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A Study
on Practical Use of Artificial Intelligence.

HoOH K M

The purpose of this research paper is to demonstrate the ease of
using artificial intelligence in the light of the recent popularity of tertiary
artificial intelligence. In this paper, I try to use artificial intelligence
libraries that are open to the public. Additionally, I examine the
prediction accuracy of machine learning, verify the recognition capability
of deep learning, and discuss the necessary computer skills to use
artificial intelligence. As a result of these examinations, machine learning
was found to bring a rate of correct answers of more than 50%, and
deep learning scored a high recognition rate. However, it is not easy
for people who have never written a computer program to use artificial

intelligence at this stage.
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Kernel dimensionality
B reduction

Hi © http://scikit-learn.org/stable/tutorial/machine_learning_map/

10 HEFARTOIAVY RAALHEREADOZAIY—r2avh

(C:¥ProgranData¥fraconda3) C:¥Users¥takada¥stodkopython stock.py 4502

importances : [ 0.07267476 0.06872904 0.06692939 0.06205763 0.07458163 0.06281245
0.06237151 0.08083838 0.07077687 0.06503039 0.07115992 0.07389702
0.05715208 0.06988501 0.06110353]

scores : [ 0.6 0.52 0.36 0.58333333 0.4375 ]

mean : 0500166666667

stock_num @ 4502

start : 2016/7/11

erd : 2017/7/13
result : 1

(C:¥ProgranData¥Anaconda3) C:¥Users¥takada¥stock>

B 11 MHUBEOSEOFRHER

basenji (score = 0.22352)

Pembroke, Pembroke Welsh corgi

(score = 0.21720)

Ibizan hound, Ibizan Podenco (score = 0.06378)
dingo, warrigal, warragal, Canis dingo (score =
0.03461)

Saint Bernard, St Bernard (score = 0.02330)




