71)v2x (b )x (b — T)
< (L7222 () + it (- 1)
+e(l+m)2 2 (k) + e 13 (e — 7)
= (I+e)(1+7)"2 (k) + (1 +e )32’ (b — 1)

= Vit , x(ty)) +p2 sup {Vi(ty +s,x(t, +5))}, (3.17)
s€[—1,0]

where p1 = (1+¢)(14+ 1) p2 = (1+e71)93, and € > 0 is a constant. It can be seen that

p = p1+ p2 can be minimized by choosing ¢ = |1|1§J1‘, then p = (|1 + 71| + |72])% Thus,

condition (iii) of Theorem 3.2.1 is satisfied.

Based on the above discussion and Theorem 3.2.1, we have that if a + |b| > 0 and In[(|1 +
1| + [72])? + |b|t] < —(a+ |b|)é, then the trivial solution of equation (3.16) is GES. The nu-
merical simulation of the impulse-free delay differential equation witha =1.2,b =1, 7 = 0.1,
and initial condition t) = 0, ¢(s) = 2 fors € [—7,0] is shown in Fig. 3.2(a), while the simulation
of the impulsive differential equation is given in Fig. 3.2(b) with oy = —0.73, 9, = —0.1, and
ty —tr_1 = 0.327 for k € IN.

If vy = 0, then py = 1+¢ > 1. Hence, Theorem 3.2.1 cannot be used to analyze the
stability of system (3.16) according to the estimation method used in (3.17). Simulation result
in Fig. 3.2(c) implies that the impulses with 7, = —0.1 cannot stabilize the linear delay system.
Compared with the simulation result in Fig 3.2(b), we can see that the linear part y;x(t, ) plays
an important role in the stabilization process. However, if we replace the impulsive control gain
considered in Fig. 3.2(c) with 9o = —0.9, then the numerical simulations in Fig. 3.2(d) show
the corresponding impulsive system is stable. Therefore, in order to apply Theorem 3.2.1 to
investigate the stability of time-delay systems with delayed impulses considered in Fig. 3.2(c)
and 3.2(d), an estimation of the relation between x(t, ) and x(t; — d) is necessary to guarantee
p1 < 1 when testifying condition (iii) of Theorem 3.2.1. This is the key point and main difficult
to deal with systems subject to delayed impulses in the form of Ax(t;) = Ix(x(tx — d)). Details
will be discussed in Chapter 4 about delayed impulsive control of DNs.

3.3 Razumikhin Technique

In this section, we will study exponential stability of system (3.1) by using Razumikhin tech-
nique and Lyapunov functions. The following theorem gives sufficient conditions for GES of
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system (3.1), which is a direct consequence of Theorem 3.1 in [15] for stochastic impulsive sys-
tems.

3.3.1 Results for General Nonlinear Systems

Theorem 3.3.1 Assume that there exist V. € vy, and constants p,q,c,wq, w2, 01 > 0, and pp > 0,
such that

(i) wi||x||P < V(tx) < wsl|x||?, for t € R* and x € R";
(ii) for t € [te_1,t), € PC([—T,0], R"), and k € N,
DTV (t,9(0)) < cV(t,(0)),
whenever V(t+s,1(s)) < qV(t,p(0)) for all s € [—7,0];
(iii) fork € N and p € PC([—7,0],R"),

Vit $(0) + Ikt ) < p1VI(E,9(0)) +p2 sup {V(E +5,9(s))};

se[—1,0]

(iv) g > ﬁ > e, where d = supy it — t)-

Then the trivial solution of system (3.1) is GES.

From Theorem 3.3.1, we can obtain the following result of generalized Halanay-type in-
equalities.

Theorem 3.3.2 For constant « and non-negative constants B, p1, and p,, the function v € PC([ty —
T,00),IR™) satisfies

o'(t) <av(t)+B sup v(t+s), t#t,

s€[—1,0]
o(ty) < p1o(t, ) +p2 sup o(t, +5s), k€N, (3.18)
s€[—1,0]
Uty = 1,
where Y € PC([—7,0],RT). Ifa + B > 0and
_B_
1 i g, (3.19)
p1+ 02
where 0 = sup N1tk — tk—1}, then
tlim v(t) =0.
—00
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Proof. Since « + B > 0 and p1, p2 > 0, inequality (3.19) implies that (a« + ﬁ)a > 0, and then
(a+

B
e "2 > 1 and p1 + p2 < 1. Thus, if (3.19) holds, then there exists a constant g such that

1
01+ 02

B
> (B > (o)

q>
According to the above inequality, one can choose a small enough constant A > 0 such that

e 1

- > - > e(zx—l—q,B—i—/\)a_
p1+ 22T 1+ p2e”t

q>

If o(t+s) < qo(t) forall s € [—,0], then (3.19) implies that

o' (t) <av(t)+B sup o(t+s) < co(t)
s€[—1,0]

with constant ¢ = a 4 gB. Then, inequalities (3.19) are related to the Razumikhin-type condi-
tions in Theorem 3.3.1. The rest proof is similar to that of Theorem 3.1 in [15], and thus omitted.
O

Theorems 3.3.1 and 3.3.2 will be used to study consensus problem of multi-agent systems in
Chapter 4.

3.3.2 Case Study: Nonlinear Systems with Distributed-Delay Dependent
Impulses

Next, consider the following nonlinear time-delay system subject to distributed-delay depen-
dent impulses, which is a special case of system (3.1):

X(t) = f(t,xt), t € [t—1, k),
Ax(t) = L(t, / " x(s)ds), t=t, kEN, (3.20)

=7k
Xty = 9,

where x € R, 0 < ty) < t; < ... < t; < ... with limj,ety = o0, and Ax(t) = x(t7) —
x(t7). Here, we assume that x is right-continuous at each t = f;, i.e, x(t]) = x(). x €
PC(|—7,0],R") is defined as x¢(s) = x(t +s) for s € [—7,0], where T denotes the time-delay
in the continuous dynamics of system (3.20). r, > 0 represents the distributed delay in the
impulse satisfying r, < r < 7 forall k € N. Assume f : RT x PC([—7,0],D) — R" and
I, : R" x D — R", where D C R" is an open set, satisfy all the sufficient conditions introduced
in Section 3.1 so that system (3.20) admits a solution x(t) := x(¢,to, 1) that exists on a maximal
interval [ty — T,fp + T) where 0 < T < oo, and moreover, suppose f(t,0) = Ix(t,0) = 0 for all
k € IN. Next, we further assume that, for some p > 0 and B(p) C D,

(A1) there exists a positive constant Ly such that ||f(t,¢)| < Li||¢||« for any (t,¢) € RT x
PC([=7,0], B(p));
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(Az) there exists a positive constant L, such that || I (t,y) — It(t,z)|| < La||ly —z|| forany t € R™
and y,z € B(p);

Ajz) there exist positive constants ¢ and ¢ such that o < t;, — t,_1 < o forall k € IN, i.e., all the
p k— k-1
impulsive intervals are uniformly bounded;

(Ay4) there exists a nonnegative integer | such that Ic < v < (I 4+ 1)g, i.e., there are at most [
impulses on each interval [ty — 7y, ty).

Remark 3.3.1 Impulsive system (3.20) can be derived from the following control system
X = f(t,x) +u(t), (3.21)

with impulsive controller (IC)

sz /t  x(s)ds)a(t — ) (3.22)

where 6(-) is the Delta Dirac function. Recent results about delay-dependent impulsive control of time-
delay systems were reported in [/ 3], and the following form of delay-dependent impulses was considered:

x(tr) = Trx(te — i), (3.23)

where I'y € R" and ¢y denotes the discrete delay in the impulse. Rewrite (3.23) as Ax(ty) = —x(t, ) +
Tex(t — ck), then the corresponding IC is

Z[ x(t) 4+ Tex(t —gp)l6(t — £ ), (3.24)

which depends not only on the states at a history instant (i.e., x(ty — gx)) but also on the states at
the impulsive time (i.e., x(t,")). Therefore, sufficient conditions obtained in [73] could guarantee the
IC (3.24) to stabilize the time-delay system, but the authors cannot make conclusion that the delayed
states contribute to the systems stability. However, it can be seen that IC (3.22) relies purely on the
distributed-delay dependent states, i.e., the distributed delays in IC (3.24) play a key role in stabilization
of the nonlinear system.

The objective of the following discussion is to use Lyapunov-Razumikhin method to estab-
lish exponential stability criteria for impulsive system (3.20). We first construct an exponential
stability criterion for system (3.20).

Theorem 3.3.3 Suppose assumptions (A1)-(Ay4) are satisfied, and there exist a function V € vy, and
positive constants c1, ¢, p, ¢, q, K1, Ky and v such that

(i) c1||x||P < V(t,x) < col|x||P forall (t,x) € [tg — T,00) X B(p);

(i)) DTV (t,$(0)) < cV(t,$(0)) forall t > to, t # t(k € N) and ¢ € PC([—7,0],B(p)),
whenever V(t+s,¢(s)) < qV(t,¢(0)) forall s € [—7,0);

(iii) V(t,x+vy) < K4V (t,x) + KV(t,y) forall t =ty and x,y € B(p) satisfying x +y € B(p);
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(iv) V(t, x + L (t,rx)) <vV(t~,x) forall t =ty and x € B(—H’;Lz),’

(0) g > {Kwv + Ko 2[r*Lo(Ly +1L2)|P} 1 > e,
then the trivial solution of system (3.20) is ES.

Proof: Let d; = Kyv and d, = KZ%[rsz(Ll + IL;)]P. From condition (v), we can find a small
enough constant a such that
eoa"

(c+w)o 2
(e dy + dperT - dq + dperT > € ! (3.25)

where T = T+ . Set § = ge~*7, then (3.25) implies that § > e(**)? > 1. Choose M > 0 such
that gco < M, then let 7 = max{r, 1+ rLy, r*Ly(L; + L)} and € = (y{/M/c1)"'p. Suppose
x(t) = x(t, to, ¢) is a solution of (3.20) with (t,) € RT x PC([—1,0], B(€)), and is exits on a
maximal interval [t) — T,fp + T) where T > 0.

Let V(t) := V(t,x(t)), and we will show that
V(t) < Ml[yp||fe ™71, for t € [to, tg + T). (3.26)

If (3.26) is true, then condition (i) implies

lx())] < &/M/erllee 7" <p,

ie,x(t) € B(p) forallt € [tg — T,tg + T). It then follows from the continuation theorem in [14]
that T = +o0, that is, the global existence of the solution x(t). Therefore, it is sufficient to prove
(3.26) is true for t > ty, and then the global existence of x(t) follows directly.

Set Q(t) := e*(t=)V(t), then we will prove
Q(t) < M||y||%, fort > t,. (3.27)

For t € [ty — T, to], we have

M
Q(t) < V(H) < oyl < Elltpuﬁ < M|lyp]|%. (3.28)

To prove (3.27), we first show that
Q(t) < Mlly|)%, fort € [to,tr). (3.29)

We prove (3.29) by contradiction. Suppose (3.29) is not true, then there exists a t* € [tg, t1) such
that Q(t*) = M||||? and Q(t) < M||yp||f for t < t*. Note that t* # to, since (3.28) implies
Q(ty) < %MHI]}H? < M||p||f. Furthermore, there exists a t** € (tp,t*) such that Q(t**) =

%M||¢||§ and Q(t) > %M||1p||§ for t € (t**,t*]. Therefore, for t € [t**,t*], t+s < t* and
Q(t+s) < M||p||? < Q(t) for all s € [—7,0], which implies that V(¢ + ) < ge*V(t) < qV(t)
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fors € [—7,0]. For t < t*, Q(t) < M|w||¥ implies V(t) < M|p|Fe~*~t) and then x(t) €
B(p). From condition (ii), we can get

DTQ(t) = etV () 4t DHV (1)
< aetV (1) 4 cettR)Y (1)

= (a+0)Q(t), fort e [t*,t7]. (3.30)
Then, it follows from (3.30) and (3.25) that
Q(t*) < Q(t**)e(aqtc)(t*ft**) < Q(t**)e(uc+c)¢'7

= EMHIPH eI < MyllE,

which is a contradiction to the choice of t*. Hence, (3.29) is true.

Now we assume that, for some m € IN,

Q(t) < M|y||%, fort € [ty tm). (3.31)
and then, we will show that
Q(t) < M|ly[|%, fort € [tm, tmi1)- (332)
First, we claim that
Q(tm) < (dr + d2* )Ml |%. (3.33)

For t € [ty — I'm, tm), integrating system (3.20) on both sides from f to t,, yields

x( / f(s,xs)ds + Zlm ; (3.34)

where iy := ip(t) denotes the number of impulses on the interval [t,¢,,), and we use I,,_; to
represent L, _;(t,—;, f b x(s)ds) for simplicity. Integrate both sides of (3.34) from t,, — ry,
to t,,:

_rm i

Hrmx(tnj) — /ttm x(s)ds”

m—Vm
_ H/t - " (s, x.)dsdt + :rm (il_illm_,->dtH
<[" /t (s e llasae+ [ (i!iW!)dt (3.35)

It can be seen from (3.31) and the definition of € that both x and ft L x(s)ds (i =1,2,..., i)
for t < t, belong to B(p). It then follows from (3.35) and assumptlons (A1), (Az), and (Ay)

that
Hrmx(t,;) — /ttm x(s)dsH

m—Tm
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tm tm tm
§/ / Lq||xs||-dsdt + ZLZH/ s)dsH)dt
tn—7m Jt tn—tm ;= bn—i—Tm—i
th m—i
< Llrm/t x|« ds+LzrmZ/ s)[|ds
m—Tm bm—i—Tm—i
tm
= Llfm/ sup ||x(s+9)||dS+L27”mZ7”m—i sup || x(ty_i +0)]
tm—"m ge[—1,0] i=1 0€[—7_i,0]
< Liry  sup  [|x(ty +0)|| + Larwrl sup |[x(t, +6)]|
0e[—1—1m,0] fe[—2r,0]
<1 (Ly +1Ly) sup ||x(t, +6)|. (3.36)
6e[—1,0]
In the second inequality of (3.36), if m —i < 1, we set r,,;,_; = t,,—; = 0. Denote Al, :=

L (tm, ft:?—rm (s)ds) — L (tm, rmx(t,,)). It follows from (3.36) and assumption (A;) that

Em
ALl < L] ra(t) - [

tmn—"m

s)dsHp

< [PPLa(Ly +1L2))P sup ||x(t, +6)[|P
6e[—1,0]

< —[rsz(LlJrle)]P sup V(t,, +0). (3.37)
fe[—1,0]

Then, from conditions (iii), (iv), (i), and the definition of €, we have

tm

V(tn) = V(tm,x(tm)+lm(tm,/t | x(s)ds))
= V(tm, x(ty) + Lu(tm, tmx(t,,)) + Aly)
< KyV(tm, x(t,) + Ln(tm, rmx(ty,))) + KoV (t, AlLy)
< KVt x(t,)) + Kaca || AL [|P. (3.38)
Using (3.37), (3.38), and (3.25), we obtain
Qltm) = eV (t,)
< KwQ(ty,) + Kacae =10 | AL [P
< di1Q(ty,) +d2e"™ sup Q(t, +90)
6c[-7,0]
< (dy+ doe" ) M||p]|%
< Myl (3.39)

that is, claim (3.33) is true.
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Next, we will prove (3.32) by contradiction. Suppose (3.32) is not true, then there exists a
t € (tm, tmi1) such that Q(f) = M||y||¥ and Q(t) < M|w|? for t < t. On the other hand,
(3.39) implies that there exists a t € (t, f) such that Q(t) = (dy + d2e*7)M||y||¥ and Q(t) >
(dy + dpe*T)M||||Z for t € (t,F]. Hence, for t € [t f], t +s < fand Q(t +5) < M||[|? < (dy +
dre®™)~1Q(t) for all s € [—7,0], which implies that V(¢ +s) < e*(dy + dpe®T) "1V (t) < gV (¢)
for s € [—,0]. Similar to the discussion of (3.30), we can get from condition (ii) and (3.25) that

QF) < Q(r)el+ali=t
< e (dy + dyet ) M|l

< Mlyllr,

which is a contradiction to the choice of £. Thus, (3.32) is true, i.e., Q(t) < M]||y||? for t €
[to, t+1), and then we conclude from mathematical induction that (3.32) is true for all m € IN.

Therefore,
lxO) < {/V(t)/er= (/Q(t)eﬂ%(tffo)/c1
< /M/erglleer ),
for t > ty, i.e., the trivial solution of system (3.20) is ES and the proof is complete. ]

Remark 3.3.2 The Razumikhin-type condition (ii) in Theorem 3.3.3 characterizes the changing rate
of function V on each impulsive interval. The positive constant c implies that the delay-free system
can be unstable. Therefore, Theorem 3.3.3 shows that an unstable time-delay system can be exponen-
tially stabilized by distributed-delay dependent impulses. Conditions (iii) and (iv) are requirements
on the Lyapunov function V at each impulsive instant. As pointed out in [25], for any positive defi-
nite matrix P, the Lyapunov function V(t,x) = (xT Px)? satisfies condition (iii) with V (t,x +y) <

max{22 1,1} (14 )2V (tx) + (1 +e D)2V (ty)] forany e > 0.

NI

Remark 3.3.3 As a special case of system (3.1), Theorem 3.3.1 can be applied to analyze the stability
property of system (3.20). But, with the locally Lipschitz conditions given in assumptions (A1) and (A3),
Theorem 3.3.1 is not applicable to system (3.20), since it is a global result for ES. However, if f and Iy in
(3.20) satisfy globally Lipschitz conditions, then Theorem 3.3.3 can be derived from Theorem 3.3.1 with
the estimation techniques used in (3.35)-(3.38). These techniques will also be applied in Sections 4.4 and
5.3 when distributed delays are considered in the proposed impulsive controllers.

Now consider the following linear impulsive system with time-delay
%(t) = Ax + Bx(t — 1), t € [tp_1,t),
t
Ax(t) = E x(s)ds, t =1, k€N, (3.40)

t—r
Xtg = ¢,

where A, B, and E are n x n matrices, 0 < r < 7, tp = 0, and t; = ko(k € N) with o > 0.
Y € PC([—7,0],R") is the initial condition for system (3.40). It can be seen that conditions
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(A1)-(A4) are satisfied for system (3.40) with L1 = ||A| + ||Bl|, Lo = ||E||, ¢ = T = ¢, and
I = | Z| where the floor function gives the largest integer less than .

Next, we will apply Theorem 3.3.3 to establish a GES result for system (3.40).

Theorem 3.3.4 If
—2Inu
2|IB|l”
Ag+ T
where yu = ||[I+E|| +7?||E||(||A|| + | B]| + 1| E||) and A g = Apax (AT + A), then the trivial solution
of system (3.40) is GES.

o< (3.41)

Proof: Consider V(x) := V(t,x) = xTx, then condition (i) of Theorem 3.3.3 is satisfied with
C1 :szlandpzz.

For t # t; and any € > 0, we have
V'(x) = [Ax+ Bx(t —7)]Tx +xT[Ax + Bx(t — 7)]
< AaxTx+2||B - ||x]| - [lx(t = )|
< AaV(x) + | Bllellx ] +e7Hx(t = 1)]?)

< [Aa+(e+eglBlV(x), (342)

whenever V(x(t+s)) < qV(x(t)) fors € [—1,0]. To get a less conservative estimation in (3.42),
we can minimize the term € + ¢~ 'g for € > 0. Then, condition (ii) in Theorem 3.3.3 is satisfied

with ¢ = mine~o{Aa + (e +€719)||B||} = Aa +2,/7|B]|.

For t = t, we can conclude from Remark 3.3.2 that V(x +y) < (1+¢)V(x) + (1+e 1) V(y)
for any € > 0, then condition (iii) holds with K1 = 1 +eand Ky = 1 + e~1. Condition (iv) is
satisfied with v = ||I +rE|[|%. Moreover, if g > ¢ > ® with k = Kyv + Ky L) (Ly7? + Lor?1)?,
then Theorem 3.3.3 implies that system (3.40) is ES. However, x = (1 +¢)||I + rE||*> + (1 +
e Y| E|I>*(||A| + ||B]| + 1]|E||)* depends on the positive parameter . To obtain a larger upper

bound for o, we minimize « for ¢ > 0, then we have ming~gx = yz.

On the other hand, (3.41) implies that there exist a g with g > % and g — # small enough

—2Ilnpu —2Inp .1 oW ; 4 co
such thatr < —— < Xa2lB/a e > e%. With the choice of 4, we have g > " > e%.

Hence, condition (v) holds.
Up to now, conditions (Aj)-(A4) and all the conditions in Theorem 3.3.3 are satisfied with
p = oo, then we can conclude from Theorem 3.3.3 that systems (3.40) is GES. 4

Remark 3.3.4 Inequality (3.41) in Theorem 3.3.4 gives an upper bound of o explicitly, which is a com-
mon condition for admissible impulsive sequences in most of the impulsive control literature. On the
other hand, parameter y in (3.41) depends on 1. If o is small enough (I large enough) such that y > 1,
then (3.41) cannot be satisfied for any o > 0. Therefore, a lower bound of o is contained in (3.41) im-
plicitly. See the following example for details about how to get all the possible values of o for the stability
of system (3.40) from Theorem 3.3.4.
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Figure 3.3: State trajectories of system (3.40) with different choices of ¢. (a) System response
without impulses (¢ = o). (b) Impulsive stabilization with ¢ = 0.37 € . (c) Impulsive
stabilization with ¢ = 0.1 € Q). (d) Impulsive control with ¢ = 0.02 ¢ (). Note that, for o =
0.02 in (d), the distributed-delay dependent impulses fail to stabilize the time-delay system,
which means that frequent impulses (small ¢) may lead to the failure of the controller with
distributed delays for stabilization of time-delay systems.

32



Consider linear impulsive system (3.40) with parameters given as follows:

A= |-016 014 0.17

005 032 025

—-0.28 0.13 0.25
0.11 0.16 0.13

—-0.01 —-0.26 0.13} {0.31 0.08 0.14]
, B

E = —25I,7 =1,and r = 02. Then, A, = 1.0029, ||A| = 05412, ||B|| = 0.5028, and
II+7E|| = 0.5.

Next, we will use Theorem 3.3.4 to identify the admissible impulsive sequences for stabi-
lization of system (3.40) with the given parameters:

e | =0, thatis, no impulse in the interval [t; —r, ;). Then, p = 0.6044 and %‘ =0 =

0.3776. Thus, | = | L] = 0 implies that 0.2 = r < 7, and (3.41) implies o < 0.3776. We can
conclude from Theorem 3.3.4 that system (3.40) is GES for any ¢ € [0.2,0.3776).

e | = 1, that is, there is one impulse in [ty — 7, t;). Then, u = 0.8544 and M:ri—ll\nBlyl/u‘lzl =

0.1444. | = |Z| = 1 implies that ¢ < r < 20, then r/2 < ¢ < r. on the other hand,

(3.41) implies o < 0.1444. Therefore, system (3.40) is GES if o € [r/2,r) N (0,0.1444) =
[0.1,0.1444).

e If there are two impulses on [t — 7, i), then | = 2 and u = 1.1044 > 1. Hence, for any
[ >2,wegetu >1,and (3.41) fails to hold for any ¢ > 0.

Based on the above analysis, the trivial solution of system (3.40) is GES if o € Q2 := [0.1,0.1444)
U[0.2,0.3776). Numerical simulations of system (3.40) are shown in Fig. 3.3 with initial condi-
tion ¢(s) = (4,4,4)T for s € [—7,0]. We conclude the analysis with the following algorithm for
the application of Theorem 3.3.4.

Algorithm 1. Computation the admissible set () for o

require: 7, E

1.1=0,bdd =0

2 = |1+ E| + 2I|E[(|All + |B])
3. () = P (initialed with empty set)

4. while y < 1do

5. bd 3

6. if | = 0 then

7. Q « [r,00) N (0, bdd)

8. else

9. Q<+ QU ([7,7) N (0,bdd))
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10. end if

11. [+~ 1+1

12, 1+ rE| +2IE[(A]+ 1Bl +1E])
13. end while

14. return Q)

If the set () obtained from Algorithm 1. is not empty, then Theorem 3.3.4 can be applied to
design suitable impulsive sequences for stabilization of system (3.40) with given parameters r
and E.
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Chapter 4

Consensus of Multi-Agent Systems

This chapter studies the consensus problem of multi-agent systems with both fixed and switch-
ing topologies. In Section 4.2, a hybrid consensus protocol is proposed to take into consid-
eration of continuous-time communications among agents and delayed instantaneous infor-
mation exchanges on a sequence of discrete times. In Section 4.3, a novel hybrid consensus
protocol with dynamically changing interaction topologies is designed to take the time-delay
into account in both the continuous-time communication among agents and the instantaneous
information exchange at discrete-time moments. Section 4.4 studies the consensus problem of
networked multi-agent systems. Distributed delays are considered in both the agent dynamics
and the proposed impulsive consensus protocols.

4.1 Network Topology

In this section, we introduce some preliminary notions in graph theory.

Let G = (V, £) be a digraph (or directed graph) of order n with the set of nodes V = {v1, v,
..,vn} and the set of edges £ C V x V. An edge of G is denoted by (v;, v;) which means the node
v; can receive information from node v;, and then v; and v; are called parent and child nodes,
respectively. The index set of neighbors of node v; is denoted by N; = {v; € V | (v;,v;) € £}.
For a given matrix A = [a;]xn, the digraph of A, denoted by G(A) = (V,£4), is the directed
graph of order n with the set of nodes V and the set of edges £4 C V x V such that an edge
(vj,v;) exists if and only if a;; # 0.

Next, we will introduce some terminology for the digraph G (i.e., G = (V,€) or G = G(A) =
(V,€4) ). A directed path of digraph G is a sequence of edges (v;,, v;,), (i, Vi), (Vig, i, ), in
digraph G. A digraph § is called strongly connected if there is a directed path connecting
any two arbitrary nodes in G. A directed tree is a digraph such that there is only one root
(that is, no edge points to this node) in it, and every node except the root has exactly one
parent. A spanning tree of digraph G is a directed tree that connects all the nodes of G. Let
G = {G1,G, ..., Gm} denote the set of all possible digraphs defined for V. Then the union of a
group of digraphs {gil, Giyyooer Qim} C G is defined as a digraph with nodes given by the set V,
and the edge set is given by the union of the edge sets G, j = 1,2, ..., m.

A weighted digraph G4 = (V, €&, A) is a digraph G = (V, £) associated with a weighted
adjacency matrix A = [a;j],x» With nonnegative adjacency elements a;; such that (v;,v;) € £
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if and only if a;; > 0. Denote the set {1,2,..,n} by Z. It is assumed that a; = 0 for all
i € . The graph Laplacian £ of the weighted digraph G 4 is defined by £ := D — A where
D = diag{dy,dy, ..., d,} with element d; := Yjen; &ij which is called the in-degree of node
v;. A weighted digraph G 4 is said to be balanced if 27:1,#1- ajj = 2;7:1,].# aji for alli € 7.
The following are equivalent (Theorem 1.37, [8]): (i) G is balanced; (ii) 1L = 0, where 1 =
(1,1,..., 1)T isan x 1 vector; (iii) £ + LT is positive semi-definite. If G is balanced and strongly
connected, then 0 is a simple eigenvalue of £ + £T.

4.2 Hybrid Protocols with Impulse Delays

The purpose of this section is to study the consensus problem of multi-agent systems via hy-
brid consensus protocols with impulse delays. Following the idea utilized in [95], we aim to
extend the results in [36] to the case of hybrid continuous-time and delayed impulsive con-
sensus protocols, and then establish verifiable consensus results by using results from graph
theory and matrix theory. The outline of this section is as follows. We introduce the hybrid
consensus protocol in Subsection 4.2.1, and provide some lemmas in graph theory and ma-
trix theory in Subsection 4.2.2. Consensus results are established for multi-agent systems with
tixed topologies and switching topologies in Subsections 4.2.3 and 4.2.4, respectively. Subsec-
tion 4.2.5 contains the discussion of the obtained results, and highlights the contributions of
these results by comparison with the existing ones. Simulations are presented at the end of
Subsection 4.2.5 to demonstrate our theoretical results.

42,1 Consensus Protocols

Let x; € R denote the state of node v;, and consider each node of a graph G to be a dynamic
agent with integrator dynamics

Xi(t) =u;, 1€Z, 4.1)

where u; is a state feedback. We say u; is a protocol with topology § if the state feedback u;
only depends on the information of v; and its neighbors, i.e., u; = u;(x;, x;,, ..., X;,) and the
corresponding set of nodes {v;,, v;,, ..., v;, } are all taken from the set {v;} UN;.

We say a protocol solves the consensus problem if and only if

lim [1xi(1) — x;(1)| = 0 @2)
forany i,j € Z. Furthermore, we say a protocol u; solves the average-consensus problem if and
only if

lim ||x;(t) — Ave(x(0))|| =0

t—o0

for all i € 7, where Ave(x(0)) = 1 L1 %;(0).

Remark 4.2.1 It can be seen that a consensus problem is specified in terms of two events: 1. propose:
agreement on the agent states as described in (4.2); 2. algorithm: an interaction rule that specifies the

36



information exchange among agents. Definition 2.4.1 implies that synchronization problem shares the
same control objective with the consensus problem. However, the controller design for realization of
network synchronization does not necessarily depends on the interaction rule among the network nodes,
while this interaction rule is essential for the protocol design of a consensus problem.

We consider the following consensus protocol which is based on two interaction topologies
Ga=W,E,A)and Gy = (V,E,A):

wilt) = Y agle(t) - 1+2 Y bt —d) - (-t — ), @)

v;EN; k=1v;eN}

where «;; (or agj) is the (i,j)th entry of the weighted adjacent matrix A (or A’), and N; (or
N) denotes the set of node v;’s neighbors in graph G 4 (or G 4/); 6(-) denotes the Dirac delta
function; f is called impulsive instant, and the time sequence {#;} satisfies 0 < t; < £, <
. < tp < ..and limy_, ty = o0; d > 0 denotes the time-delay when processing the impulsive
information according to graph G 4.

By the definition of 4(-), the collective dynamics of system (4.1) under consensus protocol
(4.3) can be written as an impulsive system:

Yo agilxi(t) — xi(b)], ¢ # ty,
v EN;

Axi(t) = ) aglxj(ty —d) —xi(ty —d)], k€N,
'U]'G./vi/

(4.4)

fori € T, where Ax;(t) = x;i(;) — x;(t;); xi(t;") and x;(t; ) represent the right and left limit of
x; at ty, respectively. Without loss of generality, we assume that x;(;") = x;(t;), which implies
that x;(f) is right continuous at each impulsive instant f;. Throughout this section, we further
assume that t; —d > 0, which implies that no information about the states before initial time
to = 0 is required, and then the initial conditions x;(0) = x;o for i € Z are sufficient for the
evolution of system (4.4).

It can be seen that the consensus protocol (4.3) works as follows: on each impulsive interval
(tx, txr1), the interaction among nodes is connected according to the graph G 4, and at each
impulsive instant t;, the nodes exchange information instantaneously according to the topol-
ogy of G 4. The objective of this section is to determine sufficient conditions on the graphs G 4,
G 4 and the impulsive sequence {#;} to guarantee that the consensus protocol (4.3) solves the
consensus problem.

4.2.2 Some Lemmas

A matrix A = [ai]-]nxn is said to be nonnegative and denoted as A > 0, if all its entries are
nonnegative. For the set of nonnegative matrices, we define an ordering as follows: if A and B
are nonnegative matrices, then A > B implies A — B is a nonnegative matrix. A is a stochastic
matrix, if A is nonnegative and all its row sums are 1. A stochastic matrix P is called indecom-
posable and aperiodic (SIA) if lim,_, P" = 1yT, where1 = (1,1, ..., 1)T isan x 1 vector, and
Yy is some column vector.

Next, we will list some lemmas which will be used in the proof of our results.
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Lemma 4.2.1 [50] Let m > 2 be an integer and Py, P,, ..., Py, be nonnegative n x n matrices with
positive diagonal elements, then

PiPy..Py > (P + Py + ... + Py),

where v > 0 can be specified from matrices P;, i = 1,2, ..., m.

Lemma 4.2.2 [177] Let " be a compact set consisting of n x n SIA matrices with the property that for
any nonnegative integer k and any Ay, A, ..., Ay € T (repetitions permitted), Hi-‘zlAi is SIA. Then,
given any infinite sequence Ay, Ay, As, ... (repetitions permitted) of matrices from I, there exists a
column vector v such that lim; o, IT}_ A; = L.

Lemma 4.2.3 [99] For any t > 0, e~ ** is a stochastic matrix with positive diagonal entries, where L is

the graph Laplacian of graph G4 = (V, €, A).
The last lemma is a direct conclusion of Corollary 3.5 and Lemma 3.7 in [95].

Lemma 4.2.4 If A = [a;j]nxn is a stochastic matrix with positive diagonal elements, and the digraph
associated with A has a spanning tree, then A is SIA.

4.2.3 Consensus Problem with Fixed Topologies

In this subsection, consensus problem of multi-agent system (4.4) is studied with fixed topolo-
gies, i.e., both the weighted digraphs G4 and G 4 in protocol (4.3) are time-invariant. Let
x = (x1,x2, .., xn)T € R”, then system (4.4) can be written in a compact form

X(t) = —EX(t), t 7& te, (4 5)
Ax(t) = —L'x(ty —d), k€N, .
where L (or L) is the graph Laplacian of G 4 (or G 4).

From Lemma 4.2.3, we know that, for t > 0, e %! is a stochastic matrix, which implies that

D := e L4 — [’ is also a stochastic matrix for ¢ > 0. To establish our main results, we make the
following assumption:

(Al) D has positive diagonal entries.

Since e~“? has positive diagonal entries, graph G 4 with small enough in-degree d’ (i € Z) will
make assumption (A1) hold.

Now we are in the position to introduce one of the main results.

Theorem 4.2.1 Assume that impulsive intervals (t_q, t] for k € IN are uniformly bounded, that is,
there exist positive constants T, and Tyax such that T, < tp —ty_1 < Tax for all k € IN. Fur-
thermore, suppose that d < T,,;, and assumption (A1) holds. Then, protocol (4.3) solves the consensus
problem if the union of graphs G o and G 4 contains a spanning tree.
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proof For any t > 0, there exists a positive integer k such that t € [t;_1, fx). Then the solution
of (4.5) with initial condition x(0) = x( can be obtained by induction:

x(t) = e Llt) P L(Tea—d)  pe-Lln-d)y, (4.6)

for t € [ty_1,tr), where T, = t; — t;_q for k € IN.

It can be seen that protocol (4.3) solves the consensus problem if and only if x(t) — 1¢ as
t — oo, where ¢ € R is some constant. Next, we will show x(t) — 1¢ as t — oo is equivalent to
the union of graphs G 4 and G 4/ containing a spanning tree.

Lemma 4.2.3 implies e~** is a stochastic matrix with positive diagonal entries (SPD) for any
t > 0. On the other hand, we can get from Lemma 4.2.1 that De=*! > (D + e~ %) for t > 0,
where 7 is some positive constant. Moreover, we know that D is a stochastic matrix, and then
from assumption (A1) we see that D has positive diagonal entries, i.e., D is SPD. Hence, the
matrix De*! is a SPD when t > 0.

Next, we claim that, for t > 0, the graph of De™%! has a spanning tree. Let 7 = max{d;}
and M = 51 — L, then the (i, )th (i # j) entry of M is a;; which implies the graph G 4 and the
graph of M have the same edge set. Since e~ = e 7eM! > p M for a given t > 0 and some
p > 0, we know that the edge set of G 4 is a subset of the edge set of the graph associated with
e~**. On the other hand, the graph of G 4 and the graph of matrix £’ share the same edge set.
Hence, the union of graphs of G 4 and G 4 has a spanning tree implies that the union of graphs
of matrices e*? and £’ has a spanning tree, which implies the graph of D := e ¥ — £" has a
spanning tree. Note that De %! > (D + e **) for t > 0, then the graph of De=*(t > 0) has a
spanning tree. The claim is true.

Based on the above discussion, we have shown that, for t > 0, the matrix De £t is a SPD,
and the graph of it has a spanning tree. From Lemma 4.2.4, one can get that, for t > 0, the
matrix De £t is SIA.

Since the intervals [f;_1,t) for k € IN are uniformly bounded, define a matrix set ® =
{De %t | t € [Tyin — d, Tuax — d]}, then © is compact and all of its elements are SIA matrices.
Therefore, by Lemma 4.2.2, there exists a column vector ¢ such that

lim HDe ) — 1.7, (4.7)

k—>oo

By Lemma 4.2.3, we can see that e~ L(t=t1) is a stochastic matrix, which implies that the row
sums of it are all 1s. Then, e £(!=f-1)1 = 1. Therefore, we can obtain from (4.7) that

ttleDe ti—d) _ 1.7 — ”kl(HDe Ti— T)_
Moreover, e~ £(t=t-1) is bounded for t — t,_; € [Tinin, Tmax)- From this and (4.7), it follows that
L(t=te) HDe W) 5 107

as t — oo. Hence, lim;_,oo x(t) = 1& with ¢ = c¢Txp, which implies protocol (4.3) solves the
consensus problem. O
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Remark 4.2.2 From the control point of view, it is practical to assume that d < T,,;,,. For an impulsive
protocol with large time-delay d, we can design the continuous-time consensus protocol with long enough
time period of activations (that is, the continuous-time protocol works for a long enough time period)
before the impulsive protocol is activated at each impulsive instant. Then, the condition d < Ty, is
naturally satisfied.

4.2.4 Consensus Problem with Switching Topologies

In practice, the links among agents may fail to work, and new links are created as time goes
by, such as the hyper-links in the World Wide Web. To model the dynamic changing of the
topology, we consider the consensus problem of multi-agent systems with switching in both
the continuous-time topology and the impulsive-time topology.

Denote two finite index sets P = {1,2,..,p} and Q = {1,2,...,4}, and two families of di-
graphs QO = {G; : i € P}, () = {Q]’ :j € Q}. Leto : Rt — P be a piecewise constant and
left-continuous function called ‘continuous-time switching signal’, and s : N — Q be a con-
stant function called ‘discrete-time switching signal’. The collective behavior of system (4.5)
can be written as an impulsive switching system

{x(t) = —Lypx(t), t € [tk tr),

(4.8)
Ax(tk) = —L’S(k)x(tk — dS(k))’ k €N,

where L; (or E}) is the graph Laplacian of G; (or g]f) fori € P (orj € Q); and dy(x) > 0 denotes
the delay when processing the impulsive information among agents according to graph G! )

at impulse time t = t. If switchings only occur at impulsive instants (i.e., there is no switching
on each impulsive interval), then o(t) = o(t) for t € [ty_1,t;) and k € IN, and system (4.8)
reduces to the following system

X(t) = =Ly x(t), t € [ti1,t),
Ax(ty) = =L x(tk — dyry), k€N,

(4.9)
Next, we will construct a consensus criterion for system (4.9).
Theorem 4.2.2 If the following conditions are satisfied:
(i) matrix D;; = e Lidi — [,;- has positive diagonal entries for any i € Pand j € Q;

(i) there exist positive constants Ty, and Tmax such that Ty, < tp — tr_ 1 < Typax and
ds(k) <ty —ty_q1forallk € N;

(iit) there exists a subsequence {ty,} < {t} such that intervals (t_,, ] for j € N are uniformly
bounded from above, and the union of graphs across each interval (tkH, tk].] has a spanning tree,

then protocol (4.3) with switching topologies solves the consensus problem.
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proof Condition (ii) implies that initial conditions x(0) = xq is well-defined for system (4.9),
and it can be obtained from condition (iii) that there exists a positive constant T such that
te, — tr,_, < T forall j € N. Then, for any interval (#,_,, #], the following matrix

ki

[T Dowysipe” o0 (4.10)
i:k];1+1

is a product of finite number of matrices. Following the similar argument in Theorem 4.2.1,
we have the matrix (4.10) is SIA, since the union of graphs across the interval (tkjfl, tk],] has a
spanning tree.

Next, define the following matrix set

= {IT, Dy, g€ e~ LrilTi—dy) | integer / satisfies 1 <[ < T/Tmm, T; € [Tm,-n, Tmax) for
i=1, 2 .,1; the union of graphs G,,, Gp,,....Gp, and G; o, has a spanning tree }.

ql’ qzl 7

As discussed for matrix (4.10), we can see that © is a set of SIA matrices. Furthermore, since
all 7;’s belong to a closed interval and Zl 1 T; is bounded, the set © is compact.

For any t > 0, there exist nonnegative integers k and 7such that t € (t, tri1] C (fx tk‘+1]’
] ]

and then, for t € (t, tx.1], the solution x(t) can be obtained by mathematical induction, and
then combine the matrices products according to each interval (tkj, t; ) to get the compact
form:

x(t) = o, (VHA(t)x0

where
2 ) (—diy)
Ti—as(i
HA(t) = Z T Pu ),
j=0i=kj+1
and )
7:[]+1(t) o Loty (=) H Dyt o Lot (Ti—ds(i))
i=k:+1

]

It can be obtained from Lemma 4.2.2 that, there exists a column vector v such that

lim #:(t) = ol (4.11)

j—oo

. ki — Ly (Ti—dg(; . . .
since Hl.f:kle Dy(r,)si)€ o)W %0) ¢ @ for j > 0. Moreover, t‘k]¢+1 — tk7 < T implies that
H7+1(t) is bounded. Note that Hf+1(t) is also a stochastic matrix because it is a product of
stochastic matrices.

Then,
x(t) —10Txg = Hﬂl(t)?‘lﬂf)xo —10Txy = H]chl(t)(H].{t) —107)xg (4.12)

From (4.11) and (4.12), it follows that lim;_,c x(t) = 10T xg, i.e., the protocol (4.3) solves the
consensus problem. O
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4.2.5 Discussion and Simulation Results

The contribution of this section can be clarified by comparison with the existing results in [95],

[20], and [120].

Reference [95] shows that the consensus problem can be solved if the union of graphs has
a spanning tree frequently enough. We generalize the result to the hybrid consensus protocol
(4.3). Theorem 4.2.1 and Theorem 4.2.2 imply that the union of graphs of both continuous-time
topologies and impulsive-time topologies across certain bounded time intervals having a span-
ning tree can guarantee the protocol solves the consensus problem. According to our results,
many links in Reference [98] can be replaced by instantaneous connections. The advantage
of this is to overcome the difficulties in construction of continuous-time links among certain
nodes due to their special geography locations or connection cost considerations. Actually, the
impulsive behaviour is an abrupt state jump which can be treated as discrete time dynamic.
In this sense, our results unify the consensus results in [95] for both continuous and discrete
multi-agent systems when d = 0. Furthermore, for the switching topology case, our results are
less conservative than the results in [98] when stimulate the random switching of interaction
graphs. The reason is that, the switching times are only required to be bounded in our results
while the switching times in [95] belong to an infinite set generated by any finite set of positive
numbers.

Compared with the results in [90], we have applied different theoretical methods to gen-
eralize these results to hybrid impulsive consensus with delayed impulsive protocols for the
case of time-invariant topology. For the special case with d = 0 in protocol (4.3), our results are
contained in [90]. Since no delay is considered in [90], in this sense our results are more general
than those in [90]. Furthermore, our results imply that the results in [70] are robust to certain
impulsive delays. In terms of the final equilibrium point, the leader following scenario can be
achieved if the union of the graphs has a spanning tree and there exists only one node in the
union graph as the root of the spanning tree; the average consensus scenario can be realized if
the union of the graphs has a spanning tree and all the digraphs are balanced. We will illustrate
these two scenarios by two numerical examples at the end of this section.

In [120], time delays have been considered in both the continuous and impulsive consensus
protocols. The continuous-time and impulsive-time network topologies are assumed to share
the same structure in [120], and both of these network topologies are required to be strongly
connected. Although time delays are only studied in the impulsive topologies in this paper,
we require much fewer connections between nodes in both of the continuous-time topologies
and the impulsive-time topologies. Moreover, the results in [120] are not applicable to our
consensus problem.

Next, we consider two examples both with 10 agents to illustrate our results and the above
discussion. In the following digraphs, the solid lines represent the edges of digraphs at non-
impulsive time, and the dash lines denote the edges of digraphs at impulsive instants; on each
impulsive interval, all digraphs are assumed to have 0 — 1 weights; at each impulsive instant,
the digraph in Example 4.2.1 has equal weight 0.36, while, in Example 4.2.2, all the digraphs at
every impulsive time are supposed to have identical weights 0.48.

Example 4.2.1 Consider fixed network topologies given by Figure 4.1, then the union of the digraph at
non-impulsive time and the digraph at impulsive instants across each impulsive interval has a spanning
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Figure 4.1: Fixed topologies.
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tree. In this example, choose ty = 2(k — 1) 4+ 14 for k € N and d = 1, then assumption (A1) is satisfied
which can be easily checked by using MATLAB. Therefore, Theorem 4.2.1 implies that the protocol (4.3)
can solve the consensus problem. Moreover, both of these two digraphs are balanced. Thus, according
to the previous discussion, the protocol (4.3) can solve the average consensus problem. The initial states
are chosen as x(0) = [10,8,4,2, —4,—6,—8,1,—2,—5]T so that Ave(x(0)) = 0, and Figure 4.2
confirmed the average consensus of the multi-agent system.
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Figure 4.4: Leader following scenario.

It can be observed from Figure 4.1 that there are two subgraphs in the digraph of non-impulsive time,
and both of them are strongly connected and balanced. According to the result in [95], average consensus
will achieved in each subgraph. In the simulation, the first impulsive instant is chosen to be t; = 14
so that the average consensus of the two subgraphs can be observed, separately. For the digraph at the
impulsive instants, there is information exchange between the 4th agent and the 8th agent, and the result
in [98] implies that average consensus can be achieved between them for the special case d = 0. Therefore,
the dynamic process of the consensus protocol (4.3) with the topologies given in this example can be
concluded as follows: during each non-impulsive time period, the two subgraphs will tame the state of
each agent approach to each other, according to the corresponding subgraph respectively; the digraph at
each impulsive instant will reduce the difference between the average states of the two subgraphs even
time-delay is considered in the impulses, and then the protocol solves the consensus problem.

Example 4.2.2 Consider the network with delay-free dynamically changing topologies given by Figure
4.3, in which only the agents with information exchange are illustrated and the other agents are omitted.
We assume that the impulse and switching occur simultaneously at each impulsive instant t, = k(k €
IN), and the switchings happen in the order of the digraphs” sub-indices. Then the union of these graphs
has a spanning tree, and Theorem 4.2.2 concludes that the consensus problem can be solved. Further
observation will make it clear that no information flows into the 10th agent, which means the 10th agent
is the parent node of the spanning tree. Hence, this consensus problem falls into the leader following
scenario which is demonstrated by the simulation results in Fiqure 4.4 with the same initial conditions
given in Example 4.2.1. At each time t > t, it can be seen that there exists only one edge in the graph,
no matter the time t is on a impulsive interval or is the impulsive instant. Compared with Example 4.1
in [36], we require much less edges to solve the consensus problem.
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4.3 Hybrid Impulsive Protocols with Time-Delay

This section investigates consensus problems of multi-agent systems. A novel hybrid consen-
sus protocol with dynamically changing interaction topologies is designed to take the time-
delay into account in both the continuous-time communication among agents and the in-
stant information exchange at discrete-time moments. Using a Halanay-type inequality, we
establish sufficient conditions to guarantee the proposed consensus protocols lead to average-
consensus. It is shown that the networked multi-agent system with time-delay can achieve
average-consensus with appropriate network topologies, designed impulsive instants, and ad-
missible time delays according to our consensus criteria. The rest of this section is organized
as follows. In Subsection 4.3.1, we formulate the consensus problem and propose the hybrid
impulsive consensus protocol. The consensus results for multi-agent systems with fixed and
switching topologies are established, respectively, in Subsection 4.3.2. Two numerical examples
are provided to demonstrate the theoretical results in Subsection 4.3.3. The detailed proofs of
the main results are introduced in Subsection 4.3.4.

4.3.1 Consensus Protocols

We consider the following consensus protocol which is based on the dynamically changing

digraph G 4(t) = (V, (1), A(t)) and the fixed digraph G4 = (V, &/, A'):
ui(t) = ), wy(t)[x(t —r(t) —xi(t —r(t))]

GN()

+ Z Yo alx(t— ) — xi(t— )16t — &), (4.13)

k=1v;eN]

where r denotes the time-varying delay in the continuous-time consensus protocol satisfying
0 < r(t) < 7 (7 is a constant), and T; represents the time-delay in the discrete-time consensus
protocol at time ¢t = f; satisfying 0 < 7 < T (T is a constant and k € IN); &;;(t) is the (i,j)th
entry of the weighted adjacent matrix A(t) at time #, and N;(t) denotes the set of node v;’s
neighbors in graph G 4 at time ¢; (x;]- is the (i,j)th entry of the weighted adjacent matrix A’ at
time t;, and N denotes the set of node v;’s neighbors in graph G 4 at time f;; §(-) denotes
the Dirac delta function; f; is called impulsive instant, and the time sequence {f;} satisfies
0<t <t <..<tp<..and limy_, t; = o0.

By the definition of (-), the collective dynamics of system (4.1) under consensus protocol
(4.13) can be written as an impulsive system:

(%i(t) = Y, ai(t)[xj(t—r(t) —xi(t—r(t)], t#tx
v EN;(t)

Axl(tk Z (X x](tk - Tk) — X (tk - Tk)] (414)
v, €N/

\ Xitg = ¢

fori € 7 and k € N, where Ax;(t) = x;(t7) — x;(t; ); xi(t]) and x;(t, ) represent the right
and left limit of x; at #, respectively; we assume that x;(#) = x;(f), which implies that x;(t)
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is right continuous at each impulsive instant t; x;, is defined by x;; (s) = x;(ty +s) for all
s € [—7,0] with T = max{7, T}; ¢; € PC([—7,0],R") is the initial condition.

It can be seen that consensus protocol (4.13) works as follows: for t # f, the interaction
among agents is described by the graph G 4(t), and at each impulsive instant t;, the nodes
exchange information instantaneously according to the topology of G 4. The objective of this
section is to derive sufficient conditions on graphs G 4(f), G 4 and impulsive sequence {#;} to
guarantee that consensus protocol (4.13) solves the average-consensus problem.

4.3.2 Consensus Results

In this subsection, the consensus properties of impulsive system (4.14) will be analyzed. For
the sake of simplicity, the discussion throughout this section is based on the following assump-
tions:

(A7) uniform impulses: 0 = t; — t;_q forall k € IN.
(Az) time-invariant impulse delays: 7, = T for all k € IN.

(A3) assume that all the weighting factors are uniformly upper bounded, i.e., there exists a
constant & such that a;;(t) < & for all t > t,.

Then, there are  impulses on time interval (¢, — T, t) for any k € N, thatis, { = LEJ, where
the floor function | x| gives the largest integer less than x. For non-uniform impulses and/or
time-variant impulse delays, the number of impulses on each time interval (t; — T,t) isnota
tixed value. However, the analysis of consensus properties can be discussed similarly.

Networks with Fixed Topologies

We start by analyzing multi-agent systems with fixed topology, i.e., the weighted digraph G 4
is time-invariant with £’ as its Laplacian.

Theorem 4.3.1 Suppose that G 4(t) is balanced for all t > ty with L(t) as its Laplacian at time t,
and G 4 is strongly connected and balanced. Let Ay(L.) denote the second smallest eigenvalue of L], =
(L' +L'T)/2, and

Pmin = (\/1 = 2M2(LL) + | L7 + ndT||L']| + ZII1L'[1%)?

with d = max{sup,c( o) di(£)}. If pmin < 1and

1 minl min . _
OminIn (0 ),zfe 2 < opin < 1,

o< 2l (4.15)

1 . _
7 if pmin < 2,

where I = supycpy o) [|1L() |, then the consensus protocol (4.13) leads to the average-consensus for
agents in (4.1).
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If the digraph G 4 (t) is time-invariant, i.e., G4 = (V, &, A). Thenits Laplacian £ is a constant
matrix. We will have the following consensus results.

Theorem 4.3.2 Suppose that G 4 is balanced, and G 4 is strongly connected and balanced. Let A»(L!)
denote the second smallest eigenvalue of L, = (L' + L'T) /2, and

Omin = (\/1 —2M(LL) + 12+ T LI+l L%
If pin < 1 and

—+/ Pmin In (Pmm)

o2
, < Pmin < 1,
e e

o< (4.16)

1 L
R <<
e||£||/ prmm — e 7

then consensus protocol (4.13) leads to the average-consensus for agents in (4.1).

To prove the above results, we introduce the following displacement vector
b(t) = x(t) —1a(t),

where x = (x1,x2,...,x;)T, 1 denotes the column n-vector with all ones, and a(t) = Ave(x(t)) =
%27:1 xj(t). For balanced graphs G 4(t) and G 4, we have a'(t) = 0, Aa(ty) = 0 and L(t)al =
L'al = 0, which imply that a(t) is an invariant quantity for t > 0. Therefore, b(t) evolves
according to the following disagreement dynamics:

{B(t) = —L(t)b(t - V(f_))/ tF# ty, 4.17)
Ab(ty) = —ﬁlb(tk —1T), ke N.

The consensus analysis is based on the Lyapunov function V(t) = b’ (t)b(t) and a Halanay-
type inequality.

It can be seen from Theorems 4.3.1 and 4.3.2 that, to guarantee the consensus, the length ¢
of each impulsive interval is closely related to the value of p,,;,. In the following discussion,
we take Theorem 4.3.2 for example. If p,,;, < e~2, then the upper bound of ¢ is m If prin €

—/pIn(p) . _ —(Inp+2)
—‘2@6“ , then we have ¢(p) = —4ﬁﬂL|\

Therefore, g(p) is strictly decreasing on (¢~2,1), i.e., smaller p,,;,, implies larger upper bound
of . On the other hand, the value of p,,;;, depends on the impulsive delay size T and also
the length o of each impulsive interval. If p,,;;, < e~2, and increase the value of T such that
the corresponding value of p,,;, still belongs to (0,e72), then the upper bound of ¢ remains
unchanged. If increasing T leads to p,,;,, greater than e~2, then the increase of T implies decrease
of the upper bound for ¢ which then may cause the increase of {. Based on the above discussion
and Theorem 4.3.2, we can see that the relation between T and ¢ needs to be carefully examined
according to (4.16) to guarantee the average consensus.

(e72,1), define a map g(p) = < 0forp € (e72,1).

For a given value of T, Algorithm 2 outlines a computation procedure to obtain the upper
bound bdd_o of the length ¢ of each impulsive interval from Theorem 4.3.2. If bdd_c obtained
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from Algorithm 2 is positive, then any ¢ < bdd_c can guarantee the proposed protocol (4.13) to
solve the average-consensus problem. If the impulse delay T is not prescribed beforehand, suit-
able relations between T and ¢ can be constructed as follows: vary T from 0 to Tyux, where Ty
is an estimation of the upper bound for feasible values of T; for each value of 7, obtain a cor-
responding bdd_o from Algorithm 2; varying T will then yield a sequence of pairs {(7,bdd_c) }
which demonstrates the admissible relations between T and ¢.

Algorithm 2. Computation the upper bound bdd_o of o

require: £, L/, T

1. {=0,bddoc = 0,0 =0

2. pmin = (V1 =20(LL) + L2 + T LN LI + L)
3. while p,,;, <1do

4, if ppin < e~2 then
> 7= aeT
6. else
7. o= %W
8. end if
9. ifd > ({+1)c then
10. bdd, =0
11. else if d < (o then
12. bdd o = 745
13. else
14. bdd.o=oc
15. end if
16. <+ C+1
17. Pmin < (V1= 2M(L0) + [IL7[2 + T L[ LI+ Z11L")1%)?

18. end while

19. return bdd_o
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A similar consensus protocol has been considered in [120] with G4 = G4 and v = T.
However, there are many improvements in our consensus protocol (4.13) compared with that
in [120]. First, different network topologies are considered in the continuous-time and the
discrete-time consensus protocols. Second, the discrete-time network topology is required to
be balanced and strongly connected, while the continuous-time topology is only assumed to
be balanced. Moreover, the delays in the continuous and discrete protocols are considered to
be distinct which is more general than that in [120].

Next, we consider a special case of consensus protocol (4.13), that is, A = 0 (no continuous-
time network topology). It can be seen from Theorem 4.3.1 that

omin == (\/1 = 202(L0) + .72 + 2| £'[1%)?,

and if p,;i; < 1, then the consensus protocol (4.13) leads to the average-consensus for agents in
(4.1). Actually, if p,;, < 1, then

V1= 20(L) + 122 + 2P < 1,

1—/1-24 (L) +] £']1?
17112

ie,( < . According to the definition of {, we have

LEJ < 1- \/1 — 2/\2(59 + ||£/||2
o 1% ’

which gives the condition on the relation between T, ¢ and G 4 to guarantee the average-
consensus. We conclude the above analysis by the following corollary.

Corollary 4.3.1 Suppose that G 4 is strongly connected and balanced and A = 0 in (4.13). If

- — 7 /]2
T<<1 V1 2|&2/(H§s)+||ﬁl| +1>a, (4.18)

then consensus protocol (4.13) leads to the average-consensus for agents in (4.1).

Networks with Switching Topologies

Next, we consider the consensus problem of multi-agent systems with switching in both the
continuous-time topology and the impulsive-time topology.

Denote two finite index sets P = {1,2,..,p}, Q = {1,2,...,q}, and two families of time-
invariant digraphs O = {G; : i € P}, O' = {G/ : j € Q}. Let  : Rt — P be a piecewise con-
stant and right-continuous function called ‘continuous-time switching signal’, and w : N — Q
be a constant function called “discrete-time switching signal’. Throughout this subsection, we
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assume that all the digraphs in () are balanced, and all the digraphs in ) are strongly con-
nected and balanced, then the collective behavior of system (4.17) can be written as a switching
impulsive system

{g(t) = —Lynb(t—r(t), t€ [t tir), (4.19)

Ab(tk) = _E/w(k)b(tk — T), k e IN,

where L; (or E;) is the graph Laplacian of G; (or § ]’ )fori € P(orj € Q). If switchings only occur
at impulsive instants (i.e., there is no switching on each impulsive interval), then 1 (t) = 1 (t)
for t € [ty tryq) and k € IN, and system (4.19) reduces to the following system

{b(t) = =Ly bt —7(t)), t€ [ty tri1),

4.20
Ab(ty) = —Elw(k)b(tk —7T), keN. ( )

Denote | = max;ep || £;]|, I = maxjeq || £'j||, and I = min;cg )\2(5}5), where AZ(E;S) represents
the second smallest eigenvalue of £;S = (ﬁ; + L ]T) /2, then define

o= (\/1=21L 412+ 2"l 471"

In the following result, sufficient conditions are constructed for consensus of multi-agent
systems with switching topologies.

Theorem 4.3.3 If p < 1and

ol
\/—n(),zfe <p<l,
o< 1 (4.21)
— ifop<e?
el’ ifpser

then consensus protocol (4.13) leads to the average-consensus for agents in (4.1) under arbitrary switch-
ing signals.

In Theorem 4.3.3, the digraphs in () are assumed to be time-invariant. However, if the
digraphs in Q) are dynamically changing, i.e., QO = {G;(t) = (V,&(t), A;i(t)) : i € P}, then we
can define a dynamically changing digraph G(t) = G, ;(t), according to the continuous-time
switching signal. If all the digraphs in () are balanced, then the digraph G(t) is balanced for all
t > to. Hence, protocol (4.13) with switching topologies is a special case of protocol (4.13) with
dynamically changing continuous-time topology and switching discrete-time topologies. The
collective behavior of system (4.17) can then be written as follows

{B(t) = —L(B)b(t=r(t), t€ [t tri1),

4.22
Ab(t) = —L'yblt —7), k€N, 122

where £(t) is the Laplacian of digraph G(t) at time t. We further assume that the weighting
factors of G(t) are uniformly upper bounded, and denote I = sup,, . [[£(t)] and

0= (y/1 =2l 4+ 12 + ndzl’ + 71'%*)?,
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Figure 4.5: Discrete-time topology G 4.

where [ and I’ are the same as those defined in Theorem 4.3.3, and d is the same as that defined
in Theorem 4.3.1. Then, we can see that protocol (4.13) with dynamically changing continuous-
time topology leads to the average-consensus for agents in (4.1) under arbitrary discrete-time
switching signals. See Example 4.3.2 for demonstration.

4.3.3 Numerical Simulations

To demonstrate our consensus results, we present two examples of dynamical networks with
four agents. In the first example, we consider the impulsive consensus protocol (with A = 0).

Example 4.3.1 Consider consensus protocol (4.13) with A = 0 and digraph G 4 shown in Figure 4.5
with 0 — 0.1035 weights. It can be seen that G 4 is balanced and strongly connected with | L'| =

0.2070, A»(L;) = 0.1035, and 1_\/1_2|A£2,(|%)+”£/|2 = 2.0013. Then, Corollary 4.3.1 implies that
T < 3.00130 can guarantee the protocol leads to the average-consensus. Figure 4.6 demonstrates the
consensus region which describes the feasible relations between T and o. The initial conditions are chosen
so that Ave(x(0)) =0, T = 3, and o = 1, then the average-consensus is confirmed by simulation shown

in Figure 4.7.

In the next example, we consider a hybrid consensus protocol with switching topologies.

Example 4.3.2 Consider a hybrid consensus protocol with switching topologies shown in Figure 4.8
with QO = {G1(t), G2(t)} and Q' = {G},G}. Suppose the digraphs in ) have 0 — 0.25 weights,
digraph Gy (t) has 0 — 0.375 sin(t) weights, and digraph G, (t) has 0 — 0.25 cos(t) weights. While the
digraphs in (Y are balanced and strongly connected, the 4th node in the digraphs of Q) is isolated. It
can be calculated that || £4(t)|| = 0.75sin(t), || L2(t)|| = 0.4430cos(t), and | L]]| = || LS| = 0.5,
A (L) = Aa(Lh,) = 0.25, then I’ = 0.5, and I, = 0.25. Both L1(t) and Ly (t) can be written as
products of a trigonometric function and a constant Laplacian, then we can still use inequality (4.31)
to replace the estimation of YYY; in (4.29). Therefore, Theorem 4.3.2 is applicable to this example by
replacing | with | = max;>4,{L1(t), L2(t)} = 0.75.

In this example, choose r = 4.5. Figure 4.9 illustrates the suitable relations between T and o to
guarantee the network consensus with switching topologies. Next, choose T = 0.1, and o = 0.12, then

C=|%] =0andp = 0.8164 > e 2 Since #ﬁn(m = 0.1222 > ¢ = 0.12, we can conclude
from Theorem 4.3.3 that protocol (4.13) with switching topologies leads to the average-consensus under
arbitrary switching signals. This is confirmed by the simulation shown in Figure 4.10 with the following
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Figure 4.6: Consensus region for Example 4.3.1: if the point (7,0) is in the yellow region,
then protocol (4.13) solves the average-consensus problem. The red dot indicates the point

(T,0) = (3,1), which is considered in the simulation of Figure 4.7.

continuous-time and discrete-time switching signals:

oy [ 1 if € UEA(36k—18,3.66)
T =N 2, if t € U2 (3.6k 3.6k +1.8),

and

() 1, mod(k,30) < 15,
w(k) =
2, otherwise,

(4.23)

(4.24)

where mod (-, -) is the modulo operation which gives the remainder after division. Since the 4th agent in
Gy and Gy is isolated, no switches between only G1 and G, can achieve the network consensus. Therefore,
the impulsive protocols play an important role in the consensus process: the topologies in G| and G’ make
the network topology to be strongly connected, and then the impulsive protocols realize the consensus

convergernce.

4.3.4 Proofs

Proof of Theorem 4.3.1

For t # t;, take derivative of V(t) along the trajectory of system (4.17), and apply the inequality

xTy +yTx < exTx + e lyTy for any € > 0. Then we have

V() = bL(t)b(t) +b(t)bT (1)
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Figure 4.7: Consensus process of Example 4.3.1.
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Figure 4.8: Switching topologies

= —bT(t—r())LT(t)b(t) — bT (1) L(H)b(t —r(t))

< ebT()b(t) + e 1bT(t —r(t)) LT () L()b(t —r(t))

< V() +e Y L) PV (t—r(t))

< eV(H) +e 1PV(t—r(b)) (4.25)
For t = ti, in order to compare V (t;) with V(t_), we need to estimate the relation between
b(t, ) and b(ty — 7). To do so, we will integrate both side of (4.17) from t; —d to f;. From
the definition of , we can see that there are { impulses on the interval (f; — T, ;). Next, we

conduct the integration process step by step:

S1. Integrating both side of (4.17) from #; — T to t;_; yields

bt )~ bty —T) = /t"f—ﬁ(t)b(t—r(t))dt

tk—T
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Figure 4.9: Consensus region for Example 4.3.2: if the point (7, ) is in the green region, then
protocol (4.13) solves the average-consensus problem. The red dot indicates the point (T,0) =
(0.1,0.12), which is considered in the simulation of Figure 4.10.

b(tk_g) — b(tk——g) = —Elb(tk_g — T).

S§2. Similarly, integrate both side of (4.17) from t;_; to t;_j 1 for j =, (C-1),..,3,2, thenwe
have

bt ) = by = [ —obe— )t
b(te—jsr) —b(t_;q) = —Lb(tejp1 — 1),

forj=¢,(C-1),..,3,2.
S3. Integrating both side of (4.17) from t;_; to t; leads to

b(t) — b(t_1) = / Y LBt — r(t)dt.

fr—1
Adding up the equations in the above steps can obtain that
ty 4
b(te —T) = b(t; ) + - LOb(t—r(t))dt+ L") bt — T),
k=T i=1
then,
b(ty) = b(t]:) — ,C/b(tk —T)=Y1+Y2+Ys3 (4.26)
where Y1 = (I— £)b(t; ), Y2 = =L’ [, . L()b(t —r(t))dt,and Y3 = —L'L' Y5, b(t_; — T).
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Figure 4.10: Consensus process of Example 4.3.2.

From (4.26) and applying Lemma 5.2.3, we have
V() = b (t)b(t)
= (Y1 + Yo+ Y3) (Y1 + Y2 +Y3)
< 1+aYIY +(14+eH(A+O)YIY,
+(1+e HP+ehHYlys. (4.27)

Since £’ is balanced and strongly connected, we have, for £, = (£’ + £'T),
!/
S

0= A (L) < A(L]) < ... < An(LL).
Then,
Y, = b (t)(I—L' = LT+ L7Lb(t)
< (1 =20(L0) + [1£72)6" ()bt
= (1=2M(L) + L))V (k) (4.28)

Applying the Schwartz’s inequality yields

. < gR( [

k—T

- Hﬁ’HZé [ Lo —reyar]

j=1

tx tx

E(t)b(t—r(t))dt>T</ L(1)b(t = r(1))dr)

te—T
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nooet 2
< fcry _(zzq (t—r(1)) dt

i=1 7T

n
< || 2/ Dt — r(t))dt
< || 2/ Z (t— r(t))dt
< ndZTHE’HzZ/ V(t—r(t))dt
< (ndz||L'))* sup V(t +s), (4.29)

se[—(t+7),0]

where [;;(t) denotes the (i,j)th entry of £(t), and then d;(t) = I;;(t) which is the in-degree of
node v; at time ¢.

For Y3, we have

4 g
YiYs < LY 0T (i — 7)Y b(toi — T
i=1 i=

4
gL FY 0T (i — T)b(t—i — T)
i

—_

IN

g
= Ity viti—1)
i=1
< L|* sup V(t +5s). (4.30)
se[—21,0]

It then follows from (4.28), (4.29), (4.30) and (4.27) that (3.18) holds for v(t) = V(t) and
T = max{T + 727} in Lemma 332 witha = ¢, B = € 1%, p1 = (1 +¢&)(1 — 2A2(LL) + || £'||?),
and pp = (1 +e D[(1+ &) (ndz|| L']))? + (1 + & HZ%|L'||*]. Denote p = p; + p2, then Lemma
3.3.2 implies that if ¢ < 22
the average-consensus will be achieved.

then V(t) converges to zero as t goes to infinity, which means

It can be seen that «, f and p depend on the parameters €, € and ¢, respectively. Next, we

will specify the values of €, e and ¢ to maximize I;Tﬁ/ /p p) which is the upper bound of the length

o for each impulsive interval.

For any given p € (0,1), to maximize % is equivalent to minimize a+B/p=€e+1 €

for € > 0. Define the map H(e) := € + l(—:’112 then H(e) = 1 — 2p’ which implies that for

—112

€ = \/Lp, H(e*) =0and H(e*) = \Z_F Thus, for given p > 0, the maximum of lp?fﬁ//pg is ‘fln( 0.
Next, define a function G(p) := \f 20 for p € (0,1). Then, G(p) > 0and G(p) = 27;1:%'0).

Thus, G(e~?) = 0 and
>0, ifp<e?
G(p) {

<0, ifp>e 2
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It can be seen that min, z~o{01 + 02} = Pmin, and if o, > e~ 2 then

—/Pmin 1 min
0 = Pmin and max {G( )} p l’l(p )
PE[Omin1) 21

On the other hand, if p;;i, < e 2, there exist € and ¢ such that p = e~2, and then

1
max {G(p)} = =.
PE[Omin 1) el
Hence, we have
_ / . ln .
ln(l) Pmin (szn), lf Omin > 672}
max { P } = 2l
€e¢>0 Ly 4 B 1 . )
P 7 lf pmin S e ’
el
which completes the proof. U
Proof of Theorem 4.3.2

Since the Laplacian £ is a constant matrix, the prove is similar to the proof of Theorem 4.3.1
with (4.25) and (4.29) replaced with the following inequalities, respectively.

V(t) = bT(t)b(t) + b(t)b(t)
= —bT(t—r(t)LTb(t) — b (£)Lb(t — (1))
< ebT(H)b(t) + e T (t —r(t))LTLb(t — (1))

< eV(t) +e Y L|PV(t—r(t),

and
t
YIY, < |22 / T(t—r(t dt/k b(t — r(t))dt
te—T te—T
! 2 2
= 1L1PILl Z[/ (= r(1))d]
< T Pc)? 2/ (t—r(t)dt
= IR [ Y B )
B=Ti=1
tk
= ALl [ V=)
k—T
< Z|LNPNL* sup V(E +s). (4.31)
se[—(T+7),0]
The rest of the proof is omitted. g
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Proof of Theorem 4.3.3

Choose Lyapunov candidate V(t) = bT(t)b(t), and repeat the argument in the proof for The-
orem 4.3.1, and then we can get that (3.18) holds for v(t) = V(t) and T = max{7 + 7,27} in
Theorem 3.32 witha = ¢, B = € 1%, p1 = (1+¢&)(1 -2, +1?),and pp = (1 +& H[(1+
E)(TI'D)? + (1 + & 1)Z%1"]. The rest of the proof is essentially the same as that in the proof for
Theorem 4.3.1, and thus omitted. J

4.4 Impulsive Protocols with Distributed Delays

A networked multi-agent system (NMAS) is a dynamical system consisting of a group of in-
teracting agents, which have their own dynamics, distributed over a network. This section
studies the impulsive consensus problem of NMASs with distributed delays in both agent dy-
namics and impulsive protocols. The objective is to construct sufficient conditions to guarantee
the proposed impulsive consensus protocol leads to the consensus of NMASs with distributed
delays. The rest of this section is organized as follows. In Subsection 4.4.1, we formulate the
consensus problem, and propose a impulsive consensus protocol with distributed delays. Con-
sensus results are established in Subsection 4.4.2 for networks with fixed and switching topolo-
gies, respectively. Numerical simulations are provided in Subsection 4.4.3 to demonstrate these
theoretical results. Subsection 4.4.4 discussed the detailed proof of our consensus results.

44.1 Problem Formulations and Consensus Protocols

Consider a NMAS composed of N agents, where the dynamics of the ith agent are described
by a linear system with distributed delay as follows:

t
{ 6(t) = Axi() + B [ xi(s)ds +ui(t), 432)

xi,to - (Pi/

wherei € 7 := {1,2,..,N}, x; € R" and u; € IR" are the state and control input of agent i; A
and B are n X n constant matrices; 7 is the system delay; x;, is defined as x;,(s) = x;(to +s)
fors € [—r,0]; ¢; € PC([—r,0],R") is the initial function.

The control input is designed as the following impulsive controller with distributed delays
which is based on digraph G4 = (V, &, A):

) =Y T a [ () - x(s))dsa(t ~ ), @.33)

k=1 ’()jG./\[,‘

where the time sequence {#;} satisfies {f;} CR,0 <t < tp < .. < tf < .., and lim; o0 tf =
co; 6(+) is the Dirac Delta function; d represents the delay size in each impulse. Throughout
this section, we assume that t; —d > to — r, which is straightforward since controller u; can
only obtain information provided by the agent dynamics, and the initial function ¢; should be
independent of the delays in the designed controller u;. It is worth noting that controller u;
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only depends on the states of the ith agent v; and its neighbors, then impulsive controller u;
is called a protocol with topology G 4. Furthermore, we assume that digraph G 4 is strongly
connected and balanced.

J:id X;(s)ds

Figure 4.11: Accumulated information measurements at impulsive instants.

The control mechanism of (4.33) works as follows. On each impulsive interval (fg, txi1),
there are no connections among agents, and each agent’s states evolve according to its own
dynamics. At impulsive instant #;, the ith agent receive information from all of its neighbors
instantly, that is, the switch in Figure 4.11 on the edge (v}, v;) is turned on and then off in a
very short time of period, during which information is transfered from agent j to agent i. Since
the time between on and off mode of the switch is tiny, we model the short time information
exchange by instantaneous information delivery, i.e., agent i receives information from agent j
instantly at time f;. The information y;; (shown in Figure 4.11) transfered to agent i is the ac-

cumulated information of agent j, that is, |, tik— 4 Xj(s)ds. Different from the impulsive protocols
in [36, 63, 120], our consensus protocol does not require each agent’s states to be available at
specific times (e.g., ty or t; — d).

For t = t; and positive constant € satisfying € < min{t; — t;_1, ;1 — tx}, it can be seen that
there is only one impulse on time period (tx — €, tx + €). With the proposed impulsive protocol
(4.33), integrating both sides of (4.32) from t; — € to t; + € yields

trte trte t
/ %i(s)ds = /t (Axi(t) +B |  xi(s)ds)dt

ty—e€ k—€ t—r
t+e t
[T w [ () —xi(s)ldso(t — ),
ty—e€ U]E./\/’i t—d
which implies
ty+e t
xi(ty +€) —xi(ty —e) = /t . (Ax;(t) + B t rxi(s)ds)dt
— _
bk
+ ) txij/ [xi(s) — x(s)]ds
Z)]‘GM be—

Let € — 0T, then we have

() —xi(t) =), aj /t:k_d[xj(s) — x;(s)]ds,

Z)jE/\[,‘
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where x;(#") and x;(t; ) denote the right and left limit of x; at f;. Denote Ax;(t;) = x;(t]) —
xi(t, ), then system (4.32) can be rewritten as an impulsive system:

( t
Xi(t) = Axi(t) + B | xi(s)ds, t#t,
t—r
t
Av(t) = Y ay / " [xi(s) — xi(s)]ds, k€N, (4.34)
UjEM te—d
L Xitg = bi.

Throughout this paper, we suppose x; is right continuous at #, i.e., x;(t;) = x;(t).
Definition 4.4.1 We say protocol (4.33) leads to the consensus of NMAS (4.32) (or protocol (4.33)

solves the consensus problem), if

lim |[x;() — x;(t)| =0, Vi,jeT.

t—roo
Our objective is to construct sufficient conditions to guarantee the proposed protocol u;
solves the consensus problem.
4.4.2 Consensus Results
Throughout this section, we assume that the length of each impulsive interval is fixed, i.e.,

0 = ty —ty_q for all k € IN. Then, there are { impulses on time interval (t; — d, t;) for any
k € N, thatis, { = | £, where the floor function | x| gives the largest integer less than .

Networks with Fixed Topology

We start by analyzing NMAS (4.34) with fixed topology, i.e., the weighted digraph G 4 is time-
invariant with £ as its Laplacian.

Theorem 4.4.1 Suppose that G 4 is balanced and strongly connected. Let A2(L) denotes the second
smallest eigenvalue of L = (L + LT) /2 and

A 2 2 2 ¢ 2
ouin = (/1= 2422(L) + 2| LI2 + @ £ (1A] +rBI) + £ | o 1 m2)".
m=1

Let a = Apax(A + AT) and b = 2r||B||, and assume p,y;, < 1. Then, consensus protocol (4.33) leads
to the consensus for agents in (4.32) if either of the following conditions are satisfied:

i)a+b=0andoc < 1/b.
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i) a+b > 0and

. In pyin
a-+ b/ \/pmin,
Inp* ,
- - . < o
a—i—b/\/;?' 1fpmm_P ’
where p = p* is the unique solution of algebraic equation:

2(a\/p+b)+blnp =0, forp € (0,1).

Z.fpmin > ,0*/
o<

To prove this theorem, we shall transform the consensus problem of NMAS into a stability
analysis problem of an impulsive system.

Denote I, (or Iy) the n x n (or N x N) identity matrix. Let #(t) = 4 YN x;(t) = §(1T®
I,)x, where 1 = (1,1,..,1)T € RN, x = (xlT, sz,...,x{])T, and ® represents the Kronecker
product. Then, for t = t;, we have

1

2t = AT @L)x(t)
- %(1T®In)(x(tk_) - (£®In)/t:k_dx(5)d5)
_ %(1T®In)x(tk_) -%(ﬂ@[n)w@fn)/t:k_dx(s)ds
= x(t ),

since (1T ® I,) (L ® I,,) = (17L) ® I, and 17 £ is a zero vector. It can be seen that the dynamics
of x satisfies the following equations:

t
X(t) = Ax(t +B/ x(s)ds, t # ty,
()= Ax()+B [ x(s)ds, t £ 1 s
() ==x(t;), ke N.
Denotee; = x; —Xand e = (elT , ezT S e e]{])T, then, from (4.35), we can get the dynamics of e;
described as follows:

( t
¢i(t) = Aei(t) + B [ ei(s)ds, t#t,

t—r

Ae;(ty) = Z 0jj /tk d[ej(S) —ei(s)]ds, k€N, (4.36)
te—

\ ei,to = §0i/
where ¢;(s) = ¢;(s) — & Zjlil ¢;(s) for s € [~r,0]. Then the dynamics of the NMAS error state
e=(el,el, ..., el))T can be described by the following compact form of impulsive system
( t
é(t) = Ae(t)+ B | e(s)ds, t#ty,

t—r

t
Ne(ty) = —L t kde(s)ds, ke N,
—

(4.37)

\ etO = (P’

61



where A=Iy® A, B=IN®B,L=L& I, and ¢ = (9], ¢1,..., o)1 € PC([-r,0], R"™N).

It can be seen that if the trivial solution of impulsive system (4.37) is globally asymptotically
stable, then lim;_,« |le(t)]] = 0, which implies lim;_,« ||e;(¢)|| = 0, and then

lim [lx;(£) —x;(0)[| = Him i) — 2(8) = (x;(8) — (1)

t—o00

= Jim [le(t) — (1) = 0,
that is, the consensus is reached. However, we apply a global exponential stability result to de-

rive this consensus criterion, and the detailed proof for Theorem 4.4.1 is included in Subsection
444.

Networks with Switching Topologies

To model the dynamic changing of the topology structures, we consider the consensus problem
of NMASs with switching in the topology of impulsive protocol (4.33).

Denote a finite index set Q = {1,2,...,q} with g € IN, and a family of weighted digraphs
Q={G;:iecQ}. Letw : N — Qbe a constant function called ‘discrete-time switching signal’.
Throughout this subsection, we assume that all the digraphs in () are strongly connected and
balanced, then the collective behavior of system (4.37) can be written as the following impulsive
system

( é(t) = Ae(t) + B t e(s)ds, t #ty,

t—r

t
Ae(t) = — Lo, /t kde(s)ds, keN, (4.38)
~

\ etO = q)/

where £; = L£; ® I, and L; is the graph Laplacian of G; fori € Q.

Denote
I = max ||£;||, I = minAy(L;),
i€Q i€Q

where Ay (L;) represents the second smallest eigenvalue of £; = (£; + L) /2, then define

A 4 2
o= (V= 2dl +@ + i(A] B+ 0 3
m=1

Theorem 4.4.2 Suppose ps < 1, then consensus protocol (4.33) leads to the consensus for agents in
(4.32) under arbitrary switching signals if either of the following conditions are satisfied:

i) a+b=0andoc < 1/b.
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i) a+b > 0and

__Imps
ll+b/\/Ps,
Inp* .
17 = S < */
ar b/ TSP

if ps > p°,
o<

where p* is the same as that defined in Theorem 4.4.1.

4.4.3 Numerical Simulations

Consider dynamical networks with four agents. Figure 4.12 shows two topologies denoted by
G1 and Gy, respectively. Both of the digraphs in the figure have 0 — 10 weights, and they are
also strongly connected and balanced. It can be calculated that Ay(£;) = Ay(£,) = 10, and
|IL1]| = || £2]] = 20. Furthermore, consider

2 -1 0.5 0.4
A‘L 2}' B_[—o.z; 0.6}’

and r = 0.1, then ||A|| + 7||B|| = 2.9661. It can be seen that a + b = 5.4601 > 0. For impulses,
we consider d = 0.02, and impulsive sequence {f;} is chosen as ¢ = f; — t,_1 = 0.01 for all
k € N. From the definition of {, we have { = 1, that is, there is only one impulse on each
interval (t; —d, ty).

With the above given parameters, we can calculate that p,,;;, = 0.938, and then all the con-
ditions of Theorem 4.4.1 are satisfied. For the switching scenario, p = p;;i, and conditions of
Theorem 4.4.2 holds. We simulate three different situations with initial functions chosen as
o(s) = (¢, o1, 01, ¢1)T = (1,3,6,4,7,2,2,1)T forall s € [—r,0].

First, we consider the impulsive consensus protocol with fixed topologies G; and G, which
are illustrated in Figure 4.13(a) and 4.13(b), respectively. It is shown in these figures that the
states of each agent tend to converge to each other, and consensus is achieved with the phase
portraits of the agent error states converging to zero in anticlockwise (or clockwise) directions
according to the network topologies G; (or G»).

Next, we consider the situation where the network topologies are switching between G; and
G, with periodic switching signal given in Figure 4.14. It can be seen that the agent states con-
verge to zero in a anticlockwise-clockwise direction switching mode shown in Figure 4.13(c),
the reason for which is that digraphs G; and G, share the same connection structure but the
information transfers among agents in reverse directions. Figure 4.13(d) shows that the state
trajectories of system (4.37), which clearly demonstrates that the agent error states converge to
zero, and consensus is reached.

4.4.4 Proofs

In this subsection, we will present the proofs for the main results which rely on a Razumikhin-
type stability result for nonlinear impulsive functional differential equations.
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(@) G1 (b) G2

Figure 4.12: Network topologies with 4 agents.

Proof of Theorem 4.4.1

Rewrite impulsive system (4.37) into the following form of feedback control system:

t
é(t) = Ae(t) + B s)ds + Z E/ s)dsé(t — ty), for t > to. (4.39)

t—r
For t € [ty — d, t;), integrating both side of (4.39) from f to ¢, yields

e(t;) —e(t) = /ttk[A (5)+B | (s—|—9)d9 |ds — Z M e(s)ds, (4.40)

feem—

where { denotes the number of impulses on (¢, ). Therefore, { depends on t, and is a piecewise
constant function defined as follows:

( 0, ift € [tkflr tk),
1, ift € [tk—Zr tk—l)/

OES S (4.41)

-1, ift €[t gtzi1),
g/ ift € [tk - d/ tk—g)/

which is illustrated in Figure 4.15.
Next, integrate both side of (4.40) from t; — d to t,” to get that

de(t, ) — /tk e(s)ds = /t:k_d ( ttk[Ae(s) +B _Ore(s + G)dG]ds) dt

te—d
_ Ik ¢(t) Fe—m

7 / d)dt. 4.42

M(;t " s)ds 4.4

m k—m

For t = t;, we can obtain from (4.37) that
t
e(t) = e(t) — L / ‘ els)ds (4.43)
te—
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Figure 4.13: Consensus processes: (a) impulsive consensus with digraph G;; (b) impulsive
consensus with digraph G,; (c) impulsive consensus with switchings between digraphs G; and
G»; (d) state trajectories of the error states ¢; ; (i=1,2,3,4and j =1,2).
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Figure 4.15: Illustration of function {(t) for t € [t —d, t;) and relations between time t; — d
and different impulsive instants.

The estimation of the integral |, tl:‘_ ;€(s)ds can be derived from (4.42), and then substitution of
it into (4.43) gives

e(ty) = Y1+ Y2+ Y3, (4.44)

with

Y, = L tkd(/ttk[Ae(sHB e(s+9)d6]ds)dt,
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g(t) te—m
) /tk _de(s)ds) dt,

m:l —m

Y; = —ﬁ_z/tk <
te—d

where [ is the nN x nN identity matrix.

Choose the Lyapunov function V(t,e(t)) = e’ (t)e(t), and let v(t) = V(t,e(t)), then con-
dition (i) of Theorem 3.3.1 is satisfied with w; = wp, = 1 and p = 2. Applying the inequality
(x+y+2)T(x+y+z) < A+e)xTx+1+e A+ EyTy+ (1 +e (1 + & 12Tz for any
e,¢ >0, we have

o(ty) = el (tr)e(ty)
= (Y1+Y2+Y3) (Y1 + Y2+ Y3)
< (A+YI i+ (1+eH)(1+8)YiY2
+(1+eHa+ehHYiys. (4.45)
Since L is balanced and strongly connected, we have, for £ = %([, +L7),
0=AM(L) <L) <. < An(D).
Then, from the properties of Kronecker product, we have
YIY: = e (t))I—dL—dLT +d*LTL)e(t;)
= (1—2dM (L) +d*||L|*)o(t]). (4.46)
Applying the Schwartz’s inequality twice yields

te -t _ _ 0 T
YIv, < d (.c/ [Ae(s) + B e(s+9)d9]ds)
t

(z/jk[/x (s) + B (s+9)d6]ds>dt

—r

< d/ttk_d(tk—t) ttk[ZAe(s)+£_B _0 e(s+0)de]”
[LAe(s) + LB _0 e(s+ 9)d9]ds> dt
<& tkd (/ “(2Ae(s)+ 2B [ e(s+0)do)T
[LAe(s) + LB _0 e(s+ 9)d9]ds> dt
2 0 ' 0
< & /t | [LAe(s) + LB /_ e(s+0)d6]"[LAe(s) + LB [ e(s +0)do]ds
< & /:_d (1 +1)eT(5)[(LTL) @ (AT A)e(s)



0 0

+ (1+K_1)/

—r

eT(s +6)do[(LTL) @ (BTB)] /

—r

e(s+ 9)d9) ds
t 0

< PILI [* [0 IARoG) + 1+ 5 DrBIP [ ols+e)delds
k— —-r

< dLP[a+0lAl? sup fol +9)}+ 1+ 2B sup {o(t; +5)}]
s€[—d,0] se[—r—d,0]
< AL+ JAR+ (A +x )R BIF sup {o(t; +5)}, 4.47)
s€[—1,0]

where 77 = d +r and ¥ > 0. To minimize the right-hand side of inequality (4.47), choose
r|[Bll

T4l then we have

K =

Y3 Yo < d|LIP(JA] +rI[BID? sup {o(t +s)}. (4.48)
s€[—1,0]

For Y3, we have

YIv; < d||£||4/t (2 tt"’”d ds>T<2/:k_mde(s)ds>dt

m=1 m=1"tk-m
C f) b T, (tem
< d||c|* /k_ pa (/t e(s ds) </tkm_de(s)ds>dt
f) tem
< d2||£||4/k /k e(s)ds ) dt
ty—d te—m—
< &) / sup {v(tk__ers)})dt
m lse
< P|L)* sup o tk+s}/ 22(t)
se[—2d,0] te—d
{
< d4||£||4((7 y mZ) sup {o(t; +5)}, (4.49)
m=1 s€[—1,0]

where 1) = 2d. By the definition of { in (4.41) and its illustration in Figure 4.15, the estimation
the integral regarding to {(t) in the derivation of (4.49) is as follows:

/tt"_d ZHdt = c(1+4+..+C-1DH+ @0
< o(1+4+ ..+ (1)) +ol?

I
S|
]
§I\J

From (4.46), (4.48), (4.49), and (4.45), we can obtain that

o(t) < (+emo(t)+ 1+ HA+8)r ?upo]{v(tk‘ﬂ)}
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+(1+e)(1+& Yy sup {o(t; +5)}

SE[—Tz,O}

< p1o(t, ) +p2 sup {o(t, +9)}, (4.50)
s€[—1,0]

where T = max{t, »}, and

p1 = (1 + 8)")/1/

2 = (1T+eH[A+)12+ 1+ )7l
with
71 = 1-2dA(L) +d*|L]?,

v2 = d LAl + 7B,

7 = d4||£||4<aim2).

m=1

For t # t, take the derivative of v(t) along the trajectory of system (4.37), apply the in-
equality 2xTy < exTx + e~ yTy for any € > 0, and use the properties of the Kronecker product,
then we have

o(t) < [Ae(t)+ B tire(s)ds]Te(t) + el (t)[Ae(t) + B t;e(s)ds]
= el (t)[In® (A+ AT)]e(t) + 2¢T () [Iy ® B] /t e(s)ds

t—r

el (1)[In® (A + AT)]e(t) + e’ (+)[In ® (BB")Je(t)

+et /tt eT(s)ds/tt e(s)ds

—r —r

IN

< el (H)[In® (A+ AT +eBB)e(t) + e r /t el (s)e(s)ds

t—r
< av(t)+p sup {o(t+5)}
s€[—1,0]
< av(t)+ B sup {ov(t+s)}, fort #ty, (4.51)
se[—1,0]
where & = Ay (A + AT) +€||B||> and B = € 172 Since a + b = Ayax(A + AT) +27|B|| >0,
we havea + 5 > 0.

We conclude the above discussion with the following inequalities:

o(t) <wav(t)+ B sup {v(t+s)}, t #t, (4.52a)
s€[—1,0]
o(ty) < p1o(ty) +p2 sup {v(t, +s)}, k€N, (4.52b)
s€[—1,0]
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witha + B > 0,and p1,02 > 0. If p; +p2 < Tand

i > (R (4.53)
P1 T P2
then there exists a constant g such that

1
P11+ 02

q> > @B 5 o Har)

For t # t, if v(t +s) < qou(t) for all s € [—7,0], then (4.52a) implies that v'(t) < av(t) +
Bsupse(_ro{o(t+5)} < co(t), with constant ¢ = « + g > 0. Thus, inequalities (4.52a) are
related to the Razumikhin-type condition (ii) in Theorem 3.3.1. And then, all the conditions of
Theorem 3.3.1 are satisfied. Before making conclusion from Theorem 3.3.1, we need to clarify
that the delay is 7 in (4.52a) and (4.52b), which is greater than the system delays r and d in
(4.37) since T = max{d + r,2d}. However, the stability result introduced in Theorem 3.3.1 is
still valid for system (4.37) with estimations (4.52a) and (4.52b). The reason is that system (4.37)
is actually a particular case of system (3.1) with delay size T: let y = e, then

o fort # ty,

ws]]

_ t
y = Ay+ /t_ry(S)ds
0
= ‘y+B/ y(t+s)ds
. 0
y—l—B/ yi(s)ds
= f(ty:);

o fort =1ty

syt = £ [ uo)ds

= L /0 v, (s)ds

def

e the initial function ¢ can be defined as

def | @(s), ifs € [~7,0],
¥ls) = { 0, ifs € [—T,—7).
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Therefore, we can conclude that, if p; +p < 1 and (4.53) hold, then system (4.37) is GES, which
implies that protocol (4.33) leads to the consensus for agents in (4.32).
Nevertheless, there are three positive constants ¢, ¢, and € to be determined in (4.53). Denote

In(1/p)
a+pB/p

network topology in (4.33), we will specify values of ¢, ¢, and € by maximizing

p = p1 + p2, then (4.53) implies that o < . For given dynamics of each agent in (4.32) and

In(1/p)

a1/ which is

the upper bound of the length ¢ for the impulsive interval.

For any p € (0,1), to maximize 2U1/2)

is equivalent to minimize & + B/p = Apmax(A +

a+p/p

AT) + €||B||? + €7 17?/p for € > 0. Define the map H(€) := Ayax(A + AT) +€||B||> + €112 /p,
then H'(¢) = ||B||> — € 2r?/p, which implies that, for e* = m, H'(e*) = 0 and H(e*) =
Amax(A + AT) + m\/g”. Hence, for given p € (0,1), we have

max{ln(l/p) } _ In(1/p) ,

e>0 La+pB/p a+b/\/p
where a = Ay (A + AT) and b = 2r||B||.

Next, define a function G(p) := Intl/0) ' then G’ (p) = _2ayprb)tbing e function

ERINE 2/p(a/p+0)2
F(p) := —2(a\/p+b) —blnp, then F'(p) = —H‘Cﬂ <0forp e (0,1).
Ifa+b=0,then F(1) = 0 and we have that G'(p) > 0 for p € (0,1), that is, G(p) is strictly

increasing on (0,1). Moreover, we can yield from p,,;, < 1 that there exist ¢,¢ > 0 such that
p1+p2 = p forany p € (ppin, 1). Therefore, o < sup,r, = 1){G(p)} = lim, ;- G(p) = 1/b.

On the other hand, if a + b > 0, then F(1) < 0. Since there exists a small enough p € (0,1)
such that F(p) > 0, and F is strictly monotone on (0, 1), there exists a unique solution p = p*
of the following algebraic equation:

2(ay/p+b)+blnp =0, forp € (0,1), (4.54)
then we have

G'(o) = >0, ifp € (0,0%),
<0, ifp € (p*,1).

It can be seen that

min {01+ p2} = (V71 + V72 +V73)" = i

If oin > p*, then p > p* forany ¢, & > 0. Thus, max,c(,,. 1){G(p)} = —%. If prin < p%,
then there exist positive ¢ and ¢ such that p = p*, and then max,¢,,. 1){G(0)} = _%E'
Concluding the above selection process yields
In Pmin . *
———————, it ppin > 07,
{ln(l/p)} = a+b/\/Pmin Pmin =
o < max = .

€,6,6>0 oc—i—ﬁ/p B lnp fo . < oF

—a+b/\/;7' Pmin = 0 -
The proof is completed. U
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Remark 4.4.1 Ifa + b = Ayar (A + AT) + 2r||B|| < 0, then there exists a constant € > 0 such that
Amax (A + AT) +€||B|| + e~ 1r? < 0. From (4.51), we have

o(t) <wav(t)+ B sup {v(t+s)},

s€[—r,0]

with o + B < 0. By the Hanalay inequality (Lemma on page 378, [58]), we have v(t) will converge to
zero exponentially as t — oo, when u;(t) = 0 forall i € Z and t > ty. This means that each agent
system is exponentially stable. The consensus will be achieved even no control input is added to this
isolated network. Therefore, in Theorem 4.4.1, we have only studied the case of a +b > 0.

Proof of Theorem 4.4.2

Choose Lyapunov function v(t) = e”(t)e(t), and repeat the similar argument as presented in
the previous subsection, then we can get that (4.52b) holds for p; = (1 +¢)(1 — 2dl 4 d?1?) and

p2 = (T+e D1+ &)d* (|| Al +7||B|))> + (1 + C’l)d4l402§n:1 m?]. The rest of the proof is
essentially the same as the proof of Theorem 4.4.1, and thus omitted. U
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Chapter 5

Stabilization and Synchronization of
Dynamical Networks

This chapter studies stabilization and synchronization problems of DNs under pinning impul-
sive control. Throughout this chapter, a pinning algorithm is incorporated with the impulsive
control approach. In Section 5.1, we propose a delay-dependent pinning impulsive controller
to investigate the synchronization of linear delay-free DNs on time scales. Then, in Subsection
5.2.2, we apply the pinning impulsive controller proposed in Section 5.1 to stabilize time-delay
DNs. Results in these two sections show that the delay-dependent pinning impulsive con-
troller can successfully stabilize and synchronize DNs with/without time-delay. However, the
pinning impulsive controller depends on the network states at both impulsive instants and his-
tory times, that is, the contributions of time-delay states to the stabilization or synchronization
processes can not be observed explicitly. Therefore, in Subsection 5.2.3, we design a type of
pinning impulsive controls relies only on the network states at history moments (not on the
states at each impulsive instant). Results show that the proposed pinning impulsive controller
can effectively stabilize the network even though only states at history moments are available
to the pinning controller at each impulsive instants. In Section 5.1 and 5.2, only discrete delays
are considered in the impulsive controllers. We further consider pinning impulsive controllers
with both discrete and distributed time-delay effects, in Section 5.3, to synchronize the drive
and response systems modeled by globally Lipschitz time-delay systems. All the theoretical
results are illustrated by numerical simulations, accordingly.

5.1 Synchronization of Delay-Free Dynamical Networks

During the past decades, the method of impulsive control has been successfully used for syn-
chronization of both continuous and discrete DN (see, e.g., [65, 50, ]). It is clear to see that
the continuous and discrete networks are normally investigated separately, and the results con-
cerning discrete DNs are carried quite easily from the corresponding results of their continuous
counterparts. Therefore, it is natural to consider whether it is possible to provide a framework
to study both the continuous and discrete DNs simultaneously. On the other hand, from the
modeling and numerical points of view (see, e.g., [4, ]), it is more realistic to model a net-
work by DN which incorporates both continuous and discrete times. The recently developed
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theory of time scales, which was initialed by Stefan Hilger in his Ph.D. thesis in 1988, offers
the desired unified method. The purpose of this theory is to unify the existing theory of con-
tinuous and discrete dynamical systems, and extend these theories to dynamical systems on
generalized hybrid (continuous/discrete) domains. The theory of time scales has gained much
attention and is undergoing rapid development in diverse areas (see, e.g., [10], [59], [104]).

Recently, neural networks on time scales have attracted increasing interest, and stability and
synchronization of different kinds of DNs on time scales have been studied (see, e.g., [45, 70]).
In this section, we investigate the synchronization problem of DNs on time scales. A pinning
impulsive control scheme that takes into account of time-delay effects is designed to achieve
synchronization of DNs on time scales with the state of an isolated node. Based on the theory
of time scales and the direct Lyapunov method, a synchronization criterion is established for
linear DNs on general time scales. Our result shows that, by impulsive control a small portion
of nodes, the consensus of DNs on time scales can be achieved. According to our pinning
impulsive control scheme, different numbers of nodes will be selected at each impulsive instant
and time-delay is considered in the pinning impulses. The modeling framework developed in
this section is a unification and generalization of many existing continuous-time and discrete-
time DN models, while the pinning impulsive control scheme is an extension of the existing
control scheme for synchronization of continuous-time DNs. Moreover, the idea of studying
dynamical systems on time scales provide a unified approach to investigate continuous-time
system and its discrete-time counterpart simultaneously.

The outline of this section is as follows. In Subsection 5.1.1, we introduce some basic knowl-
edge for the theory of time scales. In Subsection 5.1.2, we formulate the problem of synchro-
nization for linear DNs on time scales, and propose the pinning delayed-impulsive control
strategy. In Subsection 5.1.3, an impulsive synchronization criterion is established for linear
DNs on general time scales. In Subsection 5.1.4, numerical simulations are given to illustrate
the effectiveness of the proposed control algorithm.

5.1.1 Preliminaries on Time Scales

In this subsection, we recall some basic definitions and properties of time scales which are used
in what follows. Let T be a time scale (an arbitrary nonempty closed subset of the real number
set IR). We assume that T is a topological space with relative topology induced from R. If
a,b € T, we then define the interval [4,b] in T by [a,b] := {t € T : a <t < b}. Open intervals
and half-open intervals etc. are defined accordingly.

Definition 5.1.1 The mappings o,p : T — T defined as
o(t) =inf{s € T:s >t}

and
p(t) =sup{s e T:s <t}
are called forward and backward jump operators, respectively.
A non-maximal element ¢ € T is right-scattered if o(¢t) > t and right-dense (rd) if o (f) = t.
A non-minimal element ¢t € T is left-scattered if p(t) < t and left-dense if p(t) = t. If T has

a left-scattered maximum 1, then TX = T \ {m}, otherwise, T¥ = T. The graininess function
i: T — RY is defined by u(t) = o(t) — t.
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Definition 5.1.2 For y : T — Rand t € T, we define the delta derivative of y(t), y*(t), to be
the number (when it exists) with the property that for any € > 0, there is a neighborhood U of t (i.e.,
U= (t—90,t+36)NT for some & > 0) such that

y(e(8)) —y(s) —y*(D)(a(t) —s)| < elo(t) —s|
forall s € U.

A function f : T — R is rd-continuous provided it is continuous at right-dense points
in T and its left-side limits exist at left-dense points in T. The set of rd-continuous functions
f : T — R will be denoted by C,; = C,4(T,R). If f is continuous at each right-dense point
and each left-dense point, f is said to be continuous function on T.

Definition 5.1.3 Let f € C,4. A function g : T — R is called the anti-derivative of f on T if it is
differentiable on T and satisfies g (t) = f(t) for t € T. In this case, we define

[ 16518 = g(6) - g(@)

where t,a € T.

We say that a function p : T — R is regressive provided 1+ u(t)p(t) # 0 forallt € T
holds. The set of all regressive and rd-continuous functions f : T — IR is denoted in this
paper by R = R(T,R), and the set of all positively regressive elements of R is denoted by
RYT=R"T,R)={peR:1+u(t)p(t) >0forallt € T}.

Definition 5.1.4 If p € R, then we define the exponential function on time scale T by ey(t,s) =
exp (/. St Cur)(p(1))AT), for t,s € T, where the cylinder transformation

{Log(1+hz) h 40

Cn(z) = h
z, h=0

where Log is the natural logarithm function.

Remark 5.1.1 Let « € R be constant. If T = Z, then ey (t,to) = (1+a) "0 forallt e T. f T = R,
then eq(t,tg) = e*t=1) forall t € T. Ifa > 0, then ey(t,s) > 1for t > sand t,s € T. Moreover,
fort,s,r € T, ex(t,s) = ea(l—st) and e (t,1)ey(r,s) = ey(t,s), which will be used in the proof of main
result in this paper.

In the sequel, we present two lemmas from [16] which will be essential to prove our main
result.

Lemma 5.1.1 If f € C,gand t € TF, then

o(t)
| @ = wfe).
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Remark 5.1.2 If p € R and t € T¥, then, from Definition 5.1.4 and Remark 5.1.1, we have
ep(o(t),t) =1+ u(t)p(t).

Lemma5.1.2 Let f € Cyand p € R*Y. Then, for all t € T, inequality y®(t) < p(t)y(t) + f(t)
implies that

() < yltoley(t o)+ [ ep(t,o(2)f ().

5.1.2 Problem Formulation

Consider the linear DN of N identical nodes (n-dimensional dynamic systems) on time scale T

N
= Axite} gy, i=12.N, G-1)
j=1

where x; = (xj1,Xj, ..., Xin)T € R" is the state vector of the ith node, A is a n x n matrix, c is the
coupling strength of the network, the coupling configuration matrix G = (g;;) nxN represents
the connection topology of the network and is defined as follows: if there is a connection be-
tween the ith node and the jth node (i # j), then g;; = gj; = 1, otherwise, g;; = gj; = 0, and the

diagonal elements are defined as g;; = — E]'Ii 1,ji Sij-

Clearly, the isolated node of network (5.1) is in the form of
y*=Ay, tecT. (5.2)

Let s(t) be the state of an isolated node: s® = As. Our goal is to design a pinning impulsive
control scheme to achieve the synchronization among the node states x;(¢) and the objective
state s(t), namely, lim; e ||x;(t) —s(t)|| =0, foralli =1,2,...,N.

Consider the DN (5.1) under the feedback control,

N
xiA = Axl' +c Zgl]x] + ui(tl Xi, S)I (53)
j=1

fori € 7T:={1,2,..,N}, where {u;(t, x;,s), i € T} isthe pinning impulsive controller designed
as follows

y Y lquyi(t) + qoiyi(t — w)]0(t — 1), i € D C I,
i =19 k=1
0, i ¢ D

Here, the constant g1, and gy are the impulsive control gains to be determined, and 4(-) is the
Dirac delta function. The impulsive instant sequence {#;} satisfies {t;} C T,0 =ty < t; <
ty < .. <ty <..andlim; .ty = co. Tx > 0 denotes the time delay in the pinning impulsive
controller u; at time t;, and there exists a constant T > 0 such that 7, < 7 forall kK € IN. The time
sequence {t; — T} satisfies t1 — 7 > fp and ty — 1 € T. y;(t) = x;(t) — s(¢) is the error state of
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the ith node at time t, and I} denotes the number of nodes to be controlled at each impulsive
instant ¢;. The index set ©y = {p1, p2, ..., p,} C T is defined as follows: p; # p; if i # j; at the
impulsive instant ty, [|y;(t)| > [ly;(t) || if i € Dr and j € T/Dy. Then, we have Dy = I;. The
pinning impulsive control mechanism can be explained as follows: at each impulsive instant,
we only control /[, nodes that have larger deviations with the trivial state than the rest n — I
nodes. Throughout the rest of this thesis, we will study various pinning impulsive control
problems evolving around this type of impulsive pinning algorithm.

Remark 5.1.3 Definitions of ®y and §Dy are borrowed from [0/]. However, our control scheme is more
general than the control schemes in [07], since the number Iy of nodes controlled at different impulsive
instants are different and the existence of time delay in the pinning controller. Recently, many results
about pinning impulsive control of diverse dynamical networks have been reported in the literature (see,
[46, 67, 66, , 1). However, the results in [16, | have some essential errors, see Remark 3.11
of [125] for details. The results in [66] is not applicable to synchronize the dynamical networks without
impulsive effects, and in the results of [105], the pinning adaptive controller played a key role in the
synchronization process. It is worth noting that no time delay is considered in the above mentioned
pinning impulsive control algorithms. Moreover, it is well known that the existence of time delay is a
double-edged sword to the dynamic performance of systems. Therefore, it is worthwhile to study systems
subject to delayed impulses. See the numerical example in Subsection 5.1.4 for detailed discussion of
stabilizing delayed impulses and delayed impulsive perturbations.

By the properties of the Dirac delta function (- ), system (5.3) can be rewritten as the following
impulsive system,

N
xiA = Axi +c Zgijxj/ t # tk/
j=1

Ax;i(t) = queyi(te) + qaeyi(te — ), i € Dy,

(5.4)

where Ax;(t) = x;(57) — xi(t; ), x;(t) and x;(f, ) denote the right and left limit of x; at #,
respectively. In this section, we assume that x;(t, ) = x;(t;). Without loss of generality, in the

following subsection, all the impulsive instants t; are assumed to be right-dense on time scale
T.

Since the synchronization error is defined as y;(t) := x;(t) — s(t), we have the following
error system

N
ye=Ayi+c Y gy t # b
=1

Ayi(te) = queyi(te) + qayi(te — ), i € Dy,

(5.5)

Hence, DN (5.1) can achieve synchronization with s(t) if and only if ||y;|| — o0 as t — oo.

5.1.3 Synchronization Results

In this subsection, we shall establish an impulsive synchronization criterion for linear DN (5.1).
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Theorem 5.1.1 Assume that there exist constants a > 0, e > 0and wy (i =1,2,..., N, k € N) such
that

(i) HiT + H; + yHZ-THi < wajly for t € (tg, tiy1), where Hi = A+ cAil, and Aq, Ay, ..., AN are
eigenvalues of matrix G;

(i) (o1 + pare™)e et —Wey (teyy, t) < 1, where pye = 1= F[1— (1+ ) (1 + q1¢)?], pox =
(1+ e,:l)q%k, and o = max{0, a1k, Ao, ..., ANk }-

Then, DN (5.1) can achieve synchronization with s(t).

Proof: Define y(t) = (yI(t),yl(t), ... yL(t))T, then the error system (5.5) can be rewritten as
follows

{yA(w = (IN® A)y(t) +c(G® L)y(t), t # i, (5.6)

Ayi(te) = queyi(te) + gy (b — 1), i € Dy,

where ® is the Kronecker product. By matrix decomposition theory, there exists an orthogonal
matrix U = (v1,v2,..,vn) € RN*N such that G = UAUT where A = Diag{Aq, Ay, ..An}
and v; € RN. Let6; = (v ® I,)y and 6§ = (67,61,...,61)7, then 6 = (UT @ I,)y, ie, y =
UT ®1,)716 = (U ® I,)d. From (5.6), we have, for t # t;,

UL = (IN®A)URIL)6+c(CR L) (U I,)6
= URA)S+c(UA®I,)I.
Multiply both side by (U ® I,,) ! yields
= UTRL)URA)S+c(UT QL) UARI,)S
= (IN®A)S+c(A®1,)d,

which implies 62 = (A + cA;1,)d;, for t # tyandi = 1,2,..., N. Consider the Lyapunov function
V(t) = yT(t)y(t). By the definition of §, we can obtain that

V() = 6T(U L) U L))
= ST (U@ L) (U ,)5(t)
= ST(HU™U R I,)8(t)
= ST(H)s(t).

For t # t;, by calculating the A-derivative of V (t) along the trajectories of the system (5.6), we
can get

VA() = %[(5iT)A5i+(5f)T5?], where 67 = (o (t))
i=1
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_ )%[(5})% + (6 + pof) "o

[
—_

STI(A + L) T + (A + cAiLy) + u(t) (A4 cAiL) T (A + cAidy)]6;

|
™=

~
Il
—_

6T (HT + H; + uHI H;)o;

I
™=

~
I
—_

(Xik(siTéi < leV(t). (5.7)

IN
M=

~
I
—_

Since 1 + u(t)ay > 0 for t € (t, ty11), we have, by Lemma 2.2 and (5.7),
V(t) < V(] )ew (t tr). (5.8)
Next, we shall show
V(ter1) < V(5 ea (begas te)- (5.9)
If tj+1 is left-dense, then, by the continuity of V(¢) and ey, (f, t), we have

V(tepr) = lim V(£) < lim V(£ ey (t tr) = V(£ )ew, (b1, te)-

=t t=tq

If ti 1 is left-scattered, then
V(ten) = Vip(tir)) + plo(ti)) VA (p(tega)

< V(o(tesn)) + nlp(tir))aV (p(tiia))
= [L+ plo(tes1))a] V(o (tes1))
= ey (ter1, 0 (1)) V (0 (Ees1))
< en (b, P (b)) V (5 )ew (p (1), te)
= V(£ )ea (ber, tr)-

Thus, (5.9) is proved. For k € N, we have

(1—pw) ; vl (t)yi(te) < (1= pu)(N =) {ggl{yf(fk)yi(tk)}
i, K

= lk[plk — (1 + Ek)(l + q1k)2] fg%rz{y?(tk)yz(tk)}

< o — (T+e) T+ Y vl ()vi(te), (5.10)

€Dy

then,

Vi) = Y vl v+ Y vl Dyt
ieD, iy
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Yoyl (i) + ) [ (1= q10)%y{ (t)yilty)
€D €Dy

+a51 (b — T)yi(te — ) + 2(1 — que) qaxy] () yi (e — Tk)]

< (M4e)(T+qu)? Y vl (B)yilte)
€D
1+ g5 Yo vl (e —w)yilte —w) + Y v (t)viltx)
€Dy iEDy
< puV(te) + o2Vt — ). (5.11)
Since t; — T > tg, we have
V(t) < Me =10t € [to, 1], (5.12)

where M = ¢?(t1—t) SUPseis, 1,1 {V (1)} In the following, we shall show that for k > 1

e_a(thrl_tO)
Cay (tk—l—lr t)

For t = t1, we can get from condition (ii) that

V() < pnV(t)+paV(th— 1)

V(t) <M , L€ (tk, tk+1]. (5.13)

< pnMef’l(tl*t()) + p21Me*a(t1*T1*f0)

= (pll + p21earl) —ﬂ(tl—to)

e_a(tZ_tO)
< M—— (5.14)
ea, (t2, 1)

then, from (5.8) and Remark 5.1.1, we have

% <V + < Me_a(t2_t0) P
(t) = (tl )etxl(tl tl) = e[Xl(Tt)/ orte (tll t2]/
which implies (5.13) is true for k = 1. Next, suppose (5.13) is true for k < j(j > 1), and we shall
prove (5.13) holds for k = j + 1. For t = t; 1, we estimate the upper bound of V(t;1 — 7j11) by
considering the following two cases:

L t]‘_|_1 - Tj—H <t, then

V(tie1 — Tj41) < Me Ui =Tmho), (5.15)

e tj 1 — Tj;1 > t1, then there exists an integer k > 1 such that tir1— Tip1 € (g, tfc+1]' and
then
e_a(tfcﬂ_t())

V(tis1—Tiy1) <M < Me™ "t =Tn—ho), (5.16)
! ! eay (b1 b1 — Tjva)

since ay > 0 and eq, (tp_ 4, tjir1 — Tj41) > 1.
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From (5.15) and (5.16), we obtain
V() < prsmV(ts) + 24Vt — T41)

< M(pyj41+ Pz,j+1emj“)€_a(tj“_t°)

e_a(tj+2_t0)

IN

M

eDCj+1 (thrZ/ tj+1) ’

and then, for t € (t]-+1, t]'+2],

V(t) < V(t]+1)eaj+1 (t, t]'—i—l)

(tjr2—to) Cajin (t,tj+1)
Caj.q (tjr2, tjt1)
p—4(tjr2—to)

Me™*

IN

Cajiq (tj+2’ t) '

which implies (5.13) is true for k = j 4 1. Thus, we conclude from mathematical induction that
(5.13) is true for all k > 1. Then, for t € (fy, t1](k > 1),

—a(te1—t
V() < M E T altia—t) < peatt—to)
B eﬂék+1(tk+1rt) - B

which implies V(t) — 0 as t — oo, i.e., lim; e ||y(t)|| = 0. O

Remark 5.1.4 By minimizing the term Plk + poxe™, the constant €y can be specified to make Theorem

5.1.1 less conservative. Define hy(e) = (1 + q1x)? + € 1g3,e"%, then, for ¢ = |1|12;1|k| N T.¢? 2%, e

have h.(e) = 0, i.e., hi(e) attains its mznzmumfor e > 0. Hence,

i?ir(}{f?u + o™} =1 - = + \/ \1 + g1l + |90k e27™2.

Since Iy denotes the number of nodes to be controlled at impulsive instant ty, Iy, / N represents the propor-
tion of the impulsively controlled nodes at t = ty. It can be seen from Theorem 5.1.1 that the proportion
I/ N depends not only on the control parameters of the pinning controller but also the structure of the
time scale T, because exponential function ey, (tyi1,t) is closely related to the graininess function of
time scale T.

Remark 5.1.5 For the right-scattered case of ty, our results are applicable by defining x;(t,") to be the
state after the impulse and x;(ty) to be the state before the impulse, that is, the impulse is defined as a
state update at each impulsive instant (as discussed in [51]). Then conditions (i) and (ii) of Theorem
5.1.1 on t are restricted to t]:r < t < ty. Therefore, Theorem 5.1.1 can be used as a synchronization
criterion for the discrete DNs. Though the synchronization criterion in Theorem 5.1.1 is established for
DNs on general time scales, for specific time scales we can get some verifiable sufficient conditions. For
example,
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e T=N,thenu=1,H;+H] + uH'H; = H; + H! + H'H, and
ey (ter1, te) = (14 ag) 1™
e T=R, theny=0,H;+H! + yH'H; = H; + H! and
eug(ts1, ) = e =00,
For time scales with bounded graininess functions (u(t) < fiforallt € T), H;+ H + uHI H; < H; +

HI + aHT H; and the exponential function ey, (t.1, tx) can be calculated according to the structure of
the time scale.

5.1.4 Numerical Simulations

Figure 5.1: Network topology of linear DN (5.1).

0 01 015 025 03 04 045 055 06 07 0157 0.15+0.1

Figure 5.2: Demonstration of time scale T.

In this subsection, we present a numerical example to illustrate the proposed result. Con-
sider the linear DN (5.1) on time scale T withn =2, ¢c = 0.1,

A:{—1.2 0.11,

—02 11
2 1 0 0 1
1 -2 0 o0 1
G=|0 0 -1 1 o0 |,
o 0 1 -1 0
1 1 0 0 =2
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Figure 5.3: Numerical simulations of ||y;|| (i = 1,2, ...,5) with different pinning impulsive con-
trollers.

and the time scale

*.3.3 1
T=| [ —j+ —]
].L_Jo[zof’ 20/ T 10
(See Figure 5.1 for the network topology and Figure 5.2 for the demonstration of the given time
scale.) Then, Ay = A =0, A3 = =2, and Ay = A5 = —3. The graininess function of T is given
by

3.3, 1
p(t) = j=0

3 1
05, t=—j+—,jcZ"
0.05, 20]+ jezr,

10’
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which implies that y(t) < 0.05 forall t € T. Thus, forany t € T, Ayax(H! + H; + u(t)H H;) <
2.52, then we can choose oy = a = 2.52. In order to observe the pinning impulsive control
process clearly, in this example, we consider the network with N = 5 identical nodes, and
the impulsive sequence is chosen as follows: ty = 0.15k + 0.05, for k € IN. According to the
structure of the time scale T, we have the following estimation of the exponential function

ea(tk+1, tk) = €a(tk+1, tk+1 — 0-05)ea(tk+1 —0.05, tr + 0-05)ea<tk + 0.05, tk)

(tg1—0.05)—(#+0.05)
— e0.0Sa(l 4+ ‘u“) 0.05 e0.0Szx

= (14 0.05a)e"!* ~ 1.45.

In the following simulations, let I,x_1 = 4 and I, = 5 for k € IN, that is, controlling 4 nodes
at each odd impulsive instant, and controlling all of the nodes at each even impulsive instant.
Next, we consider the pinning impulsive controller with g1 5,1 = —0.45, g1 o4 = —0.4, 7, = 0.1,
and three different types of control gains gy:

(@) g2k = 0fork € N, i.e, there is no delay in the pinning impulsive controller;
(b) q22k—1 = —0.12 and 2.2k = —0.1fork € N,‘
() 022k—1 = 0.12 and 2.2k = 0.1 for k € IN.

It can be checked that conditions in Theorem 5.1.1 are satisfied for the first three cases with
a = 0.01. In (a), no delay is considered in the pinning impulsive controller, Figure 5.3(a) shows
that the synchronization of DN can be realized. In (b), time delay exists in the pinning con-
troller. Compared with (a), the existence of delay in the pinning controller contribute to the
synchronization of the DN. See Figure 5.3(b) for illustration. On the other hand, the existence
of time delay could be a perturbation to the synchronization process. Hence, in (c), we consider
a pinning impulsive controller with delayed impulsive perturbations, and Figure 5.3(c) shows
that the the existence of delay in the pinning controller slows down the convergence rate of the
synchronization.

5.2 Stabilization of Neural Networks with Time-Delay

Neural networks (NNs) are a family of statistical learning models inspired by the central ner-
vous systems of animals (see, [11]). NNs are generally presented as systems of densely inter-
connected simple elements which model the biological neurons, and send (or receive) messages
to (or from) each other. In recent decades, the research on NNs has attracted the attention of
numerous researchers. This mainly due to their broad applications in many areas including im-
age processing and pattern recognition (see, e.g., [24, 47] ), data fusion [?”], odor classification
[5], and solving partial differential equations [44].

This section studies impulsive stabilization problem of time-delay neural networks. Dis-
crete time-delay effects are considered in the impulsive controllers. In Subsection 5.2.2, a pin-
ning impulsive controller is proposed with delay effects. The impulsive controller depends
on not only the network states at each impulsive instant but also the states at history time.
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Sufficient conditions for the stabilization are constructed by using a Razumikhin-type stability
result. In Subsection 5.2.3, the proposed pinning impulsive controller relies only on the net-
work states at history instants, that is, the time-delay states play an key role in the stabilization
process. Stabilization result is obtained by using the Lyapunov functional method. Numerical
examples are provided to demonstrate the theoretical results.

5.2.1 Neural Network Model and Preliminaries

Consider the following time-delay neural network (DNN):
x%i(t) = —cixi(t) + Zal]f] xi(t)) + Zbl]f] xi(t—1))+ i, (5.17)

fori € 7 := {1,2,..,n}, where x; € R is the state of the ith neuron; n denotes the number
of neurons in DNN (5.17); f;(x;(t)) denotes the output of the jth neuron at time #; constants
a;j and b;; represent the strengths of connectivity between neurons i and j at time f and t — 7,
respectively; r corresponds to the transmission delay when processing information from the
jth neuron; constant J; denotes the external bias or input from the outside of the network to the
ith neuron; constant ¢; denotes the rate with which the ith neuron will reset its potential when
disconnected with the other neurons of the network and external input.

Throughout this section, we assume that f;(0) = J; = 0 for all i € Z. Here we have assumed
Ji = Ofor all i € Z. Actually, for nontrivial constant external input J;, stability analysis of
the equilibrium of DNN (5.17) can be studied similarly by change of variables. Based on our
assumptions, system (5.17) admits the trivial solution.

The objective is to design the following delay-dependent pinning impulsive controller to
exponentially stabilize DNN (5.17):

I(x (t—d)o(t—1t7), i € DL,
Ui(t,x;) = Z ot = d)o(t =), 1 € Dy (5.18)

0, i¢ D,
fori € Z, where I : R xR = R and d > 0 denotes the time delay in controller (5.18); the
impulsive instant sequence {#;} satisfies {t;} CR,0 <ty < 1 < .. <ty < .., andlim; o fx =

00; 6(-) is the Dirac Delta function. Let I denote the number of neurons to be pinned at each
impulsive instant, and the index set Dl = {p1, p2, -, 11} € T is defined as follows: p; # p; if

i # j; at the impulsive instant t;, ||x;(t,)|| > [|xj(t)|| if i € D} and j € Z/D}. The definition

of @;( is similar to definition of ®; in Section 5.1. The dlfference is that the same number of
neurons are controlled at different impulsive instants (i.e., [ = ).

The closed-loop system can be written in the following form of nonlinear differential equa-
tions:

xi(t) = —cix;(t) + Zal]f] xi(t)) + Z bijfi(x;(t —r)) + U, (5.19)
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fori = 1,2,..,n. Furthermore, we can rewrite system (5.19) into a matrix-form impulsive
system:

X(t) = —Cx(t) + Af(x(£)) + Bf(x(t — 1)), t € [e_1, tr),
Axi(ty) = I(x;i(t), xi(t — d)), i € Dk, k€N, (5.20)
Xty = @,

where C = diag{cy,c2,....cn}, A = (aij)uxn, B = (bij)nxn, f(x) = (f1(x1), f2(x2), ooy ()T
and x;, is defined by x;,(s) = x(to +s) fors € [-7,0] and T = max{r,d}; ¢ = (¢1, $2, ..., Pu) T is
the initial function with ¢; € PC([—7,0], R). Then the pinning impulsive stabilization problem
of DNN (5.17) is transformed into the stability problem of impulsive system (5.20).

The following lemmas will be used in the proof of the main result.
Lemma 5.2.1 For x,y € R, the following inequality holds
2xy < ex? + sflyz,
forany e > 0.
Lemma 5.2.2 For x,y,z € R, the following inequality holds
(x+y+2)° <A+ +(1+e HA+y +(1+e 1+,

foranye, & > 0.

Lemma 5.2.3 Fore¢, ¢ > 0, and given constants x,y,z € R, define function
H(e, )= 1+ + (1+e A+ y* + (1 +e )1+,

then function H attains its minimum H,,;, = (|x| + |y| + |z|)? at (&, &) = ('yn;‘Z', %)

Remark 5.2.1 Applying Lemma 5.2.1 twice, Lemma 5.2.2 can be proved. Lemma 5.2.3 can be easily
obtained by using the extreme value theory of multivariate functions. Hence, the detailed proofs for
Lemma 5.2.2 and 5.2.3 are omitted. The above lemmas will be used to reduce the conservatism of the
sufficient conditions of our results.

5.2.2 Delay-Dependent Impulsive Control

In this subsection, we consider the pinning impulsive controller with I(x;(t),x;(t —d)) =
Y1x; () + v2x;(t — d), that is,

[oe]

Ui(E x,) = k_zl[%xi(t) +yaxi(t—d)]o(t— 1), i €Dy, 521)

0, i¢ D,
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where y; and 7, are impulsive control gains to be determined. Then, the impulsive controlled
DNN (5.17) can be written in the form of an impulsive system:

x(t) = —Cx(t) + Af(x(t)) + Bf(x(t — 7)), t € [tx_1,tk),
Axi(ty) = 'ylxi(tk_) +7oxi(ty —d), i€ @i, k € N, (5.22)
Xty = (P

Throughout this subsection, we make the following assumption:
(A) there exists a constant L such that ||f(u) — f(v)|| < L||lu —v|| forall u,v € R".

The Lipschtiz condition on the nonlinear activation function has been widely considered due
to its significance in the application of NNs (see e.g., [24, , 1). Next, we will use a

Razumikhin-type stability criterion to construct verifiable conditions for the GES of impulsive
DNN (5.22).

Theorem 5.2.1 If the following inequality is satisfied

e < 1, (5.23)

where p = 1— L 4 (\/%|1 + 7| + \72\)2, ¢ = —2min;{c;} + 2L(||A]] + %) > 0, and d =
SUPen Ltk+1 — tk ), then the trivial solution of system (5.22) is GES.

Proof: Consider the Lyapunov function V(x) = xTx. Note that condition (i) of Theorem 3.3.1
is satisfied with wy = wy = 1 and p = 2. Taking the time-derivative along solutions of (5.22)

Vix) = 2xT(t)x(t)
= 2xT(1)| = Cx(t) + Af(x(1)) + B (x(t 7))
< (= 26min + 21| A|IL) V(2 (1)) + 2/ [BI|L|[x(5)] || |x(t — r)]]
< (— 2emin + 2/ A[L+||B||Le ) V(x(8) +el[BILV(x(t = 1)), (524)

where cpin = min;{c;} and constant € > 0. It can be seen from (5.23) that there exists a constant
g > 0 such that

q > % > e, (5.25)

where ¢ = —2min;{c;} +2L(||A|| + \/q||B||). f V(x(t+5)) < qV(x(t)) foralls € [—T,0], then
we can obtain from (5.24) that

V(x) < [ = 2cmin +2||A[|L + ||B||L(e ™! + ge)] V(x(t)). (5.26)

Define & as a function of &: h(e) = —2cmin + 2||A||L + ||B||L(e ! + ge). Then, for ¢ > 0, function
h attains its minimum value ¢ at ¢ = \/%7 (thatis, h'(¢) = 0 ate = \/Lq). Therefore, we can get

from (5.26) that V(x) < eV (x).
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Given a constant ¢ > 0, letting 71 = 1 — L[1 — (1 + &)(1 + 71)?], then

(1—=7) Y x () < (=) (n—D)min{xf(t)}
lg@i ie ’D

= I[}1—- 1+ +7)? m;r}{x?(tk*)}

k

< M-+ +7) Y x (),
ze@’

ie.,
n

Q+O)A+1)? Y 22(t)+ Y. 22 (k) < Yo

1e©l 1¢®l i=1

Then, for t = t;, we have

V(x(t) = ) xi(t) + 3 xF (k)

ieDl 2l

= Y [A+y)x(t) + roxi(te —d))*+ Y x7(t)
i€l igol

< Y IlA+0)0+mn) (k) + A+ )it —d)]+ Y x7 (k)
€D} 2ol

< 14004+ 7)* Y )+ Y FH)+ Q1+t ygfxg(tk_d)

ze@l 1§Z®l i=
< V() + A+ D) V(x(t—d))

< pV(x(t)) +po2 sup {V(x(t +59))},

s€[—1,0]

where p1 = 1, p2 = (1+ ¢ )73, and constant ¢ > 0 to be determined to minimize the value
of p1 + p2.

Let h(¢) = %(14—71) &+ 3¢, then, for & = |1+7
its minimum for ¢ > 0. Hence,

I, wehave I’ (¢) = 0,1i.e., h(¢) attains

, o I 2
o —rgrgg{pl tpat=1- (\/;|1+71| + |sz) -

Based on the above discussion, we can conclude that all the conditions of Theorem 3.3.1 are
satistfied. Thus, the trivial solution of system (5.22) is GES. 4

Remark 5.2.2 Parameter p is related to impulsive control gains 71, yp and the ratio I /n. It can be seen
from (5.23) that, the fewer units are controlled at impulsive instants, the more frequently the impulsive
controllers need to be added to the network.
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Numerical Simulations

Next, we will consider an example to demonstrate our theoretical result. In order to observe the
pinning control process clearly, we will investigate a DNN with only two units in the following
example.

Example 5.2.1 Consider DNN (5.17) withn =2,c1 =c; = —1,r =1,

2 —01 ~15 —0.1
A_{—S 3 } B_[—o.z —2.5}’

and f(x) = (fi(x1), f2(x2))T with f1(-) = f2(-) = tanh(-). The chaotic attractor of DNN (5.17) is
shown in Figure 5.4.

We consider two types of impulsive controllers:

1) I = 1, i.e., impulsive control one unit at each impulsive instant. Let t; —t,_1 = 0.03,
d=1,7 = —0.868, and 7, = 0.2, then (5.23) is satisfied. Thus, Theorem 5.2.1 implies
that the trivial solution of (5.22) is GES. See Figure 5.5 for numerical simulations.

2) | =2,i.e., impulsive control two units at each impulsive instant. Let t; — t,_; = 0.08, and
d, v1, 72 are the same as those in the first scenario, then (5.23) is satisfied and Theorem
5.2.1 implies that the trivial solution of (5.22) is GES. Numerical results are shown in
Figure 5.6.

The initial data in Figure 5.5 and Figure 5.6 is chosen the same as that in Figure 5.4, and
the red dot denotes the state x at initial time t = 0. The vertical (or horizontal) lines in
Figure 5.5(a) represent the state jump of x (or x;) while the other state is unchanged.
Since both units are controlled in Figure 5.6(a), no vertical and horizontal lines can be
observed. It can be seen from Figure 5.5 that different unit may be controlled at differ-
ent impulsive instants. This is consistent with our pinning algorithm of controlling the
unit which has the largest state deviation with the equilibrium. However, it is more prac-
tical to control one specific unit at all impulsive instants. Next, we apply the pinning
impulsive controller to the first and second unit at all impulsive instants respectively, and
numerical results are shown in Figure 5.7(a) and 5.7(b). The impulsive control gains 71,
Y2, and the impulsive sequence {t;} are chosen the same as those in Figure 5.5. Figure
5.7 implies that stabilization cannot be realized via this type of pinning strategy with the
given parameters, and more strict conditions may be required to guarantee the stability
which will be investigated in our future research.

5.2.3 Control via Delayed Impulses

In this subsection, we consider the pinning impulsive controller with I(x;(t),x;(t —d)) =
gx;(t —d), that s,

[ee]

xj(t—d)s(t—t,), i€ DL,
Uz = | BT D= k) €D (5.27)

0,i¢ D,
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Figure 5.4: Chaotic behavior of DNN (5.17) with the parameters given in Example 5.2.1. The
initial data for this simulation is ¢(s) = [1, —1] for s € [~7,0], and the red dot denotes the
state x at the initial time f = 0.
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(a) Phase portrait (b) State trajectories

Figure 5.5: Impulsive control one unit of DNN (5.17) at each impulsive instant

where g € (—1,0) is the impulsive control gain to be determined. Then, the impulsive con-
trolled DNN (5.17) can be written in the form of an impulsive system:

%(t) = —Cx(t) + Af(x(t)) + Bf (x(t — 7)), t € [t_1, tx),
Ax,-(tk) = qxi(tk - d), i€ @i, ke N, (528)
xto = 4)
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Figure 5.6: Impulsive control both units of DNN (5.17) at each impulsive instant.

(a) Control the first unit (b) Control the second unit

Figure 5.7: Impulsive control one specific unit of DNN (5.17) through all the impulsive instants.

Remark 5.2.3 The pinning algorithm introduced in [0/] can be treated as a particular case of our pin-
ning delayed-impulsive control strategy (i.e., d = 0). It is worth noting that the existence of time delay
in controller (5.18) brings dramatic difficulties to estimate the relation between the states x;(t,") and
xi(ty — d), and then Quarantee the delayed impulses contribute to the stabilization process of DNNs.
Though, Section 5.1 and Subsection 5.2.2 have considered the delay state x;(t;, — d) in the pinning
impulsive controller, the controller depends on both the state x;(t) and x;(t, — d), and there is no the-
oretical analysis of how the delay state x;(t; — d) affects the pinning control process. Actually, results
in Section 5.1 have shown that the delay states can either contribute to the stability of the system or
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act as disturbances to the dynamical system. To our best knowledge, this is the first time that a pin-
ning impulsive controller is proposed with delayed impulse effects which depend only on the delay state
x;i(ty — d). The detailed discussion of the delay effects on the stabilization process of DNNs can be found
in the following discussion.

Throughout this subsection, we make the following assumption:
(B) there exists a constant L; such that ||f;(u) — fi(v)|| < Li||u — v|| for all u,v € R.

Next, we will use Theorem 3.2.1 to construct verifiable conditions for the GES of impulsive
DNN (5.28). For convenience, we define the following notations:

Cmin = Inl,in{ci}/
Cmax = mlax{ci},
L = max{L;},

i

A= Cmax + VInmax{[a;|L;} + VIn max{|b;|L;},
1/] 1’]
6 = L(—TJ/

where ¢ = sup;n{tr — ti—1} , and |-] is the floor function.

Theorem 5.2.2 If there exists a constant € > 0 such that

In(p +eLr) < —co, (5.29)
where
o = 1—£+(\/z(1+q)—qd)\+ng)2
n n
¢ = —2Cumin+2||A||L+ e Y|B||’L +eL

o = ty—tr_q forall k € N,

then the trivial solution of system (5.28) is GES.

Proof. Choose Lyapunov functional V (¢, x;) = V1 (t, x) + Va(t, x¢) with

Vi(t,x) = xTx,
t
Vo(t,xy) = eL xT(s)x(s)ds.

t—r

Then, condition (i) of Theorem 3.2.1 is satisfied with w; = wp, =1, w3 = eLr, and p = 2.
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Q<

Figure 5.8: Schematic figure describing the different impulsive instants and time differences.

For t € [ty_1,ty), differentiate V; and V; along the solution of (5.28), then we can get
Vi(t,x) = 2iTx

= —2xTCx +2xTAf(x) +2xTBf(x(t — 7))

< —20minx " x + 2| Al|Lx"x +2|[BJ|L||x|| - ||x(t — )]
< (=2cmin +2||A||L + 7 Y|B|]PL)xTx + eLaxT (t — r)x(t —r),
and
Va(t,x;) = eLxTx —eLxT (t — r)x(t — 7).
Then,

Vi(t,x) € (=2¢n +2||Al[L + || BI[2L + eL)x"x

= cVi(t,x) < cV(t, x),

which implies condition (ii) of Theorem 3.2.1 is satisfied.

Next, we will show condition (iii) of Theorem 3.2.1 holds. Integrating both sides of (5.19)
from t; — d to ti, then

6t —xlt—d) = [ t"d—cixi<s>+iaijﬁ<xj<s>>+ibijﬁ<xj<s—r>>ds
K j= =

Gk
+ ) xi(te—m — d), (5.30)

m=1

where ¢ denotes the number of impulses added to the ith neuron during the time period
(te —d, te).

According to the pinning strategy introduced in (5.27), we have ¢ < ¢, since some impulses
may be added to other neurons than the ith neuron during this time period. See Fig. 5.8 for
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illustrations In the figure, we assume that the ith neuron is controlled at ¢ = t,,le., i€ @l The
set {ts , denotes the collection of the impulsive moments when the ith neuron is pmned on

time mterval (ty —d, tr). It can be seen from the definition of ¢ that ¢ represents the number of
impulses that the DNN (5.17) subject to on each time interval (t; — d, t;) for k € IN. Therefore,
{ts; }gk | is a subset of the set {¢; i iz L . Whichimplies ¢ < ¢. Only when the ith neuron subjects

to all the impulses on the time interval (¢, — d, t;), we have {tsj = {t M= i k o e, G =6

From (5.30) and the second equation of (5.28), we have that, for i € oL,

xi(te) = xi(ty) +qxi(te —d)
= @ranl) — [ —emls) L anfi(s)) + 1 b s — )i
k— ]:1 ]:1
—q sz Xi (e —
m=1

Let

Yi = (1+q)x(t),

te n n
Yo = —q - —cixi(s) + Z aijf]-(x]-(s)) + Z b,-]-f]-(xj(s —1))ds,
k= =1 =1
) Gk
Yizs = —q° ) xi(tem —d).
m=1

Then, by Lemma 5.2.2, we have
Yoxi(t) = Y {Ya+Yo+Ys}?
€D} {Sal]
< (I4e) Y Ya+(0+e)(A+6) Y Yo+ 1+ )(1+&1) Y Y5,
€D} €D} €D}
(5.31)
for any e1,¢1 > 0.

Applying Lemma 5.2.2 and Schwartz’s inequality to the second term of the right hand side
of (5.31), we have

Y. Y, < ¢° ) {/ —cix;(s +Zﬂz]f] xj(s +sz]f] x;(s ))ds}z

€D} €Dt

< az/‘ ﬂm@+2wmmm+2%ﬂw%ﬂfﬁ
j=1 j=1

ZE’DI

< qzd 1+€2 ZC

ty—d 16@1
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n

2
+(1+6")1+8) L (Zlaifff(xf(s)))
€Dl J=

2
F+e+ED Y (Zbi}fj(xj(s_r))> ds

iepl j=1
qzd (1+€2 Criax Y x?

fe= 16@1

+(1+e (1 +&)n Zz%f] x;(s

ze@l

IN

+(1+eH(1+&hn Y be] xj(s—r))ds
ze@l
n

b
7*d (1+2) e Y X7
be— d i=1

IN

IA
B
N
[
—~
—_
(ge]
N
~—
o
N
=
1=
=
=N
—~
V2]
~—

ty—d i=1

+(1+e N1+ gz)nlmax{al] ]} Zx

+(1+ehH(1+¢& )nlmax{bf]L]z} Z x?(s —r)ds

IN

qde((1 + &) + (T +e 1) (1 + cjz)nlmax{al] ]}
+ 1+ )+t )nlmax{blsz]Z}) E[sup 0 Vi(ty +s,x(t, +5))
S r—

= ¢*d*A* sup Vi(t; +s,x(t; +53)), (5.32)
s€[—r—d,0]

Vnl(max; i{a;j|L;}+max; {|b;j|L;}) maxi,j{|bz'j|Lj})

Cmax 7 max; ;{|a;[L;} )

with (82, 62) = <
For the third term of the right hand side of (5.31), we have

Y Y5 = a4t ) ( % Xt — )’

€Dl iepl m=1
Ck
< g Y Z Xty —d)
ie@l m=1
< q Ck Z Zx teem —
m=1i=

95



< q*¢* sup VA(t, +s,x(t; +5)). (5.33)
s€[—24,0]
From (5.31), (5.32), and (5.33), we can conclude that
Yok (t) <oy Yo xRt )+ sup VAt +s,x(t +5)), (5.34)
i€} i€} s€[—1—d,0]
where
71 = max{r,d},
pio= +e)l+q9)?
;2 = (1+e)(A+E)PdA + (1+e )1+ g'c>
Letp; =1— L(1—p}), then
(1—p1) ) %) < (1—p1)(n—Dmin{x}(f)}
lfgi 1SK)
= 1(p1 —p}) min{x7(t;)}
€D,
< (e —p1) Y X (H),
{3al]
ie.,
n
O BEACOE D BEACOESIDBEL U]
€D} ¢} i=1
Then, for t = t;, we have
Vit x(h) = ) % (k) + ) x7 (k)
€D} igol
= 01 Y %) +p2 sup  Va(tp +sx(f +s))+ ) xf (k)
i€Dl s€[~n—d0] igol
< oVt x(t ) +p02  sup  {Vi(t, +s,x(t, +5))}, (5.35)
s€[—1—d,0]
which implies condition (iii) of Theorem 3.2.1 is satisfied.
Applying Lemma 5.2.3, we have
/ [
i = min {1--+(1 —(1+¢)*+ (1 +ehH(1 2d%)\?
Jmin oy tpa) = min (1= Cok (e) (L (@ 6D+ 800

+(1+e )1+ et}
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. 2c—qdA —
with (g1, &) = (4 g1+?1 ,d—zf).

With inequality (5.29), we can see that condition (iv) of Theorem 3.2.1 holds. Actually, there
is a slight difference between (5.35) and the inequality in condition (iii) of Theorem 3.2.1: in
equality (5.35), the last term is defined on interval [—7; — d, 0], while the interval in condition
(iii) of Theorem 3.2.1 is [—7, 0]. Simply replace (3.4) by the following inequality

In(p1 + poem+4) 4 %e“) =—(a+c)o,
1
and we can see that Theorem 3.2.1 is still true. Therefore, we can conclude from Theorem 3.2.1
that the trivial solution of (5.28) is GES. 0

Remark 5.2.4 It can be seen that DNN (5.17) can be stabilized by pinning control 1 neurons of the
network at each impulsive instant, and the number | is closely related to the length 6 of each impulsive
interval. Inequality (5.29) implies that the less neurons are controlled at each impulsive instant, the
smaller the length of each impulsive interval is required. It can also be observed that a positive constant
e is introduced via the Lyapunov functional part V,. For large time-delay (e.g., r > %), we can pick up
small enough € > 0 so that erL. < 1 and make inequality (5.29) to be satisfied. Therefore, Theorem 5.2.2
is applicable to NNs with large time-delay size. It is also worth noting that Lemmas 5.2.2 and 5.2.3 are
applied in the proof to reduce the conservatism of the sufficient conditions in Theorem 5.2.2.

Remark 5.2.5 Theorem 5.2.2 gives sufficient conditions to design suitable pinning impulsive controller
(5.27) with uniform impulsive interval and control gain. However, the nonuniform impulsive controller
can also be designed according to Theorem 3.2.2. Moreover, nonlinear impulsive controller U;(t, x;) =
Yoo I(t xi(t —d))o(t —t,) fori € ©! can be investigated according to Theorem 3.2.1 and 3.2.2,
if there exist positive constants qy such that the function I, : Rt x R — R satisfies the following
inequality for k € N

I (t, x)| < gilx|, forany t € RY, and x € R.

The detailed discussions are omitted, since they are identical to the proof of Theorem 5.2.2.

Remark 5.2.6 In this section, we have successfully applied Theorem 3.2.1 and 3.2.2 to study the pin-
ning delayed-impulsive control of DNNs. Actually, since Theorem 3.2.1 and 3.2.2 are stability results
for general nonlinear impulsive systems with delays, these sufficient conditions can be used to study
stabilization and synchronization problems of various dynamical time-delay systems, such as chaotic
systems [9], BAM neural networks [7], Hopfield neural networks [11”]. Similar discussions of im-
pulsive discrete-time systems with time-delay can also be investigated by employing the techniques in
[51, 130]. Furthermore, according to the pinning control algorithm introduced in subsection 5.2.1, dif-
ferent neurons will be controlled at different impulsive instants. Therefore, our results do not require the
network to be well connected (i.e., no isolated clusters exist in the network [/6]), which is essential in
many existing pinning control strategies (see, e.g., [113, /6, 40, , 1.

In what follows, we will consider three particular cases of our pinning controller (5.27).

For | = n, all the neurons will be controlled at each impulsive instant. Then pinning con-
troller (5.27) reduces to the following delayed impulsive controller:

Ut x) = ki ax(t — d)o(t — £7), (5.36)
=1
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where U(t, x) = (Uy(t, x1), Ur(t, x2), ..., Un(t, x,))T. For controller (5.36), we have the following
stabilization result.

Corollary 5.2.1 Suppose inequality (5.29) holds with parameter p replaced by
p:=pa=(1+9—qdd+4%)",

then the trivial solution of system (5.19) is GES.

In the previous discussion, we have assumed that d > 0. Actually, for d = 0, controller
(5.27) reduces to the following pinning impulsive controller (delay-free):

Y- gxi(D)3(t— 1), i €D
k=1

0, i¢ D,

Ui(t, x,-) = (5.37)

fori =1,2,...,n. Then, for each neuron, ¢, = 0. Hence, we can get the following stabilization
result for controller (5.37) with ¢ = 0.

Corollary 5.2.2 Suppose inequality (5.29) holds with parameter p replaced by

I 1
.01:.01321—54';(14"1)2/

then the trivial solution of system (5.19) is GES.

Furthermore, for both I = n and d = 0, we can get from (5.27) the standard linear impulsive
teedback controller:

U(t,x) = i qx(t)o(t—t, ), (5.38)
k=1

and the corresponding stabilization criterion which can be easily derived from Corollary 5.2.1
or Corollary 5.2.2.

Corollary 5.2.3 Suppose inequality (5.29) holds with parameter p replaced by

p:=py=(1+9)?
then the trivial solution of system (5.19) is GES.

Comparing Corollary 5.2.3 with Corollary 5.2.1 and 5.2.2 can help us to understand the
effects that the time delay in the impulses and the ratio /7 plays on the stabilization process,
respectively.

The main difference between Corollary 5.2.1 and Corollary 5.2.3 lies in the two terms gdA
and ¢%¢ in parameter p which are both related to the impulse delay, and are all original from
(5.30) in the estimation of the relation between states x(t,") and x(t; — d). gdA depends on the
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continuous dynamic of DNN (5.17), while g%¢ corresponds to the number of impulses on time
interval (f; — d, t). Therefore, for fixed impulsive control gain, increasing the impulse delay
size will reduce the length of impulsive interval. However, the permissible impulse delay d is
required to be bounded in Corollary 5.2.1. To guarantee inequality (5.29) is true in Corollary
5.2.1, parameter p must be less than 1. Then, we can see from p, that impulse delay d is bounded
by 1/A, and satisfies ¢ < %. Intuitively, it is difficult to estimate the relation between states

x(t, ) and x(t; — d) precisely for large delay size d (e.g. chaotic systems), and then it is not
practical to use the state x(t; — d) as impulsive feedback signal to stabilize the system, which
is in accordance with our theoretical analysis.

Next, we will compare Corollary 5.2.3 with Corollary 5.2.1 to demonstrate how the pinning
algorithm affects the design of impulsive controllers. Define a function F(w) = 1+ w[(1 +
q)>— 1], then F(L) = pg and F(1) = p,. Since F'(w) < 0, we have F(L) > F(1) (e, Pp > Py)
for I < n. Therefore, it can be seen from inequality (5.29) that, with the same impulsive control
gain, reducing the number of neurons to be pinned will lead to increasing the frequency that
the impulses added to the network.

Numerical Simulations

Next, we consider DNN (5.17) with parameters given in Example 5.2.1. It has been shown
in [74] that DNN (5.17) with the given parameters has a chaotic attractor, see Figure 5.4 for
illustration. We consider two types of impulsive controllers:

1) controller (5.27) with I = 1, i.e., impulsive control one neuron at each impulsive instant.
Let ¢ = 0.004, d = 0.002, and g = —0.43, then inequality (5.29) is satisfied with ¢ =
0.125. Therefore, we can conclude from Theorem 5.2.2 that the given DNN (5.17) can
be exponentially stabilized by the pinning controller (5.27) with control gain g = —0.43.
Numerical simulations can be found in Figure 5.9.

2) | = 2, i.e., impulsive control both neurons at each impulsive instant. Let o = 0.01, d =
0.02, and g = —0.58, then inequality (5.29) is satisfied with ¢ = 0.25. Therefore, we can
conclude from Theorem 5.2.2 that the impulsive DNN (5.28) is exponentially stable. See
Figure 5.10 for simulation results.

The initial data in Figure 5.9 and Figure 5.10 is chosen the same as that in Figure 5.9, and the
red dot denotes the state x at initial time fy = 0. In Figure 5.9 and Figure 5.10, sub-figures (a)
illustrate the phase portrait of DNN (5.17) under the above two distinct impulsive controllers.
In order to observe the pinning impulsive effects and demonstrate the stabilization process,
sub-figures (b), (c), and (d) are provided with the state trajectories of impulsive DNN (5.20).
The vertical (or horizontal) lines in Figure 5.9(a) represent the state jump of x, (or x1) while
the other state is unchanged. Since both neurons are controlled in Figure 5.10(a), no vertical
and horizontal lines can be observed. It can be seen from Figure 5.9 that different neuron may
be controlled at different impulsive instant. This is consistent with our pinning algorithm of
control the neuron which has the larger state deviation with the equilibrium.

Finally, for the delayed impulsive controller (5.36), we compare our results with those in
[25] and [54]. As discussed in Example 2 of [25], we assume that g = —0.8 and ¢ = 0.01.
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Figure 5.9: Impulsive control one neuron of DNN (5.17) at each impulsive instant. In this
simulation, the length of the impulsive interval is so small that the phase portrait of the network
states on each impulsive interval can be barely observed. Hence, a small figure is presented in
sub-figure (a) to demonstrate the phase portrait of the network states on the second impulsive
interval [t1, t). Small serrations in the trajectories of x; and x; can be clearly seen in sub-figure
(b) for t < 1, which can be explained by the existence of time-delay in DNN (5.17) with delay
size r = 1. Therefore, the form of serration can also be affected by the network initial data. In
sub-figure (b), the small figure is given to illustrate the pinning algorithm introduced in (5.27).

Then, from [25], we know that the upper bound of d is 0.0194 according to Corollary 2 of [25],
while the upper bound of 4 is 0.0199 by Corollary 1 of [54]. However, it is worth noting that the
impulse delay in the simulation of Figure 5.10is d = 0.02, which is larger than the upper bound

100



0.06

0.051

0.04

0.031

0.02

0.01r

-0.01r

-0.02

-0.03

0.5

-15

—-10H

—12}

-14+1

-16}

-18

. .
0 0.5 1 15

1 1.05 11 1.15 1.2 1.25 1.3 4 4.05 4.1 4.15 4.2 4.25 4.3
t t

(@) (d)

Figure 5.10: Impulsive control both neurons of DNN (5.17) at each impulsive instant. Similar
serrations can also be observed in sub-figure (b), since the same initial data and time-delay are
considered in Example 5.2.1.

of d in both [25] and [54]. Moreover, in our simulation, the impulsive control strength can be
reduced to |g| = 0.58 which is smaller than |g| = 0.8. Hence, our results not only provide new
criteria to design pinning delayed impulsive controller to stabilize the DNN (5.17), but also are
less conservative than the stabilization results constructed in previous literatures [25] and [54]
for delayed impulsive controller (5.36).
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5.3 Synchronization of Nonlinear Time-Delay Systems

This section investigate the synchronization of globally Lipschitz time-delay systems using pin-
ning impulsive control. We propose a novel class of pinning impulsive controllers that takes
into account of both discrete and distributed delays. Verifiable synchronization conditions for
pinning impulsive controller with discrete delay, distributed delay and both of these two types
of delays are established using a Halanay-type inequality, respectively. The theoretical results
provide insight into the feasible relation between the impulse delays and impulse frequency
to guarantee the synchronization of drive and response systems via impulsive control a small
portion of the system states. The findings are illustrated by stability analysis of a linear impul-
sive time-delay system and synchronization control of a nonlinear chaotic time-delay system
with numerical simulations.

5.3.1 Problem Formulation

In this subsection, we formulate the general synchronization synthesis problem. Consider the
drive system

{ x(t) = g(t, xt), (5.39)

Xty = 4)1/

with x € R", ¢; € PC([-7,0],R"), ¢ = (91,82, -,8n)" and g; € R x PC([-7,0],R") — R,
and a response system

{y(t) = g(t,ye) +u(t), (5.40)

Yto = P2,
where y € R", ¢ € PC([—7,0],R"), and u(t) := u(t, x,y) is the control input to be designed

to synchronize these two systems, i.e., limy_, ||y(t) — x(¢)|| = 0. For the nonlinear functionals
¢, we make the following globally Lipschitz assumptions: for any ¢4, ¥, € PC([—1,0],R"),

(A1) |gi(t, 1) — gi(t, P2)| < Lillpr — 2|, fori =1,2,..,n;
(A2) llg(t, 1) — gt ¥2)l| < Kl[¢1 — 92l

Clearly, (A1) implies (Az) with K = /Y ; L?. However, for some functionals (for example,
gi(t, ) = ¥;(0)), we can derive the Lipschitz constant K smaller than |/¥./" ; L?. Hence, we
write assumption (Aj;) separately.

Construct the pinning impulsive controller as u = (uy, uy, ..., un)T,

t

—(g1e;(t — dq) + / e;j(s)ds)o(t —t;), if i € DL,
k; (qrei(t —d1) + g2 - (s)ds)o(t —te), i 541)

0, otherwise,

ui(t) =
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where ¢; = y; — x;, impulse times t; = typ + ko with ¢ > 0 and k € IN; g1 and g, are impulsive
control gains; d1 and d; are discrete and distributed delays in the controller, respectively; J(-)
is the Dirac delta function; the index set @;( = {pn,p2, -y} CT:{1,2,..n} is defined as
follows: p; # p;if i # j; at the impulsive instant t, [[e;(t, )| > [le;(t, )| if i € D! andj € /D,
that is, | states are controlled at each impulsive instant. Accordingly, under controller (5.41),
the closed-loop response system becomes an impulsive system:

y(t) =g(tye), t # by,
t
Ayi(ty) = —qrei(ty —d1) — g2 / ‘ ; ei(s)ds, ke Nand i € @f{, (5.42)
te—dz
ty — 4)2/

and then, the synchronization error e :=y — x = (e1, €, ..., €n)
é(t) = f(t, et), t 75 ty,
t
Aei(ty) = —qrei(ty —d1) — g2 / ‘ ] e;(s)ds, k € Nand i € D!, (5.43)
ty—da

T'is governed the error system:

ety = ¢,
where f(t,e;) = g(t,y¢) — g(t,x¢) and ¢ = ¢ — ¢1. The objective is to find admissible relations
among the length of impulsive interval o, impulsive control gains q; and 4, and impulse delays
dy and d, to guarantee e(t) — 0 as t — .

5.3.2 Synchronization Criteria

Synchronization results are established by considering the following three scenarios.

Case I: Impulses with only Discrete Delays (i.e., g1 # 0 and g, = 0)

The error system (5.43) can be written as follows:
e(t) = f(ter), t # ti,
Aei(ty) = —quei(ty —d1), k € Nand i € D1, (5.44)
et, = ¢.

Let L = max;{L;} and denote

l l 2
Pmin = 1 — i (\/;(1 —q) + Vigidi L + 51%@) ,

with = [%J (that is, the number of impulses on interval [ty — dj,t)), and then, we can
generalize the results obtained in Section 5.2 to obtain the following synchronization result for
system (5.44).

Theorem 5.3.1 If

G(0*), if pmin € (0,07],
e { o (5.45)

pmin)/ prmm € (P*/l)/
with p* = e~2 and G(p) := ‘fln( ) then (5.44) achieves synchronization.
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Case II: Impulses with only Distributed Delays (i.e., g; = 0 and g, # 0)

The error system (5.43) can be written as follows:

(1) = flter), t#
t

Aei(ty) = —q2 / ‘ ; ei(s)ds, k € Nand i € D!, (5.46)
tp—da

€ty = (P

It is worth noting that, to our best knowledge, this is the first time to consider distributed delays
in the pinning impulsive controller.

Theorem 5.3.2 If inequality (5.45) is satisfied with p,,;, replaced with

/ / 2
Pmin = 1 — ot (\/;(1 — gody) + V1god3L + qu%@) ,

where ¢ = [%Zj (that is, the number of impulses on interval [t — dy, ty.)), then (5.44) achieves synchro-
nization.

Case III: Impulses with Both Discrete and Distributed Delays (i.e., g1 # 0 and g, # 0)
This scenario is a generalization and combination of results in Case I and II.

Theorem 5.3.3 If inequality (5.45) is satisfied with p,;, replaced with

z z 2
Pmin =1 = — + (\/;(1 — 01— 7o) + Viqd L+ g3 + Vigd3L + g3tic ),

where ¢ and ¢ are the same as those defined in Theorem 5.3.1 and 5.3.2, respectively, then (5.44) achieves
synchronization.

5.3.3 Simulation Results

In this subsection, we consider two examples to illustrate our theoretical results. In the first
example, we will study the exponential stability of a linear impulsive system with delays:

Example 5.3.1 Consider the following linear scalar system with discrete delays in both the continuous
and discrete dynamics:

x(t) =Kx(t—1), t #£ty,

tk
Ax(t) = —q1x(ty —d) — g2 /t _dx(s)ds,k eN, (5.47)
Xtg = @,

where x € R, K=0.25, 7 = 1and ¢(s) =2 fors € [—7,0].
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It can be seen that assumptions (A1) and (A) are satisfied with L = K = 0.25. It is shown in
Figure 5.12(a) that if g1 = g2 = 0 (or ¢ = o) the impulse-free system is unstable. In the first
simulation, let g; = 0.8 and g, = 0, that is, only discrete delays are considered in the impulses.
Since the state of system (5.47) is scalar, we have n = | = 1. Theorem 5.3.1 implies that if
Pmin < 1 and

, (5.48)

{ e_l/K/ Pmin < 3_2/
o< _
G(pmin)/ Omin >e 7,

where p,i;, = (1 — g+ gdK + {g?)?, then the trivial solution of (5.47) is GES. Therefore, with
the given system parameters, the stability regions are illustrated in Figure 5.11, which gives the
relation between 4 and ¢ to guarantee the exponential stability of system (5.47).

If { = 0, then there is no impulse on each impulsive interval (f; —d, t;), i.e., d < 0. The
regions in green and blue in Figure 5.11 demonstrate the feasible relation between ¢ and d
when ¢ = 0. If { = 1, then there is one impulse on the interval (t; —d, t;), ie, 0 < d < 20.
The red region in Figure 5.11 describes the stability region for this scenario. For { > 2, it can be
calculated that p,,;, > 1, which implies that conditions of Theorem 5.3.1 can not be satisfied.
Although only sufficient conditions are derived in our results, they are less conservative than
the existing results. For system (5.47), the condition o < G(py,) is equivalent to the condition
of Corollary 1 in [25], which is related to the blue region in Figure 5.11. In our result, we have
improved this condition for small value of p,;, (e.g., Pmin < e~2), and the stability region is
enlarged with the green part.

Next, we simulate the state trajectory of system (5.47) with parameters pair (d, o) selected
from different regions shown in Figure 5.11. For the point (d,0) = (0.2,1.4) in the green re-
gion, it is shown in Figure 5.12(b) that the system can be stabilized by the delayed impulses.
For (d,0) = (0.3,0.16) in the red region, stabilization process is illustrated in Figure 5.12(c).
Normally, if no delays exist in the impulsive controller, increasing the acting frequency of im-
pulsive controller will accelerate the stabilization process of dynamical systems. When it comes
to impulses with time delays, reducing the length of impulsive intervals may lead to the insta-
bility of the system. Choose (d,0) = (0.3,0.12) in the white region of Figure 5.11. It can be seen
that we reduce the impulsive interval length ¢ (considered in Figure 5.12(c)) from 0.16 to 0.12.
Figure 5.12(d) shows that impulsive system (5.47) is unstable. Simulation results shown in Fig-
ures 5.12(c) and 5.12(d) inspire that, for given g; and d, there should be a lower bound of ¢ to
guarantee the stability of system (5.47). Actually, for g; = 0.8 and given d > 0, the boundaries
of stability region shown in Figure 5.11 represent the upper and lower bounds of ¢. The upper
bound is shown explicitly in (5.48), and the lower bound of ¢ is restricted in p,,;, < 1 and (5.48)
implicitly, since p,;,, is closely related to ¢ which depends on ¢.

In the following simulations, let (d,0) = (1.39,1.4). It is shown in Figure 5.13(a) that sys-
tem (5.47) can not be stabilized by impulses with control gain q; = 0.4 and discrete delays.
However, for g1 = 0 and g, = 0.4, all the conditions of Theorem 5.3.1 are satisfied, and the
stabilization process are shown in Figure 5.13(b) for impulses with distributed delays. In the
last simulation of Example 5.47, we consider an impulsive controller with q; = g2 = 0.4 which
is a combination of controllers considered in Figures 5.13(a) and 5.13(b). Theorem 5.3.3 implies
that impulsive control system (5.47), and simulation results are shown in Figure 5.13(c). It can
be observed that the impulses with both discrete and distributed delays stabilize the system
faster than impulses with only distributed delays. The reason is that both the impulses with
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Figure 5.11: Stability region: admissible relations between d and ¢ for stabilization.

discrete delays and the impulses with distributed delays contribute to the system stabilization
which can be seen from Figures 5.13(a) and 5.13(b).

In the next example, we will study the synchronization problem via pinning impulses with
distributed delays.

Example 5.3.2 Consider the drive system (5.39) modeled by the following time-delay system:

{ x1(t) = —x1(t) + arh(xa(t)) — bih(xa(t — 7)),

X (t) = —xp(t) + axh(x1(t)) — boh(x1(t — 7)), (5.49)

whereay =1,by = —1.9,a, = 1.71, by = —1.037, T = 1 and h(x) = sin(2.81)).

It is shown in [133] that system (5.49) exhibits chaotic behaviors with the above given pa-
rameters, which is illustrated in Figure 5.14. Consider response system with the following
impulsive controller with distributed delays:

00 t
— ej(s)dsd(t —t ,iE@l,
b ) L eledsit—n), i€ o)

0, otherwise.

me (5.50)

It can be calculated that assumptions (A1) and (A;) hold with L; = 8.2101, L, = 7.7836 and
K = 11.3133. In the first simulation, we consider the full-state controller (i.e., [ = n = 2)
with g = 17, d = 0.02 and ¢ = 0.0202. Theorem 5.3.2 implies that synchronization can be
achieved. Numerical results are shown in Figure 5.15(a). Pinning impulsive controller (i.e.,
1=1) is considered in the next simulation with g = 31.82, d = 0.01 and ¢ = 0.0114. Then all
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Figure 5.12: State trajectory of system (5.47) with q; = 0.8 and g, = 0.
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Figure 5.14: Chaotic attractor of system (5.49) with initial condition xt,(s) = (—0.5,0.71)7 for
alls € [—T,0].

the conditions of Theorem 5.3.2 are satisfied, which implies the drive and response systems are
synchronized. This is confirmed by simulation as shown in Figure 5.15(b). It can be clearly
observed from this figure that more impulses are added to one state of response system than
the other one when t < 1.

5.3.4 Proofs
Proof of Theorem 5.3.1

Fort = tyand i € D, e;(ty) = ei(t;) — quei(ty — d1). First, we will estimate the relation
between states ¢;(t, ) and ¢;(fx — dy). Integrating both sides of the system equation of the ith
state in (5.44) from t; — d; to t,_ yields

2 Cik
ei(ty ) —eity —dp) = /t filte)dt — Y qei(tey —du), (5.51)

te—dq m=1

where (; ; denotes the number of impulses activated on the ith state during time period (t; —
dl,i'k). If di < o, then gi,k =(=0.1fdy > 0,then > 1, gi,k > 0and tp_1 € (tk —d,tk).
According to our pinning algorithm, different states might be controlled at different impulsive
instant. This means that, at time t = t;_;, the ith state of the response system may not be
controlled by the pinning impulsive controller, i.e., {;x < {. Hence, 0 < {;, < (foralli € @fc
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Figure 5.15: Simulations of error states in Example 5.3.2 with initial condition for the drive sys-
tem as given in Figure 5.14 and initial condition for the response system y,(s) = (0.7, —0.71)T
forall s € [—T,0].
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and k € IN. From (5.44) and (5.51), we have ¢;(t;) = Y1 + Y2 + Y3 with

Y| = (1—Q1)€z’(t[),

Y2 = fz(t et)
k* 1
gl,k

Y3 = —qi ) ei(tem —da). (5.52)
m=1

Choose the Lyapunov function v(t) = e’ (t)e(t), then

e 2
2 2 ,
Y; = ql(/tk—dlfl(t' et)df>

tk
< i [ flted
tk_dl
b
< g [ L3
ty—dy
< ey [* 17 sup {lelt+s)|)et
he—di  se[—1,0]
< qdili  sup  {fle(ty +9)]*}
s€[—1—dy,0]
= gqidiL? sup {ou(t; +s)},
s€[—1—dy,0]
A Cik 5
Y; = Lh( Y eitiem —d1)>
m=1
A Cik
< qiGix Y e (teom — d1) (5.53)
m=
For any ¢,¢ > 0, we have
Yo et = Y (Yi+Ya+Y3)
ieDl ieDl
< Y AG+oYi+ A+ HA+O)Y+ 1+ Y3
€Dt
S (1‘|‘8 1—111 Ze tk
ze@’
+(1+eH(1+8) ( ) L2> sup {o(t, +s)}
16@’ se[—r—dl]
gzk
+1+e A+ Dt Y Tk Y ety — da) (5.54)
16@’ m=1

For the last term on the right-hand side of the above inequality, we have the following
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estimation:

Cik Cik
Zgzkze tr— m_dl < gz Zeiz(tkfm_dl)
iedl  m= m=1jep!
< g Z Ze te—m _dl
m=1i=
Cik
= ¢ Z Z)(tk—m - dl)
m=1
< % sup {o(t, +s)}. (5.55)
SE[*Zdl,O]

Hence, we obtain from (5.54) and (5.55) that

Z e?(t) < o} Z e;(t;)+p2 sup {o(t, +s)} (5.56)

ieo! i€} s€[-r0]
where
r = max{t+dy,2d1},
pio= Q+e(l-qm)
p2 = (1+e D1+ 2)lgidiL? + (1+¢71)g1l’).
Letp; =1—L(1—p}), then

(1—p1) Y ef(t) < (1—p1)(n—1)min{ef(t;)}
z%DL 1SK)

= lipr—p1) min{e;(f)}

k

< (p1—p) Y et
ie@f{

which implies that
i Y gt + Y et) <p Ze
1Sal] g}

Then, for t = t;, we have

o(ty) = Y er(ty)+ Y er(ty)

i€} igol
< pr ) e(t) + X ei(t) +p2 sup {o(tp +9)}
i€} igo} s€[=r0]
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< p1o(t, ) +p2 sup {v(t, +5)}. (5.57)
se[—r,0]

On the other hand, for t # t; and € > 0, we get
o(t) = fT(tere(t) el (t)f(t er)
< el (Be(t) + e T (Len)f (L er)

ev(t) +€*1K2HetH%

IN

IN

ev(t) +e 'K* sup {v(t+s)}
se[—1,0]

av(t) +p sup {v(t+s)} (5.58)

s€[—r,0]

IN

with @ = e and B = e K2
To apply Theorem 3.3.2, define
B $(s), if s € [—7,0],
Pls) = { 0, ifs € [—r,—1),
then, ¢ € PC([—r,0],R"). Since «, B > 0, we can conclude from Theorem 3.3.2 that if p; + py <

B
land - Jr 5 > e"“T552) then v(t) — 0ast — oo, i.e., synchronization between drive and
response systems can be achieved.

In(1/p)
a+p/p "

of €,e and ¢ in «, B, p1 and pp by maximizing the upper bound of o, that is
In(1/p)
x+pB/p
€ > 0. Define the map H(e) := € + e 'K?/p, then H'(¢) = 1 — e"2K?/p, which implies that,
fore* = £ H'(e*) = 0and H(e*) = 2K. Hence, for given p € (0,1), we have

Next, we will determine the values

In(1/p)
7 a+B/p"

Denote p = p1 + p2 < 1, then (3.19) implies 0 <

For any p € (0,1), to maximize is equivalent to minimize « + 8/p = € + € 'K?/p for

IV va
In(1/p)y _ vPIn(1/p)
r?fé‘{a+5/p} =~k c)
For function G(p) with p € (0,1), we have G'(p) = ii#lf and G'(p*) = 0. Then,

>0, ifp € (0,0%),
G'(p) . .
<0, ifp € (p*, 1),
i.e., G(p) is strictly increasing for p € (0,p*), and strictly decreasing for p € (p*,1). From
Lemma 5.2.3, we have p,,;, = mingg~o{01 + 02}. If pjuin < p*, then there exist ¢, & > 0 such that

(Pl +92)‘(£, ) — =p%and o < maxpe {G( )} = maxpe[pmm,p*]{c(p)} = G(P*) If pmin > p7,
then o < max,e(,,. 1){G(p)} = (pmm) Therefore,

{1n(1/p) } _ ) Glp"), ifp e (0,07,
a+p/p Glomin), if p € (07, 1).
The proof is complete. U

o < max
€,6,6>0
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Proof of Theorem 5.3.2

. 1 - . . . — t
Fori € ©, and t = t;, we will estimate the relation between x;(t,") and ffk— 4, Xi(s)ds. For

t € [tx — dy, ty), integrating both sides of the system equation of the ith state in (5.46) from f to
t, yields
k

e;( / flsesds—qQZ/ i(te—m +s)ds, (5.59)

where ¢;(t) denotes the number of impulses activated onto the ith state during time period
(t,tx). Similar to the discussion of ; ; in the previous subsection, it can be seen that ¢; depends
not only on t but also on the pinning algorithm, and 0 < ¢;(¢t) < ¢ for t € [ty — dp, ). Next,
integrate both sides of (5.59) from t; — d to t,_, and then we get

t t t b Silt) L0
tei(t) - [ andi= [1 [P feddsdi—g [ 8 [ et +s)dsd,
k—u2 k—u2 k—a2 2

m=1""
which implies

tx

ei(tk) = ei(tk_) — ‘72/ ei(s)ds =I1+1+4+1T13,

with
I = (1 — quz)ei(tk_),
tr

tk
Ihb = fi(s, es)dsdt,
te—dy Jt

te SilH) 0
I3 = —q%/t Z/ ei(te—m + s)dsdt.

k=2 =1 7 —da

Choose the Lyapunov function v(t) = e’ (t)e(t), then
t t 2
3 = 43 (/ fi(s, es)dsdt)
t—dp

g3d; / /ﬁsesds)dt
’12‘12/ (t —t) / £ (s, es)dsdt
k_ 2
qug/ / f?(s, es)dsdt
te—dy Jt
2 [H o2
i3 [ [ e cdsa
k_ 2

BRI [ sup {lete+s)|Phat
k—

2 s€[—1,0]

IN

IN

IA

IN

IN
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IA

q2d4L2 sup {v(t;+s)},
s€[—1t—dy,0]

o Gilt) .0 2
I’% = q%(/ 2/ Ei(tk_m—{—S)det)
ty—dy y—1 J —da
i(£)

N ds)d
/tk_d2 <m§1 /_dz ei(tk—m +5) S) t

(VAN
)
S
2
N

ty gz

< q%dZ/t glt 2/ e; tk m+3)d>d
k—d2
te Gi(f) 0

< qu%/ (Qi(t) Z/ e%(tk_m+s)ds)dt.
ty—da m=1"—d2

Then, for any ¢,¢ > 0,

Zez‘z(tk) < (14¢)(1— gody)? Ze (t)
{Sall {Sall

+(1+eH)(1+8)q d4< Y. L2> sup  {o(t; +s)}
3al] s€[—T—dy,0]

Gi(t)
+(1+e YA +&EYg5d3 Z/ /0 el.z(tk_m+s)ds>dt.

ty—da m1 do

For the last term on the right-hand side of the above inequality, we have
tr gl n ty
Z gz Z/ i (tk—m +s ds)d < Z/ / “(tkem+s dS)d
i=17t—d2

16@’ b=
< dng/ O(te_p +5)ds

< d3c* sup {o(t +s)}
SG[—Zdz,O}

Therefore, we have (5.56) satisfied with
r = max{t+dy 2d,},
pr = (L+e)(1—qada)’,
p2 = (L+e )1 +)lgadal? + (1+ ¢ )gadal?)-

Similarly, let p; = 1 — %(1 — p}), and then we have (5.57) satisfied. The rest of the proof is
essentially the same as the proof of Theorem 5.3.1. g
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Proof of Theorem 5.3.3

Fori € ’Df{ and t = t;, we can get from (5.51) and (5.59) that ¢;(ty) = E1 + Ep + &3 with
Ej =Y;+Tjforj=1,2,3. For &;,& > 0 and Lyapunov function v(t) = e’ (t)e(t), we have

Y 5 = ) (Ya+1Dn)?

Sall {Sall
< Y (1+&)Y3+ (14 0I5
€Dt
< Y la+&)@d+ A+ hpd)l? sup {o(t +s)}
lE@fc SG[—T,O}
< [(1+G)g7dt + (1+ 87 gads)IL? sup {o(t; +5)}

se[—r,0]

Y 2 = ) (Y3+T3)?

Sall {Sall
< ¥ |a+avi+a+5h)
€Dl
4 &t 2
< ) [(1 +82)q10k Y, € (tk—m — d1)
il m=1

ty gz
+(1+€£1)q3d§/ et Z / (b +5)ds ) dt]
k_ 2

< 11+ 8)a10% + (1+ 83 )aadyc?] sup {o(t +5)}.

se[—r,0]
Here, r = max{t +dy, T + dp,2d1,2d,}. Then,
Z elz(tk) = Z (El + Ez + 33)2
Sal] €Dt
< (1+e) ¥ E%+(1+e—1)[(1+(:) Y 8B++eh) Y g
€D} ieD} Sal]
< o ) et ) +p2 sup {o(te +9)},
€D} s€[—r,0]
where
pLo= (1+e)(l—q1—qd)?,
2 = (1+e {1+ +a)gd + 1+ )eddi?
1+ &N+ 80l + (148 )addic?] |-
The rest proof is similar to the proof of Theorem 5.3.1, and thus omitted. U
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Chapter 6

Applications to Systems and Networks
Governed by PDEs

In this chapter, we apply the pinning algorithm discussed in Chapter 5 to the impulsive control
problems of systems and networks governed by partial differential equations (PDEs). Section
6.1 studies the pinning impulsive stabilization and synchronization of spatiotemporal chaos
in Gray-Scott model, which is a delay-free dynamical system modeled by PDEs. Section 6.2
extends the study to synchronization of reaction-diffusion neural networks with time-varying
delays, which is described by time-delay PDEs.

6.1 Stabilization and Synchronization of Gray-Scott Model

This section investigates the impulsive control and synchronization problem of spatiotemporal
chaos in Gray-Scott model. Based on the Lyapunov function method, a class of pinning impul-
sive controller is designed to stabilize and synchronize the spatiotemporal chaos in Gray-Scott
model.

6.1.1 Introduction of Gray-Scott Model

Gray-Scott model is one of the typical reaction-diffusion systems which has a wide variety of
spatiotemporal structures[34]:

ou
1 _ —uqus +a(l —uy) +d1Viuy

aaut 6.1)
8_t2 = wu5 — (a+b)uy + doV?uy

where 17 and up are the concentrations of chemical species U; and Uy, respectively, a is the

inflow rate, a + b is the removal rate of U, from the reaction, and d; and d, are the diffusion

coefficients of the two species, for more details about the Gray-Scott model refer to [51] and

[95].
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4000 4000

Figure 6.1: Spatiotemporal evolutions of u; and uj.

In this section, we consider the one-dimensional version of Gray-Scott model with a =
0.028, b = 0.053,d; = 2x 107> and do = 107>. Since Ey = (1,0) is a trivial steady state,
it is necessary to add certain perturbation to it to obtain non-trivial pattern from the initial
state (1,0). The initial conditions are chosen to be (u1(0,x),u>(0,x))T = (1,0)T with strong
perturbations in the center region, and the periodic boundary conditions are given by u(t,0) =
ui(t,L) = 1 and uy(t,0) = uy(t,L) = 0. The spatiotemporal chaotic evolutions of the 1-D
system (6.1) are shown in Figure 6.1.

6.1.2 Impulsive Synchronization of Gray-Scott Model

In this subsection, we shall discuss the impulsive synchronization of one dimensional Gray-
Scott model with another identical system starting from different initial states.

Let the following one-dimensional Gray-Scott model serve as the drive system:

( 8u1 82u1
w = —Mlu% —+ ﬂ(]. — Ml) + le
ou 9%u
a_tz = uu3 — (a+b)uy + dzwf (6.2)
u(0,x) =ug(x), x €[0,L],
u(t,0) =u(t,L) =h, t € RT,
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where u(t, x) = (u1(t,x),u2(t,x))T, and the response system is given by

( dv %0
a_tlz—z;lz;%—i—a(l )+d182,t7étk,
vy o 902
5 == (@b +d= 2t (6.3)

Av(t,x) = I(e(t,x)), t=t, x€[0,L], ke N
v(0,x) =vp(x), x €[0,L],
[ v(t,0) =v(t,L) =h, t € RT,

where a,b,d; and d, are chosen as in the previous section, L = 2.5, v(t, x) = (v1(t, x), v2(t, x))7,
ug and vy are different initial conditions, h(t) = (hy, )7 is the periodic boundary condition for
both systems with constants /i1, h; > 0. Since the Gray-Scott model exhibits chaotic behaviors,
the same Gray-Scott systems will evolve differently if they have different initial conditions, and
states u and v are uniformly bounded which is a very important property that will be used in
the proof of our main results.

Remark 6.1.1 Theorem 1 in [43] implies that system (6.2) admits an unique global (classical) solution.
The case for system (6.3) with impulses is essentially the same, by an argument using the method of
steps over all the impulse intervals.

In (6.3), I : R? — R?, Av(t,x) = v(t",x) — v(t~, x) where v(t",x) and v(¢~, x) denote the
right limit and left limit of v(#, x) at ¢, respectively. e(t, x) = u(t, x) — v(t, x) denotes the error
state of the drive system and response system. The sequence {#;} satisfies 0 = tp < t; < tp <
oty < .., and limy, e t; = o0.

According to (6.2) and (6.3), the error system will be given

- o2
atl = —wu3 + 0105 — ae; + dj— o2t 7 b,
dey 2 o’
5y = iy - 0105 — (a+b)es + dr=— ox 2 Pt F b (6.4)

Ae(t,x) = Ik(e(t,x)), t=1t;, x€[0,L], ke N
e(0,x) =ep(x), x€[0,L],
L e(t,0) =e(t,L) =0, t € RT,

where eg(x) = ug(x) — vo(x).

Definition 6.1.1 Suppose that u(t,x) : R* x [0,L] — R™ for some m > 0, where u is of class
L7[0, L] with respect to x. Then || - || is defined by

/2
Jutt, Vo= [ [ e 2 Pax]

where || - || is the Euclidean norm.
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Definition 6.1.2 We say that synchronization of the drive system (6.2) and the response system (6.3)
are achieved under impulsive controller {ty, I } if

tim [[u(t, ) — o(t, ) |2 = 0.

We can see that to explore the synchronization of the two systems (6.2) and (6.3) is equiva-
lent to investigating the attractive property of the error states:

lim |[e(t, )| = 0.

t—o0

In order to force the response system (6.3) to synchronize with the drive system (6.2), we
design the following impulsive controller:

—qe;(ty, x), i = Dy,

0, i £ Dy, (6.5)

l(e(te, x)) = {

where the constant ¢ € (0,1] is the impulsive strength to be designed, and the index Dy is
defined as follows: for the impulsive instant ¢;, one can reorder the error states e;(t, x) and
ea(tr, x) such that [le; (t, x)[|2 > [|ej, (tx, x)[|2, then the index Dy is defined as Dy = j;. We can
see that the controller is only added to one state of the response system (6.3) at each impulsive
instant.

In [53], sufficient conditions about uniform impulsive controller is designed, which requires
an upper bound for each impulsive interval. In order to improve these sufficient conditions,
we introduce the following definition.

Definition 6.1.3 ([05]Average Impulsive Interval) The average impulsive interval of impulsive se-
quence { = {ty} is less than T,, if there exist a positive integer Ny and a positive number T,, so that
Ng(T,t) > TT_ut — No, VT >t > 0, where N;(T,t) denotes the number of impulsive times of the
impulsive sequence { in the time interval (¢, T).

According to this definition, there is no requirement on the upper bound of each impulsive
interval, which is necessary for the impulsive control scheme in [53]. Before introducing the
main results about the synchronization problem, we need the following lemma from [53].

Lemma 6.1.1 Let f(uq,un) := uquo be defined over the set S = {(uy,u2)T € R? : 0 < |uy| <
B1and 0 < |uy| < Ba}. Then the function f satisfies Lipschitz condition on S with Lipschitz constant

given by Lo := B/ B3 +4B3. In other words, for every (uy,u)7, (v1,v2)T € S, we have

|f(u1,u2) — f(v1,02)| < Lol (w1 — vy, u2 — v2) |-

Now we are in the position to introduce the main result to guarantee the synchronization
of the drive system (6.2) and the response system (6.3).
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Theorem 6.1.1 Suppose the average impulsive interval of the impulsive sequence { = {t; } is less than
T, Letp=1—q(2—9q)/2,and B = 4B/ B3 + 4B5 — 2a, where

Bi == max { sup |u;(t,x)|, sup |v;(t,x)|}

teR+ teR+

fori=1,2.If 7~ lnp + B < 0, then the synchronization of the drive system (6.2) and the response system
(6.3) is achzeved

Proof. Consider the following Lyapunov function (or energy function)

1 (L,
_E/o e’ (t,x)e(t, 2/ (t,x) + ef(t, x))dx.

For t € (t;_1,tx), k € N, we have, by (6.4) and Lemma 6.1.1,

. (M 0e 862

k 2 2 2 Pey
= /0 — (upuy — v1v5)e; — aey + dqeq 522
2 2 3262
+ (uquy — v103)ep — (a+b)ep + dzez—axz dx

IN

/ {\uluz—vlvz\(\ell—kkz\ }dxjt/ —aef — (a+Db)e3]dx

0%e d%e
+/ dlelaz—l—dzezazz dx

< 28, /52+452/ ||e||2dx—/0L [aet + (a + b)e3]dx

d%e 02
+/ d1€1 L1 dyer e

azdx

8261
d1€1 W + d2€2_

< (2/32 /3{-+4/3§_a> /()L‘|e||2dx+/0L

Applying integration by parts to the second term of (6.6), we have, by the periodic boundary
condition,

L 9%, de; |-
/ ei——dx = e,—=
0 X

L A 2 L A\ 2
_/ (%) dx:_/ (%) dx <0, i=1,2,
X1, 0o \oJx 0 \0x

Thus, for t € (tk—lr tk]
V(1) < (26218 + 43— a) /OL le|%dx = BV (b). 67)
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Since g € (0,1), wehave p € (0,1) and p — (1 —q)?> = 1 — p. Setting i = Dy and j # Dy, we
get

(1—p) /OL e}’-‘(tk,x)dx < (1-p) /OL e?(ty, x)dx
= (-7 [ S0

ie.,

L
(1—q)2/0 (tg, x dx+/ “(tg, x) < p/o (e%(tk,x)—ke%(tk,x))dx
L
= o [ lle(t, )] Pdx

Then, for any k € IN, we yield

V() = ' (ez(t;”,x) +ez(t,j,x))dx

dx+2/

/0 (1—q)%e?(ty, x)dx + = / (t, x)dx

: 2

= /0 le(t, x)|dx

pV(tk). (6.8)
By (6.7) and (6.8), we have the following inequality system:

V()< BV(E), t#
V(7)< pV(k), keN,

\o\

PN DNIR NP

IA A

(6.9)
1 (L )
Vit) = 5 [ lleo() P
0
According to (6.9), we have, for any t € R,
V(t) < V(tg)eP=t)pNeltho), (6.10)

where N; denotes the number of impulsive instants in the time interval (to, ).

Since the average impulsive interval is less than Ty, it follows from the Definition 6.1.3 and
(6.10) that

V() < Vi)

V(to)p~ Noe( TE+B) (t—to) (6.11)
Since h}—f + B < 0, we have

lim V(t) =0,

t—o00

ie., lim; e ||e(t -)||2 = O, which implies that the synchronization of the drive system (6.2) and
the response system (6.3) is achieved. g
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Remark 6.1.2 Based on Lyapunov function method, the impulsive synchronization criterion has been
established. Compared with the existing result in [53], there are two improvements of this criterion: we
derived an upper bound for the average impulsive interval which is less conservative than the criterion in
[53] since there is no strict restriction on the upper bound of each impulsive interval; pinning impulsive
controller is designed which is added to one state of the Gray-Scott model at each impulsive instant. Let
Ta be the upper bound of each impulsive interval and control all the states of the system (6.3) at each
time, then the Theorem 6.1.1 will reduce to a special case of the result in [53].

Remark 6.1.3 The criterion presented in Theorem 6.1.1 is closely related to the system parameters, the
average impulsive interval T, and the impulsive strength q. From Theorem 6.1.1, we can get the upper
bound for the average impulsive interval:

T, < %m (1-4q(2—-9)/2). (6.12)

However, the criterion in Theorem 6.1.1 is a sufficient condition, which means that the synchronization
of the drive system (6.2) and system (6.3) can be realized even if (6.12) does not hold.

6.1.3 Impulsive Stabilization of Gray-Scott Model

Since Eg = (1,0)7 is a trivial state of the Gray-Scott model, if choose ug(x) = h(t) = (1,0)7,
then we have, from system (6.2), (u1(t, x), uz(t,x))" = (1,0)T.

Therefore, the synchronization problem of the drive system (6.2) and the response system
(6.3) reduces to the stability problem of the equilibrium Ej of the following impulsive partial
differential system:

( avl 8201
g = —Ulv% + ﬂ(]. — Ul) + dlw, t 7& tk,
avz o 2 azvz
ot~ T @b tdga, £ b (6.13)
Av(t,x) = I(v(t,x)), t=1t, x€[0,L], k€N,
v(0,x) =vo(x), x€10,L],
(v(t,0) =v(t,L) =h, te R,
where h = (hy,h)T = (1,0)T.
The impulsive controller is designed as follows:
—q(l’li - Z)i(tk, x)), I = @k,
Li(v(ty, x)) = , 6.14
(V{1 1)) { o iza 619

where the index Dy is defined the same as in the controller (6.5) with e(t, x) = h — v(¢, x).

We have the following stability result about the impulsive system (6.13), the proof of which
is similar as the proof of Theorem 6.1.1, and thus omitted.
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Figure 6.2: State trajectories of the error system (6.4) : (a) uniform impulsive intervals; (b)
nonuniform impulsive intervals.

Theorem 6.1.2 Suppose the average impulsive interval of the impulsive sequence { = {t;} is less than
T,. Letp=1—q(2—q)/2and B = 4B/ BF + 4% — 2a, where By := max { sup, g+ [v1(t, x)],1}

and By := sup,cr+ |v2(t, x)|. Ifh%—gp + B < 0, then the equilibrium Eg of the impulsive system (6.13) is
globally asymptotically stable.

Remark 6.1.4 From Theorem 6.1.2, we see that based on the Lyapunov function method the states of the
one-dimensional Gray-Scott model are driven to the equilibrium Eg = (1,0)7 effectively by a pinning
impulsive controller. Actually, from the proof of Theorem 6.1.1, we can see that the equilibrium Eg of

the impulsive system (6.13) is globally exponentially stable with the convergence rate —%(h%—up + B).
In the following numerical simulations, we choose T, = 0.1 and q = 0.78 which implies that all the
conditions of Theorem 6.1.2 are satisfied. Uniform impulsive intervals are chosen in Figure 6.2(a) with
tee1 — tx = 0.1, while ty — ty_1 = 0.04 and ty 1 — tor = 0.16 > T, are selected in Figure 6.2(b).
We can see from Figure 6.2 that the equilibrium Eg of system (6.13) is asymptotically stable.

6.2 Synchronization of Reaction-Diffusion Neural Networks
with Time-Delay

In practice, reaction-diffusions are inevitable in some applications of neural networks due to,
for example, the noneven electromagnetic field in which electrons are moving [59] and the dif-
tusion effects in biological systems (see, e.g., [92], [111]). Therefore, it is necessary to consider
the state activations that vary in both space and time, leading to neural networks in the form
of partial differential equations. In recent years, impulsive partial differential equations have
received a great deal of attentions (see, e.g., [40], [102], [19], [12]), and impulsive control and sta-
bilization has been shown to be a powerful tool in applications of various neural networks with
reaction-diffusions (see, [125], [59], [41], [1]). Due to the advantages of the pinning impulsive
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control and the existence of time-delay, the study of pinning impulsive control and synchro-
nization of reaction-diffusion neural networks with delays is an interesting and challenging
research area yet to be fully developed. However, to the best of our knowledge, little work has
been done on this topic, and the existing results in [125] is inconvincible as mentioned in Re-
mark 6.2.8. Moreover, the pinning impulsive control schemes for delayed dynamical networks
obtained in [109] and [77] can not be applied and extended directly to the synchronization
problem of neural networks with both reaction-diffusion terms and time-varying delays.

In order to fill the research gap discussed above, this section studies the pinning impul-
sive synchronization problem of reaction-diffusion neural networks with time-varying delays.
There are several difficulties to conduct this research. First, to apply pinning impulsive control
method, it is necessary and difficult to select appropriate neurons to control at each impulsive
instant (see Example 6.2.1 for detailed discussion). Second, for networks with delays, it is prac-
tically needed to establish sufficient conditions to guarantee the synchronization of networks
with various delay sizes. The Lyapunov-Krasovskii functional method is one of the main ap-
proach to study the stability and synchronization of dynamical networks with time-varying
delays. However, the previous two difficulties tighten the restriction on constructing feasible
functional candidates when applying the method of Lyapunov-Krasovskii functionals. In this
section, we introduce a type of Lyapunov-Krasovskii functionals and a pinning algorithm to
overcome the above difficulties, and sufficient conditions are derived to guarantee the syn-
chronization of neural networks with small and large time-delay, respectively. The pinning
algorithm in this section is more general that the one in [67] and [91] for synchronization of
stochastic dynamical networks, since we can control different amount of nodes at distinct im-
pulsive instants while the number of nodes to be controlled is fixed for all impulsive times in
[67] and [Y1]. The Lyapunov-Krasovskii functional candidate is divided into a function part
and a functional part. The function part plays an important role to carry over the pinning al-
gorithm and handle the effects that impulses act on the Lyapunov-Krasovskii functional. The
idea of constructing Lyapunov-Krasovskii functional candidate and the mathematical analy-
sis approach used in this section can also be applied to extend our pinning impulsive control
scheme to control problems of various dynamical systems with time-delay.

The rest of this section is organized as follows. In Subsection 6.2.1, the control problem of
the reaction-diffusion neural networks with time-varying delays is formulated, and the pin-
ning algorithm on selecting neurons to add the impulsive controllers is introduced. The main
synchronization results are presented in Subsection 6.2.2 with some discussions. Numerical
simulations and further discussions are conducted in Subsection 6.2.3. The detailed proofs of
the main results are given in Subsection 6.2.4.

6.2.1 Network Model and Problem Formulation

Consider the following reaction-diffusion neural network with time-varying delays:

al/li ’ - aui /X ]
% = Z PF (%‘1%) —ciu;(t,x) + ;aijf]-(uj(t,X))

I=1 ]

+ i bl]f](u](t — Ti]'(t), X)) -+ ]i/ i= 1, 2,..., n, (615)
j=1
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where x = (x1,x2,...,x;)T € Q C R™ is the space variable with Q = {x = (x1,x2, ..., xm)T
x| < hy,k = 1,2,...,m}, and by (k = 1,2,...,m) are positive constants; u;(t, x) denotes the
state of the ith neuron at time ¢ and in space x; the activation function f;(u;(t,x)) stands for
the output of the jth neuron at time ¢ and in space x. J;, ¢;, a;; and b;; are constants: J; is the
external bias or input to the ith neuron; ¢; > 0 represents the rate with which the ith neuron will
reset its potential to the resting state when disconnected from the network and under external
input J;; a;; and b;; are the connection weights between neurons. T;; denotes the transmission
time-varying delay from the jth neuron to the ith neuron; d;; > 0 is the transmission diffusion
coefficient along the ith neuron.

Throughout this section, we make the following assumptions on time-varying delays and
activation functions:

(A1) There exist positive constants T and 4;; such that
0<7(t) <t and () <6 <1,

foralli,j € {1,2,..,n}.

(Ap) There exists a constant L; such that
|fi(u) = fi(0)| < Lifu — o],

foralu,v e Randi=1,2,...,n
Remark 6.2.1 (A;) implies that the time-delay in network (6.15) is bounded and w > 0, ie.,
t — 7;j(t) is increasing. Intuitively, as time t increases, the delay dependence of the state u;(t, x) is
increasing. Thus, it is straightforward to make this assumption. In terms of the activation function,

various neural networks possess the properties concluded in assumption (Aj) (see e.g., bidirectional
memory networks [37] and BAM networks [23]).

The Dirichlet boundary condition of system (6.15) is given by
u;(t,x) =0, (6.16)

for (t,x) € [tp — T, +00) x dQ and i = 1,2, ..., n, where { is the initial time, and 0Q) denotes the
boundary of (). The initial value of system (6.15) is given as follows:

ui(to+s,x) = ¢i(s, x), (6.17)

for (s,x) € [-7,0) x Qand i = 1,2,...,.n, where ¢ = (¢1,¢2,..¢n)" € C([—7,0] x Q,R"). For
¢ € C([—7,0] x Q,R") and a given s € [—T1,0], define the following norm:

lp(s, )2 = (z/ P25, ) dx>1/2.

Similarly, for u = (u1,ua, ..., un)T € C([0,00) x Q,R") and a given t > 0, we define the follow-

ing norm:
1/2
u(t, |2 = (2/ txdx) .
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Let us introduce a drive system in the form of (6.15) with Dirichlet boundary condition
(6.16) and initial condition (6.17), and a response system in the form of

87)1

i ox) ( i a; x>> —civiltx) + ,nzlﬂz‘ffj(vj(t/x))
=

=1
"'ilbijfj(vj( —7;(t),x)) + Ji + Ui(t, x), (6.18)
i

vi(to+s,x) = @i(s,x), (s,x) € [-7,0] x Q,
vi(t,x) =0, (t,x) € [tp — T,0) X 9Q),

where U; is the control input to the ith neuron yet to be designed, and ¢ = (@1, ¢, ..., ¢n)T €
C([—,0] x O, R™). Without loss of generality, we assume that ¢(s,x) #Z ¢(s,x) for (s,x) €
[—7,0] x Q) so that the synchronization behavior can be observed.

Definition 6.2.1 Drive system (6.15) and response system (6.18) are said to be exponentially synchro-
nized under controller U(t, x), if there exist constants y > 0 and M > 1 such that

lut,-) = o(t, )2 < Me 70 sup lg(s, ) = (s, )2,
se[—1,0]

forall t > to, where U = (Uy, Uy, ..., U)T, u = (uy,uz, ..., uy)’, and v = (vy,0,...,0,)T. The
constant y is called the synchronization rate.

The objective of this section is to exponentially synchronize system (6.18) with (6.15) by de-
signing a suitable impulsive controller U(f, x). In order to force the trajectory of network (6.18)
to approach the trajectory of network (6.15) exponentially, we design the following pinning
impulsive controller

o0

—qre;(t,x)o(t—t, ), i € Dy,
Ui(t,x) = k_zl awei(t, )0t = ) : (6.19)

0, i ¢ Dy,

where i = 1,2,...,n, and g € (0,1) is the impulsive control gain to be determined. The im-
pulsive instant sequence {f;} satisfies {t;} C R, 0 < tp < 1 < tp < .. < fx < ..., and
limy_,o tx = o0. &(-) is the Dirac delta function. The error state ¢;(t,x) = v;(t,x) — u;(t, x)
represents the state difference of the two networks (6.15) and (6.18). [} denotes the number of
neurons to be pinned at each impulsive instant. Similar to the definition introduced in Section
5.1, we have the index set Dy = {p1, p2, .., Plk} C 7:=1{1,2,..,n} defined as follows: p; # pj
if i # j; at the impulsive instant #, [le;(t,,-)[[2 > [le;(t,,-)||l2 if i € Dy and j € Z/Dy. Then,
we have Dy = Iy where 0 < [y < n. The pinning impulsive synchronization mechanism is
illustrated in Figure 6.3.

The response system (6.18) with the pinning impulsive controller (6.19) can be rewritten in
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Figure 6.3: Pinning impulsive synchronization mechanism. S; and R; represent the ith neurons
of network (6.15) and (6.18), respectively. f; depicts all the activation functions corresponding
to the ith neuron of the network.

the form of an impulsive system
((9v;(t,x) L 9 0v;(t, x) L
Tt ) o (dl-l o ) — civi(t, x) + ; aiifi(vj(t, x))

I=1 J

+ i bijfi(vj(t — 7ij(t),x)) + Ji, t # ty,
=1

(6.20)
Avi(ty, x) = —qrei(t, ,x), i € Dy, iDr =1, k €N,

vi(to+s,x) = @i(s,x), (s,x) € [-7,0] x Q,

vi(t,x) =0, (t,x) € [tp — T,0) x ),

\
where Av;(ty, x) = v;(t], x) — v;(t;, x), v;(t;],x) and v;(t., x) denote the right and left limit of
v; at ty, respectively.

Remark 6.2.2 It is shown in [115] that, under assumptions (A1) and (Aj), system (6.15) with the
Dirichlet boundary condition (6.16) and initial condition (6.17) admits a unique global solution. The
existence of solution to system (6.20) can be guaranteed by the existence results of reaction-diffusion
equations in [5/] and the method of steps, since discrete delays are considered in the system.

Throughout this section, we always assume that v;(f, x) is right continuous at t;(k € IN),
ie., lim, St vi(t,x) = vi(ty, x) for all x € Q. Then, by introducing the error state e;, we have

the following error system

(dei(t,x) W9 [, dei(t,x) no
o = Lo () a6t + R aifle0.4)

+ ibijﬁ(ej(f— Tij(1), %)), t # b,
=

Ae;(ty, x) = —qkei(tk_,x), i € Dy, 4Dy = Itk € N,
ei(to+s,x) = @i(s,x) — ¢i(s,x), (s,x) € [-7,0] x Q,
ei(t,x) =0, (t,x) € [tp — T,0) x 9Q),

(6.21)

Ve
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where f;(ej(-,x)) = fi(vj(-,x)) = fij(uj(-,x)) for j = 1,2,...,n. It can be seen from (6.21) and
Definition 6.2.1 that if ||e(t, -)||2 converges to zero exponentially as t — oo, then the drive system
(6.15) and the response system (6.18) can be exponentially synchronized.

Remark 6.2.3 Designing an appropriate pinning impulsive controller contains four aspects:

e How many neurons need to be pinned?
o Which neurons need to be selected?
o When does the impulsive control input need to be added to the neurons?

e How strong does the impulsive control gain need to be?

The pinning impulsive control scheme (6.19) is inspired by the idea in [6/] and [91] for nonlinear
networks without delays and reaction-diffusions. The difficulties of applying the pinning impulsive
control scheme (6.19) to networks with time-delay and reaction-diffusion terms will be discussed in
detail in Remark 6.2.6. Up to now, we have designed only the control strategy about which neurons
need to be controlled at each impulsive instant by control scheme (6.19), i.e., controlling Iy neurons that
have larger state difference than the other n — Iy neurons. Other aspects of designing a suitable pinning
impulsive controller will be investigated in Subsection 6.2.3. Sufficient conditions on suitable relations
among the impulsive instant t, impulsive control gain gy, and the number of neurons to be pinned Iy
will be established. Furthermore, different neurons may be selected to pin at different impulsive instant
according to our pinning control mechanism (6.19). Therefore, we do not need the assumption about the
connectivity of the network which is necessary in [125]. However, there is a fatal error in [125], which
will be discussed in Remark 6.2.8.

6.2.2 Synchronization Results
In this subsection, exponential synchronization criteria for reaction-diffusion neural networks

with time-varying delays are established, and these results will also be discussed. For conve-
nience, we introduce the following notations. Let

/
pr=1-— Zka(Z_CIk)/ k €N,

n &byl L
A= i
me A N

P2 g, & |bjil Li
¢ = max { 2 — = Z 2 +Z (slj\al]]L + Gijl byl Lj +€5; Haji| Li + Sii _5ji_> }

1<i<n

where ¢;; and ;; (i,j =1,2,...,n) are positive real numbers.

Now we are in the position to state our main results, proofs of which will be presented in
Subsection 6.2.4.
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Theorem 6.2.1 Suppose assumptions (A1) and (Ap) hold, ¢ > 0 and T < ty —t_q1 forall k € IN.
Moreover, if there exist positive constants jj, €;; (i,j = 1,2,...,n), and « such that

In(pr + A7) < —(a+¢)(tes1 —fx), k€N, (6.22)

then the drive system (6.15) and the response system (6.18) are exponentially synchronized by the pin-
ning impulsive controller (6.19).

Remark 6.2.4 It can be seen from the proof of Theorem 6.2.1 that the synchronization rate is 5 which
is closely related to the system parameters A, c, controller parameters py and the length of impulsive
intervals ty, 1 — tp (k € IN). Since py depends on the impulsive control gain qy and the number of
neurons to be pinned at each impulsive instant ty, inequality (6.22) gives us a guide line of balancing the
values of gy, I and ty 1 — ty to obtain a suitable pinning impulsive controller. However, the condition
T < ty — ty_1 implies that the size of time-delay T is a lower bound of the impulsive intervals. Therefore,
large time-delay in network (6.15) may render Theorem 6.2.1 invalid. In order to resolve this issue, we
have the following result.

Theorem 6.2.2 Suppose assumptions (A1) and (Ay) hold, and ¢ > 0. Furthermore, if there exist
positive constants Gjj, &;; (i,j =1,2,..,n), and « such that

In(p + Ate*") < —(a+¢)(tpe1 — ), k€N, (6.23)

then the drive system (6.15) and the response system (6.18) can be exponentially synchronized by the
pinning impulsive controller (6.19).

Remark 6.2.5 In this result, we do not need the condition T < t; — ty_1, i.e., the length of impulsive
interval ty — ti_1 can be less that the size of time-delay. Therefore, Theorem 6.2.2 is applicable to net-
works with relatively large delays. However, it can be seen that the exponential term e** on the left-hand
side of (6.23) makes (6.23) supply a more conservative condition on the choice of py and ty,1 — ty than
condition (6.22) does for networks with small enough delays. Therefore, Theorem 6.2.1 and 6.2.2 give us
sufficient conditions to design appropriate pinning impulsive controllers to synchronize networks (6.15)
and (6.18) with small or large time-delay. Illustrative examples are presented in Subsection 6.2.3.

Remark 6.2.6 The Lyapunov-Krasovskii functional candidates in proofs of Subsection 6.2.4 are divided
into two parts: a function part and a functional part. This kind of structure has been widely used in
literature when stability of dynamical systems with delays is investigated (see, e.g., [125], [41], [137]).
However, no pinning impulsive synchronization result has been reported for delayed networks by the
method of Lyapunov-Krasovskii functionals. In this section, there are two reasons to consider this type
of Lyapunov-Krasovskii functionals. First, it is straightforward for an impulse to alter the value of a
function instantaneously. Thus, the value of the function part can be effectively reduced by the impulse,
whereas the functional part is not affected by the impulse (see [69] for a similar discussion of impulsive
delay systems). However, this fact brings dramatic difficulties to the theoretic reasoning of our main
results. Second, the quadratic form of the function part makes it possible for us to generalize the pin-
ning impulsive control strategy in [6/] for networks without time-delay to synchronization problems of
reaction-diffusion networks with time-varying delays.
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Remark 6.2.7 Another commonly considered boundary condition for reaction-diffusion neural net-
works is the Neumann boundary condition

du;(t,x)  (dui(t,x) ou;(t,x)  du(t, x) T.ﬁ—()
on ox; "~ oxp T oxy -

for (t,x) € [ty — T,00) X 0Q), where N is the outward unit normal vector of 0Q), and the dot is the
inner product. Clearly, Lemma 6.2.1 in Subsection 6.2.4 is not valid for the Neumann boundary condi-
tion. However, our method is still applicable to the synchronization problem of reaction-diffusion neural
networks with Neumann boundary conditions. For instance, (6.31) can be replaced by the following

estimation:
dei(t, x)

9
(¢, —d dx <0.
/Qel( x) ZZI axl ( il axl ) =

Then replacing c by

n —1|b|L
-1 C]l Jt 1
¢ = max _2Ci+j§_1, <€ij|aij|Lj+é‘ij!bij|Lj+€ﬁ Iaji\LiJr—l_dﬁ ) ,

which is independent of the reaction-diffusion coefficients d;;, Theorem 6.2.1 and 6.2.2 can be applied
to design suitable pinning impulsive controllers to achieve synchronization of delayed reaction-diffusion
networks (6.15) and (6.18) with Neumann boundary conditions. Furthermore, the technique, which is
used in this section for designing the Lyapunov-Krasovskii functionals combined with the pinning im-
pulsive control strategy, is also applicable for neural networks with distributed delays and various types
of neural networks, such as BAM neural networks, stochastic neural networks, fuzzy neural networks,
and discrete-time neural networks.

Remark 6.2.8 The pinning impulsive synchronization of reaction-diffusion neural networks has re-
cently been studied in [125]. By using Lyapunov function, Halanay-type inequality, and comparison
method, sufficient conditions have been obtained to design appropriate impulsive controllers to pin the
same neurons at each impulsive instant, which is different from our pinning impulsive mechanism.
Moreover, there is a fatal error in the proof of the main result in [125]. In the proof of Theorem 6.2.1
in [125], the estimation of (3.32) is based on the assumption that (3.14) and (3.15) are true. However,
(3.13) does not imply that (3.14) and (3.15) hold, and there is no condition in Theorem 3.1 of [125] to
guarantee (3.14) and (3.15) are true. Hence, the proof for Theorem 3.1 in [125] is not sufficient, and the
corresponding results lack theoretical support.

Remark 6.2.9 In Theorems 6.2.1 and 6.2.2, two types of assistant parameters ;; and ¢;; are used to
reduce the conservatism of estimations in (6.22) and (6.23). These parameters make Theorems 6.2.1 and
6.2.2 flexible in dealing with networks with various system coefficients. For instance, to use Theorem
6.2.1 or Theorem 6.2.2, the parameter A in (6.22) or (6.23) is required to make AT or Ate*" less than
1. For networks with large delay size, parameters §;; can be chose to make A small enough, then The-
orem 6.2.1 or 6.2.2 can be applied to design suitable pinning impulsive controllers to realize network
synchronization. For more details, see examples in Subsection 6.2.3.

If the uniform impulsive controller is considered in (6.19),i.e., Iy =1, qx = q,and t, — ty_1 =
T for all k € IN, then we have the following synchronization result.
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Theorem 6.2.3 Suppose assumptions (Ay) and (Ay) hold, and ¢ > 0. Furthermore, if there exist
positive constants Gjj, € (i,j =1,2,...,n) such that

In(p +At) < —cT, (6.24)

where p =1 — %q(Z — q), then the drive system (6.15) and the response system (6.18) can be exponen-
tially synchronized by the pinning impulsive controller (6.19).

Remark 6.2.10 It can be observed from (6.24) that there exists a positive constant a such that
In(p+At) = —(a+0)T, (6.25)
or
In(p +Ate*™) = —(a + )T, (6.26)

which implies (6.22) or (6.23) is satisfied. Therefore, Theorem 6.2.3 can be proved. Moreover, if T < T,
then the convergence rate « can be estimated by (6.25). Otherwise, « can be obtained by solving (6.26).

6.2.3 Numerical Simulations and Discussions

In this section, we present two examples to demonstrate our main results. In order to clearly
observe the pinning impulsive control process in the simulation results, we will consider neural
networks with only two neurons, i.e., n = 2. In the first example, we consider the synchroniza-
tion problem of reaction-diffusion neural networks with time-invariant delays.

Example 6.2.1 Consider a delay reaction-diffusion neural network described by (6.15) with Dirichlet

boundary condition (6.16) and initial condition (6.17), where ty = 0, m = 1, n = 2, Q = [—4,4],
d1 = dz =01, c1=c=111=m =112 = T =05, fl() = fz() = tanh(-), ]1 = ]2 =0,
and

aa | 2 01] [ 18 0
ijl12x2 — -5 3 ’ ijl12x2 — —02 —-25 .

It can be easily verified that assumption (A1) is satisfied with T = 1 and ;=0 fori,j =1,2,
and assumption (Ay) is satisfied with L; = L, = 1. The chaotic behavior of neural network
(6.15) with the given initial data are shown in Fig. 6.4.

For
10 1

[Cijlaxa = { 1 10 1 , and [eji]axa = { 0.136 1 } ,

one can get the following estimations: A = 0.36, c; = 31.4264, and ¢, = 31.4375. Then,
c = 31.4375. In this example, we first consider the impulsive controller (6.19) with [, = n = 2,
ty — tr—1 = 0.02, and g = 0.59 for all k € IN; then, (6.23) is satisfied with « = 0.01. Therefore,
we can conclude from Theorem 6.2.2 that the drive system (6.15) can be exponentially synchro-
nized with the response system (6.18) under impulsive controller (6.19). Figure 6.5 shows that
trajectories of the synchronization error states e;(t,x), i = 1,2. It can be seen that there are
visible serrations in the trajectories of ¢; when t is less than 1, which can be clearly observed in
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Figure 6.4: State trajectories of network (6.15) with the parameters given in Example 6.2.1 and
initial data ¢;(s,x) = 0.5cos(%g"), ¢a2(s,x) = 0.4cos(%F), fors € [—7,0] and x € Q. The
spatio-temporal chaotic behavior can be clearly observed in the above figures.

025— 4

02— :

€

015 —

t t

Figure 6.5: Synchronization errors e; and e;. The initial data of the drive system (6.15) is chosen
the same as that in Figure 6.4, and the initial conditions of the response system (6.18) are given
by ¢1(s,x) = 0.4cos(%*), a(s,x) = 0.6cos(%F), for s € [—7,0] and x € Q). It can be seen that
the synchronization between the drive and response systems can be realized.

Figure 6.6 for ||e;||2 (i = 1,2). This phenomena can be explained by the existence of time-delay
with delay size 1 in the network, which verifies our discussion of the impact of the delay size
on the synchronization rate in Remark 6.2.5.

Next, consider a pinning impulsive controller with [ = 1, t, — t;_; = 0.004, and q; = 0.9 for
k € N, i.e., control one neuron at each impulsive instant. Then, all the conditions of Theorem
6.2.2 are satisfied, and numerical simulations are shown in Figure 6.7(a). Compared with the
pinning impulsive control method in [125], we need to select a small fraction of neurons to pin
at each impulsive instant according to our pinning algorithm, while no conditions are required
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Figure 6.6: Synchronization errors e; and e; in norm. The effects of time-delay in the synchro-
nization process can be clearly observed.

on how to select neurons to control in [175]. Actually, selection of suitable neurons to pin is
necessary when applying pinning impulsive control approach. From the simulation results in
Figure 6.7(b) and Figure 6.7(c), we can conclude that the pinning neurons need to be carefully
selected to achieve the network synchronization, which verifies our theoretical analysis of the
deficiency of the results in [125]. It is worth noting that the pinning strategy introduced in this
section is one of the feasible selection methods of the pinning neurons to realize the network
synchronization. In this sense, we have overcome the deficiency of the main result in [125].

Compared with the full-state impulsive controller, fewer neurons are required to be con-
trolled at each impulsive instant. Moreover, by comparison of the numerical results shown in
Figure 6.7(b) and Figure 6.7(c), we can see that our pinning algorithm is more efficient in syn-
chronizing the networks. Though, the pinning method considered in Figure 6.7(c) (pinning a
specific number of neurons at all the impulsive time) requires less information of the neurons’
states, our simulations have shown that we need to look more deep into the dynamics of each
isolated neurons, the network topology and their relations to figure out how to select appropri-
ate neurons to stimulate, and, moreover, this pinning approach only applies to a specific class
of networks that need to be classified, since even a simple linear system may not be stabilizable
via this pinning impulsive control method. For example, consider the linear system y = Ay,
2 1
1 2
troller is added to state y1, state y, will blow up (that is, as y; approaches zero, the linear part
72 = 2y, will dominate the evolution of state y,). Our future research will focus on figuring out
conditions on the network dynamics and topologies to guarantee the validity of this pinning
impulsive control method.

where y = [y1,12]T € R?and A = . No matter how frequently the impulsive con-

If the initial conditions of the drive system (6.15) are the same as its equilibrium, then system
(6.15) reduces to a system with constant states. Thereafter, the synchronization problem of
(6.15) and (6.18) reduces to the stabilization problem of system (6.15). When d;; = 0 (i =
1,2,..,nand ! = 1,2,..,m), our results can be applied to delayed neural networks without
reaction-diffusion terms. In order to show the effectiveness of Theorem 6.2.1, we consider the
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Figure 6.7: Synchronization processes via different pinning impulsive controllers. For these
three sub-figures, the impulsive time sequence and impulsive control gains are chosen to be the
same: ty — t_1 = 0.004 and g = 0.9 for all k € IN. Different pinning algorithms are introduced
as follows. (a): pinning control the response system according to the pinning strategy in (6.19)
with [, = 1; (b): impulsive control the second neuron of the response system at each impulsive
instant; (c): impulsive control the first neuron of the response system. It can be seen that
synchronization can be achieved in (a) and (c), and the synchronization time in (c) is greater
than 10 unit of time which is dramatically lager than that in (a). However, the synchronization
can not be achieved in (b).

following example with small delay size.

Example 6.2.2 Consider the following delayed neural network
n n
ni(t) = —cui(t) + ) aif(ui(t)) + ) byf (wi(t — (1)) + Ji, i = 1,2, (6.27)
j=1 j=1
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wherec; =1,c0=051=L=2,f(u)=3(lu+1|—|u—1|) foru e R, t(t) = %fort >0,
and
0.5 0.5 —-15 —-1.5 ]

[aij]ax2 = {0.5 1 } [bz’jhxz:{ -1 —05

By direct computation, we know that u* = (0.5,4.5) is the unique equilibrium of system (6.27),
and f satisfies assumption (A;) with L = 1. For the time-delay 7(t), we have 7(t) < 0.01 and
() < 0.0025. Then T = 0.01 and 6 = d;j = 0.0025. For ;; = ¢;j = 1 (i,j = 1,2), we have
A = 25253 and ¢ = max{cj,c} = 5.5253. Design three different impulsive controllers in the
form of (6.19) with e1(f) = uy(t) — 0.5 and ep(t) = uy(t) — 4.5, and then numerical results are
shown in Figure 6.8.

6.2.4 Proofs
In this section, we present the proofs for the main results in Subsection 6.2.2, which are based
on the Lyapunov-Krasovskii functional method and a Poincare-type inequality presented in

the following lemma (see [137]).

Lemma 6.2.1 Let w(x) = w(xy, X2, ..., Xm ) be a real-valued function defined on Q). If w(x) € C}(Q)

Proof of Theorem 6.2.1

Consider the following Lyapunov-Krasovskii functional:
V(t) = Vi(t) + Va(t),

where

and

0= Lx [, (fe0a)s

i=1j=1 t

byl L
where 7;; = 1 i 5 A ' (i,j = 1,2, ...,n). The proof is divided into the following three steps.

Step 1: estimation of V(¢) on each impulsive interval and V(t) at each impulsive instant.

First, differentiate V (t) along the trajectory of the error system (6.21) for ¢ € [t;_1, ;). For

ael x) dei(t,x) 4

() = 2/2
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Figure 6.8: Simulation results of Example 6.2.2. Parameters of the three simulations are given
as follows. (a): ty — ty_1 = 0.15, gy = 0.64 and [, = 2 (k € IN), i.e., impulsive control of both
neurons of network (6.27); (b): t — tx_1 = 0.05, g = 0.68, [ = 1 (k € N), i.e., impulsive
control of one neuron at each impulsive instant; (c): tpx_1 — tpr—» = 0.05 and tp; — tp—1 = 0.15,
Jox—1 = 0.64 and gy = 0.68, Ipx_1 = 1 and Iy = 2 (k € IN), i.e., impulsive control of one neuron
at each odd impulsive instant and two neurons at each even impulsive instant. All sufficient
conditions of Theorem 6.2.1 are satisfied with « = 0.01, and simulation results imply that the
equilibrium of system (6.27) can be exponentially stabilized.

j=1

>, {Zlie’“"‘) s (4075 ™) 26k, 42 L a1 0f 40
i= =1

+2 ; bije;(t, x)f]-(ej(t — (), x)) }dx. (6.28)

]
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Then, we have the following inequalities:

23 ayet, ) file(t,x)) < zi\ai]-\|ei<t,x>|rﬁ<ej<t,x>>|
2

j=1

n
Y 2lajj|Ljlei(t, x)]e;(t, x)]

<
j=1
< i |a1-]-|Lj(si]-ei2(t, X) + Salejz(t, x)), (6.29)
=1
and
2 ) bijeilt, %) fi(ej(t — Tj(t),x)) < 22 [bijllei(t, %) | fi(ej(t — (1), x))|
j=1

< 22|bi]-|L]-|ei(t,x)He]-(t —Tj(t), x)|
j=1

< Z|bI,IL<§U (t, %) + ;¢ (t — (1), ). (6.30)

j=1

By the Dirichlet boundary condition (6.16), Divergence theorem, and Lemma 6.2.1, we get

/iei(t,x)i(dﬂ%;x))dx
- [ (e e [ a2 e
m (N 2
_ /BQ (ei( ael ) ds—/ l;dﬂ@ela(i’l )> dx
/ Zd (aez (1, x))Zd
_ _il [lelh%/ﬂ(aeia(;x))zdx]
< —(%)z(i1 %) | it max. (6.31)
For V,(t), we have
W(t) = lil:Zl'm{/Qe,z-(tIX)dx—/Qe?(f—Tij(t)IX)(l—fij(f))dX}

'yl]/ (t,x)dx — Z Z’yl] Sij / ]z(t —Tj(t), x)dx.  (6.32)
=1

i=1j=1

M-

—_
~

<

1=
Then, from (6.28) to (6.32), we get, for t € [t_1, fx),
V() = Vi(t) +Va(t)
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n . &
< Yy d—lzl/ elz(t,x)dx—Zci/ e?(tIX)dHZEiﬂﬂiﬂLj/ ef (t, x)dx
4 hl 0 0 =1 .

i=1
n 1 n n
Z |ajj| Lj / 2(t,x)dx + Zéij|bij|L]~/ e?(t, x)dx + Z'Vij/ e?(t,x)dx}
=1 j=1 0 =1 JQ

= V()

< cV(b). (6.33)

Next, we investigate the impact that the impulses play on the Lyapunov-Krasovskii func-
tional. For k € N, define By = minjep, { [, ejz(tk_ ,x)dx}. From the pinning algorithm intro-
duced with impulsive controller (6.19), one can have that, for any i € Dy, and j € Dy,

2
/Qel( )dx</Q &ty x)dx,
which implies that, for i ¢ Dy,

/Qeiz(tk ,x)dx < mm{/ (ty,x)dx} = By (6.34)

j€Dy

Hence, by (6.34), we obtain
(=p) ¥ [ dt,mdx < (1=p)(n =10y
= Jox — (1= q0) " kBr

< o= (1—q0)? Z/ (tg,x)

lEDk

which yields

Vi) = L [ s
= Z/ (te, x dx—l—Z/ (t, x)

IEDk Z¢Dk
= Z / 1 — Qk k , X dx+ 2 /
i€Dy i¢Dy
< o Y [ e dx+PkZ/ (%)
i€Dy i¢Dy
= pkvl(tk ), k € IN. (6.35)
For V,(t), we get
Vz(tk) = Vz(t,:), k € IN. (6.36)
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Now, we conclude from (6.33), (6.35), and (6.36) with the following inequalities:

V(t) <cV(t), te

Vi(te) < peVa(ty),
Va(ty) = Va(ty),

Step 2: mathematical induction.

We claim that

[tk—ll tk)/

k € N.

V(t) < Me~@talti=to)eclt=to) " [t 1 1),

(6.37a)
(6.37b)
(6.37¢)

(6.38)

for all k € IN, where M = V(ty)e(*+9)(ti—t) We use mathematical induction to show that claim
(6.38) is true. For t € [t, 1), we can get from (6.37a) that

V()

<

V (tg)ect!—10)

V (tg)elate)(ti—to) o= (ate)(fi—to) pe(t—to)

Me—(atc)(ti—to) pe(t—to)

Then, (6.37b) and (6.39) imply that

Vi(t) < Plvl( ) < p1V( ) < lee_(‘H‘C)(fl—fo)ec(ﬁ—to),

and we can obtain from (6.37c) that

Va(ty) =

IN

IN

<

Va(t))
Z ;711

1

N
I
—_
~.

N
I
—_

j=1

max {il

1<]<1’l

A le(s, -

t—T

f

t— T1] tl

Ly, (L
>

/ (s, x)dx)d

(s,x dx) ds

/flT / (s, x)dx)d

AT sup {He(thrS,-)H%}/

se[—1,0]

and, from the condition T < t; — ¢y and (6.39), we get

sup {|le(t; +S,.)||%} = sup {Vi(t] +s)} < Me—(@+0)(t1—to) je(ti—to)

s€[t,0]

Thus,

s€t,0]

Va(t1) < AtMe~ (@Fe)lti=to) pe(ti—to)
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(6.41)

(6.42)

(6.43)



It follows from (6.40), (6.43), and (6.22) that

V(ty) = V() + Va(ty)

S (pl + /\T)Me_(D‘—"_C)(tl_t())ec(tl_m)

< Me—(@+c)(ta—to) pe(ti—to)

Then, for t € [t;,t;), we have

V() < V(t)eth)

Me—(oc—i—c)(tz—to)ec(t—to)’ (6.44)

IN

i.e., claim (6.38) holds for k = 2.
Next, we suppose (6.38) holds for k = j (j > 2), i.e,,

V(t) S Me_(a—i—c)(tf_tO)ec(titO), t e [tjfl, t])

We shall show that (6.38) holds for k = j 4+ 1. As discussed in (6.40), (6.41), and (6.42), we can

get

then, for t € [t;, ti41),

V(t]) = Vl(t]) + Vz(t])

S (p] + )LT)Me_('x—'_c)(tj_t())ec(tj_t())

< Me~ @O tri—to) pe(ti—to)

V() < V(e

< Me~ @O (tra—to) pe(t—to)

which implies that (6.38) holds for all k € IN.

Step 3: convergence estimation.

From (6.38), we have, for t € [t;_1, tr),

V() <

<

IA

VAN

Me—(@+0) (te—to) pe(t—to)
Me—*(tx—to)

Me—*(t=to)
V(tg)e@ o) (ti—to) g=a(t—to)

(1+A7) sup  {le(s,)|]3}e@+O)tito)gmali=to),

sE€[ty—T,to]
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ie.,

le(t,)ll2 = \/Vl(t) < \/V(t) <M sup {||e(s,-)”2}e—%(t—fo),

s€[to—T,t0)

for t > to, where M = [(1 + At)eld*+e)(ti—o > 1. This completes the proof. O

Proof of Theorem 6.2.2

Consider the same Lyapunov-Krasovskii functional given in previous proof. Base on the dis-
cussion in the proof of Theorem 6.2.1, we have that (6.37a), (6.37b), and (6.37c) are true. Since
limy_, tx = oo, there exists an integer i > 1 such that t; — T > o, and for ¢ € [to, t;), we have

V() = V(t)edto)emalt=t) < pfe—alt=t), (6.45)

where M = supyc(y 11 {V(t)}erlti—ho),
Next, we shall show that

V(t) < Me*(ﬂéJrC)(tk+rto)30(t*fo), (6.46)

for t € [ty tyy1), and k > i. When k = i, we obtain from (6.45) that typ < t; +s < t; for
s € [-7,0], and

sup {[le(t; +s,)[3} = sup {Vi(t; +5)}
s€[t,0] se[t,0]

< Metlti—t-t)
= Me(@re)(tizto) pe(ti—to) T, (6.47)
Similar to the estimations of V4 (¢;) and V;(;) in (6.40) and (6.41), we have
V() = Vit)+ Va(t)
< piVa(ty) +Valt))
< piMetimt) | 7o g (00 (timto) gelti—to)
= (0 + AT M (e (t—t0) pelti—to)
< Me (@t (tii—to) pelti=to)
which, along with (6.37a), implies
V() < Me~@F)tinn=ho)oc(t=to) for t & [£;,t44). (6.48)

Similar to the proof of Theorem 6.2.1, we can conclude by mathematical induction that (6.46)
holds for all k > i. Then, for t € [, ty1) (k > i), we have

V(t) < Me~(@te)(te—to) oc(t=to) < pfe—alti—to) < pfe—a(t—to), (6.49)
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Hence, from (6.45) and (6.49), we can see that
V(t) < Me ) > 4,

It follows that
le(t, )13 < V(1) < Me*(1) ¢ > ¢,

ie.,
le(t, )l < M sup  {lle(s,)[l2}e 207, £ > to,
SE€[ty—T,to]
where M = VM > 1. Therefore, the proof is complete. O

SUP, 10 oi) L5 )2}

Remark 6.2.11 The main difference between this proof and proof of Theorem 6.2.1 lies in the estimation
of (6.47). Without the condition on the relation between the delay size and the length of impulsive
interval, the impulsive interval that time t; — T belongs to can not be exactly located. Therefore, different
estimation techniques are used in (6.42) and (6.47), respectively.
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Chapter 7

Conclusions and Future Research

In the present thesis, we have investigated impulsive control problems of dynamical networks.
Stabilization, consensus, and synchronization issues related to networks have been studied.
Particular emphasis has been given to dynamical networks with time-delay and subject to
delay-dependent impulsive effects. In this chapter, we highlight the contributions of this thesis,
and suggest possible future research related to topics we have considered in the thesis.

7.1 Stability Analysis

In Chapter 3, we have considered time-delay systems with delay-dependent impulses. By
using the method of Lyapunov functionals and Razumikhin technique, global exponential sta-
bility results have been obtained for general nonlinear time-delay systems with delayed im-
pulses. An exponential stability result for a class of locally Lipschitz time-delay systems subject
to distributed-delay dependent impulses has been established by the Razumikhin technique.
Linear impulsive systems with time-delay have been investigated with numerical simulations
to demonstrate our theoretical results.

In this chapter, we have focused on impulsive stabilization of time-delay systems, that
is, the delay-dependent impulses stabilize the time-delay systems. However, impulse is a
double-edge sword, i.e., it could also destroy the stability of a delay system or lead to poor
performance. Therefore, future research could be done on stability analysis of systems sub-
ject to delay-dependent impulsive perturbations (see, for example [152]). For systems with
distributed-delay dependent impulses, future research can be directed to establish stability cri-
teria by using the method of Lyapunov functionals.

7.2 Impulsive Consensus

Chapter 4 has studied the consensus problem of multi-agent systems with both fixed and
switching topologies. A hybrid consensus protocol has been proposed to take into consid-
eration of continuous-time communications among agents and delayed instant information
exchanges on a sequence of discrete times. Based on the proposed algorithms, the multi-agent
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systems with the hybrid consensus protocols are described in the form of impulsive systems
or impulsive switching systems. By employing results from matrix theory and algebraic graph
theory, some sufficient conditions for the consensus of multi-agent systems with fixed and
switching topologies have been established, respectively. Our results show that, for small im-
pulse delays, the hybrid consensus protocols can solve the consensus problem if the union of
continuous-time and impulsive-time interaction digraphs contains a spanning tree frequently
enough.

By taking into account of time-delay, a new type of hybrid impulsive consensus protocols
with dynamically changing interaction topologies has been proposed. Sufficient conditions on
the relation among network topologies, the delay size, and the length of impulsive interval
have been established to guarantee the average-consensus via the proposed consensus proto-
cols. It is worth noting that only the discrete-time delay has been considered in the impulsive
consensus protocols, and the impulsive intervals have been assumed to have equal length in the
theoretical analysis. However, for more general hybrid consensus protocols with time-variant
delays and nonuniform impulsive intervals, sufficient conditions on average-consensus of the
corresponding networked multi-agent systems can be established similarly, according to the
theoretical method introduced in Section 4.3.

We have also investigated the impulsive consensus of networked multi-agent systems. An
impulsive consensus protocol with distributed delays has been designed. By comparing the
agent states at the impulse instant and the distributed-delayed states and applying a Razu-
mikhin type stability result, we have obtained sufficient conditions under which the proposed
consensus protocol leads to the network consensus. The sufficient conditions provide the rela-
tion among the length of each impulsive interval, the impulse delay size, and the graph Lapla-
cians to guarantee the network consensus. Although only distributed delays have been consid-
ered in agent dynamics, the technique used in Section 4.4 is applicable to the scenario of agents
with discrete and/or time-variant delays.

For the impulsive consensus protocols, Section 4.3 has assumed that all the impulse-time
digraphs are balanced and strongly connected. However, it has been shown in [90] that, for the
hybrid consensus protocol (4.13) without time-delay (i.e., T = r = 0), if the union of graphs
G4 and G 4 are balanced and strongly connected, the average-consensus can be guaranteed.
Therefore, the results in [90] inspire us to generalize these results to the time-delay scenario.

7.3 Pinning Impulsive Control

Chapter 5 has incorporated a pinning algorithm with the impulsive control approach. We have
introduced the dynamical networks on time scales and studied the synchronization problem
of linear networks in Section 5.1. A pinning delayed-impulsive controller has been designed
to achieve the synchronization of dynamical networks on time scales. Some sufficient condi-
tions have been established which guarantee the synchronization of linear networks on time
scales. In this section, we have focused on the theoretical analysis of synchronization of linear
networks on time scales. However, dynamical networks on time scales have tremendous ap-
plication potential. Actually, network (5.1) can be used to model the opinion formation process
of a group of people over a specific working schedule which can be represented by a time scale.
System (5.2) denotes the opinion evolution of a single person, and the connection topology de-
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scribes how the people in the group communicate with each other. Then the synchronization
can be explained as a common opinion formation among these people. As discussed in Remark
5.1.4, the structure of time scales will effect the synchronization process of a network. This im-
plies that the opinion formation indeed depends on the communication and working schedule,
which then helps to arrange a suitable working schedule for the opinion formation purpose.
For the future work, we will study more practical applications of dynamical networks on time
scales and the corresponding control problems.

Section 5.2 has studied impulsive stabilization problem of neural networks with time-delay.
We have successfully applied the pinning impulsive controller proposed in Section 5.1 for the
linear delay-free networks to stabilize the networks with time-delay. We have also proposed a
pinning impulsive controller depending only on the network states at history moments which
is different from the one designed in Section 5.1. It has been shown that the global exponen-
tial stabilization of delayed neural networks can be effectively realized by controlling a small
portion of neurons in the networks via delayed impulses, and, for fixed impulsive control gain,
increasing the impulse delay or decreasing the number of neurons to be pinned at the impulsive
moments will lead to high frequency of impulses added the corresponding neurons. Numer-
ical examples have been provided to illustrate the theoretical results, which demonstrate that
our results are less conservative than the results reported in the existing literature when the
proposed pinning controller reduces to the full-state impulsive controller.

We have investigated the synchronization of globally Lipschitz time-delay systems using
impulsive control in Section 5.3. We have proposed a novel class of pinning impulsive con-
trollers that takes into account of both discrete and distributed delays. Verifiable synchroniza-
tion conditions for pinning impulsive controller with discrete delay, distributed delay and both
of these two type delays have been established using a Halanay-type inequality, respectively.
The theoretical results provide insight into the feasible relation between the impulse delays and
impulse frequency to guarantee the synchronization of drive and response systems via impul-
sive control a small portion of the system states. The findings have been illustrated by stability
analysis of a linear impulsive time-delay system and synchronization control of a nonlinear
chaotic time-delay system with numerical simulations.

Throughout Chapters 5 and 6, one pinning algorithm has been considered, which implies
that different units of a network (or states of a system) might be controlled at distinct impul-
sive instants. For networks with large amount of nodes, this pinning algorithm will lead to
huge computational work when comparing the network states at each impulsive instants. For
future research, it would be interesting and challenging to study sufficient conditions on net-
work topology to guarantee the synchronization of networks by pinning the same nodes at the
impulsive instants (see discussions with numerical simulations in Section 5.2 and Section 6.2).
Furthermore, when individual networks are connected by means of additional links among
them, networks of networks arise (see [56]). Then, it may be possible to extend our approach
to synchronize this type of generalized networks.

7.4 Systems Governed by PDEs

In Chapter 6, the pinning impulsive controller considered in Chapter 5 has been successfully
applied to stabilize and synchronize systems and networks modeled by PDEs. Impulsive con-
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trol and synchronization of spatiotemporal chaos of Gray-Scott model, a system governed by
delay-free PDEs, have been studied in Section 6.1. In Section 6.2, the exponential synchroniza-
tion of reaction-diffusion neural networks with time-varying delays has been studied. A pin-
ning impulsive control algorithm proposed for dynamical networks without time-delay has
been successfully generalized to control neural networks with both reaction-diffusion terms
and time-varying delays. In order to overcome the difficulty of utilizing this pinning algorithm
to control networks with time-delay, a Lyapunov-Krasovskii functional with two parts (a func-
tion part and a functional part) has been constructed. The function part is chosen as a quadratic
form to carry over the pinning algorithm in [67] to neural networks with time-delay and han-
dle the impulsive effects. Two sets of sufficient conditions have been derived to design suitable
pinning impulsive controllers to synchronize the delayed reaction-diffusion neural networks
with small and large delay size, respectively.

When processing the impulsive information in the controller, it is natural and practical to
consider the time-delay effects in the pinning impulsive controller as discussed in Chapter 5
for networks modeled by ODEs. Future work could be done on synchronization of networks
governed by PDEs via pinning impulsive controller with delay effects.
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